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ABSTRACT

Workplace absence, or otherwise known as absenteeism, is the failure of an employee
to report for a scheduled work arrangement. Absenteeism is a serious problem on a global
scale that result in reduced efficiency, financial losses and affect the work-life balance of
fellow employees. Absenteeism management is a complicated task that requires clear
rules, policies and sufficient support focus to affect a positive change in absence
behaviour. This study investigated absenteeism and the management thereof. As a major
consideration, the management of absenteeism provided the direction for the research
objectives. The management of absenteeism includes the identification of focus areas,
and as a result, the objectives of investigation revolved around identifying absenteeism
trends through the analysis of empirical attendance data. The population was used in the
data analysis and no sampling was drawn. The study investigated two absenteeism
influences classified as personal traits and organisational characteristics. A quantitative
research design was used. The findings confirm that absenteeism trends are linked to
both personal traits and organisational characteristics. The findings also confirmed the
Pareto principle in absence behaviour; a small number of individuals contribute largely to
the overall absence duration. The individual traits that were linked to absence trends
based on absence frequency and duration included age, seasonality and first day first of
absence. The organisational characteristics that were linked to absence trends based on
absence frequency, and duration included role category (organisational responsibility),

years of service absence type.

Keywords: absenteeism, trends, investigation, absence behaviour, individual traits,

organisational characteristics.
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CHAPTER 1: PROBLEM STATEMENT, OBJECTIVES AND METHOD

1.1 INTRODUCTION

The primary focus of the investigation is about absenteeism and absence management
within the operations sections of a chemical manufacturing organisation situated in
Sasolburg in the Free State province of South Africa. This chapter briefly defines the

concept of absenteeism and the impact on the organisation under investigation.

Absenteeism, in the simplest of explanation, can be defined as any unplanned absence
from duty or obligation without good reason. Therefore, employee absenteeism can
include any form of absence that is unplanned and prevents an employee from performing
his/her work obligations. This includes unplanned sick leave, coming late for work, taking
longer than contracted lunch and tea breaks and performing personal tasks during
working hours amongst other things (Kocakulah et al., 2018:116). Absenteeism is a huge
managerial problem that managers have to handle daily and it affect production efficiency,
employee motivation and morale and can result in financial losses if not dealt with it can

spread and result in disciplinary problem (Karimbil, 2019).

The organisation under investigation is a large chemical manufacturing organisation that
have three distinct operations sections in the Sasolburg region and produce various

chemicals to local and international customers.
1.2 PROBLEM STATEMENT

Business managers within a chemical operation unit have to deal with non-attendance of
employees on a day to day basis. This results in the frequent implementation of short
notice solutions (firefighting) that affects business results and the work-life balance of
fellow employees (Godgy & Dale-Olsen, 2018:190; Kocakilah et al., 2016a:91). The

figure below indicates the historical absenteeism rate (sum of absent hrs per month


https://en.wikipedia.org/wiki/Duty
https://en.wikipedia.org/wiki/Law_of_obligations

divided by the sum of monthly hours worked) against the target set by the top

management of the organisation.
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Figure 1-1: Historical absenteeism rate at the organisation

It becomes clear from the above that absenteeism management is a real concern within
the operational unit of the organisation under investigation with actual absenteeism rates
exceeding organisational targets regularly. Managers within the organisation rely on
attendance reports compiled by the HR department to determine where to intervene with
individuals with high sick leave utilisation. To tackle the absenteeism dilemma, managers
need to be in a position where they understand what factors could contribute to employee
absenteeism based on identifiable employee characteristics. Uncontrolled and high sick
leave utilisation not only impacts the organisation financially (overtime to cover the sick
employee) but also affect other employees’ work-life balance. This problem the study
aimed to address could have a material impact on the operational stability, profitability
and work-life balance of other employees. Ultimately the desired result would be evident

through a decrease in employee absenteeism after recommendations were implemented.



1.3 RESEARCH QUESTIONS

Various questions can be addressed through an investigation into absenteeism, but for

this research, the primary research question was:

e What absenteeism trends exist for unplanned absences that can be utilised to

assist the organisation in the management of absenteeism?
The secondary research questions were:

e To what extent is absenteeism correlated to personal or individual traits when
considering both absence frequency and duration?

e To what extent is absenteeism correlated to organisational characteristics
considering both absence frequency and duration?

e Does absenteeism follow the Pareto principle: what presentative of absentees

contribute to the majority of unplanned absences?
1.3.1 The expected contribution of the study

There are multiple sources and studies that all confirm that absenteeism is impacting
organisations on various levels. If it is not managed effectively, it can and could result in
significant financial losses. Seeing as absenteeism targets at the organisation was not
met consistently, it can be argued that absenteeism management was not effective in
reducing employee absenteeism. Absenteeism is not only a global dilemma but was also
affecting the South African economy. There are also various different approaches on how
best to manage absenteeism through all the other industries across the world. South
African organisations are bound by law to offer paid sick leave, and therefore, the risk of

higher absenteeism rates also increases.

With the enormity of the absenteeism dilemma and all the research and information
available in the field of absenteeism, it can be expected to have determined a solution to
the absenteeism dilemma. However, this is not the case. Therefore, this study was
focused on determining trends in absenteeism and determine whether correlations
between absenteeism and biographical and organisational data existed that could assist

in improved management of absenteeism/workplace absences.



1.3.2 Research objectives

The investigation included both primary and secondary research objective, as stated

below:
1.3.3 Primary objective

The primary objective of this investigation was to investigate absenteeism through the
finding of absenteeism patterns that will assist the organisation in the management of

high absenteeism rates.
1.3.4 Secondary objectives

The first secondary objective of this investigation was to determine if correlations exist
between absenteeism and biographical traits (independent of the organisation) and
included data such as age, gender, season, month and day of absence by considering
both absence frequency and duration.

The next secondary objective of this investigation was to determine if correlations exist
between absenteeism and organisational characteristics (directly related of the
organisation) and included data such as employee group, organisational unit, role
category, absence type and years of service considering both absence frequency and

duration

The last secondary objective was to compare absenteeism based on absence behaviour
of individuals (absence utilisation) in an attempt to determine if organisational
absenteeism follows the Pareto principle: the majority of absence being as a result of a

small number the absentees.
1.4 RESEARCH DESIGN

A cross-sectional study approach is a “snapshot” in a single point in time. This
investigation was aimed to establish variation between different cases to examine if there
is any association or patterns between the different variables as per the definition of a
cross-sectional study (Bryman et al., 2014:105 - 108; Trochim & Donnelly, 2007:6). The
investigation followed a cross-sectional research design through a quantitative trend

investigation of absenteeism data and biographical information of the population.
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1.5 RESEARCH METHOD

This research, related to the specific objectives stated above, was conducted in two
phases: firstly, a literature review followed by an empirical investigation. Chapter three
provides details about the research methodology that was followed, and therefore the

following sections will provide and a brief overview of the stated topics.
1.5.1 Literature review

The first phase of the research method was to conduct a comprehensive literature review
about the research topic of absenteeism to provide a holistic overview of the complexities
around absenteeism and the management thereof. The literature review defines
absenteeism and provides a model thereof that includes the individual, social
phycological and economic approaches to absenteeism. The literature review further
elaborates on absence types, classification and causes thereof before providing details
about absenteeism measurements, management and significance of technological
advancement with the field. The last section of the literature review connects the literature
review to the investigation that was conducted. The sources that were utilised to conduct

to literature review included:

e approved journals,

e articles,

e internet search engines,

e previous dissertations and theses and

e textbooks to gather the required information.
1.5.2 Empirical investigation

The second phase of the research method involved an empirical investigation into
absenteeism utilising existing organisational data (attendance and HR reports) and
applying statistical and analytical methods to obtain results about the research objectives

in the form of descriptive research.
1.5.2.1 Population, sampling and data collection

The population of this research was specific operations divisions employees (individuals)

that are all involved in the production of chemicals within the organisation where the
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investigation was completed. Further details on the population are provided in chapter
three. Due to the nature of the data acquisition, there was no requirement for the
development of, and measurement tool and data collection involved obtaining multiple
attendances and HR report to compile into a single data set. The accessibility to all of the
required data (whole population) resulted in the selection of a census sample or the entire

population that comprised of 2,048 individuals.
1.5.3 Data preparation and desensitization

The data from different attendance and HR reports were combined into a new single data
set with all the required data to conduct a comprehensive analysis into absenteeism.

Details of data preparation and desensitization are discussed in chapter three.
1.5.4 Statistical analysis and reporting

The statistical analysis was conducted by the Statistical Consultation Services of the
North-West University, Potchefstroom campus. Frequency distributions were utilised to
evaluate data and were presented in the figures and data tables. The mean values were
calculated to measure and interpret the central tendency, and standard deviations
indicated the distribution of data. T-tests and ANOVAs were utilised to evaluate statistical
differences of the means of the two or more groups. Further details of data analysis and

interpretation are discussed in chapter three.
1.5.5 Ethical considerations

During the investigation, there was no direct contact with the respondents seeing as data
analysis was conducted on existing data in the form of attendance and HR reports.
Desensitizing of the data was conducted to ensure no data can be utilised to identify
respondents of the study. Employee numbers were replaced by randomized respondent

numbers that are only be known to the researcher.

The Scientific Committee approved the study, whereafter the Economic and Management
Sciences Research Ethics Committee (EMS-REC) issued a formal ethics number NWU-
00893-20-A4 (see Annexure B). Additional approval to use the data was obtained from

the organisation’s authorized HR representatives.



1.5.6 Limitations of the investigation

Limitations are restriction or constraints of the research and are beneficial for future
research that may follow on this investigation to know what the limitations were. The
limitations of this research are listed below:

e The data set for this investigation limited the research to what data was available
on organisational reports and database. They could not be extended to acquire
additional data (directly from the individuals in the population) due to research
time restrictions.

e The national lockdown as a result of the COVID-19 pandemic limited accessibility
to individuals, and therefore, the investigation was conducted in a non-contact
manner to ensure compliance with national COVID-19 requirements.

e The impact of the implemented COVID-19 lockdown on unplanned absences
behaviour was anticipated, and therefore, the investigation period was limited to
pre-lockdown.

e The investigation was limited to specific regional operations divisions within a
chemical manufacturing organisation due to the manageability of the size of the
investigation and accessibility to data, and therefore the findings are not
generalizable to the rest of the organisation.

e Employee turnover and new appointments were not considered in the analysis of
the data and were analysed as if all individuals were employed for the full duration
of the investigation.

1.6 CHAPTER DIVISION

The chapters of this mini-dissertation are presented as follows:



Chapter 1: Problem statement, objectives and method

This chapter focused on the overview and background of the investigation and presented
the problem statement, objectives and limitations of the research investigation. The
chapter consists of an introduction, problem statement, research question, research

objectives, research design and research method sections.
Chapter 2: Literature review

This chapter focused on the review of the literature to provide a holistic view of
absenteeism and the management thereof. The chapter consists of an introduction,
absenteeism, models of absenteeism, absence types, classification of absenteeism,
causes of absenteeism, absenteeism measurement, absenteeism management,

technological support and connecting the literature to the investigation sections.
Chapter 3: Research methodology

This chapter focused on the research methodology that was utilised in the execution of
the investigation. The chapter consists of an introduction, research design, population
and sampling, data collection, data preparation and desensitization, data coding, analysis

software and data analysis sections.
Chapter 4: Data analysis, results and discussion

This chapter focused on the data analysis and interpretation of the results. The chapter
consists of an introduction, statistical analysis, frequency analysis, independent t-test and

ANOVA’s, mixed methods of data analysis, the results and summary sections.
Chapter 5: Conclusion and recommendation

This chapter focused on the conclusion of the investigation, providing future research
recommendations and making managerial recommendations to the organisation. The
chapter consists of an introduction, conclusions, recommendations, achievement of study

objectives and summary sections.



CHAPTER 2 LITERATURE REVIEW

2.1 INTRODUCTION

“I'm calling in sick because | have an eye problem.... | can’t see myself coming into work

today.” — Absenteeism humour

Work attendance or the lack thereof is a significant concern of many organisations all
around the world. It is disruptive to operations and costly to employers, and therefore it
needs to be managed properly.

Management of employee absenteeism is a day to day reality for business managers in
basically every industry across the world. There have been various studies and research
that have focused on different aspects of absenteeism. Recent studies included the
reasons for absenteeism in a manufacturing company in India (Chowdhury, 2016:335),
positive effects of workforce diversity on absenteeism in the Australian manufacturing
sector (D'Netto et al., 2014:1243), how absenteeism affected a company’s financial
performance in the USA (Kocakdlah et al., 2016a:116-117) and so the list can go on with
various other studies all around the world (Bennedsen et al., 2018; Frick et al., 2018;
Gottfried & Hutt, 2019; Hassink, 2018; Kocakulah et al., 2016a; McHugh et al., 2019). It
is therefore clear that employee absenteeism is an international dilemma that is still

relevant today and therefore is also applicable to the South African businesses.

The result of high levels of absenteeism within an organisation leads to an increase in the
organisation’s costs and therefore also a decrease in the profitability of the organisation
(Caine, 2015; Chowdhury, 2016:333; Kocakulah et al., 2018:129-130; Kocakulah et al.,
2016b:91). According to Crous (2015:30), Occupational Care South Africa (OCSA) and
Statistics South Africa released statistics late in 2014 that revealed that the South African
economy is losing R16 billion a year due to absenteeism. This figure relates to an
approximation of 15% of employees being absent from work on any given day. It is for
this reason that organisations need to monitor employee absenteeism and find workable

solutions to improve employee work attendance.

Employee absenteeism is in most cases seen as only harming an organisation, and
therefore the ideal would be to drive down the absenteeism rate to zero. Even if this was

remotely possible, other considerations need to be identified (Ahn & Yelowitz, 2016:10):
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Firstly, employees that come to work while being ill have the potential of infecting other
employees and ultimately resulting in more employees falling ill and booking off sick.
Secondly, an ill worker will not be as productive as a healthy one. It is therefore important
to note that the focus of organisations must be to manage absenteeism (reduce, not

eliminate).
2.2 ABSENTEEISM

Absenteeism can be defined as the habitual pattern of absence from a duty or obligation
without good reason. Generally, absenteeism is accepted as unplanned absences.
Therefore, employee absenteeism can include any form of absence that is unplanned
and prevents an employee from performing his/her work obligations. This includes
unplanned sick leave, coming late for work, taking longer than contracted lunch and tea
breaks and performing personal tasks during working hours amongst other things
(Kocakdlah et al., 2018:116).

According to UKEssays (2018), workplace absenteeism can be defined as reoccurring
absence from work and can be seen as a reflection of a demoralised or dissatisfied
employee. To define absenteeism in the simplest explanation possible, it can be
described as an employee failing to report for a scheduled work agreement.

From the definitions above, absenteeism is explained as repeat unplanned absences
from work commitments regardless of the cause of the absence. The absences need only
be unplanned (relating to very short notice or no notice before the absence occurrence)
and repeated absences to be associated with absenteeism. The absences can become
a habit or follow certain patterns such as repeat sick leave days on the first day after
payday or specific days in the week. Even normal leave can be classified as absent
behaviour if repeated short notice leave is utilised. For this reason, all absence types that
comply with the stated prerequisites should be considered as part of an absenteeism

management program.
2.3 MODELS OF ABSENTEEISM

The phenomena of absenteeism have been researched from different angles resulting in
multiple models and theories all exploring absenteeism from a different approach.

Harrison and Martocchio (1998) summarized the origins of absenteeism under different
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variables and include personality, demographic characteristics, job-related attitudes,
social context and decision-making mechanisms as causes of absenteeism. Some of the
absenteeism models and theories are explored below using sources from researchers
that made significant contributions to the field of absenteeism as well as more recent

works (last five to seven years):
2.3.1 An Integrative Model of absenteeism

Magee et al. (2016) state that absenteeism is a complex phenomenon as a result of many
interrelated factors that can influence employees’ attendance decision and ability.
Absenteeism can be examined from the individual, social and economic approach to
establish the cause of absenteeism. The different approaches can be linked to either
reduce or increase absence behaviour. Nicholson and Johns (1985) argued that an
individual with a low level of job satisfaction that is placed in an organisational unit where
absence is tolerated, and there is no economic incentive to change the absence
behaviour are more likely to continue or even increase in absence behaviour. Therefore,

it is important to grasp the different approaches to absenteeism.

From the aforementioned, it is deduced that absenteeism is not a result of an individual
cause but as a result of many different contributing factors that create the situation or
environment where the absence decision is deemed (by the individual) to be acceptable.
These different contributing factors can be categorised in the different approaches based

on the characteristics of the contributing element.
2.3.1.1 Individual approach

There exist several variables, such as age, gender, job satisfaction, motivation,
behaviour, commitment and family structure, that has been identified to impact workplace
attendance from multiple levels of measure including that of an individual's nature
(Daouk-Oyry et al., 2014). The factors mentioned above are viewed as potential
predictors of absenteeism and also include the individual’'s prior attendance history,
burnout and work attitude such as job satisfaction, commitment, involvement and stress
amongst other things. Kaiser (2018) states that based on the work of Steers and Rhodes
(1978), individual job satisfaction is the most researched individual factor affecting
employee attendance behaviour and relates to individual motivation and the ability to

attend as the principal root of absenteeism.
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According to Trahan (2017), it is beneficial for organisations to identify the individuals’
(employees) characteristics that demonstrate higher attendance rates (lower
absenteeism) and in doing so, the organisation can understand absenteeism. These
learnings and increased understanding can then be translated into direct initiatives to

rectify the absenteeism problem.

It is therefore derived from the aforementioned authors’ (Daouk-Oyry et al., 2014; Kaiser,
2018; Trahan, 2017) approaches that the identification of individual factors relating to both
high absenteeism and high attendance could increase to the understanding of attendance
behaviour within the researched organisation and result in an increased ability to

implement improvement initiatives.
2.3.1.2 Social phycological approach

Geurts (1994) attributes the contributions of the social phycological approach towards
absenteeism in the form of a few theories and models dating back from the 1950s through
to the 1990s.

The Hill and Trist's model (Hill & Trist, 1962; Hill & Trist, 1953) is considered a social
phycological approach due to the introduction of the concept of a social norm regarding
absenteeism behaviour. The model presents absenteeism as a withdrawal from work-
related stressors and follows the organisational norms relating to absence behaviour. The
Hills and Trist’'s model is considered speculative due to the lack of empirical evidence to

support the model’'s assumptions.

The equity theory of social exchange is based on the work of Adams (1965) that
represented employee absence as a means of restoring an inequitable exchange
relationship between the employee and the organisation. The theory is based on the
employee’s perception of personal inputs (educational, seniority, experience) and
outcomes in comparison to other employees’ inputs and outcomes and determining the
relative justice of the exchanges. The perceived injustice or imbalance of equity (inequity)
will be restored to a balanced state through one of six identified means available to the
employee of which one relates to withdrawal from the exchange relationship (manifested

in absence).
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The further development and in-depth social psychological analysis of absenteeism
(Chadwick-Jones et al., 1982; Kaiser, 1990; Nicholson & Johns, 1985) resulted invaluable
contributions to the body of knowledge concerning absence behaviour. The
abovementioned contributions include the recognition of the importance of group absence
norms on acceptable absence behaviour, the inclusion of absence explained by social
exchange theory and absence decision being affected by employees’ comparison to

others.

Lieke et al. (2016) found an increased likelihood of sickness absence (employee calling
in sick) in an environment with a higher tolerance towards absence demonstrated by co-
workers also frequently calling sick (absence culture). The findings revealed employee
attendance behaviour being influenced by both team acceptance of absence norms and
norms of expected cooperation.

The social psychological approach to absenteeism, therefore, deals with the acceptance
of absent behaviour by the organisation and other employees and the perceived fairness
of how employees are treated in comparison to other employees in this regard.
Employees will be more likely to be absent from a work commitment if the absence is
experienced as being allowed or deemed acceptable seeing as other employees or the
manager also being absent frequently. Creating a culture of frequent absence not being
acceptable could therefore discourage frequent absence of individuals and reduce levels

of absenteeism within the organisation.
2.3.1.3 Economic approach

Economic incentives are recognized as methods of reducing absenteeism, while
generous sick leave policies have the opposite effect (Scognamiglio, 2020).
Organisations have applied various economic approaches to reduce absenteeism rates

and includes both incentive and deterrent strategies.

Chinyio et al. (2018) state that monetary rewards and compensation impacts
organisations’ ability to attract, retain, motivate and satisfy (job satisfaction) employees.
Employee motivation and job satisfaction have been identified as factors influencing
absenteeism (Burmeister et al., 2019; Jensen et al., 2019; Rodriguez Amador, 2019;
Schaumberg & Flynn, 2017; Wang et al., 2020) and therefore it is reasoned that there

exists a link between monetary reward (compensation) and levels of absenteeism.
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As good compensation practices can increase employee motivation and job satisfaction
resulting in lower absenteeism levels, so to can bad compensation practices have the
opposite effect. Alfitian et al. (2020) found that incentivising attendance (bonuses) can
lead to an increase in absenteeism in the workplace due to a perceived legitimacy of

absenteeism.

