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ABSTRACT

Keywords: risk perception, insurance, demographics, behavioural finance, financial wellbeing, DOSPERT scale, risk tolerance, political-legal, crime, unemployment.
Individuals seek security and limit the risk of losing their possessions through purchasing an
insurance cover and paying an insurance premium in exchange for the risk protection. The
insurance industry is diverse in its entirety and includes, but is not limited to, property
insurance, fire insurance, social insurance and medical insurance. The diversity is not only
limited to the types of insurance cover but extends to the perceptions of the policyholders
regarding risk. As a result, insurers tend to misunderstand the perceptions of the policyholders
and inevitably lose clients. In South Africa, very little research has investigated the perceptions
and attitudes expressed by insurance policyholders. Therefore, to bridge this gap, the purpose
of this research study is to analyse the factors that influence the risk perception of insurance
policyholders in Gauteng.
This research adopted a quantitative research methodology approach to address the primary
objective, theoretical objectives and empirical objectives. The theoretical objectives focused
on contextualising risk perception, identifying the current landscape as well as determining the
insurance policyholders’ behaviour towards risk through a contextualised theory from previous
research studies. The target population is comprised of all South African insurance
policyholders residing in Gauteng. Furthermore, this study followed a non-probability
purposive method to meet the following criteria: living in Gauteng, older than 18 years, has an
existing insurance policy and has some level of education.
Through this research journey, an exploratory factor analysis (EFA) statistical method was
utilised to determine the factors for risk perception of insurance policyholders. Notably,
endogenous factors relate to internal factors influencing the risk perception of insurance
policyholders namely, demographics, risk tolerance, financial well-being and behavioural
finance biases, while exogenous factors relate to external factors influencing the risk perception
of insurance policyholders namely, political-legal, market fluctuations, crime and
unemployment. However, demographics and risk tolerance were not incorporated as
endogenous factors but, investigated separately due to their complexity. The results from this
research study have indicated that risk perception is influenced by several factors. Interestingly,
all the demographics, age, level of education, annual income, income variability, net worth,
v

household size, number of dependents, health status, financial knowledge, marital status,
homeownership, employment status, type of policy and ethnicity except gender and religion
were found to have an influence on the risk perception of the insurance policyholders.
Regarding risk tolerance, the majority of the participants indicated they would take average
financial risks as most assets were covered but not comprehensively. Moreover, risk tolerance
was influenced by the age and income level of the participants. Furthermore, endogenous and
exogenous factors influence the risk perception of the insurance policyholders. The results
showed a combination of both positive and negative relationships with risk perception. This
study will further make a significant contribution to academia and the insurance industry by
utilising empirical evidence to determine whether endogenous and exogenous factors influence
the risk perception of insurance policyholders which many researchers have not incorporated
in prior research studies. It will further provide deeper insight into policyholders’ perceptions
which will assist insurance companies in expanding their horizons and providing insurance
services of higher quality to their clients.
Considering that insurers are not fully aware of their clients’ risk perception, it causes a lack
of commitment on the policyholders’ side when buying an insurance cover. In addition,
previous research studies have mainly focused on one type of insurance, motor vehicle
insurance. This study will therefore significantly contribute to the insurance industry because
it incorporates more than one type of insurance which were previously not incorporated by
other researchers. The empirical findings of this research study will, furthermore, be of benefit
to the insurance industry as it provides an analysis of the factors influencing the risk perception
of the insurance policyholders. This can assist insurers to tailor insurance products accordingly
for each policyholder in order to maximise customer satisfaction, especially in unprecedented
market conditions. In turn, this will help insurers retain clients and realise higher profits.
Additionally, retaining customers is a challenge commonly faced by insurers and can put
insurers out of business. This research study will assist insurers in retaining clients and
ultimately realise higher profits in the future.
During this research endeavour, the researcher experienced some limitations and
recommendations were provided. Future researchers can expand on the sample size although
this study met the sample adequacy as recommended by previous researchers. This research
study considered the influence of demographics, risk tolerance, endogenous and exogenous
factors on risk perception. Accordingly, future researchers should consider including more
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variables such as the demand for insurance. Moreover, this research was performed amid the
COVID-19 pandemic. It was recommended for future researchers, to perform a test pre and
post COVID-19 to analyse the change in the risk perception of the policyholders. Lastly, it was
recommended to include participants from varying geographical locations as this study
considered participants from Gauteng only.
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CHAPTER 1: INTRODUCTION AND BACKGROUND
1.1 INTRODUCTION
If the concept of risk can be compared to a bush of dry grass that may spark a fire at any given
point, the concept of insurance can thus be compared to civilisation’s fire extinguisher. The
main concept of insurance has existed since the beginning of humanity. Whether it was going
into the woods to hunt for a springbok, the risk of being ambushed to death by a lion existed;
hence people have always been cautious of risk, highlighting how insurance emerged. In 1601,
marine insurance, which goes a long way towards containing financial losses attributed to lost
or damaged cargo, was the first type of insurance introduced in the history of insurance (Rejda
et al., 2017). Thereafter, fire insurance came into existence, followed by life insurance and
liability insurance. To date, there are seven types of insurance, including property insurance,
social insurance, and guarantee insurance. Historically, insurance was considered a formal and
protective way of distributing risk amongst people considered to be at risk of losing a certain
item or property. Similarly, it is now considered as a form of financing directed to a
policyholder’s desired assets that need to be protected from future related risks that may occur
(Bellando, 2016:33).
The world is full of risks and uncertainties that people try to mitigate and avoid from their daily
lives. Insurance, therefore, serves as a financial device that saves those who suffer from
misfortunes. Gurung (2001) further describes insurance as the best means by which one can
spare human life, property and liability from various risks. Moreover, the premiums paid by an
insurance policyholder is dependent on the insured’s willingness to pay and how ‘at risk’ they
deem their property to be (PWC, 2015:6). Without insurance in our society, various kinds of
risks are bound to erupt, such as death, fire, accident and theft (Ibrahim, 2008). This highlights
how important insurance is in human life for both businesses and individuals.
In addition, individuals seem to always have a way to find a solution to mitigate risks and
taking out insurance is one of them. According to Ibrahim (2008), insurance policies have tried
to mitigate and, in some cases, totally avoid social evils, such as theft and unemployment,
which are a common enemy to every economy. Although, in most cases, people opt for
insurance due to the value they put on their property or lives. Nonetheless, others solely do not
believe that uncertainties can occur. Moreover, Gurung (2001) highlights that the living
standards of an individual with insurance increase it may increase awareness of people in
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protecting their properties and lives. Therefore, if the uncertainties occur, the effects may be
detrimental to an individual’s standard of living.
Notably, risk is at the centre of insurance and its policyholders’ choices, and undoubtedly,
nowadays, people are getting more interested in securing their possessions through insurance
(Rejda, 2017). These possessions can be in the form of a car, house, phone etc. According to
Manez et al. (2018), ‘risk’ is a popular term that has existed since the beginning of humanity,
and it is a part of everyday life for both businesses and individuals. Bubeck et al. (2012)
highlighted the impossibility of escaping all types of risk in today’s world. To support this
view, Crane et al. (2013:258) highlight that some level of risk is involved in everyday life for
individuals with a car, house or bonds and even jogging alongside a moving truck on the road
involves. Therefore, risk needs to be managed in some way for individuals to feel that their
possessions or lives are secured (Rejda, 2017). This brings the term risk management into light
which most people tend to believe simply involves buying insurance.
In a study conducted by Du Toit and Vivian (1995), when people manage their risk, their
choices are largely influenced by how they perceive the risk involved. A follower of
behavioural economic theories, Herbert (1956: 129-138), found that it is human nature to act
to the point where one feels satisfied with the decision taken in terms of the psychological and
social environment in which they function. This view can be supported by a hypothetical
example where buyer A and buyer B both engage in buying a house. Buyer A may see it as a
risky investment and opt for full insurance cover, while buyer B will be satisfied to live in the
house with little or no cover from an insurance company. Although the risk of theft, fire or
water damage exists, both buyers are on polar ends of how they perceive risk. This was
supported by a study conducted by Paul and Peters (2006:355), which found that different
insurance policyholders do not view risk in the same light.
Similarly, risk tolerance is essentially the amount of risks individuals are willing to accept in
their financial planning. This differs from person to person and tends to influence how one
perceives risk (Davies & Brooks, 2014). For example, Ricciardi and Rice (2014) highlight that
individuals with low-risk tolerance can only accept a small amount of risk and are likely to take
insurance on most of their possessions. On the other hand, an individual with high risk tolerance
can go for as long as a month driving and living in a house without a car or house insurance
(Roszkowski & Davey, 2010:44). Both these individuals have different levels of the risks they
are willing to take.
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In addition, it is evident that risk and perception are inseparable twins, which make the term
risk perception. In reference to Moen et al. (2004:665), the term risk perception is, therefore, a
general term describing a subjective judgment made by an individual on the severity of a risk
involved. The determinants of risk perception are important in assessing the risk perception of
individuals. Firstly, previous studies by Sund et al. (2017:99), Balaji (2017:257) and Dickason
and Ferreira (2018:10851) highlight that demographics which include an individual’s age,
health, income, and educational level, may influence a person’s risk perception. Secondly, risk
perception may also be influenced by internal factors such as financial well-being, risk
tolerance which refers to the risk one is willing to withstand (Davies & Brooks, 2014). In
addition, Ricciardi and Simon (2000:75) highlight that behavioural finance biases that are
irrational behaviours that can unconsciously influence an individual’s decision-making process
are also an endogenous factor influencing an individual's risk perception. Thirdly, changes to
the external environment such as market fluctuations, political instability and global pandemics
may also influence one’s risk perception. Lastly, economic theory highlights that risk is always
clearly perceived (Sargent & Wallace, 1974).
With the increasing importance of insurance in this century, the Department of Presidency
(2018:355) mentioned that in keeping the desired living standards, many South Africans,
particularly in Gauteng, safeguard their belongings in the form of insurance. Although seen in
this light, it is difficult to accept the negative effects of an unwanted event; however, some
people have insurance while others still do not. Nonetheless, the question of whether insurance
policyholders feel more at risk now than they were years ago still goes unanswered. Moreover,
as crime rates and unemployment rates are increasing and the risk of falling victim to theft,
fires, market disruptions and other unforeseen events is heightened, evidence is still required
indicating whether insurance policyholders perceive risk in the same light or not.
According to classical economic theory and principles of an efficient market, consumers tend
to have full information. The risk is perceived, and each individual pays an insurance amount
that maximizes his expected utility (Sargent & Wallace, 1974). This view is supported by a
study conducted by Kunreuther and Pauly (2004:5) which states that an individual who is riskaverse will pay a greater premium for insurance. The first form of insurance highlighted that
insurance policyholders need to be aware of the factors that influence their insurance policy to
avoid making uninformed decisions. Hence, understanding how one perceives risk and how
behavioural finance biases influence them will help both the insurer and the insured make
rational financial decisions (Mishra, 2004). With success in understanding how insurance
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policyholders perceive risk, Buzatu (2013: 33) states that the insurer can ensure client
satisfaction, increase brand loyalty, and promote good word-of-mouth. Hence, incorporating
the risk perception of policyholders with their categorised behavioural finance biases will most
likely provide a good relationship between the two parties involved. As such, it is essential for
insurance companies to conduct thorough research on how their clients perceive a risk to better
understand the emotional state that their policyholders could possibly be facing during a certain
insurance period (Butt et al., 2015). Additionally, Butt et al. (2015) state that it has been
concluded that the risk perception of insurance holders is often used as the mediator among
cognitive biases when taking out an insurance cover.
Moreover, high crime rates, unemployment rates and political unrest put people at higher risk
of losing their belongings if they are not insured. Nonetheless, in order for insurance companies
to improve their variety and client base, they need to understand how their clients think and
feel about their product (Buzatu, 2013). Gauteng is the most populous province in South Africa,
with many people safeguarding their belongings in the form of insurance. A study by General
Household Survey (2017) revealed that the most urbanised provinces constitute many people
who are insured at an insurance company. Therefore, with Gauteng being the most urbanised
province in South Africa, conducting this study with the target population residing in the
province became significant.
Although less than 17 per cent of households in South Africa have medical aid and only 30 per
cent of the cars are insured, with Gauteng being the most urbanised province with 15 million
people, it constitutes a larger portion of the 17 per cent and 30 per cent of the insured cars
(StatsSA, 2019). Additionally, South Africa is one of the most insured societies globally, where
more than 35 per cent of Gross Domestic Product (GDP) is spent only on insurance
(FinMarkTrust, 2019). Considering that, not much research has been done on the risk
perception of policyholders living in Gauteng. The purpose of this study is to, therefore, analyse
the risk perception of insurance policyholders in Gauteng. This will allow insurance companies
to better understand their clients and insurance policyholders and have better insight into their
financial knowledge and make better insurance decisions as they will be well aware of the
rationality of the policyholders’ decision-making.
1.2 THE PROBLEM STATEMENT
Risk is an integral part of life. However, a study conducted by Gurung (2016) highlights that
people who do not need protection from insurance still buy the insurance for other risks to
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which they may not be exposed to as protection against future uncertainty. This situation shows
that insurance policyholders may still feel exposed to risk and resort to buying insurance. While
an uninsured property owner may be risk aggressive some owners may be concerned about
fires and theft and choose insurance with a high price (premium) to protect themselves against
the underlying risks (Mishra, 2004). There are several reasons why insurance policyholders
may not perceive risk as that prescribed by the classical theory (Buzatu, 2013:34). Firstly,
people may not process information in a classical assumed way due to factors such as age,
health, income, education level, and financial knowledge. Secondly, other factors such as
behavioural finance biases, financial well-being, risk tolerance and taking behaviour may also
influence how a policyholder perceives risk. In addition, endogenous factors such as political
ills, global pandemics, crime and unemployment levels may also influence an insurance
policyholder’s perception of risk.
Moreover, factors such as age and a person’s income also influence an individual’s risk
perception and how they tolerate risk. The literature supports that an individual’s financial
well-being, which refers to one’s financial security and having a sense of financial freedom,
significantly impacts how a person perceives risk (Bruggen et al., 2017:228). A study by
Alamur et al. (2018) suggests that good financial well-being results in an individual setting
aside a significant portion of their income towards securing their possessions. In addition, an
individual’s irrational behaviours can unconsciously influence one decision-making process,
which further links to how one perceives risk (Ricciardi & Simon, 2000:75). The influence of
the economic and political landscape on the risk perception of insurance policyholders was
achieved by providing certain economic and political events in South Africa and identifying
how individuals' perceptions differ during certain periods. The problem with not taking both
endogenous and exogenous factors that may influence risk perception into account is that it
may lead to actions that may affect the business of insurance. Therefore, to understand how
policyholders perceive risk several factors have to be taken into account to help the insurer
tailor insurance accordingly.
1.3 OBJECTIVES OF THE STUDY
The following objectives have been identified and outlined for the study:
1.3.1 Primary objective
The primary objective of this study is to investigate the factors influencing the risk perception
amongst insurance policyholders in Gauteng.
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1.3.2 Theoretical objectives
In order to achieve the primary objective of the study, the following theoretical objectives have
been identified:
•

Contextualising risk perception;

•

Identifying the current economic and political landscape in Gauteng; and

•

Establishing a theoretical link between risk perception of insurance policyholders and their
behaviour towards risk.

1.3.3 Empirical objectives
In accordance with the primary objective, the following empirical objectives are formulated:
•

Determine how demographical factors influence the risk identification and risk perception
of insurance policyholders;

•

Determine the relationship of risk tolerance on risk perception of insurance policyholders;

•

Identifying the endogenous factors that influence risk perception of insurance policyholders
in Gauteng; and

•

Identifying the exogenous factors that influence risk perception of insurance policyholders
in Gauteng.

The empirical objectives above formed a fundamental part of this study because studies
conducted by Balaji (2017), Sund et al. (2017:99), Dickason (2017:216) and Abass (2018:288)
found that there is a difference in the amount of risk that participants are willing to take based
on their demographical factors, risk tolerance, endogenous and exogenous factors.
1.4 RESEARCH DESIGN AND METHODOLOGY
This study comprised a literature review and an empirical study that intends to explain the
research design and methodology employed in the study. This study comprised a quantitative
research approach where an online questionnaire was distributed and completed by those
willing to participate. Observations should be quantifiable, and the use of scientific methods
yields universalised answers, while positivistic researchers believe that the knowledge gained
through direct observation is more realistic, trustworthy and factual (Hammersley, 2013:22).
Thus, a positivistic research paradigm was followed where the researcher analysed completed
questionnaires from individuals to acquire a trustworthy understanding of the phenomena in
question (Pham, 2018). The following section constitutes a literature review and an outline of
the methodology subsections of the empirical study.
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1.4.1 Literature review
The literature review focused on analysing the influence the behavioural finance and the current
landscape in South Africa on the risk perception of insurance policyholders in Gauteng.
Previous studies and theoretical theories on the endogenous and exogenous factors influencing
the risk perception of insurance policyholders were also outlined. This study's literature review
and the theoretical background was compiled by accessing books, newspapers, journal articles,
websites, and magazine articles to further analyse the factors influencing risk perception
amongst insurance policyholders.
1.4.2 Empirical study
The empirical portion of this study comprises the following methodological subsections:
1.4.2.1 Target population
A target population must be selected carefully since researchers make inferences regarding the
whole population based on a selected sample. Upon selecting the target population, the
population parameters need to be set (Quinlan, 2011:206). The target population for this study
comprises South African insurance policyholders situated in the Gauteng province.
1.4.2.2 Sample size and sample method
The study comprised insurance policyholders who are permanently based in Gauteng, ideally
a sample of 350 Gauteng residents. This number was chosen because not much research has
been done about the insurance industry using primary data. Kunle et al. (2018:285-290), Abass
(2018), and State of California Department of Insurance (2018) are some of the researchers
who combined a sample of 305, 350 and 300, respectively, respondents to determine the effects
of risk perception on the demand for insurance. Therefore, although Gauteng has a large
population, a sample of 350 respondents was used. The characteristics of this sample are
categorised as follows:
•

Older than 18 years;

•

Has been covered by insurance for more than 2 years;

•

Is insured at an insurance company in Gauteng; and

•

Educated enough to read and answer questions.

In this study, purposeful sampling was used to filter insurers who are above 18, insured by any
insurance company in South Africa, residing in Gauteng, and has some level of education.
Comrey and Lee (1992) generated a rough rating scale for adequate sample sizes in factor
analysis: 100 = poor, 200 = fair, 300 = good and 500 or more = very good. In support,
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MacCallum and Widaman (1999) suggested that researchers should obtain samples of 300 or
more observations whenever possible in factor analytic studies for good and meaningful results.
In addition, in a study that employs factor analysis, it is recommended that a ratio with at least
five items is required (Malhortra & Birks, 1999:120). In this study, the sample (348) yielded a
ratio of six items for each variable. Hence the sample size of this study included 350 insurance
policyholders in Gauteng, which meets the requirements for the statistical analysis employed
in the study.
1.4.2.3 Data collection method and measuring instrument
The researcher utilised the snowball sampling method in this study. According to Kamarudin
(2013), the snowball sampling method can be defined as a non-probability sampling method in
which existing respondents provide referrals to recruit more samples that meet the criteria to
participate in the study. Since the questionnaire was administered online utilising snowball
sampling, the researcher utilised the Risk Management Facebook page, emails, LinkedIn, and
WhatsApp. A link was distributed to 30 initial respondents who form part of the target
population. The initial respondents were asked to share the questionnaire link with similar
individuals through the same social media platforms. Participation was strictly voluntary, and
the participants were asked not to leave any identifying marks on the questionnaire.
The questionnaire was only be distributed electronically to the participants due to COVID-19.
The questionnaire firstly outlined the importance of the study and the participation of the
participants. The questionnaire consisted of the following sections: (A) demographic
information, (B) financial well-being, (C) behavioural finance biases, (D) risk identification,
(E) risk perception scale including the risk tolerance scale and (F) external or international
events. It is important to note that endogenous factors refer to internal factors influencing the
risk perception of insurance policyholders namely, financial well-being and behavioural
finance biases. On the other hand, exogenous factors refer to external factors influencing the
risk perception of insurance policyholders namely, political-legal, market fluctuations, crime
and unemployment.
The first section, Section A, comprised various demographic factors such as age, gender,
ethnicity, the highest level of education, and the insurance policyholders’ annual income. The
demographics mentioned above were used because previous studies have found a difference in
the amount of risk participants are willing to take based on their demographics (Dickason &
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Ferreira, 2018:10851), (Balaji, 2017). Moreover, demographical questions will consist of age,
gender, race, marital status, employment status, level of education and annual income.
Similarly, Rossini and Maree (2005:45) proposed that socio-cultural questions include
religious beliefs, financial awareness and health awareness as utilised in this study. In addition,
studies by Yao et al. (2011:883), Sund et al. (2017:99), Dickason (2017:216) and Abass
(2018:288) found that demographic factors are an important part of research as they influence
an individual’s risk perception. Seeing that most studies have focused on the influence of
demographics on risk perception, several studies by Hammitt et al. (2009:130); Yao et al.
(2011:885); Dohmen et al. (2011); Outreville (2013), Noussair et al. (2012), and Kumar (2016)
also established certain socio-cultural factors to have a significant influence on the risk
tolerance and risk perception of individuals.
Leon and Pfeifer (2013) further highlighted that individual religious beliefs are a significant
determinant of the willingness to take risks as it shapes one’s norms and values. In addition,
having a religious involvement is associated with higher risk aversion in individuals (Dohmen
et al., 2011). The study by Leon and Pfeifer (2013) found that, in a general sense, Christian
religions are less risk-tolerant, and the same holds for Muslims, Buddhists, Hindus, and Jews.
Therefore, individuals with a religious affiliation are more risk-averse than individuals who are
not religiously affiliated (Renneboog & Spaenjers, 2012; Noussair et al., 2012).
According to Kumar (2016), understanding the effects of health on risk perception is important
for understanding a wide range of financial decisions. Interestingly, poor health exhibits a
decrease in risk aversion (Kumar, 2016). Key findings in a study conducted by Outreville
(2013:158) highlight that people with poor health are less risk-tolerant than people who are
relatively in good health. Therefore, it is of high importance to incorporate demographical and
socio-cultural factors as they will form an integral part of the study.
Section B consists of financial well-being, where individuals are asked to indicate the level of
financial risk they are willing to take. This approach enabled the researcher to obtain a thorough
understanding of the risk tolerance of the insurance policyholders and their behaviour towards
financial risk during certain financial risk events, which was done through a compilation of
questions.
Section C consists of behavioural finance biases consisting of psychological statements that
will help predict how insurance policyholders base their financial decisions. According to
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Byrne and Utkus (2000), the significance of behavioural finance biases questions is to assist in
understanding why individuals make specific financial choices. This is because individuals are
not always rational but rather influenced by some psychological factor causing them to make
certain choices (Das & Panja, 2019). Therefore, additional behavioural finance biases will
generate an integral part to analyse the internal factors affecting the risk perception of insurance
policyholders.
Section D further investigates how people identify and define risk and insurance risk, which
will indicate what insurance policyholders think risk is. This is an important section in this
study because people’s understanding of risk influences their decision-making, which relates
to how they perceive risk. Research by Manez et al. (2018:53) indicated that effective
communication about risk needs to be considered in order to understand people’s perceptions
of risk.
Section E consists of the risk perception scale that used the Domain-Specific Risk-Taking
(DOSPERT) scale, indicating how insurance policyholders perceive the risk involved in taking
out insurance. Weber et al. (2002) developed this scale and highlighted that it is significant in
research because individuals can score differently on the psychological risk dimensions.
Moreover, it allows researchers to assess both conventional risk attitudes and perceived risk
attitudes in different domains (Blais & Weber, 2006). This section also incorporated the l
relationship of risk tolerance on risk perception of insurance policyholders.
Section F consisted of international events occurring in the external environment, such as
political-legal and global pandemics, affecting the insurance policyholder’s perception of risk.
In order to achieve this, the insurance policyholders were required to indicate the likelihood
that their risk perception was influenced and was measured on a six-point Likert scale, the
following mapping exists; (1 = very unlikely, 6 = very likely) or (1 = strongly disagree, 6 =
strongly agree). Moreover, the external environment was a significant section in this study to
analyse the effect of external events on the risk perception of the insurance policyholders’ risk
perception.
Notably, the Likert scale, a psychometric response scale used to measure perceptions and
attitudes, has been utilised throughout the questionnaire to assess an individual’s perception
and attitude towards various statements (Joshi et al., 2015). The responses were measured on
a six-point scale as established above. Due to COVID-19, a global pandemic, certain
restrictions have been put in place by the government. On 26 March 2020, the government put
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the first national lockdown into effect to curb the spread of the virus. Therefore, the participants
completed the questionnaire online to limit physical contact, and no hard copies were issued.
Moreover, this study will use QuestionPro to construct a structured online questionnaire and
collect the responses.
1.4.3 Statistical analysis
The study utilised the following statistical methods to capture data:
The first statistical measurement was descriptive statistics, which Holcomb (2016:14)
describes as a tool summarising a collection of quantitative information gathered from a sample
or a population. In this study, frequencies, range, mode, mean, and standard deviations was
used. Cross-tabulation is the second statistical measure used, and it addressed several
relationships between several variables (Neelankavil, 2015:274). As such, it determined the
correlations between the behavioural finance of insurance policyholders and their risk
perception. The third tool used was correlations through the use of a simple correlation
coefficient. According to Boslaugh (2012:173), the correlation coefficient measures the linear
association between two variables. The DOSPERT and SCF scales were also utilised in this
study. The scales were measured through a regression and an Analysis of Variance (ANOVA),
which indicates the variation of the likelihood of how endogenous and exogenous factors
influence insurers.
The following regression formula was utilised in the study:
𝑌𝑖 = 𝑓(𝑋𝑖, 𝛽) + 𝑒𝑖
Where,
Yi = dependent variable (DOSPERT scale)
ƒ = function
Xi = independent variable (Demographics, risk tolerance, endogenous factors and exogenous
factors)
β = unknown parameters
ei = error terms
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1.5 CONTRIBUTION OF THE STUDY
The insurance industry is highly dependent on its clients for its daily operations and
understanding the impact of their clients’ risk perceptions is vital for the industry. Moreover,
much research has aimed at analysing the risk perceptions of insurance policyholders, mainly
for motor vehicle insurance. With very limited research on the insurance industry as a whole,
this study will provide a meaningful contribution to the insurance industry by looking at more
than one type of insurance. In addition, previous studies have focused on using scientific
methods which provide a more generalised analysis of the risk perception of insurance
policyholders. This study utilised primary data in the form of a questionnaire found by
Hammersley (2013:22) to provide more factual and trustworthy results when researching.
This study will significantly contribute to academia and the insurance industry by utilising
empirical evidence to determine whether behavioural finance perspectives influence the risk
perception of insurance policyholders. It will also assist in acquiring a better understanding of
whether insurance policyholders’ perception is affected by endogenous and exogenous factors
which many researchers have not incorporated in prior research studies. It will further provide
insight into South African policyholders’ perceptions which will assist insurance companies in
expanding their horizons and providing a better insurance service to their clients.
On the condition that the influence of endogenous and exogenous factors on insurance
policyholders' risk perception is significant, it will be important for insurers to take these factors
into account when assessing their policyholders’ behaviours.
1.6 ETHICAL CONSIDERATIONS
This study was conducted following the North-West University ethical guidelines and
principles (NWU, 2016:15). The participants’ responses were treated confidentially at all
times. To ensure anonymity, the participants were instructed not to include their details or their
names or any identifying markers in the online questionnaire. The participants were not obliged
to partake in the study as their participation in the study is strictly voluntary, and participants
are free to decline participation. Moreover, for the purpose of this study, only primary data
were used. The responses provided by the participants were treated as highly confidential, and
only the researcher had access to their information. In addition, no questionnaires were
distributed to vulnerable persons.
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1.7 CHAPTER CLASSIFICATIONS
This study consists of the following chapters:
Chapter 1: Introduction and background
The study started by introducing a brief background on risk perception and internal and external
factors influencing risk perception. Then, the objectives, as well as research design and
methodology, were discussed.
Chapter 2 and 3: Literature review
A literature review on risk perception and risk tolerance was provided. In addition, the
insurance market was discussed based on previous studies and empirical studies in this sector
and factors influencing this industry. Previous studies on factors influencing the risk perception
of insurance policyholders were also reviewed.
Chapter 4: Research design and methodology
Theoretical research in the literature review was conducted. This research utilised a selfstructured questionnaire where the questionnaires were only distributed electronically. Chapter
4 further provided an outline of the process employed to achieve the empirical objectives.
Chapter 5: Statistical analysis and discussion of results
The results obtained from the questionnaire about the risk perceptions of insurance
policyholders were statistically tested through descriptive statistics, cross-tabulations,
correlations, ANOVA and factor analysis. The results were analysed and interpreted to indicate
possible outcomes.
Chapter 6: Conclusion
The study further concluded on the results obtained about Gauteng insurance
policyholders’ risk perception. Furthermore, it highlighted the study's limitations to
provide recommendations for future researchers who wish to study the subject matter.
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CHAPTER 2: THE CLIMATE OF THE SOUTH AFRICAN INSURANCE
INDUSTRY OVERVIEW
2.1 INTRODUCTION
According to Vivian (2007), the insurance sector has significantly evolved over the
years. Schich (2009) alluded that changes have occurred globally since its first introduction in
the 1600s. The initial introduction of insurance only saw local and regional carriers writing life
and fire insurance, which caused them to be widely popular in the industry. Henceforth, the
industry has grown substantially in terms of the number of insurance products and buyers of
insurance, policyholders (Binder & MuBhoff, 2016). Since its existence, various companies
have populated and prospered in the insurance industry offering differing insurance products
and insurance policyholders who protect their possessions due to economic pressures. Over
time a wide range of insurance services has become readily available through technology,
reflecting the change in buyer needs and preferences for insurance (PwC, 2020).
The South African insurance market has had no major catastrophic events from 2010 to 2016,
except the severe drought that affected farmers in 2015 (PWC, 2016). Moreover, flooding has
caused damage to crops and agricultural infrastructure, which has cost farmers in South Africa
(Tom, 2021). This has resulted in lower premiums as they did not plant enough crops which
resulted in fewer claims and refunds of premiums. Moreover, the downgrade in a credit rating
affects growth in premiums going forward (FitchRatings, 2020). In addition, COVID-19 has
led to higher unemployment rates which inevitably lead to high crime rates, further inhibiting
economic growth (United Nations Office on Drugs and Crime, 2020). The effect is that
insurance policyholders will be inclined to seek affordable insurance solutions. This will
further impact insurers if they fail to make their products more efficient. It is thus of paramount
importance that South African insurers remain competitive to retain their policyholders due to
the premiums becoming unaffordable (PwC, 2020).