From the aforementioned views on economic strategies for absence/attendance
management it is deduced that there needs to be a balances approach seeing as both
over and under-compensation or incentivising of employees can lead to higher
absenteeism levels. It is, therefore, reasoned that economic approaches to absence
management should be included in remuneration and incentives and must consider
implementation risks. The organisation where the investigation will be conducted is
considered to have very generous economic benefits with the allocation of paid sick,
compassionate and family responsibility leave far exceeding regulatory requirements and

short term incentives (bonuses) not including any attendance requirements.
2.4 ABSENT TYPES

To elaborate on the concept of absenteeism the concept of workplace absence types,
firstly needs to be explored to produce a comprehensive understanding of absenteeism
and absence behaviour dimensions. Generally, there is a couple of accepted absence
types as defined in The Basic Conditions of Employment Act (75 of 1997) (SA, 1997). In
chapter three of the Act (75 of 1997) the different types of leave are defined as:

2.4.1 Annual leave

A full-time employee is entitled to 21 consecutive days of annual leave or one day for
every 17 days of employment. Annual leave is also referred to as vacation leave. There
must be an agreement between the employer and the employee on when annual leave
will be taken. If an agreement cannot be achieved, the employer can determine the time

of the leave.

In the organisation under investigation, the annual leave cycle runs from the first day of
February annually until the last day of January the next year. The annual leave allocation
is divided into two main categories: compulsory leave and additional leave. The full

allocation to mandatory leave (21 days per cycle) is expected to be taken within the given
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leave cycle. Additional leave is allocated monthly, and the quantity is based on length of

service. Additional leave is allowed to accumulate up to a maximum of 60 days.
2.4.2 Sick leave

A sick leave cycle is defined as 36 months. A full-time employee is entitled to paid sick
leave that is equal to the same amount of days of normal work over six weeks during
every sick leave cycle. The employers do not need to pay the employee if the proof of
incapacity (signed sick note from a person who is certified to diagnose and treat patients)
is not available on request of the employer. Bruniquel (2017:20-21) states the importance
of sick leave management and failing to address sick leave problems could ultimately

result in the abuse of sick leave.

In the organisation where the investigation was focused, the sick leave cycle starts on the
day of the appointment. Sick leave allocation is based on employee role categorization
(SP - salaried personnel and MSP - monthly salaried personnel). MSP employees are
awarded 36 payroll days per cycle, while SP employees are granted 90 payroll days per
cycle. When applying The Basic Conditions of Employment Act (75 of 1997) (SA, 1997),
the MSP employees working shifts are entitled to 21 paid payroll days (12 hours per
payroll day) of sick leave within the three-year cycle and therefore are awarded 15 payroll
days more than the minimum requirement. Applying the same requirement to SP
employees, the additional sick leave allocation exceeds the minimum requirement with

60 payroll days.
2.4.3 Other absence types

Other absence types of leave include maternity leave and family responsibility leave, as
is explained in the Act (75 of 1997). Most organisations use sick leave records as the
basis to measure and monitor absenteeism. This is also the practice of the organisation

under investigation.
2.5 CLASSIFICATION OF ABSENTEEISM

Differences in employee absenteeism can be categorised by two broad sets of
explanations. The first explanation for differences in employee absenteeism is the role

the organisation play in the motivation of employees’ efforts through remuneration,
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promotions based on performance relative to peers, team structures and training
programs amongst other things. This explanation can be referred to as incentives for good
attendance. The second explanation for differences in employee absenteeism deals with
the individual employee characteristics, including personal motivation, loyalty and work
ethic and can be referred to as selection (Bennedsen et al., 2018:2). These explanations

focus on both the role of the employer and employee on the cause of the absenteeism.

In another approach to the classification of employee absenteeism, the employee is solely
responsible for the cause of the absenteeism and can be classified as voluntary and
involuntary absenteeism (Birioukov, 2016:341; UKEssays, 2018):

¢ Voluntary absenteeism implies that the employee could have avoided the absence but
through his/her own free will decided not to do so. Examples of this type of

absenteeism include:
e An employee failing to report to scheduled work to attend a social function.
e Abuse of sick leave (Calling in sick even though the employee is not).

e Regular use of unfounded excuses for not attending work or coming late for

work.

e Involuntary absenteeism implies that the cause of the absence is out of the

employees’ control and acceptable examples of this type of absenteeism include:
e Absence due to iliness (genuine illness)

e An absence due to family-related emergency (hospitalisation of a child, being

injured in a vehicle accident)
e An absence due to public unrest (strike action resulting in intimidation)

Absenteeism classification, as stated above, can be classified by looking at the
contribution towards the absence behaviour. The organisation have to treat employees
fairly to motivate employees and therefore promote good attendance or discourage high
absence behaviour. On the other hand, the employee also plays a role in his or her

absence behaviour. This is categorised into two categories. Involuntary absence is

16



unavoidable, and the organisation cannot affect the involuntary absences. Voluntary
absences, on the other hand, are within the employee’s control and can therefore be
changed. Differentiating between the two, however, is not an easy feat. The investigation
aims to identify individual characteristics and organisational characteristics that can be

linked to high absence behaviour.
2.6 CAUSES OF ABSENTEEISM

Various research has been conducted on what are the causes of workplace absence.
According to Verma and Chaubey (2016), causes of absenteeism includes illness,
accidents, low morale, poor working conditions, job boredom, lack of job satisfaction,
inadequate leadership and supervision, a problem of a personal nature (including
substance abuse, marital, financial and childcare amongst others), poor physical fitness,
transportation problems and stress. According to Crous (2016), apart from iliness, other
causes of absenteeism include taking care of family members (children and elderly),
depression, disengagement and burnout. A different approach to identify the causes of
absenteeism is by classifying absenteeism factors in terms of institutional
(organisational), structural (social environment) and economical categories (Mashaba,
2018). Trade unionism is also identified as a cause of absenteeism through legal strikes
and industrial action aimed to address salary disputes or poor working conditions.
Regardless of the cause, Visser (2019) states the importance of identifying the cause of
absence to manage absenteeism. If rules aren’t applied consistently, it could result in a

culture of absenteeism or a social norm being created.

As stated above, there exist many causes of absenteeism and knowing what the most
common absence causes are within the investigated organisation can result in providing

areas of focus where the most significant improvement opportunities lie.
2.6.1 lliness absence

The obvious cause of absence is due to iliness. As stated previously, iliness absence can
be classified as either voluntary (pointing to abuse of sick leave) or involuntary (genuine
illness). According to Ticharwa et al. (2019), iliness absence illustrated a seasonal trend
with winter reporting more illness absences. The seasonality of illness absence also

manifested in increased absence to care for a family member that has fallen ill.
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The study in the seasonality of illness absence did not result in a determination of a
seasonal trend with regards to the month of absence events as can be seen in chapter 4.
The results did, however, illustrate seasonality once the absence hours were summated
and therefore support absence due to seasonality based on total absence duration
(Ticharwa et al. 2019:111).

An important aspect of sick leave abuse and the management thereof lies in recognition
of patterns of absence (Bruniquel, 2017). Employees who abuse sick leave tend to do so
before or after weekends (scheduled off days) and public holidays and claim different
maladies, visit different doctors and take short, absent spells (typically one or two days).
Sick leave abuse generally is also accompanied by other symptoms that include, amongst
others also poor housekeeping (late for work). This emphasises the importance of
analysing sick leave to establish trends and determine absence durations, the number of

diagnoses and the number of doctors visited.

The study into the trends of sick leave (abuse) resulted in determining the presence of
higher or more absences on specifically Monday, Wednesday and Friday and aligns with
days of shift change. This points to higher absence behaviour after scheduled off days
(weekends) and could be as a result of sick leave abuse (Bruniquel 2017).

2.6.2 Personal factors as a cause of absence

Personal factors point to the individual employee and include, amongst other factors such
as age, gender and personality (Msosa, 2020:3). In a study conducted by Kumar and
Babu (2017:644) it was found that there exist relationships between absenteeism and
employee age, the number of dependents, distance from the workplace, marital status
and gender. Years of service relate to the duration an employee has been employed at a
particular organisation and has been stated to be an important factor affecting
absenteeism and holds a relationship with absence behaviour (Buzeti, 2020:54).

The study confirmed the influence of the personal factor of age through an inverted
relationship between age and absence duration per event and is illustrated clearly in
chapter 4. There was no statistical difference of absence behaviour (average absence

frequency and duration per six months) based on the age of the individual.
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The study into the relationship between absenteeism and gender yielded no statistical
evidence to support the findings of Msosa (2020:10) and Kumar and Babu (2017:644) as
stated above.

The study into the relationship between absenteeism and years of service yielded no
statistical evidence to support the findings of Buzeti (2020:54). The results in chapter four
do indicate the best absence behaviour being demonstrated by employees with less than

two years of service in terms of both absence frequency and duration.
2.6.3 Situational factors as a cause of absence

According to Msosa (2020), situational factors are attributed to job-related factors that
would include the nature of the job (repetitive and boring). Organisational policies such
as remuneration and promotion policies have been proven through multiple empirical
studies to have relation to employee withdrawal, and it is agreed that low pay and lack of
promotion opportunities are causes of withdrawal (evident through high absence) (Porter
& Steers, 1973).

2.7 ABSENTEEISM MEASUREMENT

Absenteeism data is widely used as measures of employee engagement, job satisfaction
and even employee commitment. Absenteeism is an organisational measurable indicator

in most organisations, and it can be depicted in several ways (UKEssays, 2018).
2.7.1 Absencel/incapacity rate

Absenteeism can be measured in the form of absence or incapacity rate and is presented
as the total number of absent days or hours over a specified period (7 days/6 months)
(Nagalingam & Sasikumar, 2019:287). The absence rate is a very simple and easy
measurement to implement and monitor. The organisation where the study was
conducted make use of the absence/incapacity rate measurement in the absenteeism
policy. The policy states that line managers, with the support of an HR practitioner, must
implement interventions with employees where the absence (sick leave) exceed the set
absence/incapacity rate. The interventions are briefly described below:

e First intervention - where the employee’s sick leave utilisation exceeds seven
days in six months. The first intervention intends to make the employee aware
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of excessive sick leave utilisation and allow the employee the opportunity to
disclose reasons for the high sick leave utilisation so that the company can be
aware of the contributing circumstances and provide possible assistance though
employee wellness initiatives. The disclosure is voluntary.

e Second intervention - where the employee’s sick leave utilisation exceeds 14
days in 12 months. The second intervention intends to further engage with the
employee about the continuous high absence rate and formally refer the
employee for assessment. The assessment is in the form of a medical
assessment, at the organisation’s doctor, or through the employee wellness
program or both. The assessments are conducted with employee consent and
are intended to provide the employee’s management information on how the
employee can be assisted to improve attendance behaviour.

e Third intervention - where the employee’s sick leave utilisation exceeds 21 days
in 18 months. The third intervention intends to further engage with the employee
about the continuous high absence rate and provide formal feedback on the
consequences should the high absence rate continue.

e Fourth intervention - where the employee’s sick leave utilisation exceeds 28 days
in 24 months. The fourth intervention is in the form of an Ill health enquiry. The
details from all the interventions are considered by a chairperson and based on
the findings the employee may be accommodated in a more suitable role, based
on a skills assessment and availability of vacancies, discharged on medical

disability or dismissed based on abuse on sick leave.

Based on the abovementioned organisational implementation of an absence
management policy, it is clear that the preferred or targeted absence rate per employee
is below seven days per six-month period on average. The study reveals the actual state
of absenteeism within the organisation based on the definition of absenteeism (include

all unplanned leave) and utilising the organisation’s absence management measures.
2.7.2 Absenteeism rate

Absenteeism rate is another alternative measurement of absenteeism. The absenteeism

rate calculation is illustrated by the following formula:
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Absenteeism Rate % = (Missed # of workdays) x 100
(Average # of employees X Total # of workdays)

The absenteeism rate indicates what fraction of the workforce or employees are absent
from work on a regular workday. The number of missed workdays relates to days as a
result of absenteeism, thus including all unplanned or unauthorised absences of leave. It
is however not an easy task to keep records of all unplanned absence types (according
to the absenteeism definition), and most absenteeism is then calculated using sick leave

days (paid and unpaid) as of measurement data.

Monitoring absenteeism rate as the only attendance measure is not sufficient in making
accurate conclusions of the state of absence within an organisation. The absenteeism
rate could decrease due to a decrease in the length of absences while there is an increase
in shorter duration absences. To address this drawback of the absenteeism rate
measurement, an organisation need also to consider the frequency and the length of
absences. It is for this reason that both the absenteeism rate and frequency was utilised

in the investigation.
2.7.3 Absenteeism frequency rate

Absenteeism frequency rate refers to the total number of absences over a specific period
(Nagalingam & Sasikumar, 2019:287). The following formula is an illustration of how
absenteeism frequency rate is calculated:

(Total number of times unplanned leave was availed)

F te % = %X 100
requency rate % (Total number of workdays in period)

The frequency rate indicates the frequency of absences without consideration to the
length of absences. This method of absence measurement is utilised by employers that
identify that a higher frequency of absences poses more significant management

challenges compared to less but more prolonged absences (Crowley, 2018).

The inverse of the absenteeism frequency rate will give an indication of the average time
(workdays) between absences. To illustrate the application of frequency rate
measurement the following hypothetical example is considered: A department consisting
of 10 employees where there were four separate absences (one employee responsible
for two separate absences and two employees each responsible for one absence each)
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in a month that consisted of 24 workdays. The table below illustrates the frequency

measurement:

Table 2-1:Application of frequency rate measurement, by Author (2020)

Separate Frequency rate 1/Frequency rate

absences (%) (workdays)
Department 4 4/24 x 100 =16.67% 1/ (4/24) =6
Employee X 2 2/24 x 100 =8.33% 1/ (2/24) = 12
Employee Y or Z 1 1/24 x 100 =4.17% 1/ (1/24) = 24

From table 2-1 above the measurement can be utilised and applied uniformly on an
individual basis or a larger audience or group. It is, however, possible for the frequency
rate to exceed 100% and is more likely to do so as the size of the measured group
increases. It is for this reason that the study utilised the absenteeism frequency rate

based on the individuals in the population instead of the entire population.
2.7.4 Severity rate

The severity rate measurement indicates the average length of absence. The following
formula is an illustration of how absenteeism severity rate is calculated:

days  (Total workdays absence in a specific period)

Severity rate =
Y (event) (Total number of absences in the same period)

From the formula above is it clear that the severity rate measurement incorporates both
the frequency and length of absences to provide the average length of absence. As per
the previous absenteeism measurements, the severity rate by itself also does not give a
good holistic view of the health of attendance (absenteeism) as it does not capture the

magnitude of the absenteeism.
2.7.5 Bradford factor

An alternative measure of absenteeism that incorporates both the frequency and the
length of absence is the Bradford factor score analysis. The Bradford factor score analysis

makes use of a simple formula to establish an employee’s score based on the different
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weighting of his/her the unplanned absences (sick leave, unpaid leave, family care). The
Bradford factor score can be utilised as a measurement tool to identify individual
employees within an organisation that needs intervention due to absenteeism (Mikulec &
Spackova, 2017).

The Bradford factor score is calculated with the use of the total amount of the employee’s
sick leave days as well as the total number of separate sick leave occasions as per the

equation below (People HR Blog, 2017):

B=S%XD
Where: B = Bradford factor score
S = Separate occasions of sick leave

D= Total days sick leave

Two hypothetical examples will be used to illustrate the difference score calculations for
the Bradford factor: Both employee X and employee Y had taken eight days sick leave
over the past 6 months, but employee X took sick leave on two ovations (5 days and 3
days) while employee Y took sick leave on five occasions (2 days, 2 days, 2 days, 1 day
and 1 day). The Bradford factor score is calculated for both employee X and employee Y

in the table below:

Table 2-2: Bradford factor scoring example, by Author (2019)

Separate occasions Total days sick Bradford factor
of sick leave (S) leave (D) score (B)
Employee X 2 8 32
Employee Y 5 8 200

From table 2 above it clearly illustrates the difference in the Bradford factor scoring for
two different employees with the same total number of sick leave days. With the use of
the Bradford factor score and the relevant labour laws, the appropriate actions or

interventions can then be implemented.
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2.7.6 Combining absenteeism measurement

From the above explanations of absenteeism measurement, it is clear that the different
measurement methods give different perspectives about the state of absenteeism within
an organisation. The two significant considerations of absenteeism are the total duration
of absence and the frequency of absences. To demonstrate why both duration and
frequency should be considered in absenteeism management the following hypothetical
scenarios are demonstrated: Consider three different employees where the records all
indicate that the total duration of absence of the last year was 14 days. Employee A’s
absence details are one 12-day absence due to a medical emergency and one two-day
absence due to illness. Employee B’s absence details are seven separate two-day
absences due to illness. Employee C’s absence details are six one-day absences due to
scheduled reoccurring medical treatments, two two-day absences due to illness and one
four-day absence due to illness. Consider the table with the different absenteeism

measurements below.

Table 2-3: Combination of absenteeism measurement

Absence Absenteeism | Frequency | Severity Bradford

rate rate (%) Rate (%) rate (days/ | factor

(daysl/year) absence) | score
Employee A 14 5.4% 0.8% 7.00 56
Employee B 14 5.4% 2.7% 2.00 686
Employee C 14 5.4% 3.5% 1.56 1134
Note: Calculations assume 260 workdays in a year

Based on table 2-3 above it becomes clear that even though all three employees had 14
absent days there is a difference in the measurement and thus emphasising the
importance of considering more than one measurement in attendance management
policies. Absence rate and absenteeism rate only indicates the duration of the absences
but don’t give more characteristics about the absences. The frequency rate illustrates the
frequency of absences and higher frequency percentage points to more absence events.
The severity rate illustrates the duration per absence event and the Bradford factor score

combines the frequency and absence duration to provide a single score.

Another important aspect that needs to be included in the absenteeism measurements is

the consideration of whether the absence is planned or unplanned. When considering
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employee C’s situation above it may be viewed to be the worst attendance behaviour in
comparison to the other two employees, but when classifying the scheduled reoccurring
medical treatments as planned absences the calculations and interpretation of results
change significantly. Planned absences can provide the organisation with sufficient time

to plan for the absence and therefore limit the impact of the absence.

Table 2-4: Combination of absenteeism measurement considering planned absences

Absence Absenteeism | Frequency | Severity Bradford

rate rate (%) Rate (%) rate (days/ | factor

(daysl/year) absence) | score
Employee A 14 5.4% 0.8% 7.00 56
Employee B 14 5.4% 2.7% 2.00 686
Employee C 14 3.1% 3.5% 2.67 72
Note: Calculations assume 260 workdays in a year

Table 2-4 above clearly indicates the improvement of absenteeism measurements when
considering planned absences. As per the definition of absenteeism being focused on
unplanned absences, all of the absenteeism measurements improved for employee C

with the exception of the absence rate.

The organisation where this study was conducted make use of the absence rate to flag
or identify where interventions must be implemented. Furthermore, only sick leave is
incorporated into the absenteeism management policy and do not differentiate between
planned or unplanned sick leave. This could, therefore, result in miss-diagnosing the

crucial focus areas and the actual extent of absence behaviour within the organisation.
2.8 ABSENTEEISM MANAGEMENT

The study that was conducted is firstly into absenteeism and absence behaviour and
secondly into providing management guidance to improve absence behaviour within the
organisation. Therefore, for the sake of comprehensiveness and providing a wholistic
review of aspects relating to the research goals, the management of absenteeism is

included in the literature review.

There are various recommendations for the management of employee absenteeism.

These include implementation of absenteeism management programs/disciplinary
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proceedings, incentivising good work attendance and improving company culture
(Kocakiulah et al., 2016b:92-94). Maquilan (2019:23) stated the most effective
absenteeism management strategies deals with both reward and punishment in
attendance monitoring. Punishment can be in the form of disciplinary proceedings against
employees guilty of excessive sick leave utilisation. Any organisation may, as long as it
is lawful, impose disciplinary proceedings in cases where absenteeism has become
excessive or where there is a particular pattern of repeated absences. Although it is
allowed in the South African labour laws, it is a long and tedious process that requires a

lot of company resources and an immaculate paper trail.

According to Bruniquel (2014) and Chowdhury (2016), another perceived reason for high
employee absenteeism is due to the lack of any action by the employer against
employees with high levels of absenteeism. It leads to other employees not taking
absenteeism seriously since there is a culture or a perception that management will not

impose consequences or corrective actions for excessive absenteeism.

In terms of rewards, Maquilan (2019:23) refers to other studies where implementation of
a financial reward system for perfect attendance resulted in both a decline on
absenteeism, and an increase in perfect attendance. It is concluded that the reward and

punishment strategies are effective in reducing employee absenteeism.

In a qualitative study conducted by Litchfield and Hinckley (2016), four themes were
identified as the key factors that impacted on a reduced absenteeism rate: employee
health, employee engagement, organisational factors and policy. Kanerva et al. (2018:1)
confirm the hypothesis that an unhealthy lifestyle (employee health) can contribute to

increased absenteeism rate and therefore also increased cost to the employer.

Litchfield and Hinckley (2016) state that: “The impact of correctly implementing a precisely
worded attendance management policy has long been recognized...”. The emphasis is
on “correctly implementing” and “precisely worded”. One can then argue that a mere
policy by itself would not be as effective at reducing absenteeism and that a policy that is
not clear and specific will also fail at achieving the required outcome. The focus must,
therefore, be on the consistent implementation of the policy and the exact wording of the

policy to remove ambiguity.
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Bruniguel (2017) adds that clear disciplinary rules about absence notification are
important to contest sick leave abuse and must address to whom and when absence
must be reported. The recommendation for absence reporting rules is to allow sufficient
time (an hour before the start of the shift) to arrange for a replacement and for the
employee to report to his or her manager. Additionally, the implementation of return to
work interviews is viewed as critical to discourage chancers and provide a platform to

provide support (where required) or obtain reasons that may warrant disciplinary action.