Overall, this chapter defines what risk is and provides an in-depth discussion of the insurance
industry and the challenges that this industry faces. A study conducted by Best (2019) explains
how insurance is sold. This includes the different channels that are involved in the sale of
insurance. To shape the study, Chapter 2 provides an analysis of how insurance companies are
currently performing in South Africa based on the evidence collected from the Global
Competitiveness Report (2019). Moreover, the insurance industry plays a fundamental role in
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every economy, which Dickinson (1998), ECB (2009) and the World Bank (2020) identified
as savings and investment intermediary, promoting financial stability among households and
firms, and risk protection, respectively. Patel (2019) shaped the study through a discussion of
the principles that shape the insurance industry as well as the challenges faced by the industry,
which were pointed out in studies conducted by Viscusi (2006); Rocheteau (2006); Sottilotta
(2012); MiWay (2019); PwC (2020); Kalinda (2020); Deloitte (2020) and Ndlela (2020) over
the years. Lastly, this chapter discusses the regulation of the insurance industry with two
important Acts.
2.2 DEFINING RISK
Risk is a word with various meanings to various people in a society and can be defined in
different ways (Adams, 2014). Risk forms part of every human endeavour (Damodaran, 2008).
From the moment one gets out of bed, takes a bath, drives to work and until they get back to
bed, they are exposed to several degrees of risk. In a general sense, Outreville (1998) defined
risk as the possibility of an event going wrong. In a broader view, risk refers to the uncertainty
of the outcome of an event (Singh, 2009). Uncertainty means not knowing what will happen in
the future; hence, the greater the uncertainty of an outcome, the greater the risk. Finucane et al.
(2000:17), Elmiger and Kim (2003) and Crane et al. (2013) held the same definition of risk
and further elaborated that it is a function of profit or loss. Brown (2014) elaborates that risk is
created by the difference between the way that experts and the public think about risk. Gurung
(2016), a scientist, defined risk as a hazard multiplied by exposure equating to a consequence.
On the other hand, a regular person in the street defined it as the likelihood of something going
bad. Figure 2.1 provides a graphical definition of risk.
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Figure 2. 1: Graphical definition of risk
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From these definitions, it is evident that there cannot be a single definitive answer describing
what risk is. However, risk practitioners Hillson and Webster (2005) highlighted that the term
risk only sees the downside of an outcome. The British Standards Institute (BSI) (2018) echoes
this general view which states that risk is the uncertainty that can affect the achievement of
goals. In our society, risks such as death, robbery, fire, and accidents occur (Hillson & Webster,
2005). These incidents can have a detrimental loss to individuals because people do not have
certainty over when and how they occur. This lack of certainty is what has been defined as a
risk (Singh, 2009).

There is undoubtedly a distinction between the risk of losing money from an investment and
the risk of being hit by a moving truck while jogging next to it (Crane et al., 2013:258). The
difference leads to a classification of risk into speculative and pure risks. Speculative risk refers
35

to the family of risks in which some possible outcomes are beneficial (Fitzherbert, 2003). In
other words, a speculative risk is a situation that might also end in gain. In contrast, pure risk
accompanies only the possibility of a loss, with no possible outcomes of gain (Alwang et al.,
2005). Therefore, pure risk and speculative risk will be discussed in the following section.

2.2.1 Speculative risk
According to PricewaterhouseCoopers (PwC) (2019), speculative risk involves the possibility
of a gain or a loss. This type of risk is more common in business enterprises. Shiller
(2014:1486) gives an example that if one decides to venture into a new business, there is a
possibility of gain if the business is successful, and a possibility of sustaining a loss occurs if
the business is unsuccessful. For example, if an individual buys shares in a company, the
prospects of making a gain occur if the shares rise in the stock market, and a loss will occur if
the shares fall in the stock market (Wang & Wen, 2012:184). Similarly, gambling is another
example of speculative risk. It involves the expectation of either making a gain or sustaining a
loss (Arthur Williams, 1966:577). If a person engages in sports betting with R800, the outcome
of the match faces both be the possibility of loss or gain, which makes it difficult to ensure
speculative risk. Contrary to speculative risk is a pure risk.
2.2.2 Pure risk
Simsek (2013:1365) highlighted that a pure risk involves a situation of a possible loss or no
loss. This means that if you go to work in your car, you cannot be certain whether you will be
involved in an accident or not. For example, your car may run into someone’s property or injure
someone walking in close proximity. Similarly, when you buy a phone, you face the prospect
of the phone being stolen or not being stolen; that is, there is the uncertainty of loss (Wang &
Wen, 2012:185). When involved in the situations above, you will suffer a loss. However, if
you return home without being involved in an accident and with the phone not stolen, you will
suffer no loss. Therefore, in pure risk, only two possible outcomes occur which are, loss or no
loss. Under pure risk, there exists a possibility of gain or benefit. Calder (2017) supported this
view by stating that you derive no gain from your house not being burnt down or your phone
not being stolen. This means that only pure risk can be insured (Calder, 2017).
2.3 RISK RESPONSES
According to Outreville (1998), in response to a need for protection against the risk of losses,
the insurance industry emerged. This means that an individual can shift the financial risks to
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an insurance company as a response to exposure. Primarily, insurance is a form of risk
management used to hedge against the uncertainty of a loss (Kendrick, 2009). Generally,
people have a misconception of what risk management is as they tend to view it as simply
buying insurance. However, several risks that an insurance company cannot insure can be
catered for by several risk responses. The following section explains:

2.3.1 Risk avoidance
Risk-taking or its inverse, risk avoidance, is frequently mentioned by risk practitioners.
According to Gatzert et al. (2016:641), risk avoidance refers to the complete elimination of
activities or decisions that may cause harm or negatively affect one’s financial assets. In a
similar vein, Shahzad (2010) defined it as an informed decision not to be involved in or to
withdraw from activity to not be exposed to a particular risk. Risk avoidance is also considered
the most effective way to prevent risks because risk is completely avoided (Dinu, 2013). Also,
Wang and Wen (2012:185) highlighted that an individual could avoid the risk of getting
involved in a car accident by simply not driving the car. Similarly, an individual would avoid
the risk of losing their phone while jogging by leaving it at home. This risk response is ideal
for risks that tend to cause a severe impact on a project or business (Antonites & Wordsworth,
2009:69).

2.3.2 Risk mitigation
Virdi (2005) stated that risk could not be avoided altogether; however, it can be mitigated. Risk
mitigation or risk reduction refers to the minimisation of activities that may be harmful to one’s
health or possessions or lead to a major loss (Gatzert et al., 2016:642). It is the most common
way most businesses choose to deal with their risks (Ward, 2001:7). It is important to also
emphasise that reducing risk is not entirely sufficient in managing risks as it minimises the
risks, not eliminates them (Rao & Metts, 2003). This approach is established on the
fundamental principle that action taken to reduce harmful risks is more effective than fixing
damages after the risk occurs. According to Lai (2014), individuals can reduce the amount of
damage or losses certain risks can have. This can be achieved by incorporating specific
adjustments to the life of an individual. Harner (2011:470) further elaborated, stating that the
risk of getting injured in an accident can be mitigated by wearing a seatbelt in a car.
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2.3.3 Risk assumption
According to LiPuma and Lee (2004), risk assumption is a risk management technique
generally referred to as risk acceptance or self-insurance. Aiuppa (2001:16) further defines
self-insurance as the act of establishing a monetary fund that can be used to cover the loss
caused by a risky event. Moreover, risk assumption can be defined as a situation whereby an
individual or business would predict the likelihood that losses or a threat could occur but takes
action to protect against these losses (Besar et al., 2011). Several researchers, Repullo
(2005:47), Olsson and Spejelkavik (2014:197), refer to risk assumption as a last resort. This
means that risks cannot be avoided or mitigated but accepted or assumed. According to Ahmed
et al. (2007), accepting risk means simply dealing with the consequences that come with the
risks.

2.3.4 Risk shifting
The most popular and most effective way of dealing with risk is to shift or transfer it to an
insurance company. The insurance company pledges to cover the loss to an individual’s
possession at a specific cost (Tavares, 2002:18). The fee that the insured pays to an insurance
company is commonly paid once a month and is known as a premium (Huang et al., 2011).
The two participants, the insurer and the insured sign a contract called an insurance policy, and
the insured is referred to as an insurance policyholder (Gilje, 2016). Risk shifting, therefore,
entails the shifting of losses from the policyholder to the insurer (Aiuppa 2001:16).

Huang et al. (2011) state that in most cases, the insurance policy is drafted for one year
thereafter, the policyholder can renew it each year. The contract specifically stipulates the
payable premium as well as the losses the insurance will cover. Insurance is, therefore, an
agreement between the insurer and the policyholder which stipulates that the insurer will
protect the policyholder against losses at a given fee (Halek & Eisenhauer, 2001:1). However,
insurance companies will not cover all kinds of risks; some are insurable risks while some are
uninsurable risks. Insurable risks are risks that the insurance company will be able to cover,
such as the risk of loss by fire, theft, accident, sickness and death (Halek & Eisenhauer,
2001:24).

On the other hand, uninsurable risks are the risks insurance companies will not cover. These
risks are commonly known as speculative risks (Yoo, 2014:727). For example, an insurance
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company will be able to protect a shop owner against losses due to a fire but will not be able
to protect the shop owner against losses resulting from low sales of the goods sold.

Figure 2. 2: Graphical representation of insurable and uninsurable risks faced by
businesses and individuals
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Source: Risk Management and Insurance (2016:4)

As shown in Figure 2.2 only pure risks are insurable, the following section elaborates on the
two types of insurance, short-term and long-term.
2.4 TYPES OF INSURANCE IN SOUTH AFRICA
Businesses and individuals purchase insurance to cover most pure risks which they may face.
They mostly insure their possessions such as buildings, cars, phones and even their life. These
can be classified into two categories, short-term and long-term insurance.

2.4.1 Short-term insurance
Boyer and Gobert (2008:289) state that short-term insurance is simply insurance that can be
purchased for a short period to guard against losses. Individuals purchase short-term insurance
for temporary insurance needs. Short-term insurance aims to cover the policyholder in the case
that an unexpected accident or illness occurs (Moodley, 2019:16). Short-term insurance
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companies mainly offer cover for as little as 30 days up to 5 years. This type of insurance
encompasses all existing types of insurance besides life insurance (Ayuso et al., 2019).
Amongst these include car, house, personal liability, as well as business insurance and other
property. According to Accenture (2016), this type of insurance has given South Africans the
ability to cover financial risks to their material possessions and those of their loved ones
without paying extremely high premiums. This type of insurance is popular amongst
policyholders because it caters for changing needs, allowing policyholders to cover their
possessions without a long-term commitment to either one house or one car.

Table 2. 1: Short-term insurance and coverage
Type of insurance
Fire insurance
Motor vehicle insurance
Marine insurance

Business liability insurance

Coverage
Covers losses caused by fire.
Insures against damage or losses
resulting from a car accident.
Protects against losses
originating from goods being
shipped.
Protects the policyholder from
losses originating from an injury
to a person or property.

Source
Enu et al., 2014
Porter, 2007
Yorulmaz, 2016

Holzheu & Lechner, 2009

Source: Author compilation

2.4.2 Long-term insurance
Unlike short-term insurance, long-term insurance aims to provide the holder with an income in
the long-term, which is retirement (Cutler, 2003). According to Warshawsky (2003), long-term
insurance also provides a lump sum of money if the holder becomes permanently disabled or
passes away. Examples of long-term insurance are life insurance, funeral insurance as well as
retirement annuities. Generally, one may require long-term insurance if they are involved in a
car accident that does not allow them to live independently. In the event of death, the
beneficiaries will be paid a monthly allowance or lump sum to assist with finances that were
previously catered for by the deceased (Osterman, 2017). However, long-term insurance
policies often include hefty premiums, making it less popular (Warshawsky, 2003). The
complexity surrounding long-term insurance policies may cause people who purchase them not
to read the fine print. This may further result in the realisation that it does not fit their needs,
thus resorting to the cancellation of the policy at a later stage.
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Table 2. 2: Long-term insurance and what it covers
Type of insurance

What it covers

Source

Life insurance

Pays the beneficiary the amount Outreville, 1998
stated on the policy of the
insured when death occurs or
disability.

Funeral insurance

Provides a cash payout within 1 Discovery, 2020
to 2 days of death to ensure that
funeral finances are taken care
of.

Retirement annuity

Provides the policyholder with a Sanlam, 2015
monthly fee when they retire.

Source: Author compilation

Although insurance policyholders have one thing in common, which is insurance, they are
individuals who have different perceptions towards risk. This leads them to take different
insurance coverage and different life choices concerning their possessions and lives. The
following section will focus on defining risk perceptions and the factors influencing the risk
perception of individuals.
2.5 THE SOUTH AFRICAN INSURANCE INDUSTRY
Firstly, insurance is a form of risk management in which an individual or a company purchases
protection against unexpected financial losses in exchange for a fee (premium) (Tulai et al.,
2009). PwC (2019) illustrated the concept of insurance by stating that when an individual is
involved in an accident without insurance cover, all financial costs will be paid by the
individual. Therefore, purchasing an insurance cover reduces the risk of bearing all financial
costs resulting from unexpected losses.

In addition, Tulai et al. (2009) stated that an insurance policy is a written contract between the
policyholder and the insurer indicating how the policyholder is protected against losses.
Insurance policies are contracts that are often valid for a specific period where the policyholder
is insured. This is referred to as the policy term. In the event that the policy expires, the insured
is required to renew the policy or purchase a new insurance cover (King Price, 2019). During
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the policy term, the policyholder ought to pay a premium which is usually paid monthly in
exchange for the protection. Thus, the higher the risk, the higher the premium, vice versa.

Given the brief explanation of what insurance is, a detailed explanation of the different types
will be given in the sections to follow. Within the financial sector, insurance products are sold
differently. This is outlined in the following section.

2.5.1 How insurance is sold
Insurance is sold through various channels, including face-to-face, over the internet, phone or
through associations and affinity groups. How insurance is sold is summarised under Table 2.1
as described by (Best, 2019).

Table 2. 3: Different channels for selling insurance
The channels

How it is sold

Brokers

Insurance brokers bring customers and the insurance company into a
contractual agreement and help policyholders with the claim in an
efficient manner.

Managing agents

The insurer authorises an individual or company through commission
to underwrite policies for clients.

Direct sales

In order to increase savings through marketing, direct selling takes
place in insurance companies by removing an agent from the
transaction.

Source: Best (2019); Cummins & Doherty (2006); Deloitte (2020).
There are several channels of how insurance is sold, and to be able to sell insurance, insurance
companies have to be financially sound. The following section discusses the performance of
insurers in South Africa.

2.5.2 The financial performance of insurance companies in South Africa
According to Klein (2008), the insurance industry is essential in every economy because
without insurance cover, individuals would be exposed to large losses, which can adversely
affect the overall economy. The Global Competitiveness Report (2019) indicates that the South
African financial system was rated 19th out of 141 countries with insurance premiums (volume
to GDP) ranking 3rd out of 141 under the financial system pillar. The South African economy
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is currently home to 79 long-term insurers and 100 short-term insurance companies (Sibindi
& Zingwevu, 2015:96).

Redda (2015) stipulates that there has been increased competition in the financial services
sector, largely influenced by new entrants that stem from insurance and motor vehicle
production sectors. Table 2.2 lists the various insurers in South Africa as well as how they have
been performing. The financial performance is measured in total assets that the company had
in 2017 and 2018. Therefore, the higher the total assets, the greater the financial soundness of
the company and the lower the total assets, the poorer the company's financial soundness.
Table 2. 4: Financial performance of South African insurers (R’000)
Insurer

2017

2018

Increase/Decrease

ABSA Insurance

2 507 029

2 984 702

Increase

4 816 106

4 058 149

Decrease

652 842

741 629

Increase

1 796 705

2 297 778

Increase

857 996

859 958

Increase

810 809

1 033 685

Increase

251 861

291 898

Increase

1 759 834

2 388 185

Increase

418 716

429 482

Increase

Company Limited
AIG South Africa
Limited
Alexander Forbes
Insurance Company
Limited
Allians Global
Corporate
Bidvest Insurance
Limited
Bryte Insurance
Company (RF)
Limited
Clientele General
Insurance Limited
Discovery Insure
Limited
First for Women
Insurance Company
(RF) Limited
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The Hollard Insurance 11 162 770

10 778 367

Decrease

748 091

Increase

10 537 000

Increase

6 284 728

Increase

28 621 000

Increase

Company Limited
Momentum Insurance 528 214
Company Limited
Old Mutual Insure

10 907 000

Limited
OUTsurance Insurance 5 961 129
Company Limited
Santam Limited

25 984 000

Source: KPMG (2019)
KPMG (2020) stated that the sector has strived amid an extremely volatile and uncertain
political and economic environment in South Africa. Matemane and Wentzel (2019) and
World Bank (2020) also highlighted that the insurance industry has performed well and
contributed positively to the South African economy. There have been increases in the insurers'
total assets, as listed in Table 2.2, highlighting that the industry is performing well. As depicted
in Table 2.2, 85% of the companies have shown an increase in total assets between 2017 and
2018, which further translates to the greater financial soundness of the companies. According
to Klein (2008), insurers need to perform well financially because of the trust that
policyholders have in them for protection against an untimely demise or unforeseen losses to
personal assets.

From a global perspective, the services offered by the insurance sector are crucial to the world
economy in terms of risk protection towards the possessions of individuals. Therefore, the next
section provides a discussion of the insurance sector’s functions in the economy.
2.6 THE FUNCTIONS OF THE INSURANCE SECTOR IN THE ECONOMY
According to Dickinson (1998:519), both life insurers and non-life insurers play a significant
role in the economy. The two important roles are risk transfer and the role of mobilising savings
and stimulating capital. Skipper (1997:17) further adds to the list risk protection, underwriting,
and financial intermediary between customers.
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2.6.1 Insurance sector as a savings and investment intermediary
Dickinson (1998) stated that there are several ways in which insurance companies can give rise
to savings in the private sector. Firstly, both short and long-term insurance companies stimulate
private savings in some way because insurance premiums are paid in advance by
policyholders while claims are paid at a later date after covering operating costs. The time delay
between the premium paid and the payback of claims differs between short and long-term
insurance policies. Understandably, the delay is larger for long-terms insurance policies; hence
the accumulation of investable funds is higher (Njengomir & Miskic, 2018).

Secondly, long-term insurance, such as life insurance, has a remarkable saving element. This
arises not because premiums are paid in advance as mentioned; however, it arises because the
life insurance policy deliberately imposes the financial commitment of the policyholder to save
for the future (Skipper Jr, 2001:5). Therefore, saving here is voluntary and intentional instead
of paying insurance premiums for short-term insurance, which is sometimes considered
involuntary savings (OECD, 2017). Undoubtedly, the efforts of insurance companies in
creating effective sales have played a significant role in the life insurance business, which has
further stimulated the long-term savings in the economy (Panitchpakdi, 2007).

2.6.2 Promotes financial stability among households and firms
With the primary role of ensuring that the risks of individuals and firms are catered for, insurers
also contribute to stabilising these sectors’ balance sheets. In so doing, insurers give rise to
potential financial stability in a country (ECB, 2009). The insurers play a significant role in
promoting the financial stability of households and firms’ balance sheets by safeguarding the
assets by insuring their risks (ECB, 2009). Moreover, Das et al. (2003) stated that insurance
companies promote financial stability among firms and individuals through the transfer of risks
to which they are exposed to. Therefore, this encourages firms and households to pursue
various undertakings such as wealth creation and beneficial projects they could not engage in.

2.6.3 Risk protection
A few researchers alluded that having insurance companies in the country relieves the
government’s tight budget (World Bank, 2020 & Delloitte, 2020). A strong insurance industry
reduces the demands on the government to provide social security. This is because the
insurance sector can provide cover for individuals and firms in exchange for a premium instead
45

of relying on the government to provide social security. For individuals with life insurance, this
is a form of personal retirement planning that an individual can rely on instead of waiting on
the government’s social security programs. Also, insurance lowers the total risk faced by the
economy since insurers are promoters of risk mitigation activities and aim to manage the risks
that they and the policyholders are exposed to (KPMG, 2020).
2.7 THE PRINCIPLES OF INSURANCE
The principles of insurance are the fundamental building blocks that ensure that the insurance
sector operates at set standards. The following sections provide a discussion about the
principles of insurance.

2.7.1 Principle of utmost good faith
According to Patel (2019), the principle of utmost good faith, the parties to an insurance
policy are obliged to observe good faith with each other. Brown and Seck (2013:541) highlight
the common law principle of Caveat Emptor means the buyer should be aware, which applies
to commercial contracts gives the seller the right not to give all the information to the buyer
but only respond to all the questions and concerns rendered by the buyer. This principle
also ensures that the seller should not be misleading or deceitful in disclosing the
information. However, insurance contracts apply the principle of Uberrima Fides; that is,
utmost good faith should be observed, and simple good faith is not enough (Patel, 2019).

In insurance contracts, the insured (buyer) is supposed to know everything concerning the asset
they wish to insure; therefore, it is required to practice utmost good faith by providing all the
relevant information to the insurer (seller) (Chowdhury, 2007). Likewise, the insurer has to
search for relevant information concerning the insured’s request through an in-depth
examination of the asset or the individual’s lifestyle for life insurance (Patel, 2019). The
insured is required to observe the utmost good in insurance contracts because they may not
reveal details of past illnesses or accidents. Similarly, the insurer is required to observe utmost
good faith in the dealings and should not be deceitful or make fake promises to the
insured (Chowdhury, 2007). Therefore, both parties are equally required to practice utmost
good faith before the risk is covered.
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2.7.2 Principle of indemnity
Van Niekerk (1997:1204) defined indemnity as the protection one receives against loss or
financial stress. The principle of indemnity also suggests security and guarantee as substitutes
to the word, which lay the foundation for the principle of indemnity in insurance.
Precisely, in insurance contracts, the principle of indemnity is the financial security that places
the insurance policyholder in the same financial position after a loss that they enjoyed before
the loss took place (Palmer, 1990:74). This, therefore, prevents the insured policyholder from
acquiring more than the amount of the loss and the insured should not make a profit from a loss
event but rather acquire the value of the asset at the time of the loss event such as fire or theft.
Ultimately, this principle of indemnity is heavily dependent on the constant financial evaluation
of an asset.
2.7.3 Principle of contributions
The principle of contribution in insurance is carried out when more than one insurance policies
are covering the same risk, and as a result, the total payment is divided among all different
insurance policies (Patel, 2019). Also, this principle is closely linked to the principle of
indemnity mentioned above in that it is used to maintain the principle of indemnity. This means
that the principle of contribution only applies to specific contracts that include indemnity. This
principle gives the right to the insurer to claim from all the different policies covering the same
loss. According to Vijayan (2016), if one insurer pays for the full loss, he has the right to claim
from the other insurers that have received payments from the policyholder.

2.7.4 Principle of loss minimisation
Aris (2019) alluded that the principle of loss minimisation is essential in insurance policies. It
states that the insurance policyholder should, at all times, ensure that loss is minimised of the
insured property. In the event of a fire on a house that has been insured, the insurance
policyholder has to take all appropriate steps, such as trying to put down the fire and reduce
further damage to the house and save the property (Patel, 2019). This ensures that the
policyholder does not relax because the property is insured but avoids larger losses (SwissRe,
2019).
2.8 REGULATION OF THE INSURANCE INDUSTRY
According to Otto and Henderson (2005), regulation refers to the set structure followed by an
underlying system. In the same light, the insurance sector is regulated to monitor and preserve
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the industry. In aggregate, the insurance sector standardises various policies and products to
control the business of insurance through preventing unfair trade, which may lead to failure of
the industry if not regulated. The regulation of the insurance industry includes short-term and
long-term insurance.
According to Jackson (2020), South Africa is home to a dynamic insurance market, and it
continues to do so by advancements in insurance products. Similar to the Bank Act, which
regulates banks, the Insurance Act regulates the prudential requirements of all insurers in the
insurance industry in South Africa. The Insurance Act further issues guidance on interpreting
the Act (The Department of Justice and Constitutional Development of South Africa, 2018).
Highlighted by The Department of Justice and Constitutional Development of South Africa
(2018), two distinctive Acts are regulating the insurance industry in South Africa, the ShortTerm Insurance Act 1998 (STIA) and the Long-term Insurance Act 1998 (LTIA).

Firstly, the STIA provides regulated registration of short-term insurers and aim to control
certain short-term insurance activities such as an accident and the insurance of short-term
assets. Secondly, the LTIA regulates long-term insurers and controls various activities
connected with life insurance. Lastly, the Financial Advisory and Intermediary Service Act,
2002 regulates institutions providing advice to intermediary services to its customers. The Acts
stipulate that any individual in the business of insurance ought to be licensed to do so.
Furthermore, financial advisers, brokers or underwriters are at the heart of the industry and
should be authorised to provide financial advice that is not misleading to insurance
policyholders and potential policyholders (Jackson, 2020).

According to Sibindi and Zingwevu (2015:98), the South Africa insurance sector, short and
long-term, is regulated by the Financial Services Board (FSB). Initially, the drive for insurance
regulation has been to enhance how the market conduct of insurance companies financially
sound regulations. Jackson (2007:253) indicated that market conduct was regulated with
policyholder protection in mind. Treating Customers Fairly (TFC) was implemented in the
same category because policyholders often feel that they are not treated fairly when they claim;
additionally, insurers are not fully open with policyholders. Table 2.3 below summarises some
of the Acts that govern the Insurance industry in South Africa.
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Table 2. 5: The South African insurance Acts
Act

Objectives

Financial Advisory and

To protect the policyholder and all staff employed herein

Intermediary Services Act (Act

and to regulate the giving of advice to policyholders.

37 of 2002)
Financial Supervision of the

To further regulate the affairs of the Road Accident Fund

Road Accident Fund Act (Act 8 and to provide for matters connected in addition to that.
of 1993)
Long-Term Insurance Act (Act

To provide for the registration of long-term insurers; for

52 of 1998)

the control of certain activities of long-term insurers and
intermediaries; and for matters connected in addition to
that.

Short-Term Insurance Act (53 of To provide for the registration of short-term insurers; for
1998)

the control of certain activities of short-term insurers and
intermediaries; and for matters connected in addition to
that.

Source: The Department of Justice and Constitutional Development of South Africa (2018)

From Table 2.3, it can be deduced that the Acts aim to protect both the insurer and the insurance
policyholder. Dinnie et al. (2013) highlighted the importance of the Insurance Act in
protecting the policyholder. MiWay (2020) stated that South Africa’s policyholder protection
regulations continue to change. The STIA and LTIA aim to protect the policyholder's rights
who are highly prone to deceit. In a similar vein, the FIAS Act ensures that intermediary
remuneration is disclosed and aims to mitigate conflicts of interest connected herewith.
Although regulated, the insurance industry sets its standards and has established short and longterm policies to settle personal claims fairly.
2.9 CHALLENGES FACING THE INSURANCE INDUSTRY
While many industries in South Africa feel the burn due to the economic climate, the insurance
industry faces a range of challenges that affect both the consumers and, in turn, the insurance
companies. The following sections give a detailed discussion of the challenges facing the
insurance industry.
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2.9.1 Retaining customers
According to PWC (2020), customer retainment is the biggest challenge faced by insurance
companies. Retaining customers is essential for insurers because it is their source of income.
Losing customers would mean that premiums stop coming in, which can inevitably put an
insurer out of business (Kalinda, 2020). Insurance policyholders tend to switch between
different policies and different insurance companies due to dissatisfaction, market fluctuation
or financial strain. This is a challenge for insurers because they heavily depend on premiums
paid monthly by insurance policyholders. A lack of an inflow of premiums deems the insurance
company non-profitable.
Moreover, policyholders switching between policies means that the underwriter is required to
draft a new policy. This can impact the productivity and cost-efficiency of the insurer (Deloitte,
2020). This translates further to the sensitivity of the industry. Kalinda (2020) indicated that
external forces such as market fluctuations, political circumstances, and crime significantly
impact policyholders as they change their behaviour.

2.9.2 More catastrophic events
According to the advice from PWC (2020), insurers are faced with unforeseeable serious
catastrophic events, which are becoming more severe and more frequent with the years. The
challenge with this is that it affects both the insurer and insurance policyholder as a new,
unforeseeable event strikes. The most recent COVID-19 has changed insurance policies
and has seen many people lose out on their premiums due to failure to pay the insurer, leading
to losses. Born and Viscusi (2006:55) assert that these events are a challenge to the insurance
industry. As losses arise, the insurer’s challenge is a lack of sufficient resources to cover the
losses. Less dramatically, the insurer may increase the premiums charged to the policyholder
to cover the losses, resulting in dissatisfaction and may cause the policyholder to switch
between policies. In addition, the mass looting experienced in South Africa had a detrimental
effect on insurers. This was driven by several factors including politics, crime and
unemployment. Moreover, this could potentially increase the cost of insurance in the medium
to long term because insurers did not anticipate the amount of payouts made to clients.

2.9.3 The impact of crime on insurance policyholders
Crime is an unending challenge faced by all in South Africa. Crime statistics show South Africa
has the highest crime levels, particularly Gauteng, where total crimes reported for Gauteng in
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2018/19 came to 563,794 (StatsSA, 2020). The crimes committed that may impact
policyholders, and their insurers include car hijackings, theft or burglary. These crimes are the
core reason why people take out insurance to be able to protect their possessions when the
inevitable occurs. Without protection from an insurer, individuals risk losing their valuable
possession without reimbursement. For example, in the case that a policyholder buys a phone
and insures it through a trusted insurance company if it is stolen the following day, the insurer
will be obliged to replace the stolen phone.

Given that South African crime levels are a major concern, the root cause of the high premiums
paid by insurance policyholders. Ndlela (2020) asserts that high crime levels further heighten
policyholders’ awareness of the risks they face. It causes them to always be on the lookout for
crime statistics to make calculated risks concerning their insurance policies. According
to KPMG (2020), South Africa’s skyrocketing crime levels negatively affect short-term
insurance policies because the premiums will continue to increase while crime levels escalate.
This is merely because insurance policies, mostly in high crime zones, generally account for
the risk of crime in the premiums charged (MiWay, 2019).

Crime levels in a country have great potential to affect an insurer and an insurance policyholder
simultaneously (Ndlela, 2020). An increase in crime levels in a particular area can increase the
premiums the insurer charges the policyholder. This is because the increase in crime levels
means that the policyholders have a higher risk of losing their possession due to theft which
further propels the insurer to increase premiums or alter the level of insurance coverage.
Ultimately, crime is a challenge to the insurance industry due to the risks that arise due to an
increase in crime levels.

2.9.4 The impact of unemployment on insurance policyholders
The past two decades have seen extensive theoretical and empirical research on unemployment
and the challenges it poses to the South African society. Rocheteau (2006) observed that
unemployment could be defined using the strict definition and the broad definition. According
to Junankar (2016), the broad definition defines unemployment as the rate of people who are
unemployed and available to work but have not taken the necessary steps to find work. On the
other hand, South Africa uses the strict definition of unemployment, which refers to
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unemployed people who are actively seeking employment in the last four weeks before the
interview (International Labour Organization, 2019).
South Africa’s unemployment rate has alarmingly increased in the past decade from 23,5% in
2009 to a record high of 28,5% in 2020 (World Bank, 2020). According to Ferreira (2016), the
South African government has been unsuccessful in the fight against unemployment. The cost
of unemployment causes hunger in society and increases crime rates (Raphael & WinterEbmer, 2001:259). Congressional Research Service (2020) stipulated that the increase in
unemployment has been a major challenge to institutions heavily dependent on customers for
survival, in particular, the insurance industry.
Vroman and Woodbury (2014) stated that unemployment could have a negative impact on the
insurance industry. This is mainly because it affects the users of insurance, policyholders. An
increase in unemployment could potentially cause policyholders to have difficulty in paying
for premiums that cover their possessions. Moreover, policyholders have negative sentiments
towards unemployment because an increase in unemployment leads to increased crime.
Policyholders thus tend to keep themselves well informed about unemployment levels to make
appropriate adjustments to their policies. Leibbrandt et al. (2008) highlight that policyholders
fear increased crime or failure to pay premiums if unemployment rates increase.

2.9.5 The impact of political risk on insurance policyholders
Political risk can be defined as the risk that arises due to political instability in a country
(Sottilotta, 2012). Generally speaking, political risk has been likened to country risk, which is
the uncertainty regarding a country that could result in losses for individuals who
are financially

invested

in

that

particular

country.

However,

Hoti and

McAleer

(2003:539) stated that country risk does not only refer to financial risk but also operational.
Country risk further incorporates a range of risks with economic characteristics causing
problems in national environments (Howell & Chaddick, 2007).

According to Essel and Mostert (2013:34), political risk is of paramount importance to business
operations globally because of the adverse impact it has on the financial performance thereof
and may lead to failure of companies and industries. Wilkinson (2014) states that political risk
is rife in developing countries with emerging markets such as South Africa. Political risk
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originates from government and other social pressures in society. It is highly probable that
when a country has an unstable political environment, it may experience unexpected changes
to businesses (Brink, 2004:4). Simon (1984:130) highlighted that the openness of society might
initiate factors such as protests and boycotts, which are a sign of political unrest. According
to Groth and Roberts (2001:302), political risks are heightened when the society’s expectations
of society are not reached.

Ultimately, political risks are a cause for concern for insurance policyholders. It may negatively
influence the insurance performance as unexpected changes occur which were previously
undetected. In addition, the political risk may further negatively influence policyholders’
confidence in the possessions they have insured. This research paper, therefore, aims to
determine whether policyholders consider political risk when making insurance decisions.
Moreover, due to limited resources, the results will determine whether current political
circumstances influence policyholders' decision-making and their opinion towards the current
political circumstances.
2.10 SYNOPSIS
This chapter focused on defining and expanding on the concept of risk and analysing South
Africa’s insurance industry. Within this chapter, subject matters were discussed to set the
study's literature review in line with the objectives set in Chapter 1. The subject matters include
risk, with specific reference to the definition and how it relates to insurance. Furthermore, a
review of the literature on the general overview of the insurance industry with a specific focus
on the role and function of the insurance sector in the economy and principles of insurance was
presented to gain an insight into the industry. The South African insurance industry plays an
important role in the economy that cannot be performed best by other players in the financial
services industry. These specific roles are savings and investment intermediaries, promoting
financial stability among households and firms and risk protection.
Several principles are guiding the insurance industry, owing to this unique industry, which are
the principle of utmost good faith, the principle of indemnity, the principle of contribution and
lastly, the principle of loss minimisation. Like every industry in the economy that faces
challenges, the insurance industry is no different. Chapter 2 discusses retaining customers,
more catastrophic events, the impact of crime, unemployment and political risk on the
policyholders as the challenges faced by the insurance industry. Lastly, this chapter focuses on
the regulation of the insurance industry.
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In the following chapter, Chapter 3, an analysis of the factors influencing the risk perception
of insurance policyholders will be provided. The topics discussed in this chapter
include contextualising risk, discussing the influence of demographics, financial wellbeing, behavioural finance, and the external environment on risk perception.
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CHAPTER 3: RISK PERCEPTION

3.1 INTRODUCTION
Everything a person does involves some level of risk attached to it. According to Schulmerich
(2002), risk is defined as the uncertainty regarding the outcome of an event. Similarly, several
researchers, Weipers (2002), Damodaran (2008), Singh (2009) and Gurung (2016), defined
risk as a concept that human beings established to assist them in coping with the hazards and
uncertainties of life. These uncertainties can cause people to be either less tolerant or highly
tolerant towards engaging in certain events causing them to have different perceptions towards
risk. Risk perception, therefore, emerges because some individuals may fear engaging in an
event while other individuals will not. This is also true to insurance policyholders who may be
less fearful of engaging in certain financial or non-financial choices, while others may be more
fearful of doing so.
Ricciardi (2004) stipulated that individuals have different perceptions towards risk, which can
be affected by demographic and socioeconomic factors such as age, gender, race, level of
education, and income levels. These factors cause people to view risk differently as younger
people tend to be more willing to accept high levels of risk while older people may not engage
in high-risk events or circumstances (Olsen & Cox, 2001).
In order to shape this study, in-depth discussions on the link between financial well-being and
risk perception are necessary. A study by Olsen (1997:62) highlighted that individuals who
have poor financial well-being are more fearful of risk, hence being less accepting of risk, while
those with sound financial well-being are less fearful and therefore more accepting of risk.
Similarly, behavioural finance forms a fundamental part of the study by focusing on the
influence of worry, catastrophic risk, familiarity, attention, heuristics, loss aversion and
representativeness on risk perception (Ricciardi, 2004). Lastly, the external environment that
involves factors occurring outside may affect organisations and influence risk perceptions. A
recent reference to this is COVID-19, which has shaken the entire world, has also influenced
how insurance policyholders perceive risk (Medyanik, 2020).
Through analysing literature, Chapter 3 will, therefore, lay the foundation for achieving the
following objectives:
•

Contextualising risk perception;
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•

Determine how demographical factors influence the risk identification and risk perception
of insurance policyholders;

•

Determine the relationship of risk tolerance on risk perception of insurance policyholders;

•

Identifying the endogenous factors that influence risk perception of insurance policyholders
in Gauteng; and

•

Identifying the exogenous factors that influence risk perception of insurance policyholders
in Gauteng.

Therefore, the first section of this chapter focuses on defining risk and the different techniques
of managing risk. The different factors influencing risk perception have been outlined to
explain risk perception. The second section discusses the overview of demographics and how
they influence risk perception. The third and fourth sections outline the overview and link
between behavioural factors, financial well-being, and risk perception. The last section goes
on to establish the link between risk perception and influences from the external environment.
3.2 DEFINING PERCEPTION
Schwartz (1998) and Weber (2003) are part of the few economists that have extensively
discussed the concept of risk perception in their studies. According to Epstein and Pava
(1994:60) this concept of perception indicates the existence of subjective risk as a component
that was previously not recognised by most researchers. Pinegar and Ravichandran (2003:230)
stated that perception refers to the ability of individuals to view objects and mentally acquire
the qualities utilising senses, awareness, and comprehension. Wade and Tavris (1996) provide
a psychological definition of perception as the process of organising and interpreting sensory
information through the brain. Luthans (1998:101) regards perception as a unique and
complicated concept whereby mastering it lies in how the individual interprets a situation, not
the detailed record. Similarly, Halsem (2003) describes perception as selecting environmental
stimuli to produce a meaningful experience for the individual who perceives it. Moreover, it
involves the process of taking in information and making sense of it. Perception recognises the
searching for, acquiring, and processing information about events, people, and situations
happening around people (Weber, 2003).

The importance of perception is that it shapes how people become conscious of what is
happening around them (Chew & Jahari, 2014:382). Perception is also a fundamental building
block to understanding individuals' behaviour, which is a complicated technique by which
stimuli affect an individual. Holm et al. (2017:115), in another view, define perception as a
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methodological process of organising and interpreting one’s sensory intuition concerning
events or actions to give meaning. Perception is also referred to as the best explanation for
sensory information that an individual can settle on based on a person’s past experiences and
knowledge. Wolff et al. (2019) further described perception using a unique definition.
Perception refers to the world as experienced, seen, heard, smelled, and tasted. Although one
cannot put themselves in another’s shoes, perception accepts verbal reports of people’s
experiences. This means perception is the process of utilising another individual’s experience
to acquire clues to your own experience.

It is clear that literature has a variety of interpretations regarding the exact definition of the
concept of perception according to the works of Epstein and Pava (1994:60), Wade and Tavris
(1996), Luthans (1998:101), Schwartz (1998), Pinegar and Ravichandran (2003:230), Halsem
(2003) Weber, 2003), Holm et al. (2017:115), and Wolff et al. (2019) which is similar
regarding the concept of risk. Thus, authors from the area of finance and investments, Rock
(1995) and Ricciardi (2004), formulated the basic characteristics of perception:
•

Perception is based on the behaviour of an individual regarding their past experience, of an
event or activity;

•

Much attention is given to different components of similar situations;

•

A stimulus that the individual does not receive does not affect their behaviour, while a
stimulus that they receive, although it may not be real, will affect the individual’s
behaviour;

•

Perception is the technique whereby an individual senses reality and reaches an opinion or
viewpoint;

•

What an individual perceives may not be factually accurate or exist; and

•

Lastly, perception is an ongoing decision-making process that results in people having
different views concerning a given event or situation.

These characteristics exist and can be incorporated in the Litterer’s perception model, as shown
in Figure: 3.2 in the following section.
3.2.1 The Litterer’s perception formation model
According to Ricciardi (2004:24), the Litterer’s Perception Formation Model provides a visual
presentation of the perceptual process of individuals. This model has been used by financial
scholar Gooding (1978:1401) in a research study on investor perception. Litterer’s model
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illustrates how perceptions are produced, which inevitably influences an individual’s behaviour
(Kast & Rosenzweig, 1985). The model consists of three mechanisms of the external factors.
Firstly, selectivity or selective perception is when an individual’s tendency to concentrate on
specific information from a range of choices. This implies that an individual may place a higher
likelihood of a specific outcome, which they are more exposed to consciously or
subconsciously than what is reasonable (Ricciardi, 2004:25).

Secondly, the interpretation mechanism assumes that the same or similar stimulus, risky event
or activity, can be understood differently by different decision-makers (Ricciardi, 2004:25).
This interpretation process is heavily dependent on a person’s experience with the situation at
hand. Lastly, the closure mechanism in Litterer’s model suggests that individuals tend to have
a complete picture of any specified information or situation (Kast & Rosenzweig, 1970:218).
Thus, an individual tends to attach additional information than what the information reveals to
close the thought process and make it significant.
Figure 3. 1:The Litterer Perception Mode
Past experience

Mechanisms of
perception
formation

Interpretation

Perception
Selectivity
Information

Closure

PERCEPTION FORMATION
Source: Ricciardi (2004:25)
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Behaviour

As illustrated in Figure 3.1, Litterer’s perception model could potentially be applicable to risk
perception and South African insurance policyholders, signifying that the way individuals
perceive risk will influence their behaviour towards certain risk events.
3.3 RISK PERCEPTION
The previous sections clearly defined and discussed the concepts of risk and perception,
respectively. However, the two concepts are inseparable twins and are commonly referred to
as risk perception by several researchers (Rohrmann & Renn, 2000 & Wolff et al., 2019).
Seeing that risk perception is the main focus of the study, it is essential to give a thorough
discussion of the concept. There are various definitions of risk perception from various studies.
However, the fundamental factor of subjective judgement towards risks or hazards is at the
centre of many of the definitions.

According to Weber, Blais and Bets (2002:267), risk perception can be defined as a personal
judgement about how an individual views how risky a choice situation is. Similarly, Slovic
(2000:36) supported the notion of risk perception as subjective judgement and further stated
that risk does not exist without our minds and cultures because our minds can process and
measure risk. Furthermore, subjective dimensions, including people’s feelings, beliefs, societal
values and attitudes, are important factors in defining risk perception (Kaptan et al., 2013). The
risk perception study by researchers Blach (2010) provides a definition that is considered
universally accepted and relevant in this study. Hence, defining risk perception as the beliefs,
societal values and attitudes that an individual can attach to a financial product (Chakreeyarat,
2015). Not only do researchers define risk perception, but they incorporate factors influencing
risk perception to provide an in-depth discussion of the concept.

3.3.1 Factors influencing the risk perception of decision-makers
As established, risk perception is built on the subjective risk of individuals. Accordingly,
subjective risk refers to what an individual believes to be true concerning a given situation
(Diacon & Ennew, 2001:389). This estimation is largely dependent on the individual’s state of
mind (Williams & Heins, 1989:9). A fundamental issue with the subjective nature of risk
perception is that individuals are guided by opinions, past experiences and attitudes to arrive
at a certain worldview or perception (Chakreeyarat, 2015). Sjober (2000) established that most
people are biased when making decisions concerning a risky event rather than logically
analysing the facts. Furthermore, people do not view information the same due to different
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beliefs, attitudes and exposure (Blach, 2010). This is supported by Sutton’s (2010:33) study,
which found that even people with high financial knowledge draw different conclusions from
the same data set influenced by personal opinions, beliefs, and exposure.

Therefore, a distinction of the factors affecting the risk perception of individuals can be drawn,
as indicated in Table 3.3. What can be drawn from the factors influencing risk perception is
that they are mainly based on the feelings and acceptability of risk determined by human nature
(Sutton, 2010:33).

Table 3. 1: Factors influencing the risk perception of an individual
Factor

Feelings and willingness to

Sources

accept risk
Level of control

An individual feels less risk

Komitet et al. (2013)

when they have a relatively high
degree of control over the
hazardous situation.
Familiarity with

Unfamiliar hazards are perceived

hazards

as unacceptable.

Direct benefits

If the benefits of a situation or

Smith et al. (2011)

Slovic (1981)

event are clear and visible
benefits, acceptance of risk will
be higher.
Natural vs man-made

People are more fearful of man-

risk

made risks, therefore, are more

Wachinger et al. (2010)

accepting of natural risks than
man-made risks.
Recency of events

Events that have occurred in the

Komitet et al. (2013)

most recent past tend to be more
feared; hence individuals tend to
associate them with higher levels
of risk.
Consequence term

Individuals tend to attribute
high-frequency events with high60

Smith et al. (2011)

risk levels and low-frequency
events with low-risk levels.
Source: (Slovic,1981), (Wachinger et al., 2010), (Smith et al., 2011), (Komitet et al., 2013).
Table 3.1 clearly shows that people’s perceptions can differ because of certain factors.
Kahneman and Tversky (1979) indicated that human judgement is flawed toward numbers and,
therefore, would assess one risk as high and another as low without any mathematical
computations. Williams and Heins (1989:9) and Sjoberg (2000) supported Kahneman and
Tversky (1979) and stipulated that individuals cannot fully recall relevant experiences used to
assess their risk perception. Moreover, logical errors are made by individuals due to the
frequency and likelihood of the event happening (BIS, 2011). Overall, it is important to note
that people tend to commit errors and omit information in their subjective perception of risk
(Willet, 2002).
3.4 THE LINK BETWEEN RISK PERCEPTION, RISK TOLERANCE AND
FACTORS INFLUENCING RISK PERCEPTION
The concept of risk perception is not a stand-alone concept.

It can be influenced by

demographics, financial well-being, behavioural finance and the external environment. The
following section elaborates on the links between risk perception and the factors above.
3.4.1 The influence of demographics on risk tolerance and risk perception
Demographics refers to the description of people (United Nations, 2014). Similarly,
Chakreeyarat (2015) defines it as the process of acquiring data about people who meet specific
criteria at a certain point. According to Brunson et al. (2015), demographics assists in grouping
a population according to characteristics such as age, gender, and ethnicity. These
demographics significantly influence individuals' risk perceptions as several studies have found
that younger people (between 18 and 34) tend to be more tolerant towards risk than older people
(35 and above), who are less tolerant towards risk. The section below will discuss how
demographics influence risk perceptions.

Sung and Hanna (1996) conducted early research about the effect of demographic and
socioeconomic factors on several financial factors in the financial services context.
Demographic factors include, amongst others, age, gender, and ethnicity (Plous, 1993 &
Bazerman, 1998). On the other hand, socioeconomic factors include marital status, level of
education, employment status, and income, amongst several others (Slovic et al., 1980).
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Similarly, Bajeux-Besnainou (2003) used the following demographic and socioeconomic
factors from 1992 data for Survey of Consumer Finance (SCF): age, years left until retirement,
education level, ethnicity, marital status, household size, and homeownership.

The results concluded that younger people who had more than 29 years to retirement were
mostly highly educated and non-white (Bajeux-Besnainou, 2003). Also, they were selfemployed and had more tolerance towards high levels of risk. However, Sung and Hanna
(1996) were unsuccessful in determining the same link with age, household size, occupation
and homeownership. Wang and Hanna (1997) conducted a similar study examining
demographics and socioeconomic factors and found a significant positive relationship between
age, income, education, and marital status on the levels of risk tolerance. According to Han
(2005), the same results hold for insurance policyholders as younger policyholders are more
accepting of risk than those who are older.

Extending prior research, Grable and Lyton (1998) found that gender, marital status,
occupation, self-employment, race, and education differed with individuals’ levels of risk.
Among the factors mentioned above, individuals with higher levels of education are willing to
take more risks than individuals with lower levels of education (Padua et al., 2013). This is
because those with higher levels of education have more financial knowledge, stable and
predictable income; therefore, they are more knowledgeable about the losses they face when
taking risks (Brown &Taylor, 2007). Regarding gender, men tend to have less dread and worry
about risk compared to women. This is because, in general, women tend to have more prosafety attitudes than men, making them highly concerned about risks.

Pilisuk and Acredolo (1988) also conducted a similar study on demographics and found that
high-income earners are less concerned about hazards than lower-income earners. The results
highlight that higher income earners often have a better understanding of risks and hazards and
therefore become more accepting of them. In this case, the insurance policyholders who are
considered high-income earners are less concerned about risks relating to possessions they have
insured because they can be easily replaced. On the other hand, lower-income earners are less
tolerant to risks making them more concerned because their insured possessions will be hard
to replace if the insurance cover does not provide full coverage for an item or property (Savage,
1993).
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The unknown factor regression lacked explanatory power, and it was difficult to conclude from
the results. However, Kadoya et al. (2018) stated that as people get older, they become more
informed about risk and tend to be less worried about risks. This is the same for insurance
policyholders who often lack full knowledge about their insurance policies. Lastly, the personal
exposure factor revealed that blacks feel more threatened and thus are more fearful of hazards
than non-blacks. Moreover, older people feel more exposed to risks that cause health threats
and thus stay informed about new diseases that may threaten their health. OECD (2007)
reported that insurance policyholders with health conditions often feel more exposed to risks
and resort to life insurance if they are still young, with children.
As stated, the willingness of an insurance policyholder to take on a certain level of risk is called
risk tolerance. In addition, several demographic and socioeconomic factors can influence an
insurance policyholder, as shown in Table 3.2.

Table 3. 2: Demographic and socioeconomic characteristics influencing risk tolerance
Characteristics

High tolerance

Age

Young individuals

Employment status

Full-time employee

Ethnicity

White

Gender

Male

Health status

Good or excellent

Income

High level of income

Income variability

Stable and predictable

Level of education

Bachelor’s degree or higher

Level of income

High level of income

Level of financial knowledge

Average or higher

Marital status

Single

Net worth

High net worth

Religion

Non-religious

Homeownership

Homeownership without mortgage

Source: Irwin (1993)
Savage (1993) aimed at analysing demographic influences on risk perceptions by looking at
three factors: dread, the unknown risk, and personal exposure to the risk. The study by Savage
(1993) considered how individuals view common hazards (home fires, accidents and health
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issues) using the three factors mentioned above. According to Slovic et al. (2000), people tend
to have higher dread for events the individual cannot, by personal skill or diligence, avoid harm.
Also, the unknown factor comprises the fact that an individual may not know the risk or may
not be aware of the hazard as it occurs. Lastly, the personal exposure factor represents the
relevance of a hazard to the life of an individual.

Savage (1993) found that for the dread factor, the adjusted R-squared was 0.19, indicating that
approximately 19 percent of the results was explained by the regression. However, strong
results for individual demographic factors were shown. Blacks tend to be more fearful of
hazards than other races. The results show that people with lower levels of schooling and higher
incomes are less fearful of hazards. This is because high-income earners can easily replace
insured possessions, which can threaten certain risks (Discovery, 2009). Savage (1993) further
stated that women have more worry and dread for risks while older people are significantly
less fearful of risks. This is because older people have had a long time to plan their lives in case
a hazard strikes.

3.4.2 The link between risk perception and financial well-being
Theoretically, financial well-being is a state of being wherein a person can easily meet current
financial goals and feels that future financial goals are well cared for while making choices that
allow them to enjoy life (Bruggen et al., 2017). Consumer Financial Protection Bureau (CFP)
(2015) further defined financial well-being as a point in time where one has financial security
and financial freedom, both in the present and future. Financial well-being is having a sense of
security that one has enough financial means to spend without worrying about the future
financial state. Research conducted by CFP (2015) and Bruggen et al. (2017) found that
although there are several definitions of financial well-being, the meaning was remarkably
similar despite different ages, races, and incomes.

Another way that the OECD (2017) defined financial well-being is not worrying about finances
now while thinking about the future. According to Bruggen et al. (2017), financial well-being
includes a range of elements that can be summarised into four elements:
•

An individual’s financial ability to cater for day-to-day and month-to-month finances;

•

An individual having the financial security to deal with unprecedented financial shocks;

•

The ability to achieve financial goals; and
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•

Acquiring financial freedom which allows you to make choices that lead to the
enjoyment of life.

The concept of financial well-being has been studied in various academic fields, including
economics, psychology, and consumer decision-making. Financial well-being has a time
dimension attached to it (Guo et al., 2013). In the definitions above, it is clear that it includes
both the present and the future situation. Given the paramount importance of the time
dimension, it would be unrealistic to assume that an individual’s financial well-being remains
the same over a long time. Van Praag and Frijters (2003) highlights that since personal factors
such as health, career choice, age, and family structure change with time, people’s financial
well-being stays dynamic.

According to Mahdzan and Diacon (2008), financial freedom forms a fundamental part of the
concept of financial well-being. It implies that an individual does not feel compelled, stressed
or worried about making certain financial choices (Choudhury, 2009). Having financial
freedom enables an individual to make choices without worrying about the future financial
state. According to a study conducted by CFP (2017), individuals perceive themselves as
financially secure when they can spend on their wants rather than needs, such as going out for
dinner or a movie with friends and being able to be generous towards their community.

Mahdzan and Diacon (2008) stated that having an existing insurance policy does not guarantee
good financial well-being. Some insurance policyholders exhibit poor financial well-being
while others exhibit good financial well-being. In prior research conducted by Flynn et al.
(1994:1101), it was found that personal actions and financial well-being are highly dependent
on the individual’s perception of risk and how they appraise their objective situation.
Concerning financial well-being, it has been established that individuals who are in the same
financial situation regarding how they earn, can exhibit different levels of financial well-being
(Anderson et al., 2013). Joo and Grable (2004:25) stipulate that this is due to individual
differences that are highly influenced by different attitudes towards risk and the level of worry
concerning various decisions they encounter in their lives.