In the South African context, there is also the matter of very restrictive laws in terms of
sick leave laws. The Basic Conditions of Employment Act (75 of 1997) states that an
employee is entitled to six weeks’ paid sick leave over three years. This translates to 30
days sick leave over three years for a five-day workweek or on average 10 days sick
leave per year. An employer may insist on a medical certificate for sick absences of more
than two days or when sick leave is reoccurring within a specified period. This leaves a
lot of opportunity for abuse of sick leave for personal gain: paid time off. By doing the
math, the maximum allowable absenteeism rate that is per the Act (75 of 1997) is
approximately 4%. This is not the case with many organisations’ absenteeism rate as
high as 12% (Bydawell, 2016) and therefore leaving room for improvement in reducing

absenteeism.

Bruniguel (2017) stated that according to Absolv Software Technologies, the direct cost
of sickness absence for South Africa is estimated at R34.1 billion while indirect cost
accounts for approximately R68.2 billion making up for almost 3% of GDP. This highlights
the extent of the absenteeism dilemma for businesses operating within the South African

economy.

Managing absenteeism can be a daunting task for many businesses managers, but
according to some research, absenteeism also follows the Pareto principle in that 80% of
sickness absence is caused by 20% of employees within an organisation (Ahn & Yelowitz,
2016:8; Bydawell, 2016). By focusing on the critical few, it will have a major effect in
reducing absenteeism. The study was aimed to identify characteristics that can be linked
to high absence behaviour (both absenteeism frequency and duration) and provide

management focus to take on the absenteeism dilemma within the organisation.
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2.8.1 Policy implementation effectiveness

As the previous section pointed out, implementation of an effective policy (clear and
specific) can produce the required results with regards to absenteeism reduction. There
are a couple of factors that can influence the desired outcome of absenteeism reduction
when it comes to policy implementation. These factors include the following: The policy
itself must be effective (clear and specific), the role of the stakeholders in the policy

implementation and the support for the implementation of the policy.
2.8.1.1 Policy clarity

The Basic Conditions of Employment Act (75 of 1997) (SA, 1997) itself is very clear and
specific in terms of sick leave allocations but no so much on employer rights where
excessive sick leave is used. Organisational policy needs as a minimum to align with the
requirements of the act. According to Ahn and Yelowitz (2016), it is important in
absenteeism reduction that the policy is robust and clear to reduce the sense of
entittement. Ahn and Yelowitz (2016) continue by adding that other research has also
indicated that policies that include financial incentives are also effective at improving work
attendance. There is, however, a risk of increased presenteeism due to employees
attending work to qualify for the financial incentive but not being able to function at full

productivity due to a minor illness.

The organisational absence management policy at the organisation under investigation
is specific in terms of the use of sick leave but fails to include other leave types that can
be an indication of a high absence behaviour. The investigation, therefore, included the

absence type that is in line with the absenteeism definition.
2.8.1.2 Stakeholder impact on policy implementation

Another consideration that needs to be explored when one discusses policy
implementation effectiveness is the roles of the various stakeholders. The devolution of
HR-related tasks to line manager plays a crucial part in HRM strategies (Stankeviciene
et al., 2017) and ultimately, the line managers play a pivotal role in the implementation of
absenteeism policies. Research on this matter have increased as the devolution of HR-
related tasks to line managers have accelerated. There is still a perception that the

implementation effectiveness is lacking as the result of line managers failing to
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consistently implement and take ownership of their simple HR-related responsibilities (Op
de Beeck et al., 2018). The contributing factors identified by Op de Beeck et al. (2018) for
line managers failing in their HR-related tasks include the lack of desire, lack of capacity,

lack of competencies, lack of support and lack of policy and procedures.
2.8.1.3 Support for implementation

As mentioned above, the contributing factors already include lack of support as one of
the elements preventing line managers from implementing absenteeism policies.

Implementation support can be divided into various categories:

e Firstly, there is support in terms of access to absenteeism data. To manage
absenteeism, managers need to know the detail of absenteeism. If the absenteeism
data is not readily available and correct, there is the risk that employees may get the
perception that management is not committed to the implementation of the
organisation's absenteeism policy due to delayed intervention with highly absent

employees.

e Secondly, there is also the issue of physical support with regards to guidance and
training. According to Huo et al. (2018), the support from HR professionals will enable
line manages to implement HRM policies effectively. HR professionals that are
unavailable and unwilling to support line managers will result in the lack of HR skills

transfer and a loss in motivation from managers to perform their HR responsibilities.
29 ABSENTEEISM MANAGEMENT THROUGH TECHNOLOGICAL SUPPORT

Tende and Eketu (2019) state that nearly all organisations are starting to utilise
technology-enhanced processes to improve efficiency and the inability to adapt or
embrace advancement in technology may result in business failure or financial losses.
That is why the effect of technological support in absenteeism management is discussed

below.

In a recent study by Lima et al. (2020), it was attempted to use deep learning models as
predictive tools to identify employees with a high probability of excessive illness
absenteeism. This was made possible through the advancements in big data

technologies and the availability of big data sets (HR datasets). Due to the inherent
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unpredictability of absenteeism, any predictive model on the topic would be very relevant
and useful for absenteeism management. Lima et al. (2020) managed to prove the
feasibility of a predictive model for their study population using a combination of deep
learning models and features from the HR database consisting of six years of historical
data. Accuracies of up to 78% were achieved by combining common attributes of
employees and historical absenteeism data to form a newly compiled dataset containing
the most relevant data and applying deep learning model techniques. The identified
employee characteristics were: unit of work, age of the employee, organisational level,
gender, service years, year of absence and total absence for a specific year. Even though
the research in this field is still very limited. However, it does provide promising potential
solutions for the future absenteeism management. Some of the characteristics identified
and utilised in the work of Lima et al. (2020) was included in the investigation and the

results are available in chapter four.
2.10 CONNECTING THE LITERATURE TO THE INVESTIGATION

As stated above, there are multiple sources and studies (Chinyio et al., 2018; Godgy &
Dale-Olsen, 2018; Kocakulah et al., 2018; Kocakilah et al., 2016a; Neingo & Tholana,
2016; Verma & Chaubey, 2016) that all confirm that absenteeism is impacting
organisations on various levels and if it is not managed effectively, it can and will result
in significant financial losses. Absenteeism is not only a global dilemma but is also
affecting the South African economy. There are also various approaches on how best to
manage absenteeism through all the different industries across the world. South African
organisations are bound by law to offer paid sick leave and the risk of higher absenteeism

rates also increases.

There is also ample research on the devolution of HR-related tasks to line managers and
the importance of line managers in the implementation of HRM strategies (McGoldrick et
al., 2001; Nabi et al., 2017; Op de Beeck et al., 2016). Under this field, policy
implementation and factors influencing the effectiveness of policy implementation, such

as support, is also covered.

With the enormity of the absenteeism dilemma and all the research and information
available in the field of absenteeism, one would expect to have a solution to the
absenteeism dilemma. This is not the case. Therefore, this study is focused trend

30



identification on providing support to lines managers through the identification of high

absent employees.

The study into absenteeism trends showed that absenteeism is also a real concern within
the organisation. The total unplanned absences attributed to 29,957 payroll days over 21
months. These figures relate to an average of 0.70 payroll days of unplanned absence
per employee per month. It was also found that 15% of the population exceeded the
organisational target for an average absence duration of less than seven payroll days per
six months and contributed towards 34% of the total unplanned absence duration as

demonstrated in chapter four.
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CHAPTER 3 RESEARCH METHODOLOGY

3.1 INTRODUCTION

This chapter explains the research method used and describes the population details of

the study.

The main focus of this study is to investigate absenteeism through trend analysis of
historical employee absence data within selected chemical operational units of a chemical
manufacturing organisation. The intent is also to make recommendations on how to
improve absenteeism management based on the results obtained through the

investigation.

The data utilised for the empirical study was obtained through the human resource
department of the organisation by combining and desensitising existing historical HR

reports (employee attendance and headcount reports).
3.2 RESEARCH DESIGN

A research design is defined as the structural framework within which the study is
implemented. According to Andrade (2019), a study can be described under different
heads of research design, and use of certain descriptors can be mutually exclusive while
other descriptors are not. The following descriptors are considered for the research

design that was followed:
3.2.1 Quantitative or qualitative

Quantitative research can be defined as research into a social phenomenon through
testing of variables that are measured with numbers and analysed with statistics to

explain or predict the phenomena (Yilmaz, 2013).

Qualitative research is more difficult to be defined due to its multifaceted nature. Still, it is
considered a research approach that requires insight to reveal descriptive terms related
to phenomena and is deemed to be emergent, inductive, interpretive and naturalistic in

approach (findings not arrived at by statistical or quantification means) (Yilmaz, 2013).
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The research descriptor most suitable for this study is that of a quantitative method due
to the statistical approach and numerically measurable variables that were utilised during

the investigation.
3.2.2 Empirical or non-empirical

Empirical research can be defined as research that utilises empirical evidence in the form
of data that are analysed and interpreted to draw a conclusion. Therefore the conclusion
is verifiable (Question Pro, 2020). The advantages of an empirical research design are
an increased internal validity, the higher level of control over variables, the ability to
validate traditional research and the research being conducted are viewed as competent

and authentic.

Non-empirical research can be defined as research utilising a theoretical approach to the
research design and involves inductive and deductive reasoning to theorize logical

assumptions about the research topic.

The research descriptor most suitable for this study is that of an empirical method due to

the utilisation of empirical data that can be verified.
3.2.3 Cross-sectional or longitudinal

A cross-sectional study can be described as a “snapshot” in a single point in time to
determine variations that may exist between more than one case (Bryman et al., 2014:105
- 108; Trochim & Donnelly, 2007:6). Through a cross-sectional design, it is only possible
to determine the relationship between variables but not directionality.

A longitudinal design involves mapping of change through data gathering from a sample
at different points in time and provides insight into the time order of the variables.
Therefore, it would be possible to make causal inferences in a longitudinal research
design (Bryman et al., 2014:109)

The research descriptor most suitable for this study is that of a cross-sectional research

design due to the single point in time of data collection.
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3.2.4 Description of the research framework

Considering the details from the aforementioned three sections, the most suitable
description of the study is that of a quantitative, empirical, cross-sectional study into

absenteeism trends within the organisation under investigation.
3.3 POPULATION AND SAMPLING

The population (also referred to as the population of interest) of a study can be defined
as the group of individuals with similar characteristics that are of interest for the
researcher (Majid, 2018:3). The sampling of a population is used to reduce the (large)
population to a representative, manageable and accessible group of individuals. This
makes a study executable while also maintaining generalizability of the results (Bryman
et al., 2014:168).

The focus of this study will be individuals in specific operational sections (comprising out
of three larger business units) of a large chemical manufacturing organisation in South
Africa. The focus of this study is aimed to gain insight through the investigation of existing

organisational absenteeism data.

The common characteristic of the individuals of the populations is that all the individuals
are or were employed within operational or manufacturing departments within the same
organisation in the chemical manufacturing industry. The nature of the industry is
continuous operations/processes in a high stress, high performance and results
orientated environment. Due to the nature of the processes, personal protective
equipment is a requirement in most areas within the facility to address potential safety

risks.

Three specific sections will make up the population of this study. All three sections are
performing the same functions, namely, operations. The three sections have different
management teams that all report into the same larger divisional manager having similar
objectives and targets. The three sections staffing establishment comprised out of 464,
843 and 699 personnel that include employees and management. The total population
comprises approximately 2048 individuals (N = 2048). Due to employee turnover and new
employee appointments during the study period, the total number of individuals in the

study is higher than the stated staff establishment, and not all individuals in the population
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were employed within the operations sections for the full duration of the investigation. The

population details are illustrated below:

Table 3-1: Population detail, by Author (2019)

Operations Operations Operations
A B @
Total 478 Total 861 Total 709

3.3.1 Suitability of the population

The organisation, where this study was conducted, is a large organisation, and the effect
of absenteeism can be quite large and provide a sufficient amount of data available to
conduct the investigation. With the significant amount of available data on employee
attendance (available HR reports), a trend investigation could lead to an improvement in
the knowledge about organisational employee absenteeism and guide management on
how the dilemma of absenteeism could be approached to affect an improvement in

employee attendance.

With the population covering three relatively similar groups or strata with similar work
activities and work demands, it could be possible to determine similarities and or
differences (trends) that could be explored in further detail and ultimately give answers to

the research questions.
3.3.2 Location of the population

The population is the production sections of an organisation situated within the northern

part of the Free State (South Africa) in the industrial section of the town called Sasolburg.
3.3.3 Sampling requirements

Due to the accessibility of the population, the total population was utilised, and there was

no requirement for a specific sampling technique that would have been representative.
3.4 DATA COLLECTION

Data collection for research can be defined as the process of obtaining or collecting the

required information to conduct an analysis technique or method; for this study the data
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was obtained from an HR department representative in the form of existing attendance
reports (HR reports). The data used in this study is therefore classified as secondary data
since the researcher did not collect the data. The organisational attendance records
provided a large database that was beneficial to the quantitative research and provided
sufficient high-quality data captured on an enterprise resource planning system (SAP) of
the organisation thus ensuring confidence in the data reliability. The required data were
extracted from the reports to ensure no individual within the population is identifiable in
the final dataset to ensure no harm can be caused as a result of this study (desensitization
of the data).

3.5 DATA PREPARATION AND DESENSITIZATION

Data preparation included the removal of planned absences from the original data set
supplied and therefore all leave (vacation leave) was removed. The desensitization
process included re-assigning randomly generated study numbers to each individual. The
employee attendance reports contained approximately 72 000 absence entries from the
15t of July 2018 until 27 March 2020 (the lockdown period was excluded from the dataset)
and each entry contained the employee number that needed to be replaced with the
randomly assigned study number. Due to the magnitude of the available dataset, it was
not feasible to substitute the employee numbers manually, and therefore a self-developed
Microsoft Excel visual basic code was utilised to replace the employee numbers with the

randomly assigned study numbers (see Annexure B for details of the code).

The next desensitization action included the calculation of the employee age based on
the available date of birth of each employee and only stating the age in years at the date

of the most recent report provided/obtained (October 2020).

The data from the different HR reports were combined into a single dataset (Annexure A)

that contained the following variables:
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Table 3-2: Study variables and descriptions

Variable Description of Variable

Study Number Newly assigned number to each individual in the population
Population The total population of the study (2053 individuals)
Subdivision The population divided into three subdivisions

Employee group

Employees separated into remuneration group (Total package or
base salary and benefits)

Role category

Employees divided into responsibility hierarchy

Start Date Start date of absence
End Date The end date of absence
Absence type Clarification of the type of absence

Absence hours

Total hours of absence

Total payroll days

Total days subtracted from the allocated absence bucket (sick
leave allocation, compassionate leave allocation)

Day Day of first absence day (Monday, Tuesday, and so forth)

Month The month of first absence day (January, February, and so forth)
Gender The gender of the individual

Age in years Calculated age in October 2020

Service Years

Year working as a permanent employee for the organisation

Frequency Rate

The calculated frequency rate of absence averaged over the
total study and expressed in absences per six months

Duration (hrs)

The calculated duration of absence averaged over the total
study and expressed in absence hours per six months

Duration (Payroll
days)

The calculated duration of absence averaged over the total
study and expressed in payroll days per six months

The data preparation process also included a verification step to ensure that duplicated

entries are removed since it is not possible for and employee to have multiple absences

during the same day and period. After the data preparation and desensitization was

completed, the variable coding process was implanted as explained below.

3.6 DATA CODING

The data coding strategy that was utilised in this study was to assign numerical values to

the different sub-categories for each field. As an example, consider the field of gender:

There exist two sub-categories hamely male and female. The coding strategy ensured

that each subcategory was assigned a numerical identification code within the field,

namely male = “1” and female = “2”. Each field was narrowed down into sub-categories,
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and identification coding was assigned according to the mentioned above strategy. The

coding sheet is available in Annexure C.
3.7 ANALYSIS SOFTWARE

The software program that used to analyse the data is the IBM Statistical Package for
Social Science (Version 26) (IM SPSS, 2020)

3.8 DATA ANALYSIS

The presence of trends between work attendance/absenteeism and respondents’
biographical and organisational characteristics was investigated with the assistance of a

statistician from the North-West University’s statistical consultation services.
3.8.1 Techniques

The following statistical techniques were used: frequencies, independent t-tests (in the
case of two groups), ANOVA'’s (3 or more groups) and mixed model analysis. Effect sizes
instead of p-values were used for interpretation purposes as a result of the lack of

generalizability.

For the t-tests, ANOVA’s and mixed model analysis an effect size of 0.2 was an indication
of a small or practical non-significant effect, 0.5 medium or practical visible effect and 0.8
large or practical significant effect.

Descriptive statistics, more specifically, frequencies, mean values and standard
deviations, were used to summarize the data. Where applicable, the data was

represented graphically.
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CHAPTER 4 DATA ANALYSIS, RESULTS AND DISCUSSION

4.1 INTRODUCTION

In this chapter, the results of the data analysis are reported and discussed on the
presence of trends within the organisation were the trend investigation of absenteeism

within a selected chemical operational unit was conducted.
4.2 STATISTICAL ANALYSIS

The data analysed in the subsequent sections reflect the attendance behaviour of the
entire population. The final desensitized dataset contained the attendance data of 2048
respondents. The difference between the population (N = 2048) and the size of the staff
establishment (N = 2006) is attributed towards employees’ turnover and new
appointments into either of three operations sections.

4.3 FREQUENCY ANALYSIS

Frequency analysis or frequencies are the numbers of counts or the number of times a
data value appears based on the options (coding) within the variables and provide an
overview of the data.

Frequency analysis was conducted on two subgroups within the data set. The first group
is classified as the biographical, demographical and organisational data and how it relates
to the individuals within the population. The second group is the data relating to the
individual absences and the identified or captured characteristics of the absences and is

classified as absence data.
4.3.1 Biographical, demographical and organisational data

The following biographical, demographical and organisational data were included within
the study framework and are represented in the subsequent sections: gender, age,
service years, division within the organisation, employee group (based on remunerational
rules), role category of the individual, individual absence frequency and individual

absence duration (expressed in actual absence hours and payroll day deductibles).
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4.3.1.1 Gender

The following illustration is the indication of the gender of the individuals within the
population. Figure 4-1 below indicates that the population consisted of 88.75% of males
and 11.25% of females.

Gender

= Male = Female

Figure 4-1: Gender distribution

4.3.1.1.1 Discussion of gender results

The male-dominated result was expected due to physicality required to operate the units
and the slow transformation of gender inequality within the chemical manufacturing

industry.
4.3.1.2 Age

The illustration below is the presentation of the age distribution of the population. There
were 102 individual’s data not available in the HR reports obtained for the study and was
excluded from the age analysis.
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Figure 4-2: Age distribution

Figure 4-2 reflects that the age distribution of the population consisted of 21.3% (n=415)
aged between 35 — 39 years, 18.7% (n=364) aged between 30 — 34 years, 14.4% (n=280)
aged between 40 — 44 years, 11.7% (n=228) aged between 45 — 49 years, 11.1% (n=216)
aged between 50 — 54 years, 9.8% (n=190) aged between 55 — 59 years, 7.0% (n=136)
aged between 25 — 29 years, 5.0% (n=98) age 60+ years and 1.0% (n=19) aged 24 years

or less.
4.3.1.2.1 Discussion of age results

The age distribution of the population indicates the two largest groups being aged
between 30 and 39 years of age. There exists a gradual decrease in the number of
individuals per group as the age ranges of the groups increase from 40 years and older.
The age distribution is leaning towards the younger age groups.

4.3.1.3 Service years

The illustration below is the presentation of the years of service distribution of the
population. There were 102 individual’s data not available in the HR reports obtained for

the study and was excluded from the age analysis.
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Figure 4-3: Service years distribution

Figure 4-3 reflects that the service years distribution of the population consisted of 25.5%
(n=497) ranging between 10 — 14 years of service, 18.5% (n=360) having 25+ years of
service, 13.7% (n=267) ranging between 3 — 6 years of service, 13.2% (n=257) ranging
between 7 — 9 years of service, 12.2% (N=238) ranging between 15 — 19 years of service,
8.5% (N=166) ranging between 20 — 24 years of service and 8.3% (n=161) having 2 years

or less service.
4.3.1.3.1 Discussion of service years results

The service years distribution results indicate that the largest group of individuals have
10 to 14 service years and the second-largest group of individuals have more than 25
service years. The distribution does not follow a bell shape distribution due to the high
number of individuals in the 25+ service years. This could be contributed to the coding
allocation not continuing with five-year increments after the 25 + service years category.
The peak of the service years distribution is aligned with the peak of the age distribution
considering that individuals become eligible for employment from the age of 18 years

(directly after school) to 22 years (after completing tertiary education).
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4.3.1.4 Organisational division

The illustration below is the presentation of the organisational division distribution of the
individuals within the population. Fig 4-4 below indicates that the population consisted of
42.0% from the operations B division, 34.6% from the operations C division and 23.3%

from the A operations division.

Division

= Operations A
= Operations B
Operations C

Figure 4-4: Division distribution

4.3.1.4.1 Discussion of organisational division results

The population of the study can be subdivided into three subdivisions reporting into three
different leadership structures within the same organisation. The divisions’ size
distribution is adequate to utilise in comparative analysis to determine whether there exist

statistical differences in absence behaviour between the three different divisions.
4.3.1.5 Employee group

The illustration below is the presentation of the employee group (based on remuneration
structure) distribution of the individuals within the population. Fig 4-5 below indicates that
the population consisted of 77.9% from the monthly salaried personal (MSP) employee
group and 22.1% from the salaried personal (SP) employee group. The difference
between the employee groups is the remuneration structure. MSP remuneration is based
on a base salary with added benefits that include allowances (housing, shift work, danger

pay, medical aid) while SP remuneration is based on a total guaranteed package that
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allows flexibility in the adjustment of benefits within certain rules (pension contribution,

car allowance) to maintain a total remuneration amount for the individual.

Employee group

= SP = MSP

Figure 4-5: Employee group distribution

4.3.1.5.1 Discussion of employee group results

The employee group distribution results indicate that the majority of the individuals fall
within the MSP group. This is to be expected as the MSP groups consist of workers (no
managerial responsibilities) while the SP group include all individuals with managerial
responsibility. The distribution of the employee group is adequate to utilise in comparative
analysis to determine whether there exist statistical differences in absence behaviour
between the two employee groups.

4.3.1.6 Role category

The illustration below is the presentation of the organisational role category distribution
of the individuals within the population. Figure 4-6 reflects that the role category
distribution of the population consisted of 67.2% (n=1376) in the process implementation
role category, 13.5% (n=277) in the process optimisation role category, 13.1% (n=268) in
the operations role category, 3.5% (n=71) in the optimisation role category, 1.7% (n=35)
in the execution role category and 1.0% (n=21) in the leadership and specialisation role

category. The role category indicates the level of responsibility within the organisation.
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Role category distribution
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Figure 4-6: Role category distribution

4.3.1.6.1 Discussion of role category results

The role category distribution results indicate the majority of individuals within the process
implementation role. These results are aligned with the employee group seeing as the
majority of the process optimisation and operations role category fall within the MSP
groups as well. The following table reflects the hierarchical order and description of the

role categories within the organisation.
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Table 4-1: Role category description

Role category

Description of role category

Leadership and

specialisation

Include the Vice presidents of the various operational groups
and senior managers of the maintenance and process

functions.

Optimisation

Include the area managers of the various maintenance
departments, the area managers of the processes and the
senior technologists from the various maintenance disciplines

(control and instrumentation, electrical and mechanical).

Execution

Include technologist and technicians from the various
disciplines (control and instrumentation, electrical and

mechanical).

Process optimisation

Include foreman from the various disciplines (process, control
and instrumentation, electrical and mechanical), maintenance
and production coordinators and technicians from the various
maintenance disciplines (control and instrumentation,

electrical and mechanical).

Process execution

Include the various grades of artisans within the various
disciplines (process, control and instrumentation, electrical and

mechanical).

Operations

Include process and maintenance operators and controllers
within the various disciplines (process, control and

instrumentation, electrical and mechanical).

Note: The execution, process execution and operations role categories don'’t include

people management.

4.3.1.7 Absence frequency rate

The illustration below is the presentation of the absence frequency distribution of the

individuals within the population. It is reported in a six-month average number of

absences over the entire duration of the study (number of absences per six months). The

absence frequency rate includes all unplanned leave absences (sick leave, family care,

short time, compassionate leave and absence without official leave).
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Absence frequency rate distribution
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Figure 4-7: Frequency rate distribution

Figure 4-7 reflects that the average (6-monthly) frequency of absence distribution
throughout the study of the population consisted of 16.4% (n=336) of employees being
absent between 2.29 — 3.14 times, 16.1% (n=329) of employees being absent between
0.86 — 1.14 times, 16.0% (n=328) of employees being absent between 2.01 — 2.28 times,
15.1% (n=310) of employees being absent between 0.29 — 0.85 times, 14.9% (n=306) of
employees being absent between 1.15 — 2.00 times, 10.7% (n=220) of employees being
absent between 3.15 — 6.00 times, 5.8% (n=118) of employees being absent less than
0.28 times, 3.2% (n=66) of employees being absent between 6.01 — 8.00 times and 1.7%

(n=35) of employees being absent more than 8.00 times within six months.
4.3.1.7.1 Discussion of absence frequency rate results

The absence frequency rate results indicate a fairly uniform distribution of absence
frequency rates for average frequencies ranging between 0.29 to 3.14 absences in a six
months duration. This lower end of this range translates to approximately one absence in
a two-year duration while the upper end of this range relates to one absence every second
month. Approximately 4.9% (3.2% + 1.7%) of the population recorded an average
frequency rate exceeding six absences within six months. This relates to 101 individuals
that on average record at least one absence every month for the duration of the
investigation. This highlights the extent of the absenteeism dilemma within the

organisation that was referred to in chapter 2.
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4.3.1.8 Absence duration

The illustrations below are the presentation of the absence duration distributions of the
individuals within the population and are reported in average six-month absence
durations. The absence duration is reported in two different manners due to the difference
in work hours arrangements. There are both shift workers (continues operation) that work
12-hour shifts, both dayshift and night shift, according to different shift rosters and then
there are normal dayshift workers working Mondays to Fridays according to work hour
arrangements. The absence duration includes all unplanned leave absences (sick leave,

family care, short time, compassionate leave and absence without official leave).
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Figure 4-8: Absence duration distribution (hrs)

Figure 4-8 reflects that the average (6-monthly) total absence duration distribution
throughout the study of the population consisted of 17.1% (n=351) of employees being
absent between 12 — 24 hours, 15.3% (n=314) of employees being absent less than 12
hours, 14.1% (n=289) of employees being absent between 24 — 36 hours, 13.9% (n=285)
of employees being absent between 36 — 48 hours, 10.4% (n=212) of employees being
absent between 48 — 60 hours, 10.3% (n=210) of employees being absent between 72 —
96 hours, 9.4% (n=193) of employees being absent between 60 — 72 hours, 4.9% (n=100)
of employees being absent more than 120 hours and 4.6% (n=94) of employees being

absent between 96 — 120 hours within six months.
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Absence duration (payroll days) distribution
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Figure 4-9: Absence duration distribution (payroll days)

Figure 4-9 reflects that the average (6-monthly) total absence duration distribution
throughout the study of the individuals within the population consisted of 28.0% (n=573)
of employees being absent less than two payroll days, 13.4% (n=275) of employees being
absent between 3.01 — 4.00 payroll days, 13.4% (n=274) of employees being absent
between 2.01 — 3.00 payroll days, 11.5% (n=236) of employees being absent between
4.01 — 5.00 payroll days, 11.4% (n=234) of employees being absent between 5.01 — 6.00
payroll days, 7.3% (n=150) of employees being absent between 6.01 — 7.00 payroll days,
5.7% (n=117) of employees being absent between 7.01 — 8.00 payroll days, 5.4%
(n=111) of employees being absent between 8.01 — 10.00 payroll days and 3.8% (n=78)

of employees being absent more than 10.00 payroll days within six months.
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4.3.1.8.1 Discussion of absence duration results

The absence duration results illustrated that the biggest number of individuals recorded
average absences of two payroll days or less within six months and the number of
individuals per duration category reduced as the average absence duration increased.
The average absence duration reported in terms of absence hours followed a similar
trend. When applying the organisational absence management guidelines or target for
conducting interventions (above seven days per six-month duration), the results indicate
that 14.9% (5.7% + 5.4% + 3.8%) of the population have exceeded the average absence
duration of more than seven absence days over six months for the duration of the study
and therefore 306 individuals need to have been at or close to the fourth intervention.
This is an illustration that the current organisational absence behaviour does follow the

Pareto principle in terms of identifying individuals with high absence behaviour.

When comparing the frequencies of the average absence duration hours with the payroll
days, it becomes evident that the payroll days frequency is significantly lower than the
frequency reported in the hours. The frequency of the more than 120 hours is reported at
4.9% or 100 individuals while the frequency of more than 10 payroll days is reported at
3.8% or 78 individuals. This is an indication that the actual extent of absenteeism and the

impact on the organisation may be understated.

4.3.1.9 Descriptive statistics summary of biographical, demographical and

organisational data

According to Laerd Statistics (2018), descriptive statistics are a term given to the analysis
of data to assist in describing, showing and summarizing the data in a meaningful way
that can be useful for the emergence of patterns amongst other things. Descriptive
statistics enables a simplified manner for data presentation that also simplify the
interpretation of the data. Table 4-2 below presents the descriptive statistics for the data
presented above:
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Table 4-2: Descriptive statistics summary (individual level)

Std.
N Minimum | Maximum | Mean | Deviation

Age of individuals(years) 1946 21.00 66.00 42.00 9.91
Service years of individuals
(years) 1946 0.00 45.00 14.70 9.97
Frequency rate of absences per
individual (absences/6months) 2048 0.29 20.57 2.54 2.01
Duration of absences per
individual (hrs/6months) 2048 0.07 500.57 48.17 42.46
Duration of absences per
individual (payroll
days/6months) 2048 0.01 29.14 4.18 3.05

The standard deviation presents the spread of the data or how far the data is spread out.
From the table above, each of the variable fields is interpreted to acquire a better

understanding of the data that has been presented.
4.3.2 Absence data

The following absence data were included within the study framework and are
represented in the subsequent sections: absence type, day of absence (capture as the
first day of the absence), the month of absence (captured as the month of the first day of

absence) and duration of individual absences (captured in payroll days).
4.3.2.1 Absence type

All forms of absences that were deemed as unplanned were included in the data set to
be analysed, seeing that the definition of absenteeism includes all unplanned absences.
The organisation where the study was conducted only utilise sick leave absences in
absenteeism management and don’t differentiate between planned and unplanned sick
leave. Table 4-3 below reflects all the unplanned absences for the population for the
period of the study according to the different absence type classification being utilised at

the organisation under investigation.
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Table 4-3: Absence type distribution

Absence type Frequency Percentage
Sick leave - part day 2488 13.65%
Sick with Note 2743 15.05%
Sick no Note(>2days) 16 0.09%
Sick no Note(<=2days) 748 4.10%
Sick no Note<=2d(Shift<6) 828 4.54%
Sick with Note (Shift<6) 5268 28.90%
Sick no Note>2d(Shift<6) 14 0.08%
Family Care Leave 2649 14.53%
Family Care - Part day 961 5.27%
Short time (< 1day) 1731 9.50%
Unpaid sick leave <=120 d 62 0.34%
AW.O.L. 142 0.78%
Compassionate leave 109 0.60%
Compassionate Leave (No QTA) 430 2.36%
Compassionate Part Day 35 0.19%
Comp Part Day (No QTA) 6 0.03%
Total 18230 100.00%

The total number of absences recorded for the period of the study came in at 18,230 with
the highest recorded absence being sick leave for shift workers with a note at 28.90%
(n=5268) followed by sick leave for non-shift workers with a note at 15.05% (n=2743).
The third highest absence recorded was family care leave with 14.53% (n=2649) of the
total absences. To simplify the presentation of the absence type data the data were

combined into the following groups:

o Part day sick leave: Sick leave - part day

e Sick with note: Sick with note and Sick with note (Shift<6)

e Sick no note: Sick no Note(>2days), Sick no Note(<=2days), Sick no
Note<=2d(shift<6) and Sick no Note>2d(shift<6)

e Family care leave: Family Care Leave and Family Care - Part day

e Unpaid leave: Short time (< 1day), Unpaid sick leave <=120 d and AW.O.L

e Compassion leave: Compassionate leave, Compassionate Leave (No QTA),

Compassionate Part Day and Comp Part Day (No QTA)
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Absence type distribution
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Figure 4-10: Absence type distribution

Figure 4-10 reflects that the absence type distribution of al of the absences for the
population consisted of 43.9% (n=8011) being sick leave with a note, 19.8% (n=3610)
being family care leave, 13.6% (n=2488) being part day sick leave, 10.6% (n=1935) being
unpaid leave, 8.8% (n=1606) being sick leave with without a note and 3.2% (n=580) being

compassionate leave.

The table below is an illustration of the total absence duration according to the absence
type distribution and subdivision of individuals into groups that are based on the
individuals’ average absence duration during the span of the investigation. The three
groups are individuals with more than seven payroll days per six months (n = 306),
individuals with between four and seven payroll days per six months (n = 647) and
individuals with less than four payroll days per six months (n = 1095).
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Table 4-4: Total absence duration according to the absence type and absence utilisation

group (payroll days)

Total absence duration during the investigation period (payroll days)
Individuals with | Individual with | Individuals with

more than 7 4 to 7 payroll less than 4

Total
population payroll days/6months payroll

days/6months (Medium days/6months
(High utilisation) utilisation) (Low utilisation)

payroll % payroll % payroll % payroll %

days days days days
Partlg:\i’es'(:k 961.2 | 32% | 2361 | 23% | 3695 | 31% | 3556 | 4.6%
S'%‘;‘t’gth 20793.0 | 69.4% | 75735 | 74.7% | 8364.5 | 69.4% | 4855.0 | 62.6%
Sick no note 2006.0 6.7% 526.0 5.2% 834.0 6.9% 646.0 8.3%
Far?elglvgare 40859 | 13.6% | 9925 | 9.8% | 1737.3 | 14.4% | 1356.1 | 17.5%
Unpaid leave | 572.3 1.9% 359.5 3.5% 128.2 1.1% 84.7 1.1%
Compassion | ygagg | 519 | 4533 | 45% | 6212 | 52% | 4643 | 6.0%
leave

Total 29957.3 100% 10140.9 100% 12054.8 100% 7761.7 100%

Table 4-4 reflects that individuals with higher absence utilisation record less part day sick
leave (2.3%) than the medium utilisation (3.1%) and low utilisation (4.6%) groups. The
high absence utilisation group recorded a higher percentage of sick with note type
absences (74.7%) compared to the medium utilisation (69.4%) and low utilisation (62.6%)
groups. The high absence utilisation group recorded a lower percentage of sick no note
type absences (5.2%) compared to the medium utilisation (6.9%) and low utilisation
(8.3%) groups. The high absence utilisation group recorded a lower percentage of sick
no note type absences (5.2%) compared to the medium utilisation (6.9%) and low
utilisation (8.3%) groups. The high absence utilisation group recorded a lower percentage
of family care leave type absences (9.8%) compared to the medium utilisation (14.4%)
and low utilisation (17.5%) groups. The high absence utilisation group recorded a higher
percentage of unpaid leave type absences (3.5%) compared to the medium utilisation
(1.1%) and low utilisation (1.1%) groups. The high absence utilisation group recorded a
lower percentage of compassionate leave type absences (4.5%) compared to the
medium utilisation (5.2%) and low utilisation (6.0%) groups. The total contribution towards
unplanned absences is considerably higher for the high absence utilisation group

(10,140.9 payroll days or 33.9% of total absence duration) compared to the medium
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utilisation group (12,054.8 payroll days or 40.2% of total absence duration) and the low
utilisation group (7,761.65 payroll days or 25.9% of total absence duration).

The following table is an illustration of the total absence duration according to the absence
type distribution and subdivision of individuals into groups that are based on the
individuals’ average absence duration during the span of the investigation normalized to

indicate the results per one individual.

Table 4-5: Normalized total absence duration according to the absence type and absence
utilisation group (payroll days/individual)

Total absence duration during investigation period per individual
(payroll days/individual)
. , - : Individuals
Total Indmduz;t]ls with | Individual with il e (e
population dmor/et an r7| . é}rto 7 A 4
ays/6months ays/6months days/6months
Part day sick
leave 0.47 0.77 0.57 0.32
Sick with note 10.15 24.75 12.93 4.43
Sick no note 0.98 1.72 1.29 0.59
Family care leave 2.00 3.24 2.69 1.24
Unpaid leave 0.28 1.17 0.20 0.08
Compassion
leave 0.75 1.48 0.96 0.42
Total 14.63 33.14 18.63 7.09

Table 4-5 reflects that individuals with higher absence utilisation records higher absence
durations in all unplanned absence types. From the table above, it is clear that unplanned
absence utilisation (regardless of type) has a direct relationship with average absence
duration on an individual level. An increase in average absence duration reflects an

increase in all absence types’ utilisation per individual.
4.3.2.1.1 Discussion of absence type distribution results

The absence type distribution results indicate that the absence due to iliness (captured
as sick leave) contribute to 66.4% of absenteeism related absences. The absences due
to family-related matters contributed towards 19.8% of absence events. As stated in
chapter 2 and considering that family care leave is not currently incorporated or included
in the organisational absence management policy, highlights a deficiency in identifying

the holistic state of absenteeism within the organisation.
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The unpaid leave absences contribute to 10.6% of absences of which the majority is as
a result of short time (9.5%) absences. This is another absence type that is not catered
for the organisational policy that is also considered an indication of a high absence

behaviour.

The companionate leave contributes to 3.2% of absences seeing as this absence type is
also considered as being an unplanned absence. This absence type is considered an
involuntary absence type as defined in chapter 2 and therefore is not within the

organisation's ability to influence or improve the individuals’ absence behaviour.
4.3.2.2 Day of absence

The illustration below is the presentation of the first day of absence distribution of the
population’s absences during the period of the investigation. The population consists of
both dayshift workers working Mondays to Fridays with weekends and public holidays
being off days and shift workers that work both day and night shifts. The shift workers’

schedules result in shift changes on Mondays, Wednesdays and Fridays.

Absence day distribution
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Figure 4-11: Absence day distribution

Figure 4-11 illustrates that the first day of absence distribution of al of the absences for
the population consisted of 24.1% (n=4390) occurring on Mondays, 18.4% (n=3348)
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occurring on Wednesdays, 17.6% (n=3216) occurring on Fridays, 15.5% (n=2883)
occurring on Tuesdays, 14.4% (n=2622) occurring on Thursdays, 6.2% (n=1131)

occurring on Saturdays and 3.8% (n=390) occurring on Sundays.
4.3.2.2.1 Discussion of day of absence results

The day of absence results indicates that the three days with the highest frequency of
absences are related to the shift change over days and are Mondays, Wednesdays and
Fridays. Mondays recorded the highest frequency of absences and can be contributed
due to non-shift workers starting work on Mondays as well. These results, therefore,
indicate higher frequencies for absences on the first day back after the scheduled off days

and support previous findings discussed in the literature review in chapter two.
4.3.2.3 Month of absence

The illustration below is the presentation of the month of absence distribution of the
population’s absences during the period of the investigation. Due to the COVID-19
pandemic, the investigation period excluded the duration of the lockdown resulting data
from 27 March until 30 June 2020 was excluded. This was done to remove the effects of

the COVID-19 pandemic from the data analysis.

Table 4-6: Month of absence distribution

Month of absence Frequency Percentage
January 1735 9.5%
February 1573 8.6%
March 1510 8.3%
April* 827 4.5%
May* 927 5.1%
June* 816 4.5%
July 1851 10.2%
August 1806 9.9%
September 1789 9.8%
October 2029 11.1%
November 1878 10.3%
December 1489 8.2%
Total 18230 100.0%
Note: * -Indication of months with only one year’s data

The results were normalized to make an informed interpretation by averaging the
absences and presenting the results in monthly averages. The illustration below is the
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indication of the normalized results relating to the month within which the first day of
absence occurs. Should an absence’s period be from the last day of a month and
continues into the following month the absence is captured to have started in the prior

month.

Month of absence events distribution
(normalized)
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Figure 4-12: Month of absence distribution (normalized)

Figure 4-12 illustrates that the month of absence distribution of al of the absences for the
population consisted of 9.8% occurring in October, 9.0% occurring in November, 8.9%
occurring in May and July, 8.7% occurring in August, 8.6% occurring September, 8.3%
occurring in January, 8.0% occurring in April, 7.6% occurring in February, 7.3% occurring

in March and 7.2% in December.

Based on a finding of Ticharwa et al. (2019) stated in chapter two that found that absence
behaviour follows a seasonal trend with the highest absence hours being recorded during
the winter months, the month of absence based on absence hours were included into the
investigation. The illustration below is a presentation of absence hours based on the
month of the year, and due to the implementation of the lockdown the absence hours

were normalized by averaging the hours.
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Seasonality of absence hours (normalised)
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Figure 4-13: Seasonality of absence behaviour

Figure 4-13 illustrates that the absence hours in May, June and July represent three of
the four highest absence hours month while December, January, February and March

contain three of the four lowest absence hours months.
4.3.2.3.1 Discussion of month of absence results

The month of absence results indicates slightly higher absence events in October and
November and the lowest number of absence events in December. The difference in the
monthly absence events are small and therefore, not considered as a significant finding.
It was expected to see a seasonal trend for absence behaviour as stated in the literature
review in chapter two. However, there is no such definitive evidence being illustrated in

the absence of events results.

The month of absence hours, however, does illustrate seasonality with the dataset
capturing a higher amount of absence hours during the winter months and lowers the

number of absence hours during the summer months.

The explanation to the reasoning behind why the absence events don’t follow seasonality,
but the total hours do is attributed to the difference in the absence duration. Even though
there are fewer absence events during the winter months, the total duration of the
absences exceeds that being recorded during summer months and could be attributed to
longer recuperation times required in the winter months.
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4.3.2.4 Absence duration

The illustration below is the presentation of the absence duration distribution of the

population’s absences during the period of the study reported in payroll days per absence.

Absence duration distribution
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Figure 4-14: Absence duration distribution (payroll days/absence)

Figure 4-13 illustrates that the absence duration per absence distribution of al of the
absences for the population consisted of 33.1% (n=6054) ranging between 0.76 - 1.00
payroll days, 18.8% (n=3423) ranging between 1.01 - 2.00 payroll days, 15.5% (n=2823)
less than 0.25 payroll days, 12.6% (n=2305) ranging between 2.01 - 3.00 payroll days,
7.7% (n=1404) ranging between 0.26 - 0.50 payroll days, 3.9% (n=715) ranging between
0.51 — 0.75 payroll days, 3.7% (n=668) ranging between 3.01 - 4.00 payroll days, 2.6%
(n=482) ranging between 4.01 - 5.00 payroll days and 2.0% (n=356) more than 5.01

payroll days per absence.