Malone et al. (2010) conducted a study on financial well-being and risk perception and found
a link between risk perception and financial well-being. It was concluded that people’s positive
financial well-being could positively perceive other non-financial risks. This means that the
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more policyholders are satisfied with their financial state, the more they perceive life positively
and have a positive outlook about risks. Furthermore, research by Lusardi (2012:25) indicates
that adults who can predict their future financial well-being also feel that they can manage their
current financial situation. This helps them feel more financially secure and gives the individual
the sense that they will be able to deal with financial losses that may strike (Lusardi, 2012:25).

Kutbay et al. (2018) stipulated that self-employed people are likely to exhibit poor financial
well-being. A meta-analysis was conducted to test the link between financial well-being and
risk perception, and it was shown to be reliable (Lannello et al., 2020). Researchers Van
Campen et al. (2010) alluded that inability to control one’s financial well-being is the leading
cause of increased dread about uncertainty about the economy and life choices. Also, Van
Campen et al. (2010) stated that people with poor financial well-being tend to be younger (18
– 34 years), single, living in rented accommodation and living on lower incomes. It is evident
that because this group of people has not had enough time to accumulate wealth and buy a
property of their own, they are likely to face financial problems. On the other hand, individuals
who are much older (older than 34 years), with their own homes, married or living with a
partner, with good health and on higher incomes are likely to have better financial well-being
and are more tolerant towards risk due to their good financial state (Lannello et al., 2020).

Friedline (2020) highlighted an interesting link between financial well-being and risk
perception. It was further found that women with poor financial well-being tend to have high
levels of financial stress than men (Friedline, 2020). This is because women are more
responsible for managing finances in their homes and thus feel overwhelming stress about the
future financial well-being of their homes. There are also differences in financial well-being
across racial groups (Faber, 2018). Black people exhibit poor financial well-being compared
to non-blacks, making them less willing to engage in risky events and financial choices because
they are more dreadful of the risks. Overall, it is evident that financial well-being has a certain
level of influence on individuals' risk perceptions, which differs according to race, gender, age,
homeownership, and marital status (Friedline, 2019).

3.4.3 The link between risk perception and behavioural finance
According to Isidore (2018), the financial decision-making process of individuals has proved
to be irrational. Essentially behavioural finance attempts to explain the extent to which
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emotional processes impact the financial decision-making process of individuals (Ricciardi &
Simon, 2000). According to Olsen (1998), behavioural finance is a concept that bridged the
gap in standard finance by explaining the importance of psychological and economic principles
in financial decision-making. Behavioural finance rests on three elements: knowledge of
finance, knowledge of economics, and cognitive psychology in decision-making (Ferreira,
2018).

Taylor (2000) stated that the radical insight of behavioural finance is that people are human.
According to De Bondt (1992), behavioural finance can be defined as the underlying
psychological power that dives financial decision-making behaviour. The notion of
behavioural finance mainly looks at how biases influence financial decision-making (Plous,
1993). In a similar vein, Ricciadi (2004) defined behavioural finance as an interdisciplinary
field that develops a theoretical basis, know-how and research methods from different decisionmaking fields of psychology and behavioural economics.

Fulfer and Maille (2018) claim that a significant component of behavioural finance is that it
examines how individuals make decisions in terms of specific concepts such as the prospect
theory, over-confidence and loss aversion. Financial researcher Pan (2016:98) believes that the
classical decision theory, which states that individuals are rational beings, is incorrect since
individuals are irrational beings in the decision-making process. Kahneman & Tversky (1979)
advocated the prospect theory, which was a new theory regarding the risk-taking behaviours of
individuals. The prospect theory of behavioural finance deviates from the classical theory that
people act rationally.

In addition, Olsen and Cox (2001) stipulate that there are several biases fuelled by behavioural
factors that impact the choices individuals make in risky situations. This theory assumes that
individuals are loss averse in the sense that they are more concerned about losses than they are
about gains (Olsen & Cox, 2001). This highlights the theory that individuals tend to assign
more weight to avoid losses than to achieve gains in risky situations. As pointed out in Edwards
(1995), Ricciardi and Simon (2000), and Ricciardi (2000) studies, individuals have biases that
are influenced by emotional and cognitive factors, mental processes, which influence their
financial choices under specific situations. In particular, Naughton (2002) advocated that the
prospect theory in behavioural finance is an in-depth explanation of how people make decisions
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in difficult circumstances. Overall, behavioural finance pertains to how individuals make
irrational financial choices in certain situations.

For behavioural finance to exist, there needs to be a certain behavioural trait influencing how
people view risk in order to make financial decisions. Fischhoff et al. (1978) conducted a study
that supported the importance of behavioural factors in the risk perception of unsophisticated
investors. In essence, behavioural finance challenged the rational behaviour theory and gained
prominence in establishing the factors that influence risk perception. Notably, an important gap
has been identified in the literature as little is known about the influence of behavioural finance
on risk perception. A recent study by Ainia and Lutfi (2019) analysed behavioural factors and
risk perception but failed to incorporate important determinants such as trust and control in
their study. Only, Diacon and Ennew (2001) incorporated trust in their study but omitted worry.
Resultantly prior research omitted important biases of behavioural finance in explaining risk
perception.

A behavioural finance study conducted by Ricciardi (2008) suggested that dread and unknown
have a significant influence on the risk perception of individuals. Chou and Wang (2011)
continued with the research and concluded that worry, trust and familiarity are behavioural
factors influencing the risk perception of individuals. According to Ricciardi (2004), worry
refers to the extent to which an individual feels anxious about their financial decisions.
MacGregor (1991) found a strong and positive influence of worry on risk perceptions. This
indicated that the more worried an individual is about a specific financial situation, the higher
the risk is perceived, and they become low-risk tolerant individuals. The same findings were
found in studies by Koonce et al. (2003) and later Cou and Wang (2011). Importantly, Sachse
found that worry was the variable with the highest predictive power for how individuals
perceive risk.

Slovic et al. (1987) laid the foundation for other researchers looking into risk perception.
Koonce et al. (2005) identified catastrophic risk and defined it as the likelihood of an extremely
negative outcome. A positive link was further identified between catastrophic risk and the
overall risk perception of individuals (Koonce et al., 2005). Adapting from the work of Koonce
et al. (2003), several studies looked at more extreme outcomes such as the risk of losing all or
most of the money invested and found a strong positive link (MacGregor et al.,1991; Olsen,
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1997; Diacon & Ennew, 2001; Chou & Wang 2011). Moreover, an almost perfectly positive
link between the overall risk perception of individuals and the risk of losing all money invested
was established (Chou & Wang, 2003).

Familiarity is another behavioural aspect influencing the risk perception of individuals. It refers
to how much knowledge an individual has concerning a financial product or factors influencing
their financial product (Diacon & Ennew, 2001; Koonce et al., 2005; Chou & Wang, 2011).
Interestingly, there exists a negative relationship between familiarity and risk perception
(Koonce and wang). It was established that financial experts such as investors tend to perceive
financial items or economic circumstances as less risky if they are well known by the
individual. This means that the more the individual knows about a financial circumstance
through keeping themselves informed about their environment, the less risk they will perceive.
Alternatively, Sasche (2012) found a positive relationship between the two indicating that the
more familiar individuals are about a certain risk, the more they fear it might affect them. The
study shows that those who were unfamiliar with financial risks perceived less risk.

Thaler and Johnson (1990) stated that behavioural finance flows from the fact that individual
financial decision-making is irrational under uncertainty. These behavioural biases, therefore,
explain what influences people’s decision-making processes.
3.4.3.1 Representativeness
Early research suggested that representativeness refers to the shortcut taken by the human mind
that is an integral part of the judgement process (Tversky & Kahneman, 1971). Decisionmakers exhibiting this factor often form a detailed generalisation about a phenomenon based
on a few attributes presented to them. This mental shortcut tends to make it difficult for
individuals to thoroughly scrutinise new information making them biased towards past
information. Policyholders subject to the representativeness bias tend to base their financial
decisions on past performances of an insurance company. Therefore, these individuals tend to
over or underestimate the insurance company’s capabilities to offer their desired cover.

According to Ricciardi and Simon (2001), individuals possessing representativeness predict
future uncertainty from past experiences to draw holistic conclusions. In doing so, individuals
disregard relevant information that should be included in the decision-making process. The
effect of representativeness can be seen in individuals who rely on past experiences or the
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experiences of others to conclude a certain phenomenon. Douglas Van Eaton concluded that
people who base decisions on past experiences perceive higher risk in events than those who
rely on new information. Ultimately, relying on a single piece of information at hand leads to
insufficient market research about a current risky event that the individual may engage in
(Ferreira, 2018:44).

3.4.3.2 Framing
Another factor influencing risk tolerance is framing. According to Kahneman and Tversky
(1979), framing can be defined as an assessment where thoughts or questions are formulated
in the same manner but presented in two distinct but equal means. Similarly, Ricciardi and
Simon (2001) found that individuals are drawn towards the negative by being less accepting of
losses, thus extracting non-identical responses for the same question. Moreover, Duchon et al.
(1999:15) commented on framing by stating that individuals evaluate negative and positive
situations differently. Individuals subject to the framing bias do this by giving an extreme
response to losses than gains and relying on a single piece of information at hand in their
financial decision-making process. Therefore, individuals such as investors and insurance
policyholders are more inclined to take risks based on absolute losses and not take risks on
absolute gains.

3.4.3.3 Loss aversion
Another behavioural finance bias that plays a role in risk tolerance is known as loss aversion.
Behavioural finance expert Ricciardi (2004) refer to loss aversion as the assumption of prospect
theory that individuals are more concerned about losses and allocate more significance to losses
than gains (Ricciardi & Simon 2000). According to Ricciardi and Simon (2000) and Ricciardi
(2003) individuals tend to be thin-skinned and exhibit vulnerability towards losses which
makes them highly determined to always avoid losses. Ricciardi and Simon (2001) further
point out that individuals, in some instances, tend to take higher risks to avoid the losses they
are exposed to completely.

According to Singh (2012:120), loss aversion is reflected in market participants who tend to
hold on to their initial financial decisions regardless of how the market is performing.
Individuals with insurance policies subject to the loss aversion bias are more likely to forfeit a
lower premium for higher cover. Moreover, they will keep their initial long-term insurance
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policy cover regardless of market volatility. Academic researchers have identified that many
individuals are bothered by losses twice as much in absolute terms than an equal gain. These
errors in judgement thus cause an individual to put more risk concern on losses than on gains.

3.4.3.4 Regret aversion
The regret aversion bias refers to the feelings of regret or grief that individuals experience
because of their financial decisions (Quiggin, 1994). Individuals who experience this bias will
regret making a certain financial decision because it failed to yield the expected results.
Therefore, insurance policyholders subject to the regret aversion bias will regret insuring when
they experience complications while claiming.
3.4.3.5 Self-control
According to Dickason (2017), the self-control bias evolved from individuals who may be
tempted to take on bigger financial risks. Since market participants aim to avoid financial losses
at all costs, the self-control bias aims to protect the financial assets of an individual (Ferreira,
2018:45). Therefore, the policyholder will generally experience self-control bias by being extra
cautious when making any decision affecting their insured assets and taking minimum risks.
Table 3.5 highlights the behavioural finance biases in the context of insurance policyholders.
3.4.3.6 Availability bias
As stated by Quiggin (1994) availability bias is a processing of information bias where the
easily recalled information is used by the insurance policyholder as the most accurate. Hence,
for insurance policyholders to avoid losses in pertaining to their policies they insure at a
company based on their instincts and what they recall rather than information provided by the
insurer.
3.4.3.7 Overconfidence bias
The overconfidence bias was defined by Ricciardi and Simon (2000) as the cognitive bias of
individuals that causes them to solely rely on their own judgement when making financial
decisions. Therefore, insurance policyholders subject to the overconfidence bias will base
financial decisions on their own analysis rather than the premiums and benefits provided by
the insurance company.
3.4.3.8 Gambler’s fallacy
Gambler’s fallacy refers to the information and processing bias that the outcome of an event is
dependent on the outcome of previous events or market predictions (Ricciardi, 2004). Hence
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insurance policyholders subject to this bias tend to base their financial decisions on future
market predictions.
3.4.3.9 Mental accounting
The mental accounting bias was defined by Ricciardi (2004) as cognitive bias causing
individuals to segment information into separate mental accounts. Hence, insurance
policyholders subject to this bias would rather forfeit a lower premium for more cover or forfeit
a higher premium for less cover.
Table 3. 3: Behavioural finance biases in the context of insurance policyholders
Theory
Representativeness

Framing

Loss aversion

Regret aversion

Self-control

Availability bias

Overconfidence bias
Gambler’s fallacy

Mental accounting

Explanation
It means the insurance
policyholder will base
financial decisions on past
events of insurance.
Insurance policyholders give
an extreme response to losses
than gains and rely on a
single piece of information in
order to make financial
decisions.
Insurance policyholders will
tend to stick to their initial
insurance cover instead of
altering it during certain
events.
Insurance policyholders make
inaccurate decisions based on
past events to avoid feelings
of regret or grief.
Insurance policyholders will
exert self-control in order to
avoid large losses.
Insurance policyholders will
base financial decisions on
currently available
information.
Insurance policyholders make
decisions based on their
superior financial knowledge.
Insurance policyholders will
base their insurance decisions
on future market predictions.
Insurance policyholders will
trust their own analysis over
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Source
Tversky and
Kahneman, 1971;
Ricciardi and Simon,
2001
Tversky and
Kahneman, 1971;
Ricciardi and Simon,
2001; Duchon et al.,
1999
Ricciardi, 2004; Singh,
2012

Quiggin, 1994

Dickason, 2017;
Ferreira, 2018
Ricciardi, 2004

Ricciardi and Simon,
2001
Ricciardi, 2004; Singh,
2012
Tversky and
Kahneman, 1971

premiums and benefits of the
insurance policy.
Source: Author compilation
3.4.4 The link between risk perception and the external environment
According to Mason (2008), the external environment refers to the factors occurring outside
that influence the operation of the market. In most cases, businesses have no power over the
external environment; however, they can respond to the external environment to maintain the
flow of its operations (Kowo et al., 2018). Similarly, Musa (2015) defined the external
environment as the political and social conditions that influence an organisation and the citizens
of a country. Mason (2008) stipulates that although the external environment occurs outside an
organisation and its stakeholders, it can significantly impact the organisation and individuals
in the long term.

According to Ricciardi (2004), the external environment can significantly influence
individuals' financial behaviour, causing them to have a certain perception of risk. Garling,
Kirchler and Lewis (2009) investigated the 2008 financial crisis and found that young people
are more flexible towards risk than older people. However, older people who have experienced
economic downturns in the past are more risk-averse and tend to be more alert and updated
about current market fluctuations. According to a study by Ward and Zurbruegg (2002),
political circumstances influence the risk perception of individuals. The study shows that
individuals who consider political circumstances when making a financial decision tend to be
more averse to risk. Such individuals tend to exhibit low tolerance towards risk affecting their
possessions.

Also, market fluctuations may influence the decisions people make concerning their
possessions. The most recent being COVID-19, a flu-like virus that affected the global
economy. The end of 2019 marked the beginning of a new way of life for the entire world as a
global pandemic took the world by surprise (World Bank, 2020). The markets showed huge
shock, causing many people to lose money. Several businesses completely closed down due to
a lack of proper investment in risk management strategies (PwC, 2020). According to OECD
(2020), the world shook, and the coronavirus effects will be felt through many more years to
come.
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According to WHO (2020), people who have life insurance wonder whether their insurance
policies cover deaths caused by coronavirus. Some are concerned about the financial stability
of the insurance companies they have invested their money in. Howard (2020) stated that
policyholders show concern because most covers currently exclude COVID-19. Individuals,
therefore, become more inclined to consider these circumstances when taking out insurance.
World Bank (2020) states that much of the concern stems from the fear that insurers will be
negatively affected since they provide coverage for claims for death, health, and other
contingencies. Concerning the policyholders of life and health insurance, pandemics are the
most important to consider. However, the risk tolerance of insurers shows that since 1918
pandemics are a one in 30-year events, and those with short-term insurance tend to be less
concerned about pandemics as they are usually incorporated in insurance policies (World Bank,
2020)

For individuals with life or health insurance policies, the increase in deaths may result in an
increase in the costs associated with providing for the benefits that come with each claim than
previously anticipated (Howards, 2020). This intensifies the risk perceptions of such
individuals as the uncertainty about their insurance covers increases. In contrast, for non-life
insurance policyholders, the concerns are somewhat less predictable. Policies such as liability
insurance and motor vehicle insurance tend to exclude pandemics (OECD, 2020). As such,
COVID-19 was not covered by most non-life insurance policies from the early 2000s.
Nonetheless, to a certain extent, the impact depends on the precise definitions stipulated in the
contract. Moreover, insurers expect to be hit by high demand for insurance pay-outs if product
cancellations and surrenders increase due to the inability to pay premiums (BIS, 2020).

Lastly, Hang et al. (2018) established that high market fluctuations cause people to take more
calculated risks concerning financial decisions. For policyholders, many tend to increase their
premiums to get a higher cover for fear of losing possessions (BIS, 2020). However, a few
people are drawn to withdraw from the insurance policy completely due to fear that they will
not be able to continue paying the insurance policy for the cover offered in exchange. Evidence
from the 2008 global financial crisis shows that while high market fluctuations may cause
people to make unexpected financial decisions, some people choose to continue with their
initial financial decisions.
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3.5 SYNOPSIS
The core focus of the study is to analyse the factors influencing the risk perception of insurance
policyholders. Therefore, this chapter mainly focused on providing different definitions of what
risk is and concluded that people take out insurance to deal with the risks they face. Moreover,
the influence of demographics, financial well-being, behavioural finance, and the external
environment on risk perception was outlined in this chapter.

Within this chapter, subject matters were discussed to set the study's literature review in line
with the objectives set in Chapter 1. The subject matters include perception (Section 3.2) with
specific reference to the definition (Section 3.2). Highlighted in Section 3.3 is the definitions
of risk perception. Section 3.4.1 provides an overview of demographics and discusses the link
between risk perception, risk tolerance and demographics. In Section 3.4.2 an outline of
financial well-being, through the definition and the link between financial well-being and risk
perception are given. Section 3.4.3 provides an overview of behavioural finance and its
influence on risk perception. The chapter concludes with a discussion on the external
environment (Section 3.4.4) and how it links with risk perception.

In the following chapter, Chapter 4, an analysis of the research methodology as outlined for
the empirical portion of this research study is provided. The topics discussed in this chapter
include formulating the research objectives and research design, research approach, data
collection method, administration of the questionnaire, and primary data analysis and statistical
analysis.
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CHAPTER 4: RESEARCH METHODOLOGY
4.1 INTRODUCTION
Research design and methodology form a significant part of any research study because it
provides a step-by-step process of transforming data into useful and meaningful information.
Therefore, a research design is a framework that a researcher must follow to provide the process
followed to acquire and analyse the data (Igwenagu, 2016). This chapter, therefore, focuses on
the research design, data collection and the methods used to collect and analyse the data to
produce meaningful results that can be used in future research studies. The research
methodology also plays the fundamental role of achieving both the primary and empirical
objectives of the research. The empirical objectives of this study are as follows:
•

Determine how demographical factors influence the risk identification and risk perception
of insurance policyholders;

•

Determine the relationship of risk tolerance on risk perception of insurance policyholders;

•

Identifying the endogenous factors that influence risk perception of insurance policyholders
in Gauteng; and

•

Identifying the exogenous factors that influence risk perception of insurance policyholders
in Gauteng.

This chapter provides a framework of how the sample is collected and subsequently analysed.
Additionally, it describes the research methods that are appropriate to be included in the study.
The first section of this chapter, Section 4.2, provides an outline of the research design. Section
4.3 describes the methodological research approach followed by the researcher. The sampling
procedure is discussed in Section 4.4, which provides the appropriate sampling method
followed in the study. Section 4.5 outlines the data collection method utilised in the study by
describing how the questionnaire was administered. The preliminary data analysis for the study
is discussed in Section 4.6, while Section 4.7 discusses the ethical considerations followed in
the study. Lastly, Section 4.8 provides a conclusion to the chapter.
4.2 RESEARCH PARADIGM
Section 4.2, which focuses on the research design, ensures that the research objectives and
hypotheses are achieved. According to Wiid and Diggines (2013:54), a research design ought
to follow a well-structured plan which is essential for obtaining information required to
structure and solve research problems (Malhotra, 2010). Four types of world paradigms can be
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distinguished, namely positivist, constructivist, participatory, and pragmatist. The term
paradigm refers to how people view the world and aids in understanding human experience
(Kivunja & Kuyini, 2017:27). Table 4.1 below shows the paradigms and what characterises
them.
Table 4. 1: Research paradigms
Types of

Positivist

Constructivist

Participatory

Pragmatist

Used in

Used in

Used in studies

Used in studies

quantitative

qualitative

that are both

that are both

studies

studies

qualitative and

qualitative and

quantitative in

quantitative in

nature.

nature.

research
Method

Advantage

Reliability of

Follows an

Active

Recognizes that

research results

interactive form

participation

no single

of data

can form

perspective can

collection

meaningful

give a clear

results

picture of
realities.

Disadvantage

Excludes the

Multiple

The

Results may be

subjectivity of

participant

unwillingness

biased

values and

meanings

of the

norms

participants to
disclose
personal
perspectives

Source: Schwandt (1994); Straub et al. (2005); Bergold & Thomas, 2012); Ferreira (2019).
Positivistic assumes that something is meaningful and true regarding the nature of the social
phenomenon being investigated (Scotland, 2012). In addition, Kaboub (2008) alluded that real
events can be observed empirically with a positivist paradigm while being explained in logical
analysis. The positivist worldview is associated with quantitative research, and it provides
unbiased values because it is guided by the principle of objectivity (Straub et al., 2005).
According to Pham (2018), this paradigm assists positivist researchers to understand the
sampling methods and questionnaires by empirical tests of the focus group. Therefore, this
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makes insights provided by positivists more meaningful with higher quality and reliability
(Cohen, 2007). A common challenge a positivistic paradigm faces is excluding the subjectivity
of values and norms because it relies on rationality. However, it is worth concluding that the
reliability of research results is one key strength of this approach.
The constructivist paradigm is mainly used in qualitative research studies (Ferreira, 2019). It
portrays the idea that people develop their view of the world through experiencing things and
deriving a certain perception based on those experiences (Wilson, 1996). This approach
assumes that knowledge is constructed by individuals who are active in the research process.
Additionally, Schwandt (1994) alluded that it is guided by the assumption that researchers
should aim to understand the world of lived experiences from the perspective of people who
live it. Overall, Muposhi (2015) asserts that since constructivism follows a more personal and
interactive form of data collection, the core aim of the approach is not to predict people’s
experiences but to gauge and understand human behaviour. The next section describes the
methodological research approach, which is important to understand the step-by-step process
to acquire and test the sample.
According to Bergold and Thomas (2012:191), the participatory approach is particularly
popular in qualitative research. A great willingness for the participants to disclose personal
perspectives regarding a certain situation through their experiences is required in the
participatory approach (Bergold & Thomas, 2012). According to Aspers & Corte (2019),
individuals tend to open about their experiences concerning certain subjects, such as politics,
to their close friends and tend to be closed off towards strangers. This is because individuals
fear being attacked for having a contradictory opinion to what is socially applicable (Yang &
Hinkle, 2012).
The pragmatist paradigm is a deconstructive paradigm that focuses on what works rather than
what might be objectively true or real (Frey, 2018). It follows a mixed approach where
qualitative and quantitative research is conducted simultaneously (Ferreira, 2019). According
to Morgan (2014), this approach doubts that reality can ever be determined. Pragmatists believe
that individuals are free to believe what they want, although some events are more likely than
others. Johnson and Onwuegbuzie (2004) stated that this paradigm adopts both a biased and
unbiased approach.
The four research paradigms all make different assumptions about research. Positivistic
researchers believe that knowledge that is derived from direct observation is more realistic,
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factual and trustworthy (Park et al., 2020). Hence, this study follows the positivistic paradigm
wherein the researcher analysed questionnaires of 350 respondents to acquire trustworthy
information regarding the phenomena in question.
4.3 METHODOLOGICAL RESEARCH APPROACH
Researchers commonly resort to three research approaches which can either be a quantitative,
qualitative or mixed methods research approach (Van Deventer, 2013). First, the qualitative
research approach uses non-numerical data to understand participants’ experiences and
opinions regarding a specific subject (Leavy, 2017). This research approach mainly uses data
in audio or video format to understand people’s experiences, which can also be associated with
the constructivist paradigm (Ferreira, 2019). According to Leavy (2017), marketers often use
qualitative research when for the development of a new product. One notable strength of a
qualitative research approach is that it provides individually unique information. However, a
drawback is that data collection can be a tedious task for the researcher, and drawing
meaningful results can be challenging (Creswell, 1998).
Second, the quantitative approach can be defined as the process of collecting quantifiable data
and analysing numerical data to calculate trends and corrections between different variables
(Maree et al., 2011). A quantitative research approach aims to transform data into useful
statistics. Moreover, it is associated with the positivist paradigm, which has been followed in
this research study. This study follows a quantitative approach because it provides quantifiable
results which are meaningful and accurate for a specified research population, which is a
strength of this approach. A weakness of the quantitative approach is that it excludes the
variables excluded in the model, and the results obtained from a quantitative approach tend to
be generalised (Myers, 2013).
Lastly, the mixed methods approach combines both the qualitative and quantitative research
approaches (Igwenagu, 2016). This research approach allows the researcher to utilise both
methods simultaneously (Creswell & Plano Clark, 2011:39). A few advantages of this approach
is that it provides better quality of results because it limits the disadvantages of the qualitative
and quantitative approaches. According to Creswell (2014), the mixed approach also produces
more accurate results by using individual information to add value to quantitative results. A
disadvantage of using the mixed approach is that collecting data from the participants may be
time-consuming for the researcher (Creswell, 2003). The three methods have been summarised
in Table 4.2 below.
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Table 4. 2: Research methods
Qualitative approach

Quantitative approach

Mixed methods approach

Used in case studies through Used in surveys

Used in both surveys and case

video or voice interviews

studies

Associated with open-ended

Associated with close-ended Associated with both open

questions

questions and numeric data

and close-ended questions

Collects participants’

Identifies the relationships

Uses both qualitative and

meanings to be able to

between variables to make

quantitative data to make

interpret their meaning

conclusions

conclusions

It provides individually

It provides quantifiable

It provides better quality of

unique information

results which are

results because by limiting

meaningful and accurate for

the disadvantages of the

a specified research

qualitative and quantitative

population

approaches

Collecting data and drawing

It excludes the variables

Collecting data may be a

conclusions can be tedious

which have been excluded

time-consuming task

and challenging

in the model

Ultimately a quantitative research approach was followed in this study. The questionnaire
utilised in this study includes a 46-item scale, which incorporated the literature underlying the
subject. The sampling procedure used in this study is discussed in the following section.
4.4 SAMPLING PROCEDURE
According to Van Deventer (2013), the sampling procedure is essential in determining the
method that represents the whole. Hair et al. (2008) further state that the sampling procedure
is followed to determine that a portion of the entire population is represented in the data
collected. Therefore, the sampling procedure includes defining the target population, selecting
a data collection method, selecting a sample frame, selecting a sampling method, and
specifying a sample size. The sampling procedure utilised in this study is discussed in the
following sections.
4.4.1 Defining the target population
According to Bartlett et al. (2001), a target population refers to a collection of participants who
have the same or similar characteristics of interest to the subject under review. Welman (2005)
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further states that the target population must be accurately defined to evaluate which elements
of the sample can and cannot be incorporated in the sample being studied to provide useful
information. The target population of this study comprised individuals, both males and females,
who have short and long-term insurance policies.
4.4.2 Sampling frame
Diedericks (2015) states that a sampling frame refers to a list of suitable elements to the target
population chosen for a study. Iaccobucci & Churchill (2010) elaborate that all relevant
information should be gathered regarding the list of suitable details. The list often includes the
telephone book or geographical maps to recognise the target population. The list should be
complete to produce a representative sample (Diedericks, 2015). Therefore, the sample frame
for this study consisted of short and long-term insurance policyholders from these companies
registered in South Africa. Table 4.3 below contains a list of the insurers within South Africa.
Table 4. 3: List of insurance companies
List of insurance companies
ABSA Insurance Company Limited
Discovery Insure Limited
AIG South Africa Limited
First for Women Insurance Company (RF)
Limited
Alexander Forbes Insurance Company
The Hollard Insurance Company Limited
Limited
Allians Global Corporate
Momentum Insurance Company Limited
Bidvest Insurance Limited
Old Mutual Insure Limited
Bryte Insurance Company (RF) Limited
OUTsurance Insurance Company Limited
Clientele General Insurance Limited
Santam Limited
Hollard Insurance
Liberty Mutual insurance
Mutual and Federal Insurance
WesBank Insurance
Guard Risk Insurance
King Price Insurance
Standard Insurance Company Limited
MiWay Insurance
1 Life Direct Insurance
MMI Holdings Limited
SAGE Life
Clientele Life Insurance
Capital Alliance
Assupol Life
Metropolitan Life
Allan Gray Life
Zurich Insurance Company
AVBOB Mutual Insurance
Source: South African Insurance Association (SAIA) (2021)
4.4.3 Sampling method
For sampling to be effective an accurate sample should represent the population (Blanche et
al., 2006). A sampling method is, therefore, a technique used to draw a specific sample from
the target population (Cant et al., 2005). Figure 4.1 shows that there exist two major sampling
methods, probability sampling methods and non-probability sampling methods.
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Figure 4. 1: Sampling methods

Simple
random
sampling
Stratified
sampling

Probability
Sampling

Cluster
sampling

Systematic
sampling

Sampling
methods

Convenience
sampling

Judgement
sampling

Nonprobability
sampling

Quota
sampling

Snowball
sampling

Source: Taherdoost (2016)
Probability sampling is a sampling method with a non-zero chance of the target population
being chosen (Diedericks, 2015). It consists of simple random sampling, stratified sampling,
cluster sampling and systematic sampling. On the other hand, in a non-probability sampling
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method, not every element has the chance of being selected to be included in the sample. It
constitutes convenience sampling, judgement sampling, quota sampling and snowball
sampling. Notably, the snowball sampling is a process whereby the researcher gradually
acquires a large sample appropriate for the study through contacts and references that are not
easy to acquire (Blanche et al., 2006).
The technique used in this study was a non-probability snowball sampling method to exclude
those who did not meet the criteria of the sample, which required individuals to have:
•

An existing insurance policy;

•

18 years or older; and

•

Should be currently residing in Gauteng.