To gauge the magnitude of the absences of the different duration categories, the actual
absence duration for each category was summated and presented in table 4-7 below:
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Table 4-7: Summated absence duration per category

Payroll day/absence | Sum of absences Percentage
Category (payroll days)

<=0.25 281.6 1.0%
<=0.5 528.5 1.8%
<=0.75 441.0 1.5%
<=1 6008.3 20.6%
<=2 6008.3 20.6%
<=3 6915.0 23.7%
<=4 2672.0 9.2%
<=5 2386.5 8.2%
5.01+ 3925.0 13.5%
Total 29166.2 100.0%

Based on the data above the absence category that contributed to the highest total
absence duration was the absence duration ranging from 2.01 — 3.00 payroll days with
23.7% (6915.0 payroll days) of the total duration, followed by both absences ranging from
0.76 — 1.00 and 1.01 — 2.00 payroll days with 20.6% (6008.3 payroll days) of the total
duration in each category and then absence durations more than 5.01 payroll days with

13.5% (3925.0 payroll days) of the total absence durations.
4.3.2.4.1 Discussion of absence duration results

According to the literature review in chapter two, there exists an inverse relationship
between absenteeism and age of the individual. Table 4-8 is an illustration of the events
relating to absence duration per age group. The age group less than 24 years have a
higher percentage absences less than 0.25 payroll days per absence (31% of absence
events) while the age groups aged more than 60 years have a low percentage of
absences less than 0.25 payroll days per absence (11% and 7%). On the other hand, the
age group less than 24 years have a lower percentage absences more than 3.00 payroll
days per absence (4% of absence events) while the age groups aged more than 60 years
have a higher percentage of absences more than 3.00 payroll days per absence (12%
and 15%).
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Table 4-8:Absence duration events per age group

Payroll <=24 25-29 30-34 35-39 40 - 44
day/
absence n % n % n % n % n %
<=0.25 45 | 31% | 201 | 17% | 716 | 19% | 596 | 14% | 377 | 15%
<=0.5 13 9% 83 7% | 193 | 5% | 328 | 8% | 215 | 8%
<=0.75 5 3% 38 3% 139 | 4% | 171 | 4% | 104 | 4%
<=1 38 | 26% | 435 | 36% | 1305 | 34% | 1499 | 36% | 800 | 32%
<=2 30 | 20% | 240 | 20% | 768 | 20% | 774 | 19% | 518 | 20%
<=3 11 7% | 130 | 11% | 473 | 12% | 537 | 13% | 329 | 13%
<=4 1 1% 40 3% 131 | 3% | 122 | 3% 88 3%
<=5 4 3% 23 2% 74 2% 69 2% 69 3%
5.01+ 0 0% 6 1% 46 1% 51 1% 39 2%
Total 147 | 100% | 1196 | 100% | 3845 | 100% | 4147 | 100% | 2539 | 100%
45 - 49 50-54 55-59 60 - 64 65+
n % n % n % n % n %
<=0.25 234 | 13% | 273 | 15% | 207 | 14% | 74 | 11% 4 7%
<=0.5 167 | 9% | 179 | 10% | 133 | 9% 41 6% 4 7%
<=0.75 75 4% 69 4% 52 4% 33 5% 1 2%
<=1 525 | 30% | 593 | 32% | 440 | 31% | 209 | 32% | 26 | 43%
<=2 335 | 19% | 306 | 17% | 234 | 16% | 119 | 18% 8 13%
<=3 242 | 14% | 228 | 12% | 171 | 12% | 98 15% 8 13%
<=4 88 5% 78 4% 72 5% 27 4% 3 5%
<=5 64 4% 59 3% 66 5% 25 4% 3 5%
5.01+ 34 2% 50 3% 54 4% 27 4% 3 5%
Total 1764 | 100% | 1835 | 100% | 1429 | 100% | 653 | 100% | 60 [ 100%

To demonstrate the trend of absence duration in comparison to the age distribution of the

individuals, the table below is presented. Table 4-9 clearly illustrates, by considering the

cumulative absence duration of equal and less than two payroll days, that the cumulative

percentage is inverted with the age distribution. As the group increase in age, the

cumulative percentage decrease. This is an indication that younger employees have

shorter absences compared to older employees who then by definition by the inverted

relationship have longer absences.
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Table 4-9: Demonstration of absence duration based on age and cumulative absence
percentage

Age group distribution
Absence g€ g P

duration <=4 25- | 30- | 35- | 40- | 45- | 50- | 55- | 60 -
- 29 34 39 44 49 54 59 64

<=0.25 | 31% | 17% | 19% | 14% | 15% | 13% | 15% | 14% | 11% | 7%

65+

<=0.5 | 39% | 24% | 24% | 22% | 23% | 23% | 25% | 24% | 18% | 13%

<=0.75 | 43% | 27% | 27% | 26% | 27% | 27% | 28% | 27% | 23% | 15%

<=1 69% | 63% | 61% | 63% | 59% | 57% | 61% [ 58% | 55% | 58%

<=2 89% | 83% | 81% | 81% | 79% | 76% | 77% | 75% | 73% | 72%

<=3 97% | 94% | 93% | 94% | 92% | 89% | 90% | 87% | 88% | 85%

<=4 97% | 98% | 97% | 97% | 96% | 94% | 94% | 92% | 92% | 90%

<=5 100% | 99% [ 99% | 99% | 98% [ 98% | 97% | 96% [ 96% | 95%

5.01+ 100% | 100% | 100% | 100% | 100% | 100% [ 100% | 100% | 100% | 100%

4.3.2.5 Descriptive statistics summary of absence data

The descriptive statistics on the absence events level is illustrated in the table below.
Table 4-10 indicates that the mean duration for the absence events is 18.93 hours per
absence or 1.64 payroll days per event depending on the capturing method utilised.
Considering that the majority of the population is shift workers and a payroll day equates
to 12 hours for shift workers, the two methods are closely correlated seeing as the
maximum expected hours for 1.64 payroll days equals 19.68 hours. The standard
deviations for the absence duration per event are reported as 31.91 hours per event and
1.93 payroll days per event. Following the same approach, as stated above the maximum
expected hours for 1.93 payroll days are equal to 23.16 hours. This illustrates a much
higher deviation from the mean comparison. From the standard deviations and mean
values stated in the descriptive statistics, it can be concluded that the majority of
absences’ durations is less than 3.57 payroll days per absence, pointing to short-term

absenteeism.
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Table 4-10: Descriptive statistics summary (absence level)

N Minimum | Maximum | Mean S.td'.
Deviation
Absence duration 18230 0 1188 18.93 | 31.01
(hours/absence)
Absence duration (payroll 18230 0 31 164 103
days/absence) ' '

4.4 INDEPENDENT T-TEST AND ANOVA'’S

The independent t-test is utilised to compare two independent groups’ mean values to
establish whether there exist significant statistical differences between the two groups
(Kent State University Libraries, 2020). The independent t-test can only be utilised to
compare two groups’ mean values, and should there be a need to compare more groups
an alternative approach needs to be used. An alternative to the independent t-test is to
run an ANOVA test that can compare two or more groups’ mean values. The ANOVA test
is an analysis of variance test and should yield the same results as the independent t-test

when comparing two groups’ mean values.

The effect sizes that were utilised in the interpretation of results to illustrate significant

differences in the mean values used the following guidelines:

e =0.2is an indication of a small or practically insignificant difference
e =0.5is anindication of a medium or practically visible difference

e =0.8is an indication of a large or practically significant difference

P-values are also reported in the results for the sake of completeness but will not be

interpreted due to a census sample being utilised instead of a random sample technique.
4.4.1 Independent t-test - Gender comparison

The table below is the illustration of the results of the independent t-tests that were

conducted for the gender groups (male vs female).
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Table 4-11: Independent t-tests for gender

Std. p- Effect
Gender N Mean | Deviation | values size
Frequency rate Male 1727 2.543 2.005
(absences/6 months) | Female 219 2.926 2.063 0.010 0.186
Absence duration Male 1727 47.957 41.443
(hrs/6 months) Female | 219 | 50.070 | 34076 | 400 | 0051
Absence duration
Male 1727 4.166 2.980
(payroll days/6 0.074 0.126
months) Female 219 4.542 2.918

Table 4-11 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the males and females concerning the
frequency rate and absence duration (both hrs/six months and payroll days/six months)

with all effect sizes being smaller than 0.2.
4.4.1.1 Discussion of independent t-test - Gender comparison results

The literature review in chapter 2 indicated that absenteeism is influenced by personal
factors such as gender but based on the results of the independent t-test there exist no
statistical difference in absence behaviour (absence frequency and duration)
measurement mean values. The gender results, therefore, do not align with the findings

of the literature review.
4.4.2 Independent t-test - Employee group comparison

The table below is the illustration of the results of the independent t-tests that were

conducted for the employee groups (SP vs MSP).

Table 4-12 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the SP and MSP groups concerning the
frequency rate and absence duration (payroll days/six months) and a medium or

practically visible difference with regards to absence duration (hours/six months)

Based on the reported effect sizes there exist a medium or practically visible difference
(d=0.405) between the SP and MSP groups concerning the absence duration (hours/six
months). The SP group (mean=34.634, SD=42.934) had a lower absence duration (hours
per six months) than the MSP group (mean=34.634, SD=42.934).
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Table 4-12: Independent t-tests for employee group

Employee Std. p- Effect
group N Mean Deviation | values size

Frequency rate SP 453 2.016 1.726
(absences/6 0.001 0.329
months) MSP 1595 2.693 2.054
Absence duration SP 453 34.634 42.934
(hrs/6 months) MSP__ | 1595 | 52008 | 41544 | 0001 | 0405
Absence duration SP 453 | 3.610 3.476
(payroll days/6 0.001 0.210
months) MSP 1595 4.341 2.896

4.4.2.1 Discussion of independent t-test - Employee group comparison results

The employee group comparison results indicated a medium or visible difference in terms
of absence duration (hours/six months). This difference could be attributed to the
difference in working hour arrangements (8.5 hours per day for the majority of the SP
group compared to 12 hours per shift for the majority of the MSP group), but the causality
cannot be confirmed or denied by the implemented study method. The employee group
can be classified as an organisational factor and must be considered in the

recommendations.
4.4.3 ANOVA - Age comparison

The table below is the illustration of the results of the ANOVA test that was conducted for
the employee age distribution and absence frequency rate (absences/six months) on an
individual level. Table 4-13 reflects that based on the effect sizes, there are only small or
practically insignificant differences in the mean values of the absence frequency

(absences/six months) compared to the age distribution.
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Table 4-13: ANOVA test for employee age and absence frequency rate

Effect size (age)

()
) % g o Z_ <= <= <= <= <= <= <=
| % | 2| 8 ||| 29|34 30|44 49 54]59
S O % with | with | with | with | with | with | with
= pd
) Z 3
<=29 | 155 | 2476 | 2.142
<=34| 364 |3.018 | 2.224 0.24
<=39 | 415 | 2.855 | 1.997 0.18 | 0.07

<=44 | 280 | 2.591 | 2.157 0.05|0.19 | 0.12

<=49 | 228 | 2.211 | 1.840 0.12 | 0.36 | 0.32 | 0.18

<0.0001
<0.0001

<=54 | 216 | 2.427 | 2.006 0.02 | 0.27 1 0.21 | 0.08 | 0.11

<=59 | 190 | 2.149 | 1.498 0.15/0.39 | 0.35 ] 0.20 | 0.03 | 0.14

60+ 98 |2.079 | 1.387 0.1910.42 |1 0.39|0.24 | 0.07 | 0.17 | 0.05

Frequency rate
(absences/6 months)

Total | 1946 | 2.586 | 2.015

The table below is the illustration of the results of the ANOVA test that was conducted for
the employee age distribution and absence duration (hrs/ six months) on an individual
level. Table 4-14 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the absence duration (hours/six months)

compared to the age distribution.

Table 4-14: ANOVA test for employee age and absence duration (hrs/ six months) on an
individual level

g © Effect size (age)
s| S|
() = 0 9= ' T | <= <= <= <= <= <= <=
o = o S w© o
< S |0z ||| 29| 34|39 | 44 ) 49 | 54 | 59
15 % with | with | with | with | with | with | with
Z | =2
<
<=29 | 155 |39.52 | 30.03
c <=34 | 364 |53.22 | 36.03 0.38
o
5 £ | <=39 | 415 | 48.05 | 36.55 0.23 | 0.14
S S | <=44 | 280 | 4853 | 4736 | | g | 0.19 | 0.10 | 0.01
©
o E | <=49 | 228 |40.79 | 35.96 | S § 0.04 | 0.34 | 0.20 | 0.16
(&) o
c 3 | <=54 | 216 | 49.35 | 44.34 V 022009003002 |0.19
2 E | <=59| 190 |50.87 | 50.15 0.23 | 0.05 | 0.06 | 0.05 | 0.20 | 0.03
< 60+ | 98 |52.38 | 4555 0.28 | 0.02 | 0.10 | 0.08 | 0.25 | 0.07 | 0.03
Total | 1946 | 48.19 | 40.68
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The table below is the illustration of the results of the ANOVA test that was conducted for
the employee age distribution and absence duration (payroll days/ six months) on an

individual level.

Table 4-15:ANOVA test for employee age and absence duration (payroll days/ six
months) on an individual level

c Sl o Effect size (age)
o — 5
= S =
) % S Z_ > <= <= <= <= <= <= <=
2| 2 | | 8 || 2|29 |34 |39 | 44| 49 | 54| 59
s o) o . . . . . . .
. C>D ©o | with | with | with | with | with | with | with
e 9]
= pd
n | |3
<=29 | 155 | 3.45 | 2.32
<=34 | 364 | 4.61 | 2.69 0.43
<=39 | 415 | 433 | 2.84 0.31 | 0.10

<=44 | 280 | 4.15 | 3.13
<=49 | 228 | 3.80 | 3.00 0.12 | 0.27 | 0.18 | 0.11
<=54 | 216 | 4.35 | 3.40 0.26 | 0.08 | 0.01 | 0.06 | 0.16
<=59 | 190 | 4.13 | 3.23 0.21 | 0.15 | 0.06 | 0.00 | 0.10 | 0.06

60+ 98 | 438 | 3.19 0.29 | 0.07 | 0.02 | 0.07 | 0.18 | 0.01 | 0.08
Total | 1946 | 4.21 | 2.97

0.22 | 0.15 | 0.06

0.002
<0.0001

Absence duration
(payroll days/6 months)

Table 4-15 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the absence duration (payroll days/six

months) compared to the age distribution.
4.4.3.1 Discussion of ANOVA - Age comparison results

As stated in the literature review in chapter 2 it was expected to find evidence of statistical
differences in absenteeism measurements based on the age of the individuals included
in the study seeing that there exist trends in absenteeism based on age in another study.
The results of the ANOVA test found only small or practically insignificant differences in
the mean values of the absence frequency and duration based on the different age

groups.
4.4.4 ANOVA - Service years comparison

The table below is the illustration of the results of the ANOVA test that was conducted for
the service years distribution and absence frequency rate (absences/six months) on an

individual level.
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Table 4-16:ANOVA test for employee service years and absence frequency rate

< e o Effect size (service years)
° < | =
) = > | ©
on c ) 1 > _ _ _ <= <= <=
28 2 | S| 3 || 2|S2|s0 09 1g | 10 | 24
& > = - 13lzs With | with | WIth | n | with | with
= Z
n Z |3
<=2 161 1.949 | 1.822
<=6 267 | 3.104 | 2.379 0.49
<=9 257 | 3.140 | 2.054 0.58 | 0.01

<=14 | 497 | 2.726 | 2.078 0.37 | 0.16 | 0.20
<=19 | 238 | 2.577 | 1.844 0.34 | 0.22 | 0.27 | 0.07
<=24 | 166 | 2.258 | 1.612 0.17 | 0.36 | 0.43 | 0.23 | 0.17

25+ | 360 | 2.056 | 1.714 0.06 | 0.44 | 0.53 | 0.32 | 0.28 | 0.12
Total | 1946 | 2.586 | 2.015

<0.0001
<0.0001

Frequency rate
(absences/6 months)

Table 4-16 reflects that based on the effect sizes there are mostly small or practically
insignificant differences and three medium or practically visible differences in the mean
values of the absence frequency rate (absences/six months) compared to the service

years groups.

Based on the reported effect size there exist medium or practically visible differences
(d=0.49 and d=0.58) between the groups with service years of equal or less than two
years’ service and the groups with more than two years’ service but less than or equal to
nine years’ service when considering absence frequency rate. The less or equal to two
service years’ group (mean=1.949, SD=1.822) had a lower absence frequency rate than
the two to six service years’ group (mean=3.104, SD=2.379) and the six to nine years’

service group (mean=3.140, SD=2.054).

Based on the reported effect size there exist a medium or practically visible differences
(d=0.53) between the six to nine service years group and the 25+ service years group
when considering absence frequency rate. The six to nine service years group
(mean=3.140, SD=2.054) had a higher absence frequency rate than the 25+ service
years group (mean=2.056, SD=1.714).

The table below is the illustration of the results of the ANOVA test that was conducted for
the service years distribution and absence duration (hours per six months) on an

individual level.

69



Table 4-17: ANOVA test for service years and absence duration (hrs/ six months) on an
individual level

» < g o Effect size (service years)
It = T | T
) T > | @ _ _ —
> c ) 1 > _ _ _ <= <= <=
8 2 | & | & || 2w |with|win | 18| 10| 28
S = > |5 with | with | with
o e O | o

= Z
) ) Z| 3
<=2 161 | 35.28 | 38.42
<=6 267 | 50.66 | 34.71 0.40
<=9 257 | 54.09 | 33.70 0.49 | 0.10

<=14 | 497 | 49.95 | 41.37 0.35 | 0.02 | 0.10
<=19 | 238 | 44.96 | 32.33 0.25 | 0.16 | 0.27 | 0.12
<=24 | 166 | 50.76 | 56.01 0.28 | 0.00 | 0.06 | 0.01 | 0.10

25+ 360 | 46.47 | 44.58 0.25 | 0.09 | 0.17 | 0.08 | 0.03 | 0.08
Total | 1946 | 48.19 | 40.68

<0.0001
<0.0001

Absence duration
(hrs/6 months)

Table 4-17 reflects that based on the effect sizes there are mostly small or practically
insignificant differences and one medium or practically visible difference in the mean
values of the absence duration (hours/six months) compared to the service years groups.

Based on the reported effect size there exist a medium or practically visible differences
(d=0.49) between the of equal or less than two years’ service group and the six to nine
years’ service group when considering absence duration (hours/ six months). The equal
or less than two years’ service group (mean=35.28, SD=38.42) had a lower absence

duration than the six to nine years’ service group (mean=54.09, SD=33.70).

The table below is the illustration of the results of the ANOVA test that was conducted for
the service years distribution and absence duration (payroll days per six months) on an

individual level.

Table 4-18 reflects that based on the effect sizes there are mostly small or practically
insignificant differences and two medium or practically visible differences in the mean
values of the absence duration (payroll days/six months) compared to the service years
groups. Based on the reported effect size there exist medium or practically visible
differences (d=0.54 and d=0.66) between the groups with service years of equal or less
than two years’ service and the groups with more than two years’ service but less than or
equal to nine years’ service when considering absence duration (payroll days/six months).

The less or equal to two service years’ group (mean=3.012, SD=2.515) had a lower
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absence duration than the two to six service years’ group (mean=4.596, SD=2.914) and

the six to nine years’ service group (mean=4.725, SD=2.592).

Table 4-18:ANOVA test for service years and absence duration (payroll days/ six months)
on an individual level

Effect size (service years)

5 |23
8w c © z ? <= <= <=
58| =z | § 3 | S 252 =629 gy | 19 | 24
3 > = @) = G with | with | with with | with | with
e O | o
h | Z]|2
@ | <=2 | 161 | 3.012 | 25515
§E | <=6 | 267 | 4.596 | 2.914 0.54
@ E | <=9 | 257 | 4725|2592 | | _ | 066 0.04
%% <=14 | 497 | 4314 | 2966 | S | 8 | 044 | 0.10 | 0.14
8| <=19| 238 | 4.255[2900 | 3 | S | 043012 016 0.02
g = [<=24 | 166 | 4062 | 2833 | | ¥ [ 037 | 0.8 | 0.23 | 0.08 | 0.07
2 % 25+ | 360 | 3.977 | 3.407 0.28 | 0.18 | 0.22 | 0.10 | 0.08 | 0.03
& | Total | 1946 | 4.208 | 2.974

4.4.4.1 Discussion of ANOVA — Service years comparison results

The results of the service years comparison indicated that almost all of the visible
differences involved the group with less or equal to two years’ service. In all instances,
the differences indicated that the less or equal to two years’ service group had lower/the
lowest absenteeism measurement results based on both absence frequency and
duration. The literature review in chapter two indicated a social phycological approach to
absenteeism being presented as a result of a social norm of acceptable absence
behaviour within the organisation. The result presented above could be an indication of
the presence of a social norm as a cause of high absence behaviour within the
organisation, but due to the limitations of this study method (only being able to confirm
the relationship and not causality), the cause would need to be confirmed through a

qualitative study method.
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4.45 ANOVA - Division comparison

The table below is the illustration of the results of the ANOVA test that was conducted for

the divisional distribution and absence frequency rate (absence/six months) on an

individual level.