4.4.4 Sample size
The sample size is an important section of the sampling procedure because it states the number
of elements included in the research study (Malhotra, 2010). In order to produce precise results
that are statistically significant, the sample size must be large enough to make this possible
(Remler & Van Ryzin, 2011). To determine the correct sample size to use for a study, Struwig
and Stead (2010) suggest utilising the sample size used in similar studies. Moreover,
MacCallum and Widaman (1999) advised that a sample should be greater than 300 to produce
meaningful results. Therefore, for this study, a sample consisting of 350 insurance
policyholders was obtained. The sample size selected was in the range of other research studies
conducted by Kunle et al. (2018:285-290) (sample size of 305), Abass (2018) (sample size of
350) and State of California Department of Insurance (2018) (sample size of 300).
Additionally, the requirements for factor analysis were also used to determine the sample size.
In factor analysis, a ratio of at least five items is required. In this study, the sample size of 348
yielded a ratio of six items for each variable. Hence, a sample of 350 insurance policyholders
was chosen for this study.
4.5 DATA COLLECTION METHOD
Data collection involves the use of different methods to obtain data (Quinlan et al., 2015). The
data collection method for a research study must be carefully chosen to properly represent the
sample and collect the data in a reliable manner (McDaniel & Gates, 2007). Moreover,
Asiamah et al. (2017) highlight that a researcher could incur avoidable costs by choosing a data
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collection method not best suited for the study. There exist two methods of data collection,
namely, the observation and survey methods.
The observation method is a process of collecting data that is commonly used in qualitative
research (Kabir, 2016). It is a technique used by researchers whereby a researcher observes the
behaviours of the target population to collect data. The participants’ behaviours are observed
through a sound recorder or video recorder organised by the researcher (Asiamah et al., 2017).
Struwig and Stead (2010) highlight a drawback of this method, the behaviours of the
participants may be influenced by the interviewer presence, thus producing unreliable results.
The survey method is commonly used in quantitative research studies (Taherdoost, 2016). This
method involves using a self-structured questionnaire to gather information from the
participants. The data were collected using the survey method which includes online, face to
face, telephone and drop-off surveys. Quinlan et al. (2015:268) highlight that the survey
method is often used in collecting primary data. Due to COVID-19 regulations, the method of
collecting data chosen for this study was online surveys. The online survey method was chosen
for individuals with access to the internet, and assistance was given to individuals without
internet access and individuals who were not computer literate. According to Cant et al. (2011),
with online questionnaires, the participant is more inclined to complete the questionnaire
accurately and truthfully in the absence of the interviewer. Therefore, the interviewer utilised
QuestionPro to create the online questionnaire and the responses were received anonymously.
The next section will discuss the questionnaire used in this research study.
4.5.1 Questionnaire design
According to Pallant (2007), the design of the questionnaire plays a significant role in ensuring
that the research questions are correctly answered. A properly structured questionnaire is clear
and does not mislead the participants when answering the questions. A poorly designed
questionnaire can be hard to understand and can result in incomplete information (Cant et al.,
2005). Hair et al. (2008), Struwig and Stead (2010:91) and Quinlan et al. (2015:275)
recommend following guidelines below when designing a good questionnaire:
•

Include a short cover letter;

•

State the purpose of the study;

•

State that the answers will be confidential;

•

Avoid leading questions;

•

Ensure questions are unambiguous;
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•

Limit items to 100; and

•

Thank the participants for completing the questionnaire.

Within the questionnaire design, the purpose of the study should be stated clearly in a short
cover letter to ensure that the participants are clear about the purpose and willing to partake in
the study. The cover letter should also guarantee the participant that the responses are
confidential, entirely voluntary, provide contact details if questions arise and thank the
participants for the time taken to complete the questionnaire. Additionally, Diedericks (2015)
highlights that the cover letter must not exceed one page. According to Van Deventer (2013),
care must be taken to ensure that the questionnaire does not contain leading questions that
prompt the participant a specific answer. Moreover, the questions should not be ambiguous as
this can confuse the participants when answering the questionnaire.
The guidelines mentioned above were followed in designing the questionnaire used in this
study. The questionnaire was designed to ensure participants above 18 years old understood
the purpose of the questionnaire. To avoid non-response errors, if the participant did not answer
a question fully, they could not proceed to the next question. The questionnaire could be
completed within an average time of 15 minutes. Annexure A presents the questionnaire used
in this study.
4.5.2 Questionnaire format
The questionnaire format shows the structure of the questions. This study utilised a structured
questionnaire which constitutes a 46-item scale analysing the factors influencing the risk
perceptions of insurance policyholders. The two types of scales used in this study are interval
and ordinal scales. An interval scale includes a numerical scale where numbers are used to
indicate the responses. On the other hand, an ordinal scale includes the Likert scale where the
questions may be negatively or positively constructed with response categories ranging from
strongly agree to strongly disagree. Researchers commonly use five categories; however, it can
be more than five (Quinlan et al., 2015).
According to Bell (2005), questions can either be close-ended or open-ended. Close-ended
questions are structured and are quick and easy to answer (Hyman & Sierra, 2016). Closeended questions also require the participant to give a definite answer from the set of questions.
The given options also make it less difficult for the participants to answer sensitive questions
(Hyman & Sierra, 2016). On the other hand, open-ended questions are unstructured and more
complicated to analyse. Open-ended questions are often more difficult to answer than close85

ended questions (Hyman & Sierra, 2016). These types of questions require more thought, and
the participant is given a blank space to fill in an honest answer in more detail (Maree et al.,
2011). This study utilised five open-ended questions, where the participants were asked to
indicate their ethnicity, highest level of education, employment status, religion and the type of
policy held apart from the options given.
The questionnaire also incorporated dichotomous and multiple-choice questions. Dichotomous
questions give the participants two options which can either be yes or no, as depicted in the
screening questions of the questionnaire (Kabir, 2016). This study utilised five dichotomous
questions. On the other hand, the 23 multiple choice questions provide a range of possible
answers, three or more. Chapter 2 and Chapter 3 provided a guide to which the questionnaire
was structured. The relevant scales were also utilised in the study to answer the questions. The
next section provides a layout of the questionnaire.
4.5.3 Questionnaire layout
The layout of the questionnaire must be structured logically structured because the lack thereof
can negatively impact data collection (Ferreira, 2019). Participants can lack interest in
completing the questionnaire if it is not properly structured. The questionnaire should include
simple questions that are easy to read and quick for the participants to answer without hesitation
(Maree et al., 2011). The questionnaire has been attached in Annexure A.
According to Maree et al. (2011), the first stage is to acquire demographic information for
studies using primary data, which is a significant part of the study. This is because demographic
information indicates whether the target population has been correctly represented (Hammer,
2011). Moreover, from the demographic information, several relationships can be determined
with the other factors being analysed in the study. The second stage involves collecting
information that is directly related to the study's objectives to answer the research questions
(Byrne & Brooks, 2008).
Table 4. 4: Layout of the questionnaire
Section
Section A Demographic
information &
Socio-Cultural
information(A1A16)

Source

Objective

Derived from theory. The objective is to
determine if
demographic factors
influence the risk
perception of
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Type and measure
of question
Close and openended questions
where relevant
answers were
provided and a blank
space to fill in

Section B- Financial
well-being (B1-B9)

Flynn et al. (1994)
Grable and Lytton
(2001)

Section C Behavioural finance
biases (C1-C9)

Ricciardi (2008)

Section D - Risk
identification (D1D10)

Manez et al.
(2018:53)

Section E –
DOSPERT scale
(E1-E22)

Weber et al. (2002)

Risk tolerance scale
(E23)

Grable and Lytton
(1998)

Section F - External
or international
events (F1-F16)

Ricciardi (2004)

insurance
policyholders.
Assess the impact of
financial well-being
on the risk
perception of
insurance
policyholders
Establish and
analyse the influence
of behavioural
finance biases that
influence the risk
perception of
insurance
policyholders
To determine
policyholders’
understanding of
risk.

Establishing a
theoretical link
between risk
perception of
insurance
policyholders and
their behaviour
towards risk
Determine the
relationship of risk
tolerance on risk
perception of
insurance
policyholders
Identifying the link
between the current
economic and
political landscape
in South Africa and
risk perceptions

Source: Author compilation
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relevant answers
were provided.
Close-ended
questions where
participants had to
choose one of four
questions.
A six-point Likert
scale was utilised (1)
strongly disagree,
(2) disagree, (3)
slightly disagree, (4)
slightly agree, (5)
agree and (6)
strongly agree.
A six-point Likert
scale was u (1)
strongly disagree,
(2) disagree, (3)
slightly disagree, (4)
slightly agree, (5)
agree and (6)
strongly agree.
A six-point Likert
scale was utilised (1)
very unlikely, (2)
unlikely, (3)
somewhat unlikely,
(4) somewhat likely,
(5) likely and (6)
very likely.
Close-ended
questions where
relevant answers
were provided.

A six-point Likert
scale was utilised (1)
very unlikely, (2)
unlikely, (3)
somewhat unlikely,
(4) somewhat likely,
(5) likely and (6)
very likely.

As shown in Table 4.4, the questionnaire was divided into six sections, namely Section A,
Section B, Section C, Section D, Section E and Section F. It is important to note that the
DOSPERT Scale is a verified scale (Weber, Blais & Betz, 2002). The following section
discusses the methods used in the pretesting of the questionnaire after it was designed and
formatted accordingly.
4.5.4 Pre-testing the questionnaire
According to Iacobucci and Churchill (2010:222), a pre-test of the questionnaire must be
conducted for the researcher to know how the participants will handle the questionnaire. The
purpose of the pre-test is to ensure that there are no grammatical errors, participants fully
understand the instructions and gauge the average time spent per questionnaire. Sreejesh et al.
(2014) highlight that if the questionnaire contains a lot of grammatical errors or is too long, it
may discourage the participants from giving honest answers, and it may always discourage the
participants from completing the questionnaire at hand.
This study utilised an online questionnaire that was pre-tested by ten individuals. The sample
consisted of policyholders who are currently residing in Gauteng and are above 18 years of
age. In order to ensure that all the participants understood the questionnaire at the same level,
three of the individuals were students, five were employed, and the other two were
unemployed. Moreover, because Gauteng is the most diverse province in South Africa, the pretest incorporated all the different ethnic groups to ensure all the ethnic groups understood the
questionnaire. Ultimately, the average time to complete the questionnaire by all 10 participants
was 15 minutes. Hinkin (1998) stated that the average time to complete a questionnaire must
be 15 minutes to ensure the participants fully answer the questionnaire and give honest
feedback.
4.5.5 Administration of the questionnaire
Feedback received from the pre-test included grammatical adjustments, technical errors and
eliminating certain questions. Overall, adjustments were made, and the final questionnaire,
including the cover letter, was distributed to participants (Annexure A). The final questionnaire
was successfully distributed from June 2020 until June 2021 to reach a sample size of 350 on
QuestionPro, which relates to previous studies.
4.6 PRELIMINARY DATA ANALYSIS
According to Malhotra et al. (2012), preliminary data analysis is the starting point before a
researcher looks into further statistical analysis. The main purpose of preliminary data analysis
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is to prepare the data for further analysis, identify key features and summarise it to form a
meaningful analysis (Wallace et al., 2011). The analysis of preliminary data includes the
process of gathering data and coding which are discussed in the following subsections.
4.6.1 Data gathering process
From a total of 546 distributed questionnaires, a final sample of 341 was included in the study.
The cover letter was included in the questionnaire, which gave a brief description of what the
study was about and highlighted that participation was voluntary and participants were free to
accept or decline to partake in the study. The questionnaire was administered online, and the
final sample excluded individuals who did not meet the inclusion criteria required, incomplete
questionnaires, and any errors that were present. A total of 341 questionnaires out of 546 were
included in the final sample, with a response rate of 62.5 percent.
4.6.2 Coding
According to Linneberg and Korsgaard (2019), coding is a research process whereby the
researcher transforms raw data and groups it to form meaningful categories. Wiid and Diggines
(2013) further highlight that when coding, numbers are assigned to specific items to derive
cohesive information into a computer and tabulate the results. The survey questionnaire in this
study was divided into six sections. Section A consists of 16 questions aimed at obtaining
demographic information of the participants. The questions included age, gender, income and
race, amongst others. Section B contained nine items with the purpose to obtain information
regarding the financial well-being of the participants. In Section C, nine items on a six-point
Likert scale were used to determine the level of behavioural finance biases of the participants,
where the participants were required to select the level to which they agree or disagree with the
statements. Section D consists of ten items aimed at identifying the participants’ risk
perception. In Section E, a 23 item DOSPERT scale was used to identify the participants’ risk
perception scale relating to ethical, financial, health, social and recreational and the risk
tolerance scale. Lastly, Section F consisted of 16 items to determine how the participants relate
to external or international events.
Moreover, Iacobucci & Churchill (2010:350) highlighted that once the data has been collected,
it is not useful until it is transformed into a format that will yield a meaningful analysis. This
form of data analysis can be performed in three steps namely, editing, coding and tabulation
(Creswell & Plano Clark, 2011). Cant et al. (2005) highlight that editing involves analysing
the questionnaire to ensure there are no omissions, ambiguities and repetition of questions.
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Moreover, Zikmund and Babin (2013) highlight that coding must be performed on the data to
ensure its usefulness before interpreting it. This can be done by assigning symbols to each
question or a group of questions relating to the same topic (Iacobucci & Churchill, 2010).
Lastly, tabulation involves arranging the responses in a table form to acquire the frequencies
per question (Hair et al., 2008).

Table 4. 5: Coding of data
Data type

Code

Question

Demographic information

A1-A16

Section A: Questions A1-A16

Financial well-being

B1-B9

Section B: Questions B1-B9

Behavioural finance biases

C1-C9

Section C: Questions C1-C9

Risk identification

D1-D10

Section D: Questions D1-D10

Risk perception scale

E1-E22

Section E: Questions E1-E22

Ethical

E1-E3

Section E: Items E1-E3

Financial

E4-E7

Section E: Items E4-E7

Health/safety

E8-E11

Section E: Items E8-E11

Social

E12-E15

Section E: Items E12-E15

Recreational

E16-E19

Section E: Items E16-E19

Insurance perception

E20-E22

Section E: Items E20-E22
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Risk tolerance scale

E23

Section E: Item E23

External events

F1-F16

Section F: Items F1-F16

Political-legal

F1-F3

Section F: Items F1-F3

Market fluctuations

F4-F9

Section F: Items F4-F9

Crime

F10-F13

Section F: Items F10-F13

Unemployment

F14-F16

Section F: Items F14-F16

Source: Author compilation
The data was captured and coded electronically to minimise errors as shown in Table 4.5. The
codebook is presented in Annexure B. In order to present the data obtained from the
questionnaire, the next section discusses the statistical analysis techniques.
4.7 STATISTICAL ANALYSIS
The data received from questionnaires is not useful to researchers because no correlations or
conclusions can be generated from the data until it is transformed (Berndt & Petzer, 2011).
According to Swanepoel et al. (2006) in order to make sense of the data, statistics must be
utilised. The quantitative data collected for this study were analysed using the Statistical
Package for Social Sciences (SPSS) version 27 for Microsoft Windows. The following
statistical techniques were used on the data sets:
Figure 4. 2: Statistical methods

Statistical
methods

Reliability analysis

Validity analysis

Descriptive analysis

T-test
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Significance tests

ANOVA

Correlation
analysis

Source: Ghoodjani (2018)
The statistical methods depicted above are described in the subsequent sections.
4.7.1 Reliability analysis
According to Quinlan (2011:306), a reliability test is conducted to determine if the variables
do not contain random errors. Therefore, Hair et al. (2010) define reliability as the process of
repeating trials to test if it produces the same or similar results. Therefore, a measure is
considered reliable if it produces the same outcome when tested repeatedly (Schiffman et al.,
2010:58). Similarly, reliability is characterised as a high-quality measurement to deem a
research study trustworthy (Cant et al., 2005). Moreover, a reliability test is utilised to test
whether or not the data is free from random errors. Cant et al. (2005) state that should any
random errors be found in a study, it can be concluded that it is inefficient.
There are three approaches to achieving reliability namely, test-retest reliability, alternative
forms reliability and internal consistency reliability. According to Iacobucci &Churchill
(2010), test-retest reliability involves the administration of a similar scale on two separate
observations at different points. The reliability method aims to determine whether differences
exist between scores from the two separate observations. The presence of differences between
the two observations indicates a random error. The alternative forms reliability requires that
the same forms be administered to the same participants at two different times (Malhotra,
2010). This method measures how the observations are correlated, although measured
differently and at different times. Test-retest reliability and alternative forms reliability are
time-consuming and expensive; therefore, they were not used in this study. The internal
consistency reliability measures the consistency of the set items when summated to make the
complete scale (Quinlan et al., 2015:113). The most common measure of internal consistency
reliability is the Cronbach alpha which measures the average correlation between the summated
items that make up the complete scale. The scale is considered reliable through the value of
alpha, which ranges from zero to one, where zero represents a complete random error, and one
represents no random error.
4.7.2 Validity analysis
According to Hair et al. (2013:166) and Pallant (2008:7), a measure is considered valid if it
measures the scale it is intended to measure. In addition, validity can determine the extent to
which dissimilarities in the observed data can reveal actual dissimilarities of the characteristics
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under consideration rather than a random error. According to Maree (2011), when measuring
validity, there are three guidelines to consider amongst others. Firstly, the measuring
instrument cannot be valid if it is not reliable. Secondly, participants can answer the
questionnaire in a way they think they are supposed to answer, which they consider to be
socially correct. Thirdly, the participants can be biased by answering yes to all the questions.
There are three main types of methods used by researchers to validate their studies (Goundar,
2012). These methods include content validity, construct validity and criterion validity.
Content validity is performed before data collection is performed to ensure that the items
included accurately represent the topic in question (Hair 2013:167). In addition, Malhotra
suggests that the scale items must be examined to determine whether they cover the entire
domain. The questionnaire utilised in this study was checked and validated by the researcher
and two study leaders.
Construct validity involves linking the measure to the theoretical foundations in a study
(McDaniel & Gates, 2012). This suggests that the results provided by the measure should have
a strong linkage with the theory underlying the study (Malhotra, 2010). In other words, there
should be a close correlation between the results and theoretical grounds (Quinlan 2011).
Zikmund and Babin (2013) highlight that validity consists of convergent, discriminant and
nomological validity. Convergent validity is the degree to which the measured variable
correlates with other variables measuring the same theoretical variable (Iacobucci & Churchill,
2010). Discriminant validity refers to the degree to which the measured variable does not
correlate with other measured variables measuring the theoretical variable. Lastly, nomological
validity measures the level of correlation between different constructs and the theoretical
variable (Remler & Van Ryzin, 2011).
Criterion validity is considered to be significantly important if it can measure the instrument it
is expected to measure (Maree et al., 2011). Additionally, Hair et al. (2013) define criterion
validity as the level of correlation between self-report measures and behavioural variables in
the study. Criterion validity constitutes predictive and concurrent validity. Predictive validity
is a measure that predicts future performance, whereas concurrent validity is a measure that
determines the degree to which a self-report measure correlates with a certain behaviour
measured at the same time (Jackson, 2008).
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For this study, the construct validity was utilised using the most accurate index, Cronbach
alpha. Content validity was also followed through the inclusion of open-ended questions in the
questionnaire. The following section discusses the descriptive analysis followed in the study.
4.7.3 Descriptive statistics
According to Churchill and Brown (2004), descriptive analysis is the simplifying organising
and interpreting of data to provide a meaningful analysis. Quilan (2011) further highlights that
data in the form of age, gender, race and income can be expressed in ratios, averages,
summations and standard deviation using descriptive statistics. This study utilised measures of
central tendency, dispersion and shape as the three classifications of descriptive statistics.
4.7.3.1 Measures of central tendency
This measure of central tendency consists of the mean, mode, and median. The mean can also
be referred to as the average, which is the sum of all values divided by the number of the values
(Kolb, 2008). The median is also known as the central point. It is determined by identifying
the central point when the data is arranged in ascending or descending order. According to
Maree (2011), the median is the 50th percentile in a data set and is suitable for ordinal data.
The mode is the value that occurs more frequently within the data set (Struwig & Stead, 2010).
Maree (2011) warns that the mode can be insufficient when measuring data because the data
can have more than one value or characteristic that appears frequently.
4.7.3.2 Measures of dispersion
The measures of dispersion include the range, variance, and standard deviation. Unlike
measures of location that focus on where the values are located, measures of dispersion focus
examine the broadness of the data (Manikandan, 2011). The range is computed by subtracting
the minimum value from the largest value to obtain the values between the largest and smallest
values in a data set (Quinlan, 2011). On the other hand, the variance refers to the spread, thus,
the degree to which the values differ from the arithmetic mean. Similar to variance, the standard
deviation is the square root of the variance, referring to the spread in the data set. The standard
deviation is the degree to which the average amount deviates from the arithmetic mean, that is,
how much the data differs around the mean.
4.7.3.3 Measures of shape
The measures of shape include kurtosis and skewness, which are useful when analysing the
nature of distribution (Petar & Sanja, 2010). The distribution of the data can be measured
through a graphic presentation (Pallant, 2007). According to Quinlan (2011), kurtosis measures
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flatness or peakedness of the data distribution. When the distribution is flatter than normal,
kurtosis is negative, and when kurtosis has a zero value, the distribution signifies a normal
distribution that is peaked (Malhotra, 2010). Skewness is a measure of asymmetry in
distribution. In other words, skewness is the unequal distribution of the mean, mode, and
median (Diedericks, 2015). According to Swanepoel (2006), distribution is skewed to the right
when it is positively distributed, while distribution is skewed to the left when it is negatively
distributed.
This study employed descriptive statistics to determine the overall pattern and distribution of
the data and determine the participants' characteristics. Overall, the descriptive statistics used
in this study consist of mean, mode, median, standard deviation, skewness and kurtosis. The
subsequent section provides an overview of the correlation analysis followed in this study.
4.7.4 Correlation analysis
Correlation analysis measures how two or more variables are associated with each other
(Iacobucci & Churchill 2010). Quinlan (2011:400) adds to this definition by stating that
correlation is a single number that describes the strength and direction of the relationship
between two or more variables. The most commonly used measure of correlation in SPSS is
the Pearson correlation coefficient (r). This coefficient measures the strength and direction of
how two or more variables are related (Kumar et al., 2002). Pallant (2013) further highlights
that the Pearson correlation coefficient can be used in one continuous or dichotomous variable.
On the other hand, the Spearman rank-order correlation is a non-parametric measure of the
degree of association between two variables. The Pearson correlation coefficient utilises the
range from -1 to 1 to determine the degree of association, with -1 indicating a negative
correlation, 1 indicating a strong positive correlation and 0 indicating no correlation between
the variables (McDaniel & Gates, 2007).
This study utilised both the Pearson and Spearman correlation to determine the relationship
between the factors influencing the risk perception of insurance policyholders in Gauteng. The
test of significance used in the study will be discussed in the following section.
Figure 4.3 below shows the correlation coefficients using scatter plots.
Figure 4. 3: Correlation coefficients using scatter plots

r = -1

r=0
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r=1

Source: Gujarati (2010)
4.7.5 Test of significance
The t-test is used to determine whether there is a significant difference between the arithmetic
means of the two groups (Hair et al., 2008). In other words, it tests whether the arithmetic
means differ from each other (Quinlan, 2015). According to Brendt and Petzer (2011), the ttest is the total risk the researcher is willing to accept for the hypothesis under testing. When
performing a test of significance, there must be a null and alternative hypothesis. The null
hypothesis (H0) resembles no variation between the different groups, while the alternative
hypothesis (Ha) resembles variation between the groups. The p-values obtained from the t-test
indicates whether or not the hypothesis can be supported. The t-test statistics were used to
determine the differences in the perception of risk of insurance policyholders by males and
females.
4.7.6 Analysis of variance (ANOVA)
McDaniel and Gates (2013) indicate that the analysis of variance (ANOVA) determines the
differences in arithmetic means of more than two independent variables. It utilises the F-value
and the p-value to explore whether the means are significantly different. The values provided
by the F-value and p-value indicate the percentage that the variables are significantly different
from each other. The ANOVA was utilised in this study to determine whether there were any
statistically significant differences between the participants’ perceptions of risk and
demographics, risk tolerance, endogenous factors, financial well-being and behavioural
finance, and exogenous factors.
4.7.7 Multiple linear regression
According to Quinlan (2011), a regression measures the degree to which one or more
independent variables predict a dependent variable. This means that it tests whether there exists
a positive or negative relationship between the independent variables and the dependent
variable. A multiple linear regression was utilised in this study to determine whether there were
any statistically significant differences between the participants’ perceptions of risk and the
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determinant factors, namely, demographics, risk tolerance, endogenous factors, financial wellbeing and behavioural finance, and exogenous factors.
The following section describes the highly ethical considerations that were followed in this
study.
4.7.8 Outline of statistical techniques utilised
Table 4.4 below provides a summary of the statistical methods utilised to achieve the empirical
objectives of the study.
Table 4. 6: Summary of statistical and inferential statistical methods utilised
Objective
Determine how demographic factors influence the risk
identification and risk perceptions of insurance
policyholders

Methods
Descriptive
Correlation
T-test
ANOVA
Determine the relationship of risk tolerance on risk Descriptive
perception of insurance policyholders
Correlation
Identifying the endogenous factors that influence risk Correlation
perception of insurance policyholders in Gauteng
Regression
Identifying the exogenous factors that influence risk Correlation
perception of insurance policyholders in Gauteng
Regression
Source: Author compilation
4.8 ETHICAL CONSIDERATIONS
Parveen and Showkat (2017) define ethics as the moral principles guiding humanity. In
research, ethics must be conducted to distinguish between what is socially acceptable and what
is not (Redda, 2015). Ferreira (2019) suggests that the researcher must ethically collect data as
set by North-West University. This study obtained ethical clearance from the Research
Committee of Economic and Management Sciences in 2020, attached in Annexure C. Ethical
clearance number NWU-00720-20-A4 was obtained from North-West University.
The following ethical considerations were taken into account during the data collection of the
study:
•

Voluntary participation: The participants were well informed about their right to withdraw
from partaking in the study;

•

The anonymity of responses: The personal information of participants who partook in the
study was collected anonymously and only used for the research study;
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•

A true reflection of information: The information collected for the study was not ascribed
to an individual and was used accurately for the research study; and

•

Management of data obtained: The data collected from this study will be kept for no more
than five years.

4.9 SYNOPSIS
This chapter explored the research methodology filled within this study. This was done to form
a basis for empirical objectives to be tested and analysed to formulate meaningful conclusions.
This chapter discussed the research design and research approach. It further discussed the
sampling procedure by defining the target population and establishing the sample frame,
method, and frame. The data collection method followed made special reference to how the
questionnaire was designed and administered to the participants. It was concluded that a nonprobability snowball sampling method is to be followed in this study to reach the number of
participants required for this study. A preliminary data analysis was conducted, which included
coding of the data to provide meaningful data analysis. In addition, the importance of statistical
analysis was outlined in the study. This included reliability, validity analysis, and correlation
analysis of the data. The last section focused on the ethical considerations that reassured the
participants that taking part in the survey was voluntary and anonymous.
The questionnaire was administered to individuals residing in Gauteng who had an existing
insurance policy. The information provided by this chapter forms the basis for Chapter 5, which
provides the results, conclusions, and recommendations from the testing of the data.
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CHAPTER 5: ANALYSIS AND INTERPRETATION OF EMPIRICAL FINDINGS
5.1 INTRODUCTION
Primarily, this study aimed to analyse the factors influencing the risk perception of insurance
policyholders. This chapter outlays the results of the empirical objectives as provided in
Chapter 1:
•

Determine how demographical factors influence the risk identification and risk perception
of insurance policyholders;

•

Determine the relationship of risk tolerance on risk perception of insurance policyholders;

•

Identifying the endogenous factors that influence risk perception of insurance policyholders
in Gauteng; and

•

Identifying the exogenous factors that influence risk perception of insurance policyholders
in Gauteng.

In order to ensure that the primary and empirical objectives are achieved, several sections have
been set out in this chapter to discuss the analysis and interpretation of the empirical findings.
This is set out in the chapter as follows:
•

The descriptive analysis of the demographics, risk tolerance, endogenous and exogenous
factors of insurance policyholders living in Gauteng is provided in sections 5.2 and 5.3.

•

Section 5.4 elaborates on the exploratory factor analysis conducted to identify what drives
risk perception.

•

Section 5.5 provides an outline of the hypothesis testing utilised to determine the
significance of the study.

•

Section 5.6 to 5.9 provide an analysis of each empirical objective.

•

Section 5.10 expands on the analysis of the factors influencing risk perception of insurance
policyholders in Gauteng, and a regression analysis thereof.

5.2 ANALYSIS OF DESCRIPTIVE INFORMATION
Table 5.1 below depicts the summary of demographic information of the final sample of 341
participants. The sections that follow give a detailed discussion of the results in Table 5.1.
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Table 5. 1: Summary descriptive analysis
Item
1

Demographic
variable
Age

2

Gender

3

Ethnicity

4

Marital status

5

Highest level of
education

6

Employment status

7

Annual income

8

Income variability

9

Net worth

Characteristic
18-24
25-34
35-49
50-59
60-69
70+
Male
Female
African
Asian
Coloured
White
Single
Common-law spouse
Married
Divorced
Widowed
No matric
Matric
Diploma
Bachelor’s degree
Honours degree
Master’s degree
Doctoral degree
Other
Student
Salaried employed
Self-employed
Unemployed-not looking for work
Unemployed- looking for work
Homemaker
Retired
Below R 100 000
R 100 001-200 000
R 200 001-300 000
R 300 001-400 000
R 400 001-500 000
R 500 001-600 000
R 600 001-700 000
R 700 001-800 000
R 800 001-900 000
R 900 001-R 1 million
More than R 1 million
My income is very stable & predictable
My income is somewhat stable &
predictable
My income is fluctuating and
unpredictable
Less than R 1 million
100

Frequency Valid
percentile
42
12.3
161
47.2
71
20.8
48
14.1
18
5.3
1
0.3
154
45.2
187
54.8
252
73.9
12
3.5
12
3.5
65
19.1
156
45.7
13
3.8
150
44.0
15
4.4
7
2.1
3
0.9
18
5.3
41
12.0
115
33.7
119
34.9
39
11.4
4
1.2
2
0.6
9
2.6
265
77.7
45
13.2
1
0.3
8
2.3
12
3.5
1
0.3
19
5.6
29
8.5
53
15.5
85
24.9
59
17.3
41
12.0
17
5.0
14
4.1
5
1.5
8
2.3
12
3.5
233
68.3
79
23.2
29
8.5
254
74.5

10

Homeownership

11

Household size

12

Number of
dependants

13

Religion

14

Health status

15

Type of policy

16

Level of financial
and insurance
product knowledge

Between R1 million and R 3.5 million
Between R3.5 million and R7 million
Between R7 million and R12 million
Between R12million and R30 million
R30 million and more
Living with relatives
Renting
Homeownership with mortgage
Homeownership without mortgage
1-2 individuals
3-5 individuals
6+ individuals
0 dependants
1-2 dependants
3-5 dependants
6+ dependants
None
Buddhism
Christianity
Judaism
Hinduism
Islam
Other
Poor
Fair
Good
Excellent
Short-term insurance (car, home)
Long-term insurance (life insurance)
Both long-term and short-term insurance
Other
Little
Average
Above average
Superior

76
10
1
0
0
45
132
116
48
194
136
11
105
177
56
3
12
2
308
1
5
11
2
9
46
171
115
179
58
103
1
27
166
123
25

22.3
2.9
0.3

13.2
38.7
34.0
14.1
56.9
39.9
3.2
30.8
51.9
16.4
0.9
3.5
0.6
90.3
0.3
1.5
3.2
0.6
2.6
13.5
50.1
33.7
52.5
17.0
30.2
0.3
7.9
48.7
36.1
7.3

5.2.1 Distribution of age
Table 5.1 illustrates the frequencies and valid percentiles of all demographic factors. In order
to proceed with the questionnaire, the participants were required to disclose their age in terms
of six categories. Most of the participants were between the age category of 25-34, representing
47.2 percent, followed by the 35-49 age group with 20.8 percent. As indicated in Table 5.1, the
third biggest age group was between 18-24, representing 12.3 percent. The fourth age group
was 50-59, which represented 14.1 percent and the smallest age group were older than 70 years,
representing 0.3 percent.
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Figure 5. 1: Distribution of age

5.2.2 Composition of gender
As shown in Table 5.1, most participants are female, making 54.8 percent of insurance
policyholders, while 45.2 percent is made up of male insurance policyholders.
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Figure 5. 2: Composition of gender

5.2.3 Composition of ethnicity
Figure 5.3 below depicts the ethnic composition of the sample. The majority of participants
were African, representing 73.9 percent, followed by White representing 19.1 percent of
insurance policyholders. Asian and Coloured participants each made up 3.5 percent of the
insurance policyholders.
Figure 5. 3: Composition of ethnicity

5.2.4 Marital status
As shown in Figure 5.4 below, the largest portion of the participants consisted of single and
represented 45.7 percent, followed by married people with 44 percent. The third group of
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participants were divorced and represented 4.4 percent, while 3.8 percent were participants
with a common-law spouse. The remaining were widowed participants and made up 2.1 percent
of insurance policyholders.
Figure 5. 4: Marital status

5.2.5 Highest level of education
Figure 5.5 depicts that most of the participants completed an honours degree, represented by
34.9 percent. This was closely followed by participants with a bachelor’s degree that made up
33.7 percent. Participants with a diploma made up 12 percent of insurance policyholders, while
11.4 percent were participants with a master’s degree. Participants with a doctoral degree, and
no matric represented 1.2 percent and 0.9 percent, respectively. The remaining 0.2 percent were
participants with other levels of education and represented 0.6 percent.
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Figure 5. 5: Highest level of education

5.2.6 Employment status
Depicted in Figure 5.6 is the employment status composition of the sample. It shows that the
majority of the participants were salaried employed individuals representing 77.7 percent of
the insurance policyholders. This was followed by self-employed participants who made up
13.2 percent of the sample. The third group consisted of homemakers who represented 3.5
percent of the sample. Some participants were unemployed but looking for work which
represented 2.3 percent of the insurance policyholders. The remaining were unemployed and
not looking for work and retired individuals, both representing 0.3 percent of the sample.
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Figure 5. 6: Employment status

5.2.7 Annual income
The distributed questionnaire required the participants to disclose their annual income. The
results show that 24.9 percent of the participants earn between R300 001 and R400 000. The
second biggest group in the range between R 400 001 to R500 000 represent 17.3 percent of
the participants. Approximately 15.5 percent of the participants earn between R 200 001 and
R300 000 annually. This was followed by individuals who earned R 500 001 and R600 000,
representing 12.0 percent of the sample. The fifth group consisted of individuals with an annual
income between R 100 001 and R200 000 and represented 8.5 percent of the sample.
Participants earning an annual income below R100 000 and from R 600 001 to R700 000
represented 5.6 and 5.0 percent of the sample respectively. Figure 5.6 shows that approximately
4.1 percent of the sample between R 700 001 and R800 000. Participants earned more than a
million represented 3.5 percent of the sample in the study. The remaining two groups
represented 2.3 and 1.5 percent and the participants had an annual income between R 900 001
and R 1 million and between R 800 001 and R900 000.
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Figure 5. 7: Annual income

5.2.8 Income variability
Regarding income variability, Figure 5.8 shows that 68.9 percent of the participants had a very
stable and predictable income, while 23.2 percent had a somewhat stable and predictable
income. The smallest group of people represented 8.5 percent of the participants whose income
was fluctuating and unpredictable.
Figure 5. 8: Income variability
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5.2.9 Net worth
The net worth of the participants represents the total wealth of the participants by taking into
account the individuals’ financial assets and liabilities. Figure 5.8 shows that most of the
participants (74.5%) had a net worth of less than R1 million. Those with a net worth between
R1 million and R 3.5 million accounted for 22.3 percent. This was followed by participants
with a net worth between R3.5 million and R7 million, who accounted for 2.9 percent of the
sample. The last smallest group was between R7 million and R12 million and represented 0.3
percent.
Figure 5. 9: Net worth

5.2.10 Homeownership
Figure 5.9 shows that 38.7 percent of the participants were renting while 34.0 percent had
homeownership with a mortgage. The third group was participants with homeownership
without a mortgage and accounted for 14.1 percent. The remaining group were participants
living with relatives and represented 13.2 percent of the sample.

108

Figure 5. 10: Homeownership

5.2.11 Household size
Considering the household size, it was grouped into three categories. Almost 56.9 percent were
in the one to two individuals category. The second group (39.9%) were individuals with a
household size of three to five individuals. The smallest group (3.2%) were individuals with a
household size of 6 or more individuals.
Figure 5. 11: Household size
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5.2.12 Number of dependants
Figure 5.11 shows the number of dependants each of the participants had. The majority (51.9%)
had one to two dependants, followed by participants with zero dependants representing 30.8
percent. Almost 16.4 percent of the participants had three to five dependants, while 0.9 percent
had six or more dependants.
Figure 5. 12: Number of dependants

5.2.13 Religion
As indicated in Table 5.1 and Figure 5.12, the sample included 90.3 percent of Christian
insurance policyholders and 3.5 with no religion. Approximately 3.2 percent were Islam and
1.5 percent were Hindu. The sample also recorded 0.6 Buddhists and those following other
religions. Almost 0.3 percent were Jewish participants.
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Figure 5. 13: Religion

5.2.14 Health status
Considering health status, Figure 5.13 shows that the majority of the participants (50.1%) have
good health. The second group (33.7%) were participants with excellent health, while 13.5
percent were individuals with fair health. The smallest group (2.6%) represented individuals
with poor health.
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Figure 5. 14: Health status

5.2.15 Type of policy
As shown in figure 5.15, the type of policy was grouped into four categories. The largest group
of participants (52.5%) were individuals with short-term insurance policies, followed by 30.2
percent who had both short-term and long-term insurance policies. Participants with long-term
insurance represented 17.0 percent, while 0.3 percent had other types of insurance policies.
Figure 5. 15: Type of policy
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5.2.16 Level of financial and insurance product knowledge
Figure 5.16 clearly shows that 48.7 percent of the participants had average financial and
insurance product knowledge. Approximately 36.1 percent has above-average financial and
insurance product knowledge. Participants with little and superior financial and insurance
product knowledge represented 7.9 and 7.3 percent, respectively.
Figure 5. 16: Level of financial and insurance product knowledge

5.3 DESCRIPTIVE ANALYSIS
The following section discusses the descriptive statistics of the questionnaire by calculating the
means, standard deviations and percentages to derive an overview of the data set. Table 5.2
below indicates the responses from Section B of the questionnaire where the participants
answered questions relating to their financial well-being, which might influence their
perceptions of risk. Table 5.2 indicates the frequencies and percentages acquired from Section
B from 341 participants who formed part of the sample.
Table 5. 2: Descriptive analysis of B – Financial well-being
Financial well-being
B1

B2

Response

Who is responsible for making financial You on your own
decisions?
You
with
your
partner
Your partner
Somebody else
What do you feel is the level of your financial Overwhelming stress
stress today?
High stress
Low stress
113

N

%

215
109

63.0
32.0

6
11
39
100
170

1.8
3.2
11.4
29.3
49.9

B3

How satisfied are you with your present
financial situation? The more dissatisfied you
are, the lower the number.

B4

How do you feel about your current financial
situation?

B5

How often do you worry about being able to
meet normal monthly living expenses?

B6

How confident are you that you could find the
money to pay for a financial emergency that
costs about R10 000?

B7

How often does this happen to you? You
want to go out to eat, go to a movie or do
something else and don’t go because you
can’t afford to?

B8

How frequently do you find yourself just
getting by financially and living paycheck to
paycheck?

B9

How stressed do you feel about your
personal finances in general?

No stress at all
1
2
3
4
Overwhelming stress
High stress
Low stress
No stress at all
Worry all the time
Sometimes worry
Rarely worry
Never worry
Worry all the time
Sometimes worry
Rarely worry
Never worry
All the time
Sometimes
Rarely
Never

32
24
105
144
68
29
162
111
39
43
120
132
46
49
99
98
95
29
130
133
49

9.4
7.0
30.8
42.2
19.9
8.5
47.5
32.6
11.4
12.6
35.2
38.7
13.5
14.4
29.0
28.7
27.9
8.5
38.1
39.0
14.4

All the time
Sometimes
Rarely
Never
Overwhelming stress
High stress
Low stress
No stress at all

59
113
123
46
32
99
174
36

17.3
33.1
36.1
13.5
9.4
29.0
51.0
10.6

As observed in Table 5.2, about 63 percent of the participants indicated that they are
responsible for their financial decisions, while 32 percent make financial decisions with their
partner. Item B1 also shows that 3.2 percent rely on somebody else to make financial decisions
on their behalf. Lastly, 1.8 percent indicated that their partners are responsible for making
financial decisions for them.
Regarding how people feel about their level of financial stress when completing the
questionnaire, 49.9 percent indicated that they had low stress. The second group of participants
(29.3%) indicated high stress. Approximately 11.4 percent of the insurance policyholders felt
overwhelming stress while the last group (9.4%) had no stress at all.
The participants were required to indicate how satisfied they were with their present financial
situation. The one represented complete dissatisfaction, while 4 represented complete
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satisfaction. The majority of the participants (42.2%) indicated the number three, suggesting
that they were satisfied. This was followed by 30.8 percent who indicated they were
dissatisfied. The last groups indicated that they were completely satisfied (19.9%) and
completely dissatisfied (7.0%).
Section B also analysed how the participants felt about their current financial situation. The
majority (38.7%) indicated high stress, followed by 32.6 percent who indicated low stress.
Approximately 11.4 percent indicated that they had no stress, and the last group (8.5%)
indicated overwhelming stress.
As shown in Table 5.2, item B5 aimed to obtain information about how often the participants
worry about being able to meet normal monthly living expenses. The results show that the
largest group (38.7%) indicated that they rarely worry. The second group (35.2%) indicated
that they sometimes worry while 12.6 worry all the time. The last group (13.5%) indicated that
they never worry about being able to meet normal monthly living expenses.
To analyse the participants’ financial well-being, item B6 required them to disclose how
confident they were that they could find the money to pay for a financial emergency that cost
about R10 000. The results obtained showed very little variation, with 29 percent indicating
that they sometimes worry and 28.7 percent indicating that they rarely worry. While 27.9
percent indicated they never worry, 14.4 indicated that they worry all the time.
Moreover, Section B of the questionnaire required the participants to state how they would find
themselves unable to eat out or go to a movie. The majority of the participants (39%) indicated
that they rarely find themselves in such a situation. This was followed by 38.1 percent who
indicated that they sometimes worry. Table 5.2 shows that 14.4 percent never worry about
going to eat out or watch a movie, while the last group (8.5%) indicated that they worry all the
time.
The participants were also required to disclose how frequently they would find themselves
getting by financially and living paycheck to paycheck. Table 5.2 shows that 36.1 percent
indicated that they rarely find themselves in that situation, followed by 33.1 percent who
indicated sometimes. Approximately 17.3 percent worry all the time and 13.5 percent never
find themselves getting by financially and living paycheck to paycheck.
Lastly, Section B required the participants to indicate how stressed they felt about their
finances. The results show that 51 percent indicated low stress while the second group (29%)
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indicated high stress. Approximately 10.6 percent indicated they generally had no stress about
their finances and 9.4 percent indicated overwhelming stress.
Section C of the questionnaire required the participants to indicate what drives their financial
decisions. A six-point Likert scale was used for the participants to indicate the degree to which
they agree or disagree with the statements for each of the nine behavioural finance biases. The
options were as follows: strongly disagree (1), disagree (2), somewhat disagree (3), somewhat
agree (4), agree (5) and strongly agree (6). Table 5.3 also indicates the means and standard
deviations for each item provided.

144
127
113
114
111
118
125
99
107

Strongly
agree

63
78
88
69
70
59
67
56
69

Agree

27
25
32
45
41
34
22
36
27

55
79
72
71
72
78
75
67
103

Standard
deviation

36
24
28
30
36
39
30
50
25

Mean

16
8
8
12
11
13
22
33
10

Somewhat
agree

Representativeness
Overconfidence
Framing
Gambler's fallacy
Mental accounting
Loss aversion
Regret aversion
Availability bias
Self-control

Disagree

Strongly
disagree

Behavioural bias

Somewhat
disagree

Table 5. 3: Descriptive analysis of Section C – Behavioural finance biases

4.31
4.55
4.43
4.34
4.32
4.36
4.37
3.99
4.60

1.378
1.251
1.278
1.364
1.381
1.427
1.453
1.627
1.341

As shown in Table 5.3 above, the majority of the responses were concentrated on the right side,
meaning that the participants mostly agreed with the behavioural finance biases provided. All
the behavioural biases obtained a mean score above four except for availability bias which
obtained a mean score of 3.99. Table 5.3 indicated that the highest mean score was 4.60 for
self-control. This result suggests that the participants exercise self-control to minimise losses
when making financial decisions. The highest standard deviations were obtained from
availability bias (1.63) and regret aversion (1.45). This suggests that the participants tend to
make inaccurate financial decisions by relying on a piece of available information only. The
remaining behavioural finance biases items obtained varying standard deviations (>1),
indicating varying responses from the insurance policyholders regarding the items that drive
their financial decisions.
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In the questionnaire, Section D required the participants to indicate the degree to which they
agree or disagree with the statements relating to risk perception using a six-point Likert scale.
The aim was to find out which factors resonate with the insurance policyholders. Table 5.4
shows the descriptive analysis of Section D.
Table 5. 4: Descriptive analysis of Section D – Risk identification

Mean

Standard
deviation

41

84

115

58

4.25

1.359

18

33

94

138

51

4.44

1.143

17

21

85

139

74

4.64

1.126

8

20

90

136

86

4.79

0.983

12

28

63

156

79

4.74

1.067

26

31

67

140

71

4.53

1.233

12

24

65

153

83

4.76

1.080

17

24

58

138

101

4.80

1.141

7

17

70

144

102

4.92

0.965

35

29

75

116

84

4.52

1.266

Strongly
agree

Somewhat
agree

25

Agree

Somewhat
disagree

A risk is an event that results
18
in a pure financial loss
A risk is an event that can
7
result in an emotional loss
Risk is the feeling of not
5
knowing what is going to
happen
I feel that my consciousness
1
of risk has increased over the
years
I feel more exposed to risk
3
than ever before
I would rather forfeit a low
6
premium for higher insurance
coverage
I feel that I am surrounded by
4
risk in everyday life
I would feel more exposed to 3
risk by not having any type of
insurance
I feel a sense of comfort and
1
security knowing I have
insurance
I feel uneasy by taking out
2
low insurance cover

Disagree

Strongly
disagree

Risk perception

As shown in Table 5.4 above, most of the participants’ responses were recorded on the right
side, which is more positive than the left side. This resulted in high means, which were all
greater than four (> 4). The highest mean (4.92) was recorded for the second last item showing
that the majority of the participants (92.66%) agree that they feel a sense of comfort and
security knowing they have insurance. This was followed by the eighth item (4.80), which also
suggested that the majority of the participants (87.09%) agree that they would feel more
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exposed to risk by not having any type of insurance. The results show different standard
deviations, which were all greater than one (>1) except for item four, with a standard deviation
of 0.983. The highest standard deviation was recorded for the first item suggesting a variation
in views of insurance policyholders regarding how they identify risk. The highest standard
deviation (1.359) was obtained from the first item, suggesting variation in the responses.
Approximately 75.37% of the participants identify risk as an event that results in a pure
financial loss, while 24.63% hold an alternative view.
Section E of the questionnaire aimed to obtain information about the participants' risk
perception using the DOSPERT scale. The descriptive analysis of Section E is indicated in
Table 5.5 below.

Disagree

Somewha
t disagree

Somewha
t agree

Agree

Strongly
agree

Mean

Standard
deviation

E1
E2
E3
Financial
E4
E5
E6
E7
Health
E8
E9
E10
E11
Social
E12
E13
E14
E15
Recreational E16
E17
E18
E19

Strongly
disagree

Ethical

Item

Item

Table 5. 5: Descriptive analysis of Section E – DOSPERT risk perception scale

69
66
143
67
161
182
182
131
163
152
100
70
63
57
45
80
123
99
86

64
74
72
63
57
51
51
62
51
59
48
40
45
66
46
63
59
58
55

93
74
42
40
34
40
31
39
35
32
43
55
40
47
37
36
31
36
37

75
73
36
84
42
31
26
40
25
30
65
73
70
66
70
47
45
48
50

30
41
33
57
36
28
33
39
49
45
56
57
66
67
83
75
50
58
63

10
13
15
30
11
9
18
30
18
23
29
46
57
38
60
40
33
42
50

2.89
2.96
2.38
3.27
2.32
2.12
2.21
2.66
2.41
2.49
3.05
3.43
3.59
3.39
3.82
3.28
2.82
3.10
3.29

1.351
1.426
1.550
1.617
1.561
1.473
1.615
1.726
1.688
1.711
1.713
1.692
1.736
1.643
1.661
1.769
1.784
1.806
1.817

Table 5.5 shows the descriptive analysis of the DOSPERT scale. Items E1-E3 represents ethical
risk. The majority of the participants’ responses were concentrated on the left side, leading to
lower means being recorded. The highest mean recorded at 2.96 for item E2 shows that most
people disagree with the statement provided. This result also shows that 62.76 percent of the
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insurance policyholders disagree that they are likely to download proprietary software from the
internet, while 37.24 percent agree. Regarding standard deviation, item E3 shows the highest
standard deviation (1.550) for ethical risk, suggesting a variation in the insurance policyholders'
views regarding their likelihood of returning a wallet they found that contains R500. A mean
score of 3.27 was recorded for E3, where only 24.63 percent agreed with the statement while
75.37 agreed.
Items E4 to E7 represent the financial factor of the DOSPERT scale. Similarly, the majority of
the responses were concentrated on the left side, leading to lower means. The highest mean
recorded (2.32) was recorded for item E5, where most participants (73.90%) disagreed with
the statement while 26.10 percent agreed.
Health was inspected in items E8 to E11. The highest mean recorded was 3.05 for item E11,
where approximately 56.01 percent of the policyholders disagreed about speaking their mind
about an unpopular issue in a meeting at work. The standard deviations were all above one,
with the highest being 1.726 from item E8. This suggests a variation in views of insurance
policyholders regarding driving a car without a seatbelt, while 68.04 percent of the participants
disagree, and 31.96 percent of the participants agree.
The DOSPERT scale also analysed the social factor. Items E12 to E15 all had means above
3.3. Item E12 had the highest mean for social (3.82), showing that the majority agreed to choose
a career that they truly enjoy over a more prestigious one. On the other hand, item E13 recorded
the highest standard deviation suggesting a variation in the views of the insurance policyholders
regarding moving to a city far away from their extended family. Approximately 43.40 percent
disagree with the statement, while 56.60 percent agree with the statement.
All means were greater than three regarding the recreational factor except for E17, with the
lowest mean (2.82). The highest mean (3.29) and standard deviation (1.817) were recorded for
item E19. This suggested that approximately 52.20 percent disagreed that they would bungee
jump off a tall bridge, while 47.80 percent agreed that they would.
Moreover, Section E explored the insurance perception of the policyholders. Table 5.6 below
presents the results obtained regarding the insurance policyholders’ insurance risk perception.
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Very likely

Mean

Standard
deviation

27

46

73

100

62

4.07

1.531

28

37

47

80

84

65

4.03

1.525

35

30

36

75

93

72

4.11

1.579

Likely

33

Unlikely

More likely

I feel more at risk of
losing my possessions
now than I did 10 years
ago
10 years ago, I felt safer
without insuring my
possessions
10 years ago, I paid a
lower premium on my
insurance due to lower
risk

Very
unlikely

Item

More likely

Table 5. 6: Descriptive analysis of Section E – Insurance risk perception

Table 5.6 shows that the responses were concentrated on the right side regarding insurance risk
perception, leading to higher mean scores. All mean scores recorded were greater than four
(>4). The highest mean (4.11) was recorded for the third item, showing that most of the
participants (70.38%) agree that they paid a lower premium on their insurance than they did 10
years ago. This was followed by the first item (4.07), which also suggested that most
participants (68.91%) agree that they feel more at risk of losing their possessions now than 10
years ago. The highest standard deviation was obtained from the third item suggesting that
there was variation in the responses. Approximately 29.62% of the participants are unlikely to
feel that 10 years ago, they paid a lower premium on insurance due to lower risk, while 70.38%
hold an alternative view.
Section E of the questionnaire also aimed to obtain information about the participants’ risk
tolerance using the SCF scale. Table 5.7 below presents the results obtained regarding the
insurance policyholders’ risk tolerance.
Table 5. 7: Descriptive analysis of Section E – Risk tolerance scale
Risk tolerance
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not
comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
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N
75
75
106

%
22.0
22.0
31.1

85

24.9

As observed in Table 5.7, most insurance policyholders (31.1%) indicated that they are willing
to take average financial risks as most of their assets are covered but not comprehensively. This
was followed by 24.9 percent of insurance policyholders who indicated that they are not willing
to take any financial risks because they have comprehensive insurance cover. Another group
of insurance policyholders (22%) indicated that they are willing to take substantial financial
risks, as they only have insurance on one of their assets. Similarly, 22 percent of insurance
policyholders indicated that they are willing to take above average financial risk, as most of
their assets are not covered.
Section F of the questionnaire aimed to obtain information about the likelihood of external
circumstances to influence the insurance decisions of the participants. The descriptive analysis
of political risk is indicated in Table 5.8 below.
Table 5. 8: Descriptive analysis of Section F – Political-legal

Somewhat
agree

Mean

Standard
deviation

21

56

100

98

44

4.06

1.340

16

19

58

83

102

63

4.25

1.341

14

19

44

88

88

88

4.41

1.360

Strongly
agree

Somewhat
disagree

22

Agree

Disagree

Taking political
circumstances into
consideration when making
insurance decisions.
Political negatively
influencing confidence and
causing people to insure more
possessions the South
African.
Political circumstances
negatively influencing
insurance performance.

Strongly
disagree

Political risk

As shown in Table 5.8, the majority of the responses were concentrated on the right side leading
to high mean scores. All the responses in Section F of the questionnaire obtained high mean
scores and were all greater than four (>4). The highest mean score (4.41) was obtained from
the last item suggesting that 77.42 percent of insurance policyholders believe that political
circumstances can negatively influence their insurance performance, while 22.58 percent
disagree. All items recorded high standard deviations greater than one, suggesting significant
agreement amongst policyholders regarding political risk. Once more, the highest mean score
(1.360) was obtained from the last item. Section F also aimed to obtain information about the
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policyholders’ reactions to market fluctuations, volatility and international events, as indicated
in Table 5.9 below.
Table 5. 9: Descriptive analysis of Section F – Reactions to market fluctuations,
volatility and international events

Mean

Standard
deviation

11

19

93

128

84

4.70

1.107

7

18

35

106

119

56

4.41

1.159

11

16

38

92

100

84

4.48

1.280

9

30

57

70

97

78

4.32

1.364

29

29

50

65

102

66

4.11

1.523

28

24

57

67

92

73

4.14

1.517

Strongly
agree

Somewhat
agree

I take market fluctuations and
volatility into consideration
when making investment
decisions.
Periods of high fluctuations
and volatility in the markets,
make me take more
calculated risks concerning
my insurance policy.
I will remain with my initial
long-term insurance policy,
regardless of high market
fluctuations and volatility.
Periods of high market
fluctuations and volatility
cause me to doubt my current
insurance coverage.
During a global pandemic, I
will take out insurance.
During a global pandemic, I
will increase my insurance
coverage.

Agree

Somewhat
disagree

6

Strongly
disagree

Disagree

Item

As observed in Table 5.9, all the mean scores were greater than four leading to the
concentration on the side of the positive continuum. The highest mean (4.70) was obtained
from the first item suggesting that 89.44 percent of the participants agree that they take market
fluctuations and volatility into consideration when making investment decisions. All the items
achieved standard deviations higher than one, suggesting that the participants have similar
views. The highest standard deviation (1.523) was obtained from the fifth item in Table 5.9,
suggesting a variation in views regarding taking out insurance during a global pandemic, while
68.33 percent agree, 31.67 percent disagree.
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Participants were also required to indicate the likelihood that crime news would/were to
influence their insurance policy decisions. The descriptive analysis regarding crime is shown
in Table 5.10 below.
Table 5. 10: Descriptive analysis of Section F – Crime

Mean

Standard
deviation

16

23

88

112

94

4.65

1.217

9

10

28

75

122

97

4.71

1.199

7

20

42

79

95

98

4.55

1.293

7

17

22

77

105

113

4.74

1.238

Strongly
agree

Somewhat
agree

I do keep myself informed
regarding news about crimes
that may affect my level of
insurance coverage.
I do take news regarding
local criminal events into
consideration when making
insurance decisions.
Negative crime statistics
negatively influence my level
of insurance coverage.
As a result of previous crimes
in Gauteng, I take more
calculated risks when making
insurance decisions.

Agree

Somewhat
disagree

8

Strongly
disagree

Disagree

Item

As observed in Table 5.10, the majority of the participants resonated with the positive
continuum. All mean scores were greater than 4.5. Table 5.11 shows that the highest mean
(4.74) was obtained from the last item suggesting that 86.51 percent of the policyholders take
more calculated risks when making insurance decisions as a result of previous crimes in
Gauteng. The highest standard deviation (1.293) was obtained from the third item in Table 5.10
showing some variation in the views regarding the influence of negative crime statistics on the
policyholders’ insurance coverage. Approximately 79.77 percent agree while 20.23 disagree.
Lastly, the participants were required to indicate the likelihood that news about unemployment
would influence their insurance policy decisions. The descriptive analysis regarding crime is
shown in Table 5.11 below.
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Standard
deviation

Mean

Strongly
agree

Agree

Somewhat
disagree

Disagree

Strongly
disagree

Item

Somewhat
agree

Table 5. 11: Descriptive analysis of Section F – Unemployment

I do keep myself informed
10
16
44
90
93
88
4.48 1.289
regarding news about
unemployment that may
affect my insurance policy
coverage.
High unemployment levels
13
17
51
90
94
76
4.36 1.318
influence my insurance
decisions.
As a result of previous
13
17
40
92
87
92
4.46 1.336
unemployment rates in
Gauteng, I take more
calculated risks when making
insurance decisions.
As observed in Table 5.11, most of the responses lie on the right side. All mean scores were
greater than 4.3. Table 5.11 shows that the highest mean (4.48) was obtained from the first item
suggesting that 79.47 percent of the policyholders keep themselves informed regarding news
about unemployment that may affect their insurance policy coverage. The highest standard
deviation (1.336) was obtained from the last item in Table 5.11, showing some variation in the
views regarding the influence of previous unemployment rates on the policyholders’ insurance
decisions. Approximately 79.47 percent agree, while 20.53 percent disagree.
5.4 EXPLORATORY FACTOR ANALYSIS (EFA)
According to Watkins (2018), Factor Analysis (FA) is a technique used to simplify complex
data sets by identifying related factors. EFA is an analytics method used to reduce large
amounts of data into fewer data sets (Watkins, 2018). This statistical method intends to simplify
data by identifying constructs that can explain covariation between variables (DeCoster, 1998).
EFA, therefore, achieves this through discovering common factors among the measured
variables to strengthen the relationships among the observed variables (Ather & Balasundaram,
2009).
FA was performed on the following sections of the questionnaire:
•

Section B: Financial well-being

•

Section D: Risk identification

•

Section E: Risk perception scale
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•

Section F: External / international events

5.4.1 Exploratory factor analysis of Section B – Financial well-being
Key statistical methods linked to factor analysis need to be performed before concluding on
EFA. This was done through analysing the Kaiser-Meyer-Olkin (KMO) and Bartlett’s test of
sphericity. Malhotra (2008) determined that for appropriate factor analysis, the KMO indicator
should be a high value (0.5 to 1). Malhotra et al. (2017:714) highlighted that KMO values
between 0.5 and 1.0 are adequate for factor analysis while values below 0.5 are inadequate. As
Kaiser (1974) proposed, a KMO value is mediocre if it ranges between 0.5 and 0.7, good if it
ranges between 0.7 and 0.8, great between 0.8 and 0.9 and superb if it is between 0.9 and 1.
Regarding the sample size, a good sample size should be at least 150 with a ratio of
approximately five items per variable (Pallant, 2013:190). In this study, a sample size of 341
yielded a ratio of at least five items per variable.

For Section B (financial well-being), a KMO value of 0.932 was obtained, which is higher than
0.5 as previously proposed by (Kaiser, 1974). Along with high KMO values, Bartlett’s test of
sphericity should be utilised to test the null hypothesis that the variables are not correlated
through a comparison of the correlation matrix (IBM, 2020). This determines if the variables
which can be grouped to form fewer factors show redundancy as individual variables. For
Bartlett’s test of sphericity to be considered for factor analysis, it should be significant at
p<0.05 (Pallant, 2013). For Section B, the null hypothesis was significant (p<0.05). Hence,
the variables suggest adequacy for Section B factor analysis.
Table 5. 12: KMO and Bartlett’s test of sphericity for Section B
KMO and Bartlett’s test of sphericity

Section B:
Financial wellbeing

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square
Degree of freedom (df)
Significance (Sig)

0.932
1880.430
28
0.000

As observed in Table 5.13, The KMO static was recorded at 0.932, indicating it was adequate
for factor analysis as it was above the minimum requirement (0.5) (Kaiser, 1974). Bartlett’s
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test of sphericity was significant at p < 0.05, which strongly signifies a non-random correlation
matrix (IBM, 2020).
Table 5. 13: Section B (Financial well-being) – total variance
Items
B2
B3
B4
B5
B6
B7
B8

Item
loadings
0.809
0.817
0.810
0.834
0.805
0.818
0.795

Eigenvalue

% of
variance

5.385

67.318

Cumulative
%

67.318

Cronbach’s
alpha

0.930

Table 5.13 above shows that a single factor containing eight items (financial well-being) was
obtained, which explained 67.318 percent of the total variance with an eigenvalue of 5.385. In
order to deem Section B reliable, Cronbach’s alpha should be greater than 0.8 (Statistics
solutions, 2021). As observed in Table 5.13, a high Cronbach’s alpha (0.930) was obtained. It
was, therefore, concluded that the financial well-being construct in Section B of the
questionnaire passed the reliability test for measuring the perception of insurance policyholders
and thus financial well-being.
5.4.2 Exploratory factor analysis of Section D – Risk Identification
EFA was also utilised in Section D of the questionnaire, which is intended to measure how
insurance policyholders identify risk. Table 5.14 shows that KMO and Bartlett’s test of
sphericity generated appropriate results for factor analysis in Section D of the questionnaire.
The KMO index obtained a value of 0.864, which is greater than 0.5, therefore, adequate for
EFA (Malhotra et al., 2017). Bartlett’s test of sphericity was statistically significant at p<0.05,
suggesting that the variables in Section D of the questionnaire are suitable for factor analysis.
Table 5. 14: KMO and Bartlett’s test of sphericity for Section D
KMO and Bartlett’s test of sphericity

Section D: Risk
identification

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square
Degree of freedom (df)
Significance (Sig)
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0.864
1319.241
45
0.000

Table 5.15 presents the pattern matrix for Section D: Financial well-being. It was concluded
that Section D contained two factors with a minimum of five items per factor. Pallant (2020)
recommended that all items should have an item loading of 0.3 or greater to be deemed
appropriate for the criteria. In order to determine the reliability of Section D of the
questionnaire, the Cronbach alpha was computed. Both factors met the recommended score (>
0.7). Factor two obtained the highest Chronbach alpha (0.879), while factor one obtained a
Chronbach alpha of 0.833, which was also satisfactory.
Table 5. 15: Pattern matrix of Section D (Risk identification)
Items

Factors
1

D8
D9
D10
D7
D6
D1
D2
D3
D4
D5
Eigenvalue
% of Variance
Cumulative %

2

0.833
0.814
0.777
0.728
0.508
0.879
0.847
0.679
0.522
0.463
1.307
13.066
58.673

4.561
45.607
45.607

5.4.2.1 Naming and interpretation of dimensions in Section D: Risk identification
As shown in Table 5.15, two factors that explained 58.673 percent of the variance were
extracted. The factors considered had eigenvalues greater than 1.0 and were deemed
appropriate for factor analysis (Mooi et al., 2018). Thus, the two factors were considered
adequate to report on policyholders' risk perception and explain how the policyholders
identified risk.
Factor one, labelled as risk identification, consisted of five variables that explained 45.607
percent of the variance with an eigenvalue of 4.561. The variables loaded in this factor relate
to how the insurance policyholders identify and assume risk and their consciousness of risk.
Factor two, labelled as insurance risk identification, consisted of five variables that explained
13.066 percent of the variance with an eigenvalue of 1.307. Two variables loaded in this factor
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relate to how the policyholders feel towards risk, while three variables relate to how the
policyholders feel about risks that are insurance specific.
5.4.2.2 Internal reliability of Section D – Risk identification
In order to determine the reliability of Section D of the questionnaire, Cronbach’s alpha values
were computed for the two factors, namely, risk perception and insurance perception. The
Cronbach’s alpha and correlation coefficient between the two factors is demonstrated in Table
5.16.
Table 5. 16: Reliability of scale for Section D – Risk identification
Section D: Risk identification
Factor 1: Risk identification
Factor 2: Insurance risk identification

Number of items
5
5

Cronbach’s alpha
0.805
0.819

As observed in Table 5.16, factor one and factor two achieved satisfactory Chronbach alpha
values greater than 0.6. This indicates that the factors passed the reliability test (Malhotra et
al., 2017:360). Factor one, risk identification, has a Cronbach alpha value of 0.805, denoting
very good reliability. Similarly, factor two, insurance risk perception, obtained a Cronbach
alpha value of 0.819, suggesting very good reliability. It can therefore be concluded that
Section D of the questionnaire consists of satisfactory internal consistency reliability.
5.4.3 Exploratory factor analysis of Section E – Risk Perception Scale
EFA was utilised in Section E of the questionnaire to assess the risk-taking that is likely to
influence the risk perception of the insurance policyholders. This section followed the
DOSPERT scale, which measures in five domains, namely, ethical, financial, health, social and
recreational (Blais, 2006). The EFA and internal reliability conducted on all five domains are
discussed in the following subsections.
5.4.3.1 Risk perception scale: Ethical
Section E of the questionnaire assessed how likely the policyholders are to make ethical
decisions. As indicated in Table 5.17, the KMO and Bartlette’s test of sphericity for ethical risk
consisted of three items (E1, E2 and E3). The KMO and Bartlett’s test of sphericity further
show sufficient results for factor analysis of the ethical construct in Section E of the
questionnaire. The KMO index obtained a value of 0.692, which is in the mediocre range.
Therefore, the ethical risk factor can be regarded as mediocre sampling adequacy because it is
greater than the minimum value of 0.5 (Kaiser, 1974). Bartlett’s test of sphericity was also
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significant at p<0.05, indicating that the variables are related and suitable for factor analysis of
Section E (Ethical) of the questionnaire.
Table 5. 17: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Ethical
KMO and Bartlett’s test of sphericity

Section E – Risk
Perception Scale:
Ethical

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.692
300.983

Degree of freedom (df)

3

Significance (Sig)

0.000

As indicated in Table 5.18, the ethical factor of the DOSPERT scale was obtained from three
items which explained 70.108 percent of the total variance with an eigenvalue of 2.103. The
ethical factor was deemed reliable because it obtained a desired Cronbach’s alpha of 0.786,
suggesting good reliability for measuring the perception of insurance policyholders. It was,
therefore, concluded that the ethical construct in Section E of the questionnaire passed the
reliability test for measuring the perception of insurance policyholders.
Table 5. 18: Section E (Ethical) – total variance
Items

Eigenvalue

% of variance

E1
2.103
70.108
E2
E3
5.4.3.2 Risk perception scale: Financial

Cumulative %

70.108

Cronbach’s
alpha
0.786

As illustrated in Table 5.19, three items (E4, E5, E6 and E7) made up the financial risk factor
of the DOSPERT scale as presented by the KMO and Bartlette’s test of sphericity below. The
KMO and Bartlette’s test of sphericity further show sufficient results for factor analysis of the
financial construct in Section E of the questionnaire. The KMO index obtained a good value
of 0.782, which exceeds the minimum value of 0.5. Therefore, the ethical factor can be regarded
as good sampling adequacy (Kaiser, 1974). Bartlett’s test of sphericity was also significant at
p<0.05. This signified that the variables are related and appropriate for factor analysis of
Section E (Financial) of the questionnaire.
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Table 5. 19: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Financial
KMO and Bartlett’s test of sphericity

Section E – Risk
Perception Scale:
Financial

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.782
798.793

Degree of freedom (df)

6

Significance (Sig)

0.000

As observed in Table 5.20 below, the financial factor consisted of four items as desired. The
items obtained an eigenvalue of 2.760. The financial factor also accounted for 69.010 percent
of the total variance. The Cronbach’s alpha obtained was 0.786, which can be regarded as good
reliability as it exceeded the minimum required o 0.5 (Bonett, 2014). Therefore, it can be
concluded that the financial factor in Section E of the questionnaire is reliable.
Table 5. 20: Section E (Financial) – total variance
Items
E4
E5
E6
E7

Eigenvalue

2.760

% of variance

69.010

Cumulative %

69.010

Cronbach’s
alpha
0.786

5.4.3.3 Risk perception scale: Health
The DOSPERT scale also looked at the health factor and assessed how likely the policyholders
were to make certain health decisions. Concerning Table 5.21, the KMO and Bartlett’s test of
sphericity produced adequate results for factor analysis relating to the health factor in Section
E of the questionnaire. The KMO index achieved a satisfactory value of 0.799, exceeding the
minimum required value of 0.5 (Malhotra et al., 2017:712). Bartlett’s test of sphericity
achieved a p-value of 0.000, which was statistically significant at p<0.05. Conclusively, this
suggests that the variables are adequate for factor analysis.
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Table 5. 21: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Health
KMO and Bartlett’s test of sphericity

Section E – Risk
Perception Scale:
Health

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.799
932.418

Degree of freedom (df)

6

Significance (Sig)

0.000

In order to determine the reliability of the financial factor, Cronbach’s alpha was computed as
indicated in Table 5.23. It obtained a desirable value of 0.903, which exhibited very good
reliability as it was above the minimum required of 0.6 (Pallant, 2020:201).). It is noticeable in
Table 5.22 that the health factor achieved an eigenvalue of 3.104 and explained 77.606 percent
of the total variance. Given the results below, the health factor is, therefore, deemed appropriate
and reliable.
Table 5. 22: Section E (Health) – total variance
Items
E8
E9
E10
E11

Eigenvalue

3.104

% of variance

77.606

Cumulative %

77.606

Cronbach’s
alpha
0.903

5.4.3.4 Risk perception scale: Social
Section E also assessed the social factor of the DOSPERT scale to assess how policyholders
were likely to engage in certain social events. KMO and Bartlett’s test of sphericity for the
social factor achieved satisfactory results. As indicated in Table 5.23 below, the KMO index
obtained a value of 0.845, suggesting very good adequacy for factor analysis as it exceeded the
minimum required value (0.5) (Malhotra et al., 2017:712). The null hypothesis was also
significant at p<0.05, suggesting that the social factor was adequate for factor analysis.
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Table 5. 23: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Social
KMO and Bartlett’s test of sphericity

Section E – Risk
Perception Scale:
Social

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.845
858.680

Degree of freedom (df)

6

Significance (Sig)

0.000

As observed in Table 5.24 below, the social factor comprised four items, accounting for 77.316
percent of the total variance and an eigenvalue of 3.093. The Cronbach’s alpha was computed
and obtained a value of 0.902, which indicated very good reliability (Pallant, 2020). As a result,
the social actor in Section E of the questionnaire consists of internal consistency reliability and
is therefore considered reliable.
Table 5. 24: Section E (Social) – total variance
Items
E12
E13
E14
E15

Eigenvalue

3.093

% of variance

77.316

Cumulative %

77.316

Cronbach’s
alpha
0.902

5.4.3.5 Risk perception scale: Recreational
The last factor of the DOSPERT scale was recreational, which aimed to assess policyholders’
likelihood of taking part in several recreational events. The results are presented in Table 5.25,
showing the KMO and Bartlett’s test of sphericity of the recreational factor. The KMO index
obtained a value of 0.805, signifying very good adequacy as recommended by Kaiser (1974),
which is higher than the minimum value of 0.5. Bartlett’s test of sphericity also achieved
satisfactory results as it obtained a null hypothesis of p<0.05, which is statistically significant.
This suggests that the variable correlate with itself but not with other variables. Ultimately this
proves that the variables are related to the data in the DOSPERT scale of factor analysis.
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Table 5. 25: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Recreational
KMO and Bartlett’s test of sphericity

Section E – Risk
Perception Scale:
Recreational

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.805
958.271

Degree of freedom (df)

6

Significance (Sig)

0.000

Regarding the reliability of the recreational factor, desired results were obtained as all four
items explained 78.696 of the total variance in policyholder perception, as presented in Table
5.26. Similarly, a very high Cronbach’s alpha (0.910) was obtained, making this factor a
reliable scale for measuring the insurance policyholders’ risk perceptions due to risky
recreational events. Therefore, it can be concluded that the recreational factor of Section E
consists of satisfactory internal consistency reliability and is, therefore, reliable.
Table 5. 26: Section E (Recreational) – total variance
Items
E16
E17
E18
E19

Eigenvalue

3.148

% of variance

78.695

Cumulative %

78.696

Cronbach’s
alpha
0.910

5.4.3.5 Risk perception scale: Insurance risk perception
While measuring the risk perception scale in Section E of the questionnaire, it also assessed
policyholders’ present perception of risk compared to 10 years ago, referred to as insurance
risk perception. The KMO and Bartlett’s test of sphericity were computed and produced
satisfactory results. Table 5.27 shows that the KMO index obtained a value of 0.741, signifying
good sampling adequacy as it was greater than the minimum required value of 0.5 (Samuels,
2017:2). Bartlett’s test of sphericity was also significant at p<0.05. Hence, the variables are
related and appropriate for factor analysis.
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Table 5. 27: KMO and Bartlett’s test of sphericity for Section E – Risk Perception
Scale: Insurance risk perception
Section E – Risk

KMO and Bartlett’s test of sphericity

Perception Scale:
Insurance risk
perception
Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square

0.741
531.303

Degree of freedom (df)

3

Significance (Sig)

0.000

In order to test the reliability of the historical factor, Cronbach’s alpha was computed as
presented in Table 5.28. Desired results were obtained as a very high Cronbach’s alpha value
of 0.878 was achieved. This made the historical factor a reliable scale for measuring the
insurance policyholders’ risk perceptions due to how they felt about risk 10 years ago. The
three items also explained 80.339 percent of the total variance in policyholder perception.
Hence, it can be concluded that the historical factor of Section E consists of satisfactory internal
consistency reliability and is, therefore, reliable.
Table 5. 28: Section E (Insurance risk perception) – total variance
Items
E20
E21
E22

Eigenvalue
2.410

% of variance
80.339

Cumulative %
80.339

Cronbach’s
alpha
0.878

Hence, based on the results in Table 5.28, it can be concluded that Section E's insurance risk
perception factor consists of satisfactory internal consistency reliability and is, therefore,
reliable.
5.4.3.6 Correlation matrix of risk perception scale (DOSPERT)
A correlation analysis was conducted to determine the inter-factor relationship. This correlation
analysis assumed a two-tailed significance level (p < 0.1). Ultimately, the purpose of the
analysis is to determine if the variables can lead to sampling error. Hence, the greater the
correlation coefficients of the variables, the greater the sampling error (Ferreira, 2018:152). In
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order to perform this test, the Pearson correlation was utilised with the guidelines listed below
Cohen (1988:81) and Pallant (2020:140).
•

r = 0.10 – 0.29 = Small effect

•

r = 0.30 – 0.49 = Medium effect

•

r = 0.50 – 1.00 = Strong effect

Table 5. 29: Inter-factor correlation - DOSPERT
Factors

Ethical

Financial

Health

Social

Ethical

1.000

Financial

0.644**

1.000

Health

0.519**

0.713**

**

0.551

**

0.631**

1.000

0.569**

0.637**

0.604**

Social

0.359

Recreational

0.436**

Recreational

1.000
1.000

**. Correlation is significant at the 0.01 level (2 tailed).

According to Blalock (1963), multicollinearity is present if the correlation coefficients of the
independent variables exceed 0.9. It is evident in Table 5.29 that each variable perfectly
correlates with itself. When observing the correlation between all the variables, the results
indicated a positive linear association. The correlations between all factors ranged from
medium effect to strong effect. Notably, none of the variables attained correlation coefficients
greater than 0.9. Conclusively, the risk of multicollinearity is absent (Malhotra et al.,
2012:322).
5.4.4 Exploratory factor analysis of Section F – The external environment
Section F of the questionnaire assessed the risks events relating to the external environments
that are likely to influence the perceptions of insurance policyholders. Section F of the
questionnaire comprises four sections linked to external environment influences, namely
political-legal, reaction to market fluctuations, volatility and international events, crime and
unemployment. The EFA conducted on all four sections is discussed in the subsequent sections.
5.4.4.1 Section F: Political-legal
Concerning political-legal in Section F of the questionnaire, the KMO and Bartlett’s test of
sphericity was computed for factor analysis as indicated in Table 5.30. The KMO index
obtained a value of 0.715, indicating good sampling adequacy for factor analysis because it
was greater than the minimum required value of 0.5 (Samuels, 2017:2). Likewise, Bartlett’s
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test of sphericity attained satisfactory results with p=0.000, which was statistically significant
at p<0.05. It can, therefore, be concluded that the variables in political-legal are suitable for
factor analysis.
Table 5. 30: KMO and Bartlett’s test of sphericity for Section F – Political-legal
KMO and Bartlett’s test of sphericity

Section F –
Political-legal

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

0.715

Approx. chi-square

512.901

Degree of freedom (df)

3

Significance (Sig)

0.000

As shown in Table 5.31, the political-legal construct comprised three items. The political-legal
factor explained 79.040 percent of the total variance and attained an eigenvalue of 2.371. The
Cronbach alpha from political-legal achieved desired results with a value of 0.867, signifying
the internal consistency reliability of the construct (Churchill, 1979).
Table 5. 31: Section F (political-legal) – total variance
Items
F1
F2
F3

Eigenvalue

% of variance

Cumulative %

2.371

79.040

79.040

Cronbach’s
alpha
0.867

5.4.4.2 Section F: Market fluctuations, volatility and international events
Regarding market fluctuations, volatility and international events in Section F of the
questionnaire, the KMO and Bartlett’s test of sphericity was computed and generated
satisfactory results. As shown in Table 5.32, the KMO index generated great sampling
adequacy with a value of 0.812, which is satisfactory as it is greater than the minimum required
value of 0.5. Bartlett’s test of sphericity was significant at p<0.05, signifying that the market
fluctuations, volatility and international events construct is appropriate for factor analysis.
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Table 5. 32: KMO and Bartlett’s test of sphericity for Section F – Market fluctuations,
volatility and international events
KMO and Bartlett’s test of sphericity

Section F – Market
fluctuations,
volatility and
international events

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

0.812

Approx. chi-square

873.649

Degree of freedom (df)

15

Significance (Sig)

0.000

As indicated in Table 5.33, desired results were obtained as all the variables in market
fluctuations, volatility and international events in Section F explained 57.406 percent of the
total variance with an eigenvalue of 3.444. A very good Cronbach’s alpha value of 0.851 was
attained from all the items in the market fluctuations, volatility and international events,
signifying very good reliability. In conclusion, the market fluctuations, volatility and
international events construct suitable internal consistency reliability; hence it is deemed
reliable.
Table 5. 33: Section F (Market fluctuations, volatility and international events) – total
variance
Items
F4
F5
F6
F7
F8
F9

Eigenvalue

% of variance

Cumulative %

Cronbach’s
alpha

3.444

57.406

57.406

0.851

5.4.4.3 Section F: Crime
Concerning crime, the KMO and Bartlett’s test of sphericity produced satisfactory results. The
KMO index produced a value of 0.804, which is above the minimum required of 0.5 for factor
analysis. Moreover, for factor analysis to be appropriate, Bartlett’s test of sphericity should be
statistically significant (p<0.05) to ensure the variables are strongly related (Kaiser, 1974). As
indicated in Table 5.34, Bartlett’s test of sphericity was statistically significant. Consequently,
it can be concluded that the crime construct is suitable for factor analysis.
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Table 5. 34: KMO and Bartlett’s test of sphericity for Section F – Crime
KMO and Bartlett’s test of sphericity

Section F – Crime

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

0.804

Approx. chi-square

931.537

Degree of freedom (df)

6

4Significance (Sig)

0.000

As indicated in Table 5.35, desired results were achieved as the crime construct explained
77.898 percent of the total variance with an eigenvalue of 3.116. The Cronbach’s alpha
achieved a satisfactory value of 0.905, indicating very good reliability. Therefore, it can be
concluded that the variables are appropriate and reliable.
Table 5. 35: Section F (Crime) – total variance
Items
F10
F11
F12
F13

Eigenvalue

% of variance

Cumulative %

3.116

77.898

77.898

Cronbach’s
alpha
0.905

5.4.4.4 Section F: Unemployment
As observed in Table 5.36, the KMO and Bartlett’s test of sphericity was computed for the
unemployment construct. The KMO index attained a value of 0.740, which is satisfactory for
factor analysis since it exceeds the minimum required value of 0.5 (Samuels, 2017). Bartlett’s
test of sphericity also attained desired results as it is statistically significant at p<0.05.
Consequently, the unemployment construct in Section F of the questionnaire is deemed
appropriate for factor analysis.
Table 5. 36: KMO and Bartlett’s test of sphericity for Section F – Unemployment
KMO and Bartlett’s test of sphericity

Section F –
Unemployment

Kaiser-Meyer-Olkin measure of sampling adequacy (KMO)
Bartlett’s test of sphericity

Approx. chi-square
Degree of freedom (df)
Significance (Sig)
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0.740
689.932
3
0.000