Table 4-19: ANOVA test for divisional distribution and absence frequency rate
(absences/six months) on an individual level

- = Effect size
S c S| $5| 55
2 z o g g ©) S | © O | Operations | Operations
8 = 3| 24|34 Awith.. | Bwith..
— | Operations
[72]
ol W&S 478 | 2.80 | 2.37
S 5 :
S E | Operations | gey | 554 | 109 | N 0.11
O © G/L o o
3 g Operations = S
3 & | YPera 709 | 237 | 1.72 © © 0.18 0.09
o5 Mid
L N
3| Total |2048| 254 | 2.01

Table 4-19 reflects that based on the effect sizes there are only small or practically

insignificant differences in the mean values of the absence frequency rates (absences/six

months) compared to the divisional distribution seeing as all effect sizes reporting low

values.

The table below is the illustration of the results of the ANOVA test that was conducted for

the divisional distribution and absence duration (hours/six months) on an individual level.
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Table 4-20:ANOVA test for divisional distribution and absence duration (hours/six
months) on an individual level

C - Effect size
S s | g2 | 22|55 | .
2 z o &S % S | © % | Operations | Operations
5 = 3| %3 | 34| Awith.. B with....
5 Oper;‘“o”s 478 | 2.80 | 2.37
=&
35 Operg“ons 861 | 254 | 1.99 | 9@ N 0.10
© o o
O © . o o
g | Operalions | 769 | 237 | 172 0.04 0.12
as< c
< Total 2048 | 2.54 | 2.01

Table 4-20 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the absence duration (hours/six months)

compared to the divisional distribution seeing as all effect sizes reporting low values.

The table below is the illustration of the results of the ANOVA test that was conducted for
the divisional distribution and absence duration (payroll days/six months) on an individual

level.

Table 4-21: ANOVA test for divisional distribution and absence duration (payroll days/six
months) on an individual level

c Effect size
S s | 52| S5 63
2 z 3] o ‘g CZD S | © & | Operations | Operations
5 = 3| %4 | =4 | waSwith.... | GiLwith....
7 | Operatons | 478 | 280 | 237
C =
o €
= 9 i
EE Operaions | ge1 | 254 | 1.99 0.11
© - N~
8 % Operations S ?;_
% S C 709 2.37 1.72 o o 0.00 0.10
25
QO =
<&| Tota |2048| 254 | 201

Table 4-21 reflects that based on the effect sizes there are only small or practically
insignificant differences in the mean values of the absence duration (payroll days/six
months) compared to the divisional distribution seeing as all effect sizes reporting low

values.
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4.4.5.1 Discussion of ANOVA — Division comparison results

Based on the ANOVA results above there is no evidence of statistical differences between
the mean values of the different absenteeism measurements and therefore it is concluded
that the organisational factor as a result of different operational areas and management
teams does not indicate any difference in absence behaviour of the individuals within the

population.
4.4.6 ANOVA - Role category comparison

The table below is the illustration of the results of the ANOVA test that was conducted for
the role category distribution and absence frequency rate (absences/six months) on an
individual level. The role category of leadership and specialisation is reported under the

category of other.

Table 4-22:ANOVA test for role category distribution and absence frequency rate
(absences/six months) on an individual level

Effect size
o
o : S =
E\ c S (D) o g = '.C_G' E
S, 2 |S|3| £ |s|8 |5 | &
o S S | &|z2| 2| % |€ £ 3
@© z 0 O S = ) ®
(&) s Q < - 9 < o c = L c
® >|o| = S | oLl 2| o
= ol O| o o 5 3| E3 =
o et Z o o 0 ©
o o | z|3 £ o | 38 o o
2058 |8 | &
S g le | °
o
| Optimisation 71 | 1.50 | 0.95
» 2 | Execution 35 | 220 | 1.81 0.38
—= C
T © Process
35 Optimisation 277 | 1.88 | 1.61 == 0.23 | 0.17
© S| ©
g2 Process = | 1376 | 275 | 2.08 | 2 | 2 | 0.60 | 0.27 | 0.42
S O Implementation SRy
fo Q Operations 268 | 2.56 | 1.99 0.53 | 0.18 | 0.34 | 0.09
< Other 21 1139 | 1.03 0.11 | 0.45 | 0.31 | 0.66 | 0.59
Total 2048 | 2.54 | 2.01

Table 4-22 reflects that based on the effect sizes there are mostly small or practically
insignificant differences and a few medium or practically visible differences in the mean
values of the absence frequency (absences/six months) compared to the role category
distribution. Based on the reported effect size there exist medium or practically visible

differences (d=0.60 and d=0.53) between the optimisation group and the process
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implementation and operations groups considering absence frequency rate (absences/six
months). The optimisation group (mean=1.50, SD=0.95) had a lower absence frequency
than the process implementation (mean=2.75, SD=2.08) and operations group
(mean=2.56, SD=1.99).

Based on the reported effect size there also exist medium or practically visible differences
(d=0.66 and d=0.59) between the other group (leadership and specialisation) and the
process implementation and operations groups considering absence frequency rate
(absences/six months). The other group (mean=1.39, SD=1.03) had a lower absence
frequency than the process implementation (mean=2.75, SD=2.08) and operations group
(mean=2.56, SD=1.99).

The table below is the illustration of the results of the ANOVA test that was conducted for
the role category distribution and absence duration (hours/six months) on an individual
level. The role category of leadership and specialisation is reported under the category of
other.

Table 4-23: ANOVA test for role category distribution and absence duration (hours/six
months) on an individual level

Effect size
; 5 :
() . D = H
2 S S : = = :
S S |S|3| 8| g |8 5| £
o c s | >] 3 = wel S
= (15 > o o [ — n .9
S | 2| & |<|=| 8| 5 |8|8%| £
() . > | o © = (@) '§ o€ o
S T Q|3 2| 3 |e®|ae| &
x » | £| 3| E o | & E o
= X o 2 o
o L ° o (@]
o = £
Optimisation 71 |19.47 | 18.23
5 Execution 35 [31.71)40.71 0.30
= 2 Process
RS s
g 2 Optimisation 277 | 39.88 | 50.39 § é. 0.40 | 0.16
g E| Process 406 5107|3088 2| 2 0.48 | 0.22
= Implementation vV | ¥
@ g Operations 268 | 54.07 | 47.08 0.47 | 0.28 | 0.06
< Other 21 |16.16 | 12.16 0.18 | 0.38 | 0.47
Total 2048 | 48.17 | 42.46

Table 4-23 reflects that based on the effect sizes there are mostly small or practically
insignificant differences, three medium or practically visible differences and four large or
practically significant differences in the mean values of the absence duration (hours/six
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months) compared to the role category distribution. Based on the reported effect size
there exist large or practically significant differences (d=0.79 and d=0.73) between the
optimisation group and the process implementation and operations groups considering
absence duration (hours/six months). The optimisation group (mean=19.47, SD=18.23)
had a lower absence duration (hours/six months) than the process implementation
(mean=51.07, SD=39.88) and operations group (mean=54.07, SD=47.08).

Additionally, there also exist medium or practically visible differences (d=0.48 and d=0.47)
between the execution group and the process implementation and operations groups
considering absence duration (hours/six months). The execution group (mean=31.71,
SD=40.71) had a lower absence duration (hours/six months) than the process
implementation (mean=51.07, SD=39.88) and operations group (mean=54.07,
SD=47.08).

Lastly, there a exist medium or practically visible difference (d=0.47) and large or
practically significant differences (d=0.88 and d=0.81) between the other (leadership and
specialisation) group and the process optimisation, process implementation and
operations groups considering absence duration (hours/six months). The other group
(mean=16.16, SD=12.16) had a lower absence duration (hours/six months) than the
process optimisation (mean=39.88, SD=50.39), process implementation (mean=51.07,
SD=39.88) and operations group (mean=54.07, SD=47.08).

The table below is the illustration of the results of the ANOVA test that was conducted for
the role category distribution and absence duration (payroll days/six months) on an
individual level. The role category of leadership and specialisation is reported under the

category of other.
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Table 4-24: ANOVA test for role category distribution and absence duration (payroll/six
months) on an individual level

Effect size
=
o : 5 °
E\ [ S [¢D) . . ‘= "('6 E
3 s |S|s| €| 5|8 |5 |&
I pd 3 > = a c = ) ®
o = | o |S$|s| 2|5 8|8 5
[} = - = =
> T Q|3 ® 5 |a 3| E3| &
= ?1=|Z| E| 88 |5 | g
2 L § 8 (@)
o o Dg_
% | Optimisation 71 | 229 | 2.17
c 2 Execution 35 | 359 | 371 0.35
= O
g E Process 277 | 375 | 350 | _, | o | 0.42 | 0.04
S5 © Optimisation S| 8
T 5 o o
g = Process | 1376 | 436 | 291 | 2 | 2 0.21 | 0.17
e & | Implementation |9
§% Operations 268 | 4.46 | 3.17 0.68 | 0.24 | 0.20 | 0.03
<> Other 21 | 2.00 | 1.58 0.13 | 0.43 | 0.50
= Total 2048 | 4.18 | 3.05

Table 4-24 reflects that based on the effect sizes there are mostly small or practically
insignificant differences, two medium or practically visible differences and three large or
practically significant differences in the mean values of the absence duration (payroll
days/six months) compared to the role category distribution. Based on the reported effect
size there exist a large or practically significant difference (d=0.71) and a medium or
practically visible difference (d=0.68) between the optimisation group and the process
implementation and operations groups considering absence duration (payroll days/six
months). The optimisation group (mean=2.29, SD=2.17) had a lower absence duration
(payroll days/six months) than the process implementation (mean=4.36, SD=2.91) and

operations group (mean=4.46, SD=3.17).

Additionally, there also exist a medium or practically visible difference (d=0.50) and large
or practically significant differences (d=0.81 and d=0.78) between the other (leadership
and specialisation) group and the process optimisation, process implementation and
operations groups considering absence duration (payroll days/six months). The other
group (mean=2.00, SD=1.58) had a lower absence duration (payroll days/six months)
than the process optimisation (mean=3.75, SD=3.50), process implementation
(mean=4.36, SD=2.91) and operations group (mean=4.46, SD=3.17).
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4.4.6.1 Discussion of ANOVA — Role category comparison results

The results from the role category comparison provided statistical evidence of differences
in absence behaviour based on role category. The two role categories with the lowest
absence behaviour (lowest absence frequency and duration) happen to be the groups
with the highest organisational responsibility (other — leadership and specialisation and
optimisation) while the role categories with the highest absence behaviour were identified
to be the role categories with the lowest organisational responsibility. Based on the
results, it is clear that there exists an inverse relationship between absence behaviour
(both absence frequency and duration) and organisational responsibility based on role

categories.
4.5 MIXED MODEL ANALYSIS

A mixed model analysis is a statistical tool that contains both fixed (for example, gender
and age) and random effects. For the data with more than one incident per person, mixed
models have been used due to the dependency (on the person) within the data. The
person dependency had been taken into account by adding that as a random effect into
the models, the estimated mean values for the different dependent variables had then
been calculated to determine whether or not there are any differences between the mean

values of the different dependent variables.

The reported p-values are indications of the statistically significant effect of the variable
with a guideline for the p-value of less than 0.05, indicating statistical significance. The p-
values will be reported for the sake of completeness, but due to the use of the census
sample (not a random sample), the p-values will not be interpreted. Covariance parameter
was estimated as an indication of the variance within the data. The interpretation of the
effect sizes will follow the same approach that was stated previously and utilised in the
independent t-test and ANOVA tests as an indication of difference.

The two dependent variables that were investigated were absence duration in term of

hours and payroll days.

78



4.5.1 Mixed model analysis — Gender

A p-value of 0.147 was reported for the mixed model and used to tests for differences
between genders in terms of absence duration (hours) with gender as the fixed effect and
absence duration as dependent variables. The covariance parameters estimated for
residual was 747.37, and the standard error was 8.79. The covariance parameter
estimate for the intercept was 316.22, and the standard error was 18.65. The table below
reports the estimated mean values calculated in the mix model analysis based on gender
and absence duration (hours) as well as the effect size.

Table 4-25: Estimated mean values resulting from the mixed model analysis
results based on gender and absence duration (hours) as well as effect size

Absence (hours)

Gender Mean Effect size
Male 21.249
0.07
Female 19.099

Table 4-25 reflects that based on the effect size there is a small or practically insignificant
difference between the mean values of the absence duration (hours) of males and

females

A p-value of 0.103 was reported for the mixed model and used to tests for differences
between genders in terms of absence duration (payroll days) with gender as the fixed
effect and absence duration as dependent variables. The covariance parameters
estimated for residual was 3.14, and the standard error was 0.04. The covariance
parameter estimate for the intercept was 0.48, and the standard error was 0.03. The table
below reports the estimated mean values calculated in the mixed model analysis based

on gender and absence duration (payroll days) as well as the effect size.
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Table 4-26: Estimated mean values resulting from the mixed model analysis
results based on gender and absence duration (payroll days) as well as effect
size

Absence (payroll day)

Gender Mean Effect size
Male 1.772
0.06
Female 1.662

Table 4-26 reflects that based on the effect size there is a small or practically insignificant
difference between the mean values of the absence duration (payroll days) of males and

females
4.5.2 Mixed model analysis — Age

A p-value of <0.0001 was reported for the mixed model. It used to test for significant
differences between age in terms of absence duration (hours) with age as the fixed effect
and absence duration as dependent variables. The covariance parameters estimated for
residual was 747.88, and the standard error was 8.81. The covariance parameter
estimate for the intercept was 307.50, and the standard error was 18.43. The table below

reports the estimated mean values resulting from the mix model analysis based on age

and absence duration (hours) as well as the effect sizes.

Table 4-27: Estimated mean values resulting from the mix model analysis based
on age and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
<=29 | __34 | <=39 | <=44 | <=49 | <=54 | =
A Mean | with | \ien | with ... | with ... | with ... | with... | W'D
<=29 17.76
<=34 19.58 | 0.06
<=39 18.80 | 0.03 | 0.02
<=a4 2150 | 011 | 0.06 | 008
<=49 19.69 | 0.06 | 000 | 003 | 006
<=54 2348 | 018 | 012 | 014 | 006 | 012
<=59 2596 | 025 | 020 | 022 | 014 | 019 | 008
60+ 2789 | 031 | 026 | 028 | 020 | 025 | 014 | 0.06

Table 4-27 reflects that based on the effect sizes there are only small or practically

insignificant differences between the mean values of the absence duration (hours) based

on the age distribution.
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A p-value of <0.0001 was reported for the mixed model. It was used to test for differences
between age in terms of absence duration (payroll days) with age as the fixed effect and
absence duration as dependent variables. The covariance parameters estimated for
residual was 3.14, and the standard error was 0.04. The covariance parameter estimate
for the intercept was 0.45, and the standard error was 0.03. The table below reports the
estimated mean values resulting from the mix model analysis based on age and absence

duration (payroll days) as well as the effect sizes.

Table 4-28: Estimated mean values resulting from the mix model analysis based
on age and absence duration (payroll days) as well as the effect sizes

Absence (payroll Effect size
days)
<=29 | __34 | <=39 | <=44 | <=49 | <=54 | <59

AE Mean | with | oo’ | with ... | with ... | with ... | with... | W
<=29 1.51

<=34 165 | 007

<=39 161 | 005 | 002

<=44 171 | 011 | 003 | 005

<=49 182 | 016 | 009 | 011 | 005

<=54 198 | 025 | 017 | 019 | 014 | 0.09

<=59 202 | 027 | 020 | 022 | 016 | 011 | 002

60+ 227 | 040 | 033 | 035 | 029 | 024 | 015 | 013

Table 4-28 reflects that based on the effect sizes, there are only small or practically
insignificant differences between the mean values of the absence duration (payroll days)

based on the age distribution.
4.5.3 Mixed model analysis — Service years

A p-value of <0.0001 was reported for the mixed model. It was used to test for differences
between service years in terms of absence duration (hours), with services years as the
fixed effect and absence duration as dependent variables. The covariance parameters
estimated for residual was 747.92, and the standard error was 8.81. The covariance
parameter estimate for the intercept was 307.21, and the standard error was 18.40. The
table below reports the estimated mean values resulting from the mix model analysis

based on service years and absence duration (hours) as well as the effect sizes.
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Table 4-29: Estimated mean values resulting from the mix model analysis based
on service years and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
Service Mean <=2 <=6 <=9 <=14 <=19 <=24
years with... | with.... | with... | with.... | with.... | with....
<=2 19.8812
<=6 18.1757 0.05
<=9 19.3665 0.02 0.04
<=14 20.2284 0.01 0.06 0.03
<=19 18.9326 0.03 0.02 0.01 0.04
<=24 26.077 0.19 0.24 0.21 0.18 0.22
25+ 25.2715 0.17 0.22 0.18 0.16 0.2 0.02

Table 4-29 reflects that based on the effect sizes, there are only small or practically
insignificant differences between the mean values of the absence duration (hours) based

on the service years distribution.

A p-value of <0.0001 was reported for the mixed model, and it was used to test for
differences between services years in terms of absence duration (payroll days) with
service years as the fixed effect and absence duration as dependent variables. The
covariance parameters estimated for residual was 3.14, and the standard error was 0.04.
The covariance parameter estimate for the intercept was 0.45, and the standard error
was 0.03. The table below reports the estimated mean values resulting from the mix
model analysis based on service years and absence duration (payroll days) as well as

the effect sizes.

Table 4-30: Estimated mean values resulting from the mix model analysis based
on service years and absence duration (payroll days) as well as the effect sizes

Absendce (payroll Effect size
ays)
Service Mean <=2 <=6 <=9 <= 14 <=19 <=24
years with... | with.... | with... | with.... | with.... | with....
<=2 19.8812
<=6 18.1757 0.03
<=9 19.3665 0.02 0.01
<=14 20.2284 0.02 0.05 0.04
<=19 18.9326 0.05 0.08 0.07 0.03
<=24 26.077 0.12 0.15 0.14 0.11 0.08
25+ 25.2715 0.23 0.26 0.25 0.21 0.18 0.1
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Table 4-30 reflects that based on the effect sizes there are only small or practically
insignificant differences between the mean values of the absence duration (payroll days)

based on the service years.
4.5.4 Mixed model analysis — Organisational division

A p-value of 0.003 was reported for the mixed model and used to test for differences
between organisational divisions in terms of absence duration (hours) with the
organisational division as the fixed effect and absence duration as dependent variables.
The covariance parameters estimated for residual was 814.31, and the standard error
was 9.38. The covariance parameter estimate for the intercept was 327.84, and the
standard error was 18.63. The table below reports the estimated mean values resulting
from the mix model analysis based on organisational division and absence duration

(hours) as well as the effect sizes.

Table 4-31: Estimated mean values resulting from the mix model analysis based
on organisational division and absence duration (hours) as well as the effect

sizes
Absence (hours) Effect size
Division Mean Operat_ions Opera_tions G/L
W&S with.... with....
Operations A 19.89
Operations B 20.31 0.01
Operations C 23.62 0.11 0.11

Table 4-31 reflects that based on the effect sizes, there are only small or practically
insignificant differences between the mean values of the absence duration (hours) based

on the organisational division.

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between organisational division in terms of absence duration (payroll days) with the
organisational division as the fixed effect and absence duration as dependent variables.
The covariance parameters estimated for residual was 3.24, and the standard error was
0.04. The covariance parameter estimate for the intercept was 0.51, and the standard
error was 0.03. The table below reports the estimated mean values calculated in the mix
model analysis based on organisational division and absence duration (payroll days) as

well as the effect sizes.
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Table 4-32: Estimated mean values resulting from the mix model analysis based
on organisational division and absence duration (payroll days) as well as the
effect sizes

Absence (payroll days) Effect size
Division Mean Operations | Operations G/L
WA&S with.... with....
Operations A 1.70
Operations B 1.71 0.01
Operations C 1.92 0.11 0.11

Table 4-32 reflects that based on the effect sizes, there are only small or practically
insignificant differences between the mean values of the absence duration (payroll days)

based on the organisational division.
4.5.5 Mixed model analysis — Employee group

A p-value of 0.204 was reported for the mixed model and used to test for differences
between employee group in terms of absence duration (hours) with employee group as
the fixed effect and absence duration as dependent variables. The covariance
parameters estimated for residual was 814.03, and the standard error was 9.37. The
covariance parameter estimate for the intercept was 331.30, and the standard error was
18.73. The table below reports the estimated mean values resulting from the mix model
analysis based on employee group and absence duration (hours) as well as the effect

size.

Table 4-33:Estimated mean values resulting from the mix model analysis based
on employee group and absence duration (hours) as well as the effect size

Absence (hours)
Employee group Mean Effect size
SP 20.17
MSP 21.65 0.04

Table 4-33 reflects that based on the effect size, there is only a small or practically
insignificant difference between the mean values of the absence duration (hours) based

on the employee group.

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between employee group in terms of absence duration (payroll days) with employee
group as the fixed effect and absence duration as dependent variables. The covariance

parameters estimated for residual was 3.24, and the standard error was 0.04. The
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covariance parameter estimate for the intercept was 0.52, and the standard error was
0.03. The table below reports the estimated mean values resulting from the mix model
analysis based on employee group and absence duration (payroll days) as well as the
effect size.

Table 4-34: Estimated mean values resulting from the mix model analysis based
on employee group and absence duration (payroll days) as well as the effect size

Absence (payroll days)
Employee group Mean Effect size
SP 1.96
MSP 1.73 0.12

Table 4-34 reflects that based on the effect size there is only a small or practically
insignificant difference between the mean values of the absence duration (payroll days)

based on the employee group distribution.
4.5.6 Mixed model analysis — Role category

A p-value of 0.003 was reported for the mixed model and used to test for differences
between role category in terms of absence duration (hours) with role category as the fixed
effect and absence duration as dependent variables. The covariance parameters
estimated for residual was 814.61, and the standard error was 9.38. The covariance
parameter estimate for the intercept was 325.83, and the standard error was 18.53. The
table below reports the estimated mean values resulting from the mix model analysis

based on role category and absence duration (hours) as well as the effect sizes.
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Table 4-35: Estimated mean values resulting from the mix model analysis based
on role category and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
(= [ g
2 5 22 .| 28 .| S
51| 24| 883|838
Role category Mean | 2 < 3< 0o2E | o0E | ®BE
EE oS o ES © ET oS
o i o = '®)
@] @) c
Optimisation 14.90
Execution 14.02 0.03
Process Optimisation 24.02 0.27 0.30
Process Implementation 21.07 0.18 0.21 0.09
Operations 23.11 0.24 0.27 0.03 0.06
Other 14.27 0.02 0.01 0.29 0.20 0.26

Table 4-35 reflects that based

on the effect sizes, there are only small or practically

insignificant differences between the mean values of the absence duration (hours) based

on the role category.

A p-value of <0.0001 was reported for the mixed model and used to test for differences

between role category in terms of absence duration (payroll days) with role category as

the fixed effect and absence duration as dependent variables. The covariance

parameters estimated for residual was 3.24, and the standard error was 0.04. The

covariance parameter estimate for the intercept was 0.50, and the standard error was

0.03. The table below reports the estimated mean values resulting from the mix model

analysis based on role category and absence duration (payroll days) as well as the effect

size.
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Table 4-36: Estimated mean values resulting from the mix model analysis based
on role category and absence duration (payroll days) as well as the effect size

Absence (payroll days) Effect size
(=
= c o
'g S %) -S n T . 2
g S| 855880 2
Role category Mean 2 £ 23S o225 | 005 E =
Ex oS o ES © ET oS
= 3 < 3 E = 2 E o 3 o S
o L o = O
@) (@) =
Optimisation 1.65
Execution 1.65 0.00
Process Optimisation 2.15 0.26 0.26
Process Implementation 1.71 0.03 0.03 0.23
Operations 1.87 0.12 0.11 0.15 0.08
Other 1.59 0.03 0.03 0.29 0.06 0.14

Table 4-36 reflects that based on the effect sizes there are only small or practically
insignificant difference between the mean values of the absence duration (hours) based

on the role category.
4.5.7 Mixed model analysis — Absence type

The absent types were grouped into smaller groups based on the characteristics of the

absence as stated earlier in the chapter.

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between absence type in terms of absence duration (hours) with absence type as the
fixed effect and absence duration as dependent variables. The covariance parameters
estimated for residual was 713.65, and the standard error was 8.28. The covariance
parameter estimate for the intercept was 286.68, and the standard error was 16.97. The
table below reports the estimated mean values resulting from the mix model analysis

based on absence type and absence duration (hours) as well as the effect sizes.
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Table 4-37: Estimated mean values resulting from the mix model analysis based
on absence type and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
= < E [}
3:| 5| ¢ g |
Cog " £ ' 3 S}
vE | 0o | 25 o 7
Absence type Mean == z 3 ©'3 © L=
5 | 02 -9 ; o 3
x 8 x 2 S0 = IS
S > ik S Q
(] w0 & © O
L
Sick leave - part day 6.22
Sick leave - with note 31.94
Sick leave - no note 13.90 0.24 0.57
Family care 13.97 0.24 0.57 0.00
Compassionate 30.63 0.04 0.53 0.53
Other 344 | 0.09 033 | 033 [0EEH

Table 4-37 reflects that based on the effect sizes there are small or practically insignificant
difference, medium or practically visible differences and large or practically significant
differences between the mean values of the absence duration (hours) based on the
absence types. Based on the reported effect size there are large or practically significant
differences between the estimated mean values of sick leave - part day vs. sick leave -
with note (d = 0.81) and compassionate leave (d= 0.77). The estimated mean absence
hours for sick leave — part day (mean = 6.22) is considerably lower than those of the other
two leave types, with sick leave - with note (mean = 31.94) and compassionate (mean

30.63) respectively.

There are large or practically significant differences between the estimated mean values
of the other leave type vs sick leave - with note (d = 0.90) and compassionate leave (d=
0.86). The estimated mean absence hours for the other leave types (mean = 3.44) is also

considerably lower than those of the other two leave types.

Medium or practically visible differences had been reported between the estimated mean
values of sick leave - with note vs sick leave - no note (d = 0.57) and family care (d=
0.57). The estimated mean absence hours for sick leave - with note (mean = 31.94) is
considerably higher than those of the other two leave types, with sick leave - no note
(mean = 13.90) and Family care (mean 13.97) respectively. There are medium or
practically visible differences between the estimated mean values of compassionate

leave vs sick leave - no note (d = 0.53) and family care leave (d= 0.53). The estimated
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mean absence hours for the compassionate leave type (mean = 30.63) is also

considerably higher than those of the other two leave types.

Considering all of the above, the estimated mean absence hours of leave types sick leave
- with note and compassionate leave differ quite substantially from the other leave types.
This is an expected result that can be explained by leave characteristics. As stated in
chapter 2, the employer may request proof of incapacity to pay the employee sick leave
benefits, and it is the requirement of the organisation for the employee to supply such
proof for absences of two or more days of sick leave. Compassionate leave is granted to
employees who experienced a death in the direct family. Therefore, one would expect
that employees would need and utilised the full allocation of such leave (set at three days

per event for the organisation) to deal with suck loss.

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between absence type in terms of absence duration (payroll days) with absence type as
the fixed effect and absence duration as dependent variables. The covariance
parameters estimated for residual was 2.53, and the standard error was 0.03. The
covariance parameter estimate for the intercept was 0.34, and the standard error was
0.02. The table below reports the estimated mean values resulting from the mix model
analysis based on absence type and absence duration (payroll days) as well as the effect

sizes.
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Table 4-38: Estimated mean values resulting from the mix model analysis based
on absence type and absence duration (payroll days) as well as the effect sizes

Absence (payroll days) Effect size
p < - [
S.| 5. 2 £ | ®
o . £ ; = S
oE | o€ | S£ I
Absence type Mean 2 'S = 3 s ® ns
9 5 8 -0 o SE
~x 8 ~x 9 S o = £
u : o -—
L = 0 < S S
n n S
Sick leave - part day 0.41
Sick leave - with note 2.65
Sick leave - no note 1.29
Family care 1.21
Compassionate 2.70
Other 0.37

Table 4-38 reflects that based on the effect sizes there are small or practically insignificant
difference, medium or practically visible differences and a majority large or practically
significant differences between the mean values of the absence duration (payroll days)
based on the absence types. Based on the reported effect size there are large or
practically significant differences between the estimated mean values of sick leave - part
day vs sick leave - with note (d = 1.32) and compassionate leave (d= 1.35) and medium
or practically visible differences between the estimated mean values of sick leave — part
day vs sick leave — no note (d = 0.52) and family care (d = 0.47). The estimated mean
absence hours for sick leave — part day (mean = 0.41) is considerably lower than those
of the other two leave types, with sick leave - with note (mean = 2.65), compassionate
(mean = 2.70), sick leave — no note (mean = 1.29) and family care (mean = 1.21)
respectively.

There are large or practically significant differences between the estimated mean values
of the other leave type vs sick leave - with note (d = 1.35) and compassionate leave (d=
1.38) and medium or practically visible differences between the estimated mean values
of the other leave type vs sick leave — no note (d = 0.54) and family care (d = 0.50). The
estimated mean absence hours for the other leave types (mean = 0.37) is also
considerably lower than those of the other four leave types.

There are large or practically significant differences between the estimated mean values

of sick leave - with note type vs sick leave - no note (d = 0.80) and family care (d= 0.80).

90



The estimated mean absence duration (payroll days) for the sick leave — with note (mean
= 2.65) is considerably higher than those of the other two leave types. Similarly, there are
also large or practically significant differences between the estimated mean values of
compassionate leave vs sick leave - no note (d = 0.83) and family care (d= 0.88). The
estimated mean absence duration (payroll days) for the compassionate leave (mean =

2.65) is considerably higher than those of the other two leave types.

As stated above, the same explanation for the higher estimated mean absence hours can

be applied to the higher estimated duration (payroll days).
4.5.8 Mixed model analysis — First absence day

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between first absence day in terms of absence duration (hours) with first absence day as
the fixed effect and absence duration as dependent variables. The covariance
parameters estimated for residual was 805.5, and the standard error was 9.29. The
covariance parameter estimate for the intercept was 325.11, and the standard error was
18.53. The table below reports the estimated mean values resulting from the mix model

analysis based on first absence day and absence duration (hours) as well as the effect

sizes.

Table 4-39: Estimated mean values resulting from the mix model analysis based
on first absence day and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
>
21 &7 T ‘c';) _§ P
First absence day Mean | 25 | 2£| 25| S| 2| 2§
AT |33 23|83 23|03
; —
Sunday 13.50
Monday 22.73 | 0.27
Tuesday 18.27 0.14 | 0.13
Wednesday 23.21 0.29 | 0.01 | 0.15
Thursday 1731 | 0.11 | 0.16 | 0.03 | 0.18
Friday 2535 | 0.35 | 0.08 | 0.21 | 0.06 | 0.24
Saturday 19.57 | 0.18 | 0.09 | 0.04 | 0.11 | 0.07 | 0.17

Table 4-39 reflects that based on the effect sizes there are only small or practically
insignificant differences between the mean values of the absence duration (hours) based

on the first absence day.
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A p-value of <0.0001 was reported for the mixed model and used to test for differences
between first absence day in terms of absence duration (payroll days) with first absence
day as the fixed effect and absence duration as dependent variables. The covariance
parameters estimated for residual was 3.18, and the standard error was 0.04. The
covariance parameter estimate for the intercept was 0.50, and the standard error was
0.03. The table below reports the estimated mean values resulting from the mix model
analysis based on first absence day and absence duration (payroll days) as well as the

effect sizes.

Table 4-40: Estimated mean values resulting from the mix model analysis based
on first absence day and absence duration (payroll days) as well as the effect

sizes
Absence (hours) Effect size
5 > . T >
L8| 882|387
First absence day Mean | 25 | cE| 2a£ | S S| 25| 28
S = o= Q= o S5 = o =
Sunday 1.15
Monday 1.92 0.40
Tuesday 1.55 0.21 | 0.19
Wednesday 1.96 0.42 | 0.02 | 0.22
Thursday 1.41 0.13 | 0.27 | 0.07 | 0.29
Friday 2.06 0.47 | 0.07 | 0.27 | 0.05 | 0.34
Saturday 1.61 0.24 | 0.16 | 0.03 | 0.19 | 0.10 | 0.24

Table 4-40 reflects that based on the effect sizes, there are mostly small or practically
insignificant differences between the mean values of the absence duration (payroll days)
based on the first absence day. Based on the reported effect size there is a medium or
practically visible difference between the estimated mean values of Sunday as first
absence day vs Friday as first absence day (d = 0.47). The estimated mean absence
duration (payroll days) for Sunday (mean = 1.15) is considerably lower than that of Friday
(mean = 2.06).

Considering the above, the estimated mean absence duration (payroll days) for Sunday
as first absence day differ from the other days as first absence day. Sunday as first
absence day can only be utilised by shift workers and therefore is viewed as either a day
before shift change (changing from day shift on Sunday to night shift on Monday) or last
day of the shift cycle (day off on Monday). The observation is that Sunday is not the first

day of a new shift and reported lower estimated mean absence duration. Monday,
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Wednesday and Friday (all shift change days) reported higher estimated mean absence
durations.

4.5.9 Mixed model analysis — Absence month

A p-value of <0.0001 was reported for the mixed model and used to test for differences
between absence month in terms of absence duration (hours) with absence month as the
fixed effect and absence duration as dependent variables. The covariance parameters
estimated for residual was 812.31, and the standard error was 9.36. The covariance
parameter estimate for the intercept was 332.35, and the standard error was 18.75. The
table below reports the estimated mean values resulting from the mix model analysis

based on absence month and absence duration (hours) as well as the effect sizes.

Table 4-41: Estimated mean values resulting from the mix model analysis based
on absence month and absence duration (hours) as well as the effect sizes

Absence (hours) Effect size
Month | Mean : : : : : - : : :
s |2 | |€ £ |€ £ |€§ € |£ |£
S 3 S 3 3 3 S 3 3 S 3
e o 2 s 5 5 3 | 2 g | 2
] 3 5 < S S > £ <] £
s | & | = 2 s | B ]
S ® < - Q >
- L % (@) (]
s z

January 21.57
February 20.20 | 0.04

March 21.42 | 0.00 | 0.04

April 22.0210.01|0.05 | 0.02

May 24.11 | 0.08 | 0.12 | 0.08 | 0.06

June 26.26 | 0.14 | 0.18 | 0.14 | 0.13 | 0.06

July 21.85|0.01|0.05|0.01|0.01|0.07|0.13

August 19.94 | 0.05| 0.01 | 0.04 | 0.06 | 0.12 | 0.19 | 0.06
September | 20.88 | 0.02 | 0.02 | 0.02 | 0.03 | 0.10 | 0.16 | 0.03 | 0.03
October 20.06 | 0.04 | 0.00 | 0.04 | 0.06 | 0.12 | 0.18 | 0.05 | 0.00 | 0.02
November | 21.44 | 0.00 | 0.04 | 0.00 | 0.02 | 0.08 | 0.14 | 0.01 | 0.04 | 0.02 | 0.04
December | 20.63 | 0.03 | 0.01 | 0.02 | 0.04 | 0.10 | 0.17 | 0.04 | 0.02 | 0.01 | 0.02 | 0.02

Table 4-41 reflects that based on the effect sizes there are only small or practically

insignificant differences between the mean values of the absence duration (hours) based
on the absence month.

A p-value of <0.0001 was reported for the mixed model and used to test for differences

between absence month in terms of absence duration (payroll days) with absence month
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as the fixed effect and absence duration as dependent variables. The covariance
parameters estimated for residual was 3.23, and the standard error was 0.04. The
covariance parameter estimate for the intercept was 0.53, and the standard error was
0.03. The table below reports the estimated mean values resulting from the mix model

analysis based on absence month and absence duration (payroll days) as well as the
effect sizes.

Table 4-42: Estimated mean values resulting from the mix model analysis based
on absence month and absence duration (payroll days) as well as the effect sizes

Absence (payroll Effect size
days)
Month | Mean : : : : : : : : :
< |€£ |€ |€ | |8 |€ |8 |g | | £
‘;’ 3 E 3 3 3 E 3 3 s 3
= > Q - S o [
> |5 |5 |§ g s |F|s 8 |8 |8
= el s = ] - ]
c g < = 4 >
g LL % (@] o
5 z

January 1.79
February 1.73 | 0.03

March 1.83 | 0.02 | 0.06

April 1.72 | 0.04 | 0.00 | 0.06

May 1.86 | 0.04 | 0.07 | 0.01 | 0.07

June 217 10.19|0.23|0.17|0.23 | 0.16

July 1.87 | 0.04 | 0.07 | 0.02 | 0.08 | 0.00 | 0.15
August 1.65 | 0.07 | 0.04 | 0.10 | 0.04 | 0.11 | 0.27 | 0.11

September | 1.73 | 0.03 | 0.00 | 0.06 | 0.00 | 0.07 | 0.23 | 0.07 | 0.04
October 1.74 | 0.02 | 0.01 | 0.05|0.01 | 0.06 | 0.22 | 0.06 | 0.05 | 0.01
November | 1.79 | 0.00 | 0.03 | 0.03 | 0.03 | 0.04 | 0.20 | 0.04 | 0.07 | 0.03 | 0.02
December | 1.67 | 0.06 | 0.03 | 0.08 | 0.03 | 0.10 | 0.25 | 0.10 | 0.01 | 0.03 | 0.04 | 0.06

Table 4-42 reflects that based on the effect sizes there are mostly small or practically

insignificant differences between the mean values of the absence duration (payroll days)
based on the absence month.

4.6 RESULTS SUMMARY

The results and discussion of the results for the trend investigation were presented in
chapter four. The study was conducted in a quantitative nature through the analysis of
existing attendance data (secondary data). The biographical, demographical and
organisational data were analysed, and the findings included agreements with certain

absenteeism constructs identified as previous findings and discussed in the literature
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review in chapter two. More specifically, the absence frequency demonstrated the extent
of the absenteeism dilemma in the organisation and indicated a small number of
individuals (n = 101 or 4.9%) illustrating excessive unplanned absence behaviour. The
average absence duration results further highlighted the absenteeism dilemma and
illustrated a larger portion of the population (n =306 or 14.9%) illustrating excessive
absence behaviour that even exceeded to organisational imposed limits. There also
exists a misalignment between the absence duration in term of the hours and payroll days
that result in the misrepresentation of the extent of absenteeism within the organisation.

The absence data analysis illustrated a significant contribution towards unplanned
absences as a result of family care leave utilisation (n = 3610 or 19.8%). The analysis
results illustrated that a higher absence utilisation reflected an increase in the utilisation
of all unplanned leave types. The absence day results indicated agreement with previous
findings stated in the literature review with a higher number of absences recorded days
after scheduled off days. Seasonality of absence was also confirmed with higher total
absence duration recorded in winter months. The inverse relationship between the age
of the individual and the duration of absence event was also confirmed and is aligned with
previous findings stated in chapter two.

The independent t-test and ANOVA results demonstrated practically visible differences
existed between the mean values of absence frequency and duration based on service
years of the individual with employees with less than two years’ service reporting the
lowest absence frequency and absence duration. The role category results provided
statistical evidence for differences in absence frequency and duration means based on
role category and confirmed an inverse relationship between absence behaviour

(frequency and duration) and organisational responsibility.

The mixed model analysis results illustrated practically visible and practically significant
differences in the absence duration means based on absence type. The differences were

explained through the differences in absence type characteristics.
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CHAPTER 5 CONCLUSION AND RECOMMENDATION

5.1 INTRODUCTION

The objective of this last chapter to conclude on the empirical study results discussed in
chapter four and make recommendations on absenteeism management improvements
and areas of focus within the organisation where the study was conducted that could

assist in reducing the high absenteeism rate.

The layout of this chapter comprises of four sections with the first section focusing on the
conclusion of the results from the previous chapter. The following section will provide
recommendations based on the findings and conclusions of the investigation. The next
section will be an evaluation of the achievement of the research objectives, and lastly,

future research suggestions will be made.
5.2 CONCLUSIONS

The conclusions are founded in the results of the analysis presented in chapter four. The
conclusions will include the presence or lack of trends becoming visible through the
analysis of the biographical, demographical and organisational data on an individual and
absence event level with focus provided to absence frequency and duration. The
utilisation of a census sample (total population) resulted in the p-value carrying no

significant importance in the interpretation of the analysis results.
5.2.1 Biographical, demographical and organisational conclusions

The majority of the population were male and are attributed to the physical requirements
of the industry. The population age ranged from 21 to 66 years, with an average age of
42 years on the largest age range frequency being 35 to 39 years of age. The majority of
the population had 10 to 14 years’ service within the organisation. The three
organisational divisions are forming part of the population comprised out of a sufficient
number of individuals respectively to conduct meaningful analysis about the

organisational or managerial influences or relationships with absence behaviour.
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5.2.1.1 Gender conclusion

The study did not find any evidence of a relationship between gender and absenteeism
when considering absence frequency and duration. The findings are contradicting the
findings of Msosa (2020:10) and Kumar and Babu (2017:644). These researchers did find

a relationship between absenteeism and gender.
5.2.1.2 Age conclusion

The study found evidence of an inverse relationship between age and absenteeism when
considering absence event duration based of employee age and therefore confirm the
findings of Msosa (2020:10) and Kumar and Babu (2017:644) who did find a relationship

between absenteeism and age.
5.2.1.3 Service years conclusion

The study found practically visible differences between the absence duration means
involving the less than two years’ service group but could not definitively ascertain the
presence of a relationship between years of service and absenteeism. The findings are
contradicting the findings of Buzeti (2020:57) who found that the length of absence

decreases with an increase in seniority.
5.2.1.4 Organisational characteristics conclusions

This section of the conclusions will include the conclusions of absenteeism based on the
role of the organisational characteristics (organisational division, employee group and

role category).

The study did not find any evidence of a relationship between organisational division and
absenteeism when considering absence frequency and duration. It is therefore concluded
that the three different management structures did not influence the absence behaviour

of employees.

The study found practically visible differences between the absence duration (hours/six
months) means involving employee group. This difference is attributed to a difference in
working hours arrangements and therefore cannot definitively confirm the existence of a

relationship between employee group and absenteeism.
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The study found practically visible and significant differences between the absence
duration means involving the role classification and absence frequency and duration, thus
confirming an inverse relationship between role category (organisational responsibility)

and absenteeism.
5.2.1.5 Absence data conclusions

This section of the conclusions will include the conclusions of absenteeism based on the

absence frequency and duration, absence type, day of absence and month of absence.

The study found that a small portion of the population were responsible for high absence
frequency (more than 3.15 absences/six-month: n = 321 or 15.6%) and duration (more
than seven payroll days/six months: n = 306 or 14.9%). These findings support the
previous findings of Bydawell (2016) and Ahn and Yelowitz (2016:8) that stated that the
majority of absences are as a result of a small number of individuals within the

organisation.

The study found practically visible and significant differences between the absence
duration means considering absence types that were attributed to the characteristics of
the different absence types. The study also identified and direct relationships between all

of the absence types and the individual’s absence utilisation.

The study found evidence of higher absence frequency starting on days of shift change
over or on the first day of scheduled work agreement after a scheduled off day. This is
contradicting the finding of Ticharwa et al. (2019:112) that found higher absenteeism rates
during the mid-week days. Based on the statement of Bruniquel (2017), this could be an

indication of absence abuse.