Regarding the unemployment construct in Section F of the questionnaire desired results were
obtained as the construct explained 84.287 percent of the total variance with an eigenvalue of
2.529.
Table 5. 37: Section F (Unemployment) – total variance
Items
F14
F15
F16

Eigenvalue

% of variance

Cumulative %

2.529

84.287

84.287

Cronbach’s
alpha
0.907

Table 5.37 shows that Cronbach’s alpha achieved a value of 0.907, which signifies very good
internal consistency reliability regarding the unemployment construct. Thus, the
unemployment construct in Section F of the questionnaire has very good reliability.
5.5 HYPOTHESIS TESTING
In order to test the empirical objectives of the study, the null hypothesis and alternative
hypothesis were formulated as stated below:
H01: There is no significant relationship between demographics and insurance policyholder risk
identification and risk perception.
Ha1: There is a significant relationship between demographics and insurance policyholder risk
identification and risk perception.
H02: There is no significant relationship between risk tolerance and insurance policyholder risk
perception.
Ha2: There is a significant relationship between risk tolerance and insurance policyholder risk
perception.
H03: There is no significant relationship between endogenous factors and insurance
policyholder risk perception.
Ha3: There is a significant relationship between endogenous factors and insurance policyholder
risk perception.
H04: There is no significant relationship between exogenous factors and insurance policyholder
risk perception.
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Ha4: There is a significant relationship between exogenous factors and insurance policyholder
risk perception.
5.6

INFLUENCE

OF

DEMOGRAPHICAL

FACTORS

ON

THE

RISK

IDENTIFICATION AND RISK PERCEPTION OF INSURANCE POLICYHOLDERS
This section aims to determine how demographical factors influence the risk identification and
risk perception of insurance policyholders. The following demographics were selected for this
section and included in the sample:
•

Age

•

Gender

•

Ethnicity

•

Marital status

•

Level of education

•

Employment status

•

Annual income

•

Income variability

•

Net worth

•

Homeownership

•

Household size

•

Number of dependents

•

Religion

•

Health status

•

Type of policy

•

Financial knowledge

5.6.1 Demographics with risk identification and risk perception non-parametric
correlation
In this section, Spearman’s correlation was used to test the relationship between the
demographic information of the policyholders and their risk identification and risk perception.
The results of the non-parametric test are shown in Table 5.38. The results assume a two-tailed
level of significance at 1 percent (p<0.01) significance level.
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Table 5. 38: Demographical factors and risk identification and risk perception
Determinant
Spearman correlation
Age
factor
Risk Identification
Risk
Correlation coefficient
0.04
identification
Sig. (2-tailed)
0.44
N
341
Insurance risk
Correlation coefficient
.143**
identification
Sig. (2-tailed)
0.01
N
341.00
Risk Perception
Ethical
Correlation coefficient
-.249**
Sig. (2-tailed)
0.00
N
341.00
Financial
Correlation coefficient
-.346**
Sig. (2-tailed)
0.00
N
341.00
Health
Correlation coefficient
-.341**
Sig. (2-tailed)
0.00
N
341.00
Social
Correlation coefficient
-.371**
Sig. (2-tailed)
0.00
N
341.00
Recreational
Correlation coefficient
-.333**
Sig. (2-tailed)
0.00
N
341.00
Insurance risk perception
Insurance risk
Correlation coefficient
-.113*
perception
Sig. (2-tailed)
0.04
N
341.00
**Correlation significant at the 0.01 level (2-tailed)
* Correlation significant at the 0.05 level (2-tailed)

Level of
education

Annual
income

Income
variability

Net
worth

Household
size

Dependents

Health
status

Financial
knowledge

0.06
0.28
341
0.05
0.40
341

.149**
0.006
341
.168**
0.002
341

-0.099
0.067
341
-0.018
0.738
341

0.045
0.408
341
.111*
0.040
341

-0.044
0.422
341
-0.009
0.874
341

0.008
0.886
341
-0.002
0.975
341

-.125*
0.021
341
-0.100
0.064
341

.151**
0.005
341
.190**
0.000
341

0.05
0.31
341.00
.154**
0.00
341.00
.127*
0.02
341.00
.214**
0.00
341.00
.193**
0.00
341.00

-.128*
0.018
341
-0.001
0.984
341
0.056
0.302
341
.126*
0.020
341
0.048
0.375
341

0.059
0.280
341
-0.093
0.087
341
-0.102
0.061
341
-.117*
0.031
341
-0.043
0.428
341

-.147**
0.007
341
-0.102
0.061
341
-0.097
0.073
341
-0.028
0.602
341
-0.080
0.139
341

-0.017
0.756
341
-.143**
0.008
341
-.136*
0.012
341
-0.085
0.116
341
-.125*
0.021
341

-0.087
0.108
341
-.172**
0.001
341
-.219**
0.000
341
-.191**
0.000
341
-.171**
0.002
341

0.037
0.491
341
.116*
0.032
341
.234**
0.000
341
.269**
0.000
341
.333**
0.000
341

0.050
0.354
341
-0.081
0.135
341
0.092
0.089
341
0.099
0.068
341
.199**
0.000
341

-0.01
0.81
341.00

0.004
0.938
341

-0.052
0.337
341

-.146**
0.007
341

0.019
0.722
341

-0.074
0.171
341

.287**
0.000
341

.238**
0.000
341
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5.6.1.1 Age groups
As shown in Table 5.38, all risk identification determinants had a positive association with age.
The results in Table 5.38 show that one determinant, insurance risk identification, was
statistically significant at a 1 percent significance level (p<0.01). Therefore, the null hypothesis
(H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the 1 percent
significance level. This signifies a positive correlation between age and the consciousness of
insurance risk of the insurance policyholders. Thus, older insurance policyholders are more
conscious of an insurance risk than younger policyholders and hence are likely to feel more
secure about having an insurance cover.
Table 5.38 also shows that all the determinants risk perception determinants had a negative
association with age. The results in Table 5.38 show that five determinants, ethical risk,
financial risk, health risk, social risk and recreational risk, were statistically significant at a 1
percent significance level (p<0.01). Therefore, the null hypothesis (H01) can be rejected, and
the alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. This
signifies a negative correlation likelihood of engaging in a risky activity of the insurance
policyholders.
However, one determinant, insurance risk perception, was statistically significant at a 5 percent
significance level (p<0.05). Therefore, the null hypothesis (H01) can be rejected, and the
alternative hypothesis (Ha1) can be concluded at the 5 percent significance level. This signifies
a negative correlation between age and the perception of insurance risk of the insurance
policyholders over the last 10 years. Thus, younger insurance policyholders are less likely to
feel that their risk has increased over the last 10 years.
It can be concluded that there is a relationship between age and the likelihood of engaging in a
risky activity of insurance policyholders. This agrees with the study conducted by Ferreira &
Dickason-Koekemoer (2019:15), who discovered that younger individuals have a higher
likelihood of engaging in risky events.
5.6.1.2 Level of education
As observed in Table 5.38, all risk identification determinants had a positive association with
the level of education. The results show that both determinants, risk identification and
insurance risk identification, were not statistically significant at both a 1 percent significance
level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both the 1 and
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5 percent significance levels. This signifies that the level of education does not influence the
consciousness of risk and insurance risk.
Table 5.38 also shows that all the determinants had a positive relationship with the level of
education. Three determinants, financial, social and recreational, were all statistically
significant at a 1 percent level. Therefore, the null hypothesis (H01) can be rejected, and the
alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. Conversely,
health was statistically significant at the 0.05 level; hence, the null hypothesis (H01) can be
rejected, and the alternative hypothesis (Ha1) can be concluded at a 5 percent significance level.
This signifies a positive correlation likelihood of engaging in a risky activity of the insurance
policyholders. Thus the higher the education level, the more likely the individuals are to engage
in higher risks.
However, one determinant, insurance risk perception, was not statistically both a 1 percent
significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null
hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at the
1 and 5 percent significance levels. This signifies that the level of education does not influence
the perception of insurance risk of the insurance policyholders over the last 10 years.
It can be concluded that there is a relationship between the level of education and the likelihood
of engaging in a risky activity of insurance policyholders. This agrees with a study by Grable
(1997:15), who discovered that individuals with higher education levels are more likely to
engage in higher risks.
5.6.1.3 Annual income
As observed in Table 5.38, all risk identification determinants had a positive association with
annual income. The results show that both determinants, risk identification and insurance risk
identification, were statistically significant at a 1 percent significance level (p<0.01).
Therefore, the null hypothesis (H01) can be rejected and the alternative hypothesis (Ha1) can be
concluded at the 1 percent significance level. This signifies a positive correlation between
annual income and the consciousness of risk and insurance risk of the insurance policyholders.
Thus, the higher the insurance policyholder’s annual income is, the more conscious of
insurance risk they are compared to those with lower annual incomes.
As shown in Table 5.38, two risk perception determinants had a negative association with
income, while three had a positive association. Ethical and social risk factors are significant at
the 0.05 significance level, meaning the null hypothesis (H01) can be rejected and the alternative
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hypothesis (Ha1) can be concluded at the 5 percent significance level. Given the positive
relationship between social risk and income levels, there is a positive correlation with the
likelihood of engaging in a risky social event. This signifies a positive correlation likelihood
of engaging in a risky social activity of the insurance policyholders. Thus, the higher the annual
income, the more likely individuals will engage in higher social risks. However, there is a
negative relationship between ethical risk and income levels. It can be concluded that there is
a negative correlation with the likelihood of engaging in a risky ethical event. This signifies a
negative correlation likelihood of engaging in a risky ethical activity of the insurance
policyholders. Thus, the lower the annual income, the more likely individuals will engage in
higher ethical risks.
One determinant, insurance risk perception, was not statistically both a 1 percent significance
level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) cannot be rejected and the alternative hypothesis (Ha1) can be concluded at both the 1 and
5 percent significance levels. This signifies that the level of income does not influence the
perception of insurance risk of the insurance policyholders over the last ten years.
Conclusively, there is a relationship between annual income and the likelihood of engaging in
a risky activity of insurance policyholders. These results agree with a study by Van den Bergh
(2018:177), who found that individuals with a higher income tend to take higher risks.
5.6.1.4 Income variability
Regarding income variability, Table 5.38 shows that all risk identification determinants are
negatively associated with income variability. The results show that both determinants, risk
identification and insurance risk identification, were not statistically significant at both a 1
percent significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore,
the null hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected
at the 1 and 5 percent significance levels. This signifies that the income variability does not
influence the consciousness of risk and insurance risk.
As observed in Table 5.38, four of the determinants had a negative association with the income
variability, while one had a positive association. One determinant, social, was statistically
significant at a 5 percent level. Therefore, the null hypothesis (H01) can be rejected and the
alternative hypothesis (Ha1) can be concluded at the 5 percent significance level. This signifies
a negative correlation likelihood of engaging in a risky activity of the insurance policyholders.
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Thus, the more stable and predictable income is, the more likely individuals will engage in
higher risks.
On the other hand, one determinant, insurance risk perception, was not statistically both a 1
percent significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore,
the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) cannot be
concluded at both the 1 and 5 percent significance levels. This signifies that the income
variability does not influence the perception of insurance risk of the insurance policyholders
over the last 10 years.
It can be concluded that there is a relationship between income variability and the likelihood
of engaging in a risky activity of insurance policyholders. This agrees with a study by Grable
(1997:15), who discovered that individuals with stable incomes are more likely to engage in
higher risks. The results, therefore, suggest that income variability impacts the risk perception
of policyholders. These results agree with a study by Irwin (1993), who discovered that
individuals with stable incomes tend to engage in risky events.
5.6.1.5 Net worth
As shown in Table 5.38, all risk identification determinants had a positive association with net
worth. The results in Table 5.38 show that one determinant, insurance risk identification, was
statistically significant at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) can be rejected and the alternative hypothesis (Ha1) can be concluded at the 1 percent
significance level. This signifies a positive correlation between net worth and the consciousness
of insurance risk of the insurance policyholders. Thus, the higher the insurance policyholders’
net worth, the more conscious they are of an insurance risk than lower net worth policyholders.
Hence, policyholders with a higher net worth are likely to feel more secure about having
insurance cover.
Furthermore, Table 5.38 shows that all the determinants risk perception determinants are
negatively associated with net worth. The results in Table 5.38 show that one determinant,
ethical risk, was statistically significant at a 1 percent significance level (p<0.01). Therefore,
the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded
at the 1 percent significance level. This signifies a negative correlation likelihood of engaging
in a risky ethical activity of the insurance policyholders.
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Similarly, one determinant, insurance risk perception, was statistically significant at a 1 percent
significance level (p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the
alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. This also
signifies a negative correlation between net worth and the perception of insurance risk of the
insurance policyholders over the last 10 years. Thus, insurance policyholders with higher net
worth are less likely to currently feel that their risk has increased over the last 10 years.
It can be concluded that there is a relationship between net worth and the likelihood of engaging
in a risky activity of insurance policyholders. The results are contrary to a study done by
Mabalane (2015:107), who found that high-income earners are likely to engage in risky events.
5.6.1.6 Household size
As shown in Table 5.38, all risk identification determinants had a negative association with
household size. The results show that both determinants, risk identification and insurance risk
identification, were not statistically significant at both a 1 percent significance level (p<0.01)
and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01) cannot be
rejected, and the alternative hypothesis (Ha1) can be rejected at both the 1 and 5 percent
significance levels. This signifies that the household size does not influence the consciousness
of risk and insurance risk.
Table 5.38 also shows that all the determinants had a negative association with household size.
One determinant, financial risk, was statistically significant at a 1 percent level, while two
determinants, health risk and recreational risk, were statistically significant at a 5 percent level.
Therefore, the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can
be concluded at the 5 percent significance level. This signifies a negative correlation likelihood
of engaging in a risky activity of the insurance policyholders. Thus, the bigger the household
size, the less likely individuals will engage in higher risks.
However, one determinant, insurance risk perception, was not statistically both a 1 percent
significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null
hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both
the 1 and 5 percent significance levels. This signifies that the household size does not influence
the perception of insurance risk of the insurance policyholders over the last 10 years.
It can be concluded that there is a relationship between household size and the likelihood of
engaging in a risky activity of insurance policyholders. The results are similar to a study by
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Van Schalkwyk (2012), who found an inverse relationship between household size and
likelihood to engage in risky events.
5.6.1.7 Dependents
Concerning the number of financial dependents in Table 5.38, one risk identification
determinant was negatively associated with the number of financial dependents, while one had
a positive association. The results show that both determinants, risk identification and
insurance risk identification, were not statistically significant at both a 1 percent significance
level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both the 1 and
5 percent significance levels. This signifies that the number of financial dependents does not
influence the consciousness of risk and insurance risk.
As shown in Table 5.38, all the risk perception determinants had a negative association with
the number of financial dependents. Four risk perception determinants, financial, health, social,
and recreational risk, were statistically significant at a 1 percent level. Therefore, the null
hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the
1 percent significance level. This signifies a negative correlation likelihood of engaging in a
risky activity of the insurance policyholders. Thus, the higher the number of financial
dependents, the less likely individuals will engage in higher risks.
However, one determinant, insurance risk perception, was not statistically both a 1 percent
significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null
hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both
the 1 and 5 percent significance levels. This signifies that the number of financial dependents
does not influence the perception of insurance risk of the insurance policyholders over the last
10 years.
It can be concluded that there is a relationship between the number of financial dependents and
the likelihood of engaging in a risky activity of insurance policyholders. The results are similar
to a study by Van Schalkwyk (2012), who found an inverse relationship between household
size and likelihood to engage in risky events. The results agree with a study by Van Schalkwyk
(2012), who found a negative relationship between the number of dependants and the
likelihood to engage in risky events.
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5.6.1.8 Health status
As shown in Table 5.38, all risk identification determinants had a negative association with
health status. The results in Table 5.38 show that one determinant, risk identification, was
statistically significant at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the 5 percent
significance level. This signifies a negative correlation between health status and the
consciousness of insurance risk of the insurance policyholders. Thus, insurance policyholders
with poor health are more conscious of an insurance risk than policyholders with good health.
Table 5.38 further shows that all the determinants risk perception determinants had a positive
association with health status. The results in Table 5.38 show that three determinants, health
risk, social risk and recreational risk, were statistically significant at a 1 percent significance
level (p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the alternative
hypothesis (Ha1) can be concluded at the 1 percent significance level. This signifies a positive
correlation likelihood of engaging in a risky activity of the insurance policyholders. Only one
determinant, financial risk, was statistically significant at a 5 percent significance level
(p<0.05). Therefore, the null hypothesis (H01) can be rejected, and the alternative hypothesis
(Ha1) can be concluded at the 5 percent significance level. This signifies a positive correlation
likelihood of engaging in a risky activity of the insurance policyholders. Thus, healthier
individuals are more likely to engage in risky activities.
Similarly, one determinant, insurance risk perception, was statistically significant at a 1 percent
significance level (p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the
alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. This signifies
a positive correlation between health status and the perception of insurance risk of the insurance
policyholders over the last 10 years. Thus, insurance policyholders with good health are more
likely to currently feel that their risk has increased over the last 10 years.
It can be concluded that there is a relationship between health status and the likelihood of
engaging in a risky activity of insurance policyholders. The results follow a study by Schurer
(2015:492), who found that the healthier the individuals, the more likely they were to engage
in risky activities.
5.6.1.9 Level of financial knowledge
Regarding the level of financial knowledge, Table 5.38 shows that all risk identification
determinants had a positive association with health status. The results also show that risk
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identification determinants, risk identification and insurance risk identification were
statistically significant at a 1 percent significance level (p<0.01). Therefore, the null hypothesis
(H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the 1 percent
significance level. This signifies a positive correlation between the level of financial knowledge
and the consciousness of risk and insurance risk of the insurance policyholders. Thus, insurance
policyholders with superior financial knowledge are more conscious of an insurance risk than
policyholders with poor financial knowledge.
Moreover, Table 5.38 shows that all the determinants risk perception determinants had a
positive association with the level of financial knowledge. The results in Table 5.38 show that
only one determinant, recreational risk, was statistically significant at a 1 percent significance
level (p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the alternative
hypothesis (Ha1) can be concluded at the 1 percent significance level. This signifies a positive
correlation likelihood of engaging in a risky activity of the insurance policyholders. This
signifies a positive correlation likelihood of engaging in a risky activity of the insurance
policyholders. Thus, individuals with superior financial knowledge are more likely to engage
in risky activities.
Similarly, one determinant, insurance risk perception, was statistically significant at a 1 percent
significance level (p<0.01). Therefore, the null hypothesis (H01) can be rejected and the
alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. This signifies
a positive correlation between the level of financial knowledge and the perception of insurance
risk of the insurance policyholders over the last 10 years. Thus, insurance policyholders with
superior financial knowledge are more likely to currently feel that their risk has increased over
the last 10 years.
It can be concluded that there is a relationship between level financial knowledge and the
likelihood of engaging in a risky activity of insurance policyholders. The results agree with a
study by Grable and Joo (1999), who found that the greater the financial knowledge, the greater
the likelihood of individuals to engage in risky events.
5.6.1.10 Gender
As observed in Table 5.39, the mean values of the perception of risk by insurance policyholders
regarding gender were computed. Levene’s test was utilised to determine risk identification
and risk perception by gender.
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Table 5. 39: Independent t-test of gender
Risk perception Gender
Risk Identification
Risk
Male
identification
Female
Insurance risk
Male
identification
Female
Risk Perception
Ethical
Male
Female
Financial
Male
Female
Health
Male
Female
Social
Male
Female
Recreational
Male
Female
Insurance risk perception
Insurance risk
Male
perception
Female
**Significant at 0.01 level

N

Mean

SD

t

Df

Sig.

Mean
difference

154
187
154
187

4.58
4.57
4.71
4.71

0.82
0.88
0.83
0.89

0.07

339

0.946

0.00634

0.03

339

0.973

0.00321

154
187
154
187
154
187
154
187
154
187

3.08
2.47
2.87
2.16
3.24
2.17
4.06
3.14
3.57
2.75

1.29
1.06
1.34
1.12
1.59
1.24
1.40
1.42
1.60
1.49

4.76

339

0.000

0.60555

5.33

339

0.000

0.71075

6.93

339

0.000

1.06293

5.97

339

0.000

0.91568

4.86

339

0.000

0.81417

154
187

4.14
4.01

1.32
1.43

0.90

339

0.369

0.13573

Table 5.39 above shows that five statistical differences were found between the gender of the
insurance policyholder and the likelihood to engage in a risky event (p < 0.01). The higher
mean value (M = 4.06, SD = 1.40) for males suggests that males are more likely to engage in
risky social events than females (M = 3.14). The responses for males show higher means in all
factors, ethical risk, financial risk, health risk, social risk and recreational risk than females,
and this suggests that males generally have a higher likelihood of engaging in risky events than
females. These findings agree with a study conducted by Morrongiello and Rennie (1998), who
found that males have a higher likelihood of engaging in risks events than females.
However, no statistical differences were found between the gender of the insurance
policyholder and risk identification, insurance risk identification, and insurance risk
perception.
5.6.1.11 Marital status
Table 5.40 shows the mean values of the perception of risk by insurance policyholders based
on their marital status. The ANOVA was utilised to determine the perception of risk by marital
status.
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Table 5. 40: ANOVA for marital status with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total
Insurance
Between Groups
risk
Within Groups
identification Total
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups
Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

Sum of
squares

Df

Mean
square

F-ratio

Sig.

6.261
241.389
247.650
8.009
246.583
254.592

4.00
336.00
340.00
4.00
336.00
340.00

1.57
0.72

2.179

0.071

2.00
0.73

2.728

0.029*

24.221
470.419
494.640
33.566
518.967
552.533
43.212
725.984
769.195
63.026
680.892
743.919
73.499
787.201
860.699

4.00
336.00
340.00
4.00
336.00
340.00
4.00
336.00
340.00
4.00
336.00
340.00
4.00
336.00
340.00

6.06
1.40

4.325

0.002**

8.39
1.54

5.433

0.000**

10.80
2.16

5.000

0.001**

15.76
2.03

7.775

0.000**

18.37
2.34

7.843

0.000**

19.093
633.088
652.181

4.00
336.00
340.00

4.77
1.88

2.533

0.040*

As observed from Table 5.40, risk identification is not significant at both the 1 percent
significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null
hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both
the 1 and 5 percent significance levels. This signifies that marital status does not influence the
consciousness of risk of the insurance policyholders. All DOSPERT factors relating to risk
perception, ethical, financial, health, social, and recreational risks are statistically significant at
a 1 percent significance level. Furthermore, insurance risk perception is significant at the 5
percent significance level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore,
the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded
at the 5 percent significance levels. This signifies that marital status influences the
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consciousness of risk of the insurance policyholders. It can, therefore, be concluded that there
are statistical differences between marital status and risk perception.
Table 5. 41: Significant differences between marital status with risk identification and
risk perception
Risk
perception

Single

Risk identification
Insurance risk 4.57
identification
Risk perception
Ethical
2.97
Financial
2.76
Health
2.92
Social
3.90
Recreational
3.50
Insurance risk perception
Insurance risk 4.27
perception

Common-law
spouse

Mean
Married

Divorced

Widowed

4.56

4.63

4.85

4.96

2.59
1.83
2.04
3.23
2.06

2.65
2.36
2.60
3.43
3.00

1.84
1.60
1.50
2.18
1.93

2.14
1.93
1.64
2.25
1.75

4.05

3.90

4.18

2.95

As shown in Table 5.41 above, widowed people had the highest mean values insurance risk
identification compared to other marital groups. This indicates that widowed people are more
conscious of insurance risk and feel more at risk by not having insurance cover.
Furthermore, in Table 5.41 above, single people had the highest mean values for ethical risk,
financial risk, health risk, social risk, recreational risk and insurance risk perception compared
to other marital groups. This indicates that single people have a higher likelihood to engage in
the aforementioned risky events. Married people had the second highest means for all risks
except insurance risk perception, suggesting a higher likelihood of engaging in risky events.
This is contrary to a study by Grable (1997:82), who found that married individuals are likely
to take more risky activities than non-married individuals.
5.6.1.12 Religion
As observed in Table 5.42, the ANOVA was utilised to determine the perception of risk by
religion. The test of significance was utilised to determine if the factors of risk identification
and risk perception were statistically significant at a 1 percent significance level (p < 0.01).
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Table 5. 42: ANOVA for religion with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total
Insurance
Between Groups
risk
Within Groups
identification Total
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups
Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

Sum of
squares

Df

Mean
square

F-ratio

Sig.

1.997

3.00

0.67

0.913

0.435

245.653

337.00

0.73

247.650

340.00

8.113

3.00

2.70

3.698

0.012*

246.479

337.00

0.73

254.592

340.00

2.947

3.00

0.98

0.673

0.569

491.693

337.00

1.46

494.640

340.00

0.175

3.00

0.06

0.036

0.991

552.359

337.00

1.64

552.533

340.00
0.296

0.828

0.882

0.450

0.662

0.576

1.087

0.355

2.021

3.00

0.67

767.174

337.00

2.28

769.195

340.00

5.797

3.00

1.93

738.121

337.00

2.19

743.919

340.00

5.043

3.00

1.68

855.656

337.00

2.54

860.699

340.00

6.252

3.00

2.08

645.929

337.00

1.92

652.181

340.00

As observed in Table 4.42, risk identification is not significant at both the 1 percent significance
level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both the 1 and
5 percent significance levels. This signifies that religion does not influence the consciousness
of risk of the insurance policyholders. On the other hand, insurance risk identification is
significant at the 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01) can
be rejected, and the alternative hypothesis (Ha1) can be concluded at a 5 percent significance
level (p<0.05). This signifies that religion influences the consciousness of insurance risk of the
insurance policyholders
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All DOSPERT factors relating to risk perception, ethical, financial, health, social, and
recreational risks are not statistically significant at a 1 percent significance level. Furthermore,
insurance risk perception is not significant at both the 5 percent significance level (p<0.01) and
at a 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01) can be rejected,
and the alternative hypothesis (Ha1) can be concluded at both significance levels. This signifies
that religion does not influence the perception of insurance risk of the insurance policyholders.
It can, therefore, be concluded that there are statistical differences between religion and
insurance risk identification.
Table 5. 43: Significant differences between religion and insurance risk identification
Risk perception
None
Risk identification
Insurance risk identification

4.27

Mean
Christianity
Islam
4.69

5.31

Other
5.12

As shown in Table 5.43 above, Islamic people (M = 5.31) had the highest mean values for
insurance risk identification compared to other religious groups. However, the results cannot
be concluded due to the lowest number of participants emanating from Islam and other
religious groups. It can be concluded that Christians (M = 4.69) are more conscious of
insurance risk and feel more at risk by not having an insurance cover.
5.6.1.13 Homeownership
Table 5.44 presents the results of the one-way ANOVA conducted to identify and analyse the
effect of homeownership on insurance policyholder risk perception.
Table 5. 44: ANOVA for homeownership with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total
Insurance
Between Groups
risk
Within Groups
identification Total
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups

Sum of
squares

Df

Mean
square

F-ratio

Sig.

2.287
245.362
247.650
7.479
247.113
254.592

3.00
337.00
340.00
3.00
337.00
340.00

0.76
0.73

1.047

0.372

2.49
0.73

3.400

0.018*

42.044
452.596
494.640
32.696
519.837

3.00
337.00
340.00
3.00
337.00

14.01
1.34

10.435

0.000**

10.90
1.54

7.065

0.000**
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Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

552.533
39.451
729.745
769.195
92.667
651.252
743.919
45.145
815.555
860.699

340.00
3.00
337.00
340.00
3.00
337.00
340.00
3.00
337.00
340.00

92.667
651.252
743.919

3.00
337.00
340.00

13.15
2.17

6.073

0.000**

30.89
1.93

15.984

0.000**

15.05
2.42

6.218

0.000**

30.89
1.93

15.984

0.000**

As shown in Table 5.44, risk identification is not significant at both the 1 percent significance
level (p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis
(H01) cannot be rejected, and the alternative hypothesis (Ha1) can be rejected at both the 1 and
5 percent significance levels. This signifies that homeownership does not influence the
consciousness of risk of the insurance policyholders. However, insurance risk identification is
significant at the 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01) can
be rejected, and the alternative hypothesis (Ha1) can be concluded at a 5 percent significance
level (p<0.05). This signifies that homeownership influences the consciousness of insurance
risk of the insurance policyholders.
All DOSPERT factors relating to risk perception, ethical, financial, health, social