The study found evidence to support the seasonal effects on absenteeism based on total
absence duration. This finding is in support of previous findings of Ticharwa et al.
(2019:111) that also found a higher likelihood of absenteeism during the winter months.

5.3 RECOMMENDATIONS

The following recommendations are made based on the study results and conclusions:

98



The study confirmed certain personal traits showing a relationship with absence
behaviour, and therefore, it recommended to continue with an study to determine the
causality of high absence related to the identified personal traits. A qualitative research
method could be beneficial to determine the reason for the relationships.

The scope of the study included the operations sections of the organisation within a
specific region for a large chemical operation and therefore excluded other operation
section in a different region. A repeat of this study could be beneficial in confirming certain
existence of relationships within the larger organisation.

A strong relationship was established between absence behaviour and role category
within the organisation with the first-line leaders’ group (process implementation) showing
only a marginally better absence behaviour than the groups under their leadership. It is
proposed to investigate the influence of first-line leaders on the absence behaviour of

followers.

The literature study revealed improvement in technologies that assisted in the pro-active
identification of potential high absence individuals and therefore could be beneficial to the
organisation to investigate a suitable pro-active identification technology that could be
implemented to provide further managerial focus.

Managerial recommendations that could be considered for implementation to provide
improvement in the existing absence management at the organisation is the
implementation of a return to the work interview process for all forms of unplanned
absences, implementation of absence reporting rules to ensure that absences get
reported directly to line managers and well in advance to ensure sufficient time is
available to arrange for relief and differentiate between planned and unplanned sick leave
type absences to improve the identification of potential high absence individuals that are
contributing towards the absenteeism dilemma. Additional focus also needs to be on the
implementation of interventions as soon as possible or even on the first day of return after
an unplanned absence to ensure that individuals who are abusing sick leave are deterred.
For this to be effective, the flagging or reminder of required interventions must be
simplified with the use of a technology-driven process that will support line managers.
Lastly, as stated in the literature review, the causes of unplanned absence must be
investigated to detect potential abusive behaviour by capturing and analysing, for

99



instance, the reported iliness, the practitioner who provided the absence note and

monitoring high absence individuals more closely.
5.4 ACHIEVEMENT OF STUDY OBJECTIVES

This section deals with the assessment of the research objectives to determine whether

the objectives set out in chapter one have been met.
5.4.1 Primary objectives revisited

The primary objective of the study was to determine what absenteeism trends exist for
unplanned absences that can be utilised to assist the organisation in the management of
absenteeism. Through the trend study into absenteeism, the primary objective was
accomplished through the information obtained by answering the secondary research
guestions stated below. In answering the secondary research questions, it was possible
to identify managerial focus areas and knowing the link between absenteeism and the
various personal traits and organisational factors. Additional information regarding
absenteeism was obtained by establishing the presence of relationships with situational
factors such as the seasonal effect of absenteeism and signs of potential abuse of sick
leave demonstrated through excessive absences after scheduled off days. The
relationship between individuals’ absence utilisation and absence types provide an

additional area of focus.
5.4.2 Secondary objectives revisited

The secondary research objectives that were explored through the conducted trend study
into absenteeism at the organisation and assisted in answering the primary research

guestion are stated below:

e To what extent is absenteeism correlated to personal or individual traits when
considering both absence frequency and duration?

e To what extent is absenteeism correlated to organisational characteristics
considering both absence frequency and duration?

e Does absenteeism follow the Pareto principle: what presentative of absentees

contribute to the majority of unplanned absences?
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The first question was explored by identifying the previously identified finding in the
literature review of chapter two, and by analysing the available data to determine a link
between absenteeism and the various personal factors. The results and discussion of
results in chapter three reflected the linkage (or the lack thereof) between absenteeism
and personal factors. The identified factors that were investigated included age, gender
and years of service. There was no evidence of a link between absenteeism and gender,
contradicting previous findings identified in the literature review. The study found that both
age and years of service have been linked to absenteeism. The linkage between
absenteeism and personal traits have, therefore, been established based on the available

information in the data set.

The second question was explored by identifying potential organisational characteristics
in the available dataset and determine a link between absenteeism and the various
organisational characteristics. The results and discussion of results in chapter three
reflected the linkage (or the lack thereof) between absenteeism and organisational
characteristics. The identified factors that were investigated included organisational
division, employee group and role category. There was no evidence of a link between
absenteeism and organisational division. There was a medium or practically visible
difference between absence duration of the employee groups (based on remuneration
structure) but no difference in absence frequency of the employee groups. The study
also found that there were medium or practically visible and large or practically significant
differences between the absenteeism (both frequency and duration) based on role
category of the individuals. The linkage between absenteeism and organisational
characteristics have, therefore, been established based on the available information in

the data set.

The last question was explored by analysing the absence data and by quantifying the
extent of absenteeism based on the individual’s absence data (absence frequency and
duration) for the period of the investigation. It was clearly illustrated in section 4.3.2.1 that
306 individuals, classified by high absence utilisation, contributed to 33.9% of the total
unplanned absence duration compared to the 1,095 individuals, classified by low absence
utilisation, who contributed only 25.9% of the total unplanned absence duration.
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5.5 SUMMARY

The trend investigation of absenteeism within a selected chemical operational unit was
successfully conducted, and the research objectives met. The conclusions and
recommendations made within this chapter were based on the literature review of chapter
two and the results obtained and discussed in chapter four and therefore is sound and
executable. This study added to the body of knowledge by confirming previous findings
and providing guidance to the management of absenteeism within the organisation under

investigation.

102



REFERENCES

Adams, J.S. 1965. Inequity in social exchange. Advances in Experimental Social
Psychology, 2:267-299).

Ahn, T. & Yelowitz, A. 2016. Paid Sick Leave and Absenteeism: The First Evidence
from the US. Lexington, KY: University of Kentucky. Doi:
http://dx.doi.org/10.2139/ssrn.2740366

Alfitian, J., Sliwka, D. & Vogelsang, T. 2020. When bonuses backfire: how incentivizing
attendance increases absenteeism in the workplace. Cologne: University of

Cologne.

Andrade, C. 2019. Describing research design. Indian Journal of Psychological
Medicine, 41(2):201-202.

Bennedsen, M., Tsoutsoura, M. & Wolfenzon, D.J.J.0.F.E. 2018. Drivers of effort:

Evidence from employee absenteeism. New York, NY: Columbia University.

Birioukov, A. 2016. Beyond the excused/unexcused absence binary: classifying
absenteeism through a voluntary/involuntary absence framework. Educational
Review, 68(3):340-357.

Bruniquel, B. 2017. Manage sick leave well: feature-leave. HR Future, 7:20-21, July.

Bruniquel. 2014. Absenteeism at the workplace,.
http://www.bruniguel.co.za/absenteeism-at-the-workplace/ Date of access: 2
April 2019.

Bryman, A., Bell, E., Hirschsohn, P., Dos Santos, A., Du Toit, J., Masenge, A., Van
Aardt, I. & Wagner, C. 2014. Research methodology: business and

management contexts Cape Town: Oxford University Southern Africa.

Burmeister, E.A., Kalisch, B.J., Xie, B., Doumit, M.A., Lee, E., Ferraresion, A.,

Terzioglu, F. & Bragadottir, H. 2019. Determinants of nurse absenteeism and

103


https://dx.doi.org/10.2139/ssrn.2740366
http://www.bruniquel.co.za/absenteeism-at-the-workplace/

intent to leave: An international study. Journal of Nursing Management,
27(1):143-153.

Buzeti, J. 2020. Association between field of work, years of service, and sickness

absenteeism in public administration. Organizacija, 53(1):53-67.

Bydawell, M. 2016. Managing employee absenteeism - what is an acceptable rate?
http://hrtorqgue.co.za/managing-employee-absenteeism-acceptable-rate/ Date of
access: 31 March 2019.

Caine, A. 2015. What are the effects of sickness absence on you workplace?

http://www.ohbm.co.uk/what-are-the-effects-of-sickness-absence-on-your-

workplace/ Date of access: 30 March 2019.

Chadwick-Jones, J.J.K., Nicholson, N. & Brown, C. 1982. Social psychology of
absenteeism. Westport, CN: Praeger.

Chinyio, E., Suresh, S. & Salisu, J.B. 2018. The impacts of monetary rewards on
public sector employees in construction. Journal of Engineering, Design and

Technology.

Chowdhury, S. 2016. A Study of Absenteeism in a Manufacturing Company. Khoj
Journal of Indian Management Research & Practices, 2016:330-351.

Crous, S. 2015. Employee wellness: Africa's hidden opportunity to bolster growth:
absenteeism-growth. HR Future, 4(1):30-31.

Crous, S. 2016. Employee wellness: Africa’s hidden opportunity to bolster growth. HR
Future. 2016(4):30-31.

Crowley, J. 2018. Alternatives to Bradford factor for measuring absence.

https://www.peoplehr.com/blog/2018/05/23/alternatives-to-bradford-factor-for-

measuring-absence/ Date of access: 5 August 2020.

Daouk-Oyry, L., Anouze, A.-L., Otaki, F., Dumit, N.Y. & Osman, |. 2014. The JOINT
model of nurse absenteeism and turnover: a systematic review. International
Journal of Nursing Studies, 51(1):93-110.

104


http://hrtorque.co.za/managing-employee-absenteeism-acceptable-rate/
http://www.ohbm.co.uk/what-are-the-effects-of-sickness-absence-on-your-workplace/
http://www.ohbm.co.uk/what-are-the-effects-of-sickness-absence-on-your-workplace/
https://www.peoplehr.com/blog/2018/05/23/alternatives-to-bradford-factor-for-measuring-absence/
https://www.peoplehr.com/blog/2018/05/23/alternatives-to-bradford-factor-for-measuring-absence/

D'Netto, B., Shen, J., Chelliah, J. & Monga, M. 2014. Human resource diversity
management practices in the Australian manufacturing sector. International

Journal of Human Resource Management, 25(9):1243-1266.

Frick, B., Simmons, R. & Stein, F. 2018. The cost of shift work: Absenteeism in a large
German automobile plant. German Journal of Human Resource Management,
32(3-4):236-256.

Geurts, S.A.E. 1994. Absenteeism from a social psychological perspective.
https://repository.ubn.ru.nl/handle/2066/145795 Date of access: 10 November
2020.

Godgy, A. & Dale-Olsen, H. 2018. Spillovers from gatekeeping — Peer effects in

absenteeism. Journal of Public Economics, 167:190-204.

Gottfried, M.A. & Hutt, E.L. 2019. Addressing absenteeism: lessons for policy and
practice. Los Angeles, CA: Stanford.

Harrison, D.A. & Martocchio, J.J. 1998. Time for absenteeism: A 20-year review of

origins, offshoots, and outcomes. Journal of Management, 24(3):305-350.

Hassink, W. 2018. How to reduce workplace absenteeism. Frankfurt: IZA World of
Labor.

Hill, J. & Trist, E. 1962. Industrial Accidents. Sickness and Other Absences. London:

Tavistock.

Hill, J. & Trist, E.L. 1953. A consideration of industrial accidents as a means of
withdrawal from the work situation: a study of their relation to other absences in

an iron and steel works. Human Relations, 6(4):357-380.

Huo, M.-L., Boxall, P. & Cheung, G.W. 2018. How does line-manager support enhance
worker wellbeing? A study in China. The International Journal of Human

Resource Management, 1:1-19.

IBM SPSS. 2020. Statistical Package for Social Sciences. Version 26. Seattle, WA: IBM.

105



Jensen, U.T., Andersen, L.B. & Holten, A.-L. 2019. Explaining a dark side: Public
service motivation, presenteeism, and absenteeism. Review of Public Personnel
Administration, 39(4):487-510.

Kaiser, C.P. 1990. A process model of work group absence rates. (Dissertation -

Honors). Lexington, KY: Washington and Lee University.

Kaiser, C.P. 2018. Absenteeism, presenteeism, and workplace climate: A taxonomy of
employee attendance behaviors. Economics & Business Journal: Inquiries &
Perspectives, 9(1):69-86.

Kanerva, N., Pietilainen, O., Lallukka, T., Rahkonen, O. & Lahti, J. 2018. Unhealthy
lifestyle and sleep problems as risk factors for increased direct employers’ cost of
short-term sickness absence. Scandinavian Journal of Work Environmental
Health, 44(2):192-201.

Karimbil, M.R. 2019. A Study on employee absenteeism in today’s workplace. Journal
of the Gujarat Research Society, 21(17):273-279.

Kent State University Libraries. 2020. SPSS Tutorials: Independent samples t test.
https://libquides.library.kent.edu/spss/independentttest#:~:text=The%20Independ
ent%20Samples%20t%20Test%20compares%20the%20means%200f%20two,In
dependent%20t%20Test Date of access: 1 December 2020.

Kocakilah, M.C., Bryan, T.G. & Stevie Lynch, M. 2018. Effects of absenteeism on
company productivity, efficiency, and profitability. Business and Economic
Research, 8(1):115-135.

Kocakulah, M.C., Kelley, A.G., Mitchell, K.M. & Ruggieri, M.P. 2016a. Absenteeism
problems and costs: causes, effects and cures. International Business &

Economics Research Journal, 15(3):89-96.

Kocakulah, M.C., Kelley, A.G., Mitchell, K.M. & Ruggieri, M.P. 2016b. Absenteeism
problems and costs: causes, effects and cures. The International Business &
Economics Research Journal (Online), 15(3):89.

106


https://libguides.library.kent.edu/spss/independentttest#:~:text=The%20Independent%20Samples%20t%20Test%20compares%20the%20means%20of%20two,Independent%20t%20Test
https://libguides.library.kent.edu/spss/independentttest#:~:text=The%20Independent%20Samples%20t%20Test%20compares%20the%20means%20of%20two,Independent%20t%20Test
https://libguides.library.kent.edu/spss/independentttest#:~:text=The%20Independent%20Samples%20t%20Test%20compares%20the%20means%20of%20two,Independent%20t%20Test

Kumar, M.S. & Babu, P.C. 2017. Association between personality traits and
biographical factors in absenteeism. Paper delivered at the National Conference

on Marketing and Sustainable Development, October 17. p. 14.

Laerd Statistics. 2018. Descriptive and inferential statistics.

https://statistics.laerd.com/statistical-guides/descriptive-inferential-statistics.php

Date of access: 22 November 2020.

Lieke, L., Johns, G., Lyons, B.J. & ter Hoeven, C.L. 2016. Why and when do
employees imitate the absenteeism of co-workers? Organisational Behavior and

Human Decision Processes, 134:16-30.

Lima, E., Vieira, T. & de Barros Costa, E. 2020. Evaluating deep models for
absenteeism prediction of public security agents. Applied Soft Computing,
91:106236.

Litchfield, I. & Hinckley, P. 2016. Factors influencing improved attendance in the UK
fire service. Occupational Medicine, 66(9):731-736.

Magee, C.A., Caputi, P. & Lee, J.K. 2016. Distinct longitudinal patterns of absenteeism
and their antecedents in full-time Australian employees. Journal of Occupational
Health Psychology, 21(1):24-36.

Majid, U. 2018. Research fundamentals: Study design, population, and sample size.
Undergraduate Research in Natural and Clinical Science and Technology
Journal, 2:1-7.

Maquilan, D.J.S. 2019. Influence of Attendance policy implementation on faculty
absenteeism: issues and prospects for policy upgrade. International Journal of

Human Resource Studies, 9:21-36.

Mashaba, E.K. 2018. Factors underlying teacher absenteeism in selected schools
located in Tshwane West District, South Africa. International Journal of

Educational Development, 4:1-24.

McGoldrick, J., Stewart, J. & Watson, S. 2001. Theorizing human resource

development. Human Resource Development International, 4(3):343-356.

107


https://statistics.laerd.com/statistical-guides/descriptive-inferential-statistics.php

McHugh, M., French, D., Farley, D., Maechling, C., Dunlop, D. & Holl, J. 2019.
Community health and employee work performance in the American

manufacturing environment. Journal of Community Health, 44(1):178-184.

Mikulec, O. & Spacgkova, A. 2017. Assessing and managing absenteeism with

Bradford factor score analysis. European Financial Systems 2017:70.

Msosa, S.K. 2020. A comparative trend analysis of changes in teacher rate of

absenteeism in South Africa. Education Sciences, 10(8):189.

Nabi, M.N., Ahmed, A.A.T. & Rahman, M.S. 2017. The empirical study on human
resource management practices with special reference to job satisfaction and
employee turnover at Investment Corporation of Bangladesh. Human Resource

Management Research, 7(1):54-64.

Nagalingam, M. & Sasikumar, T. 2019. Work absenteeism among health assistants in

secondary care hospitals, Batticaloa district, Sri Lanka. Age, 21(30):31-40.

Neingo, P. & Tholana, T. 2016. Trends in productivity in the South African gold mining
industry. Journal of the Southern African Institute of Mining and Metallurgy,
116(3):283-290.

Nicholson, N. & Johns, G. 1985. The absence culture and psychological contract—

who's in control of absence? Academy of Management Review, 10(3):397-407.

Op de Beeck, S., Wynen, J. & Hondeghem, A. 2016. HRM implementation by line
managers: explaining the discrepancy in HR-line perceptions of HR devolution.
The International Journal of Human Resource Management, 27(17):1901-1919.

Op de Beeck, S., Wynen, J. & Hondeghem, A. 2018. Explaining effective HRM
implementation: A middle versus first-line management perspective. Public
Personnel Management, 47(2):144-174.

People HR Blog. 2017. What is the Bradford Factor? .
https://www.peoplehr.com/blog/index.php/2013/07/23/what-is-bradford-factor
Date of access: 8 October 2019.

108


https://www.peoplehr.com/blog/index.php/2013/07/23/what-is-bradford-factor

Porter, L.W. & Steers, R.M. 1973. Organisational, work, and personal factors in

employee turnover and absenteeism. Psychological Bulletin, 80(2):151-176.

Question Pro. 2020. Empirical Research: Definition, Methods, Types and Examples.

https://www.questionpro.com/blog/empirical-

research/#Empirical research Definition Date of access: 16 November 2020.

Rodriguez Amador, L.A. 2019. Workplace motivation and sick absenteeism among

retail store managers. (Dissertation - Masters). Utrecht: Utrecht University.

Schaumberg, R.L. & Flynn, F.J. 2017. Clarifying the link between job satisfaction and
absenteeism: The role of guilt proneness. Journal of Applied Psychology,
102(6):982.

Scognamiglio, A. 2020. Paid sick leave and employee absences. Labour, 34(3):305-
322.

South Africa (SA). 1997. Basic Conditions of Employment Act (No. 75 of 1997).

Stankeviciene, A., Diskiene, D., Tamasevicius, V. & Korsakiene, R. 2017. Attitudes of
managers towards the role of HR departments in organizational performance:

Evidence from Lithuania. Transformations in Business & Economics, 16(3).

Steers, R.M. & Rhodes, S.R. 1978. Major influences on employee attendance: A

process model. Journal of Applied Psychology, 63(4):391.

Tende, F.B. & Eketu, C.A. 2019. Technological Imperatives in Absenteeism and
Presenteeism Anathema in Work Organizations Eketu, CA. Electronic Research
Journal of Behavioural Sciences, 2: online.
https://www.researchgate.net/publication/341378732_Technological _Imperatives
_in_Absenteeism_and_Presenteeism_Anathema_in_Work_Organizations Date

of access: 10 November 2020.

Ticharwa, M., Cope, V. & Murray, M. 2019. Nurse absenteeism: An analysis of trends
and perceptions of nurse unit managers. Journal of Nursing Management,
27(1):109-116.

109


https://www.questionpro.com/blog/empirical-research/#Empirical_research_Definition
https://www.questionpro.com/blog/empirical-research/#Empirical_research_Definition

Trahan, C.R. 2017. An examination of various factors (age, gender, family status,
marital status, and work engagement) and their relationship to longevity,
attendance, and job performance of custodial staff at a large public university.
(Thesis - PhD). Baton Rouge, LA: Louisiana State University.

Trochim, W. & Donnelly, J.P. 2007. The research methods knowledge base. 3rd ed.
Cincinnati, OH: Atomic Dog Publishing.

UKEssays. 2018. Measuring and Managing Absenteeism in the Workplace.

https://www.ukessays.com/essays/management/measuring-and-managing-

absenteeism-in-the-workplace-management-essay.php?vref=1 Date of access:
8 October 2019.

Verma, S. & Chaubey, D.S. 2016. Identifying the factors leadings to workplace
absenteeism and its effects on occupational stress and job satisfaction: an
empirical study. International Journal Organizational Behavior Managment
Perspect, 5:2340-2345.

Visser, A. 2019. How to manage absenteeism. Finweek, 8:44-45, May.

Wang, K.L., Johnson, A., Nguyen, H., Goodwin, R.E. & Groth, M. 2020. The changing
value of skill utilisation: interactions with job demands on job satisfaction and

absenteeism. Applied Psychology, 69(1):30-58.

Yilmaz, K. 2013. Comparison of quantitative and qualitative research traditions:
Epistemological, theoretical, and methodological differences. European Journal
of Education, 48(2):311-325.

110


https://www.ukessays.com/essays/management/measuring-and-managing-absenteeism-in-the-workplace-management-essay.php?vref=1
https://www.ukessays.com/essays/management/measuring-and-managing-absenteeism-in-the-workplace-management-essay.php?vref=1

ANNEXURE A - DATA SET

Due to the enormity of the data set, it was not included in the Annexure but it can be made
available on request from the author.
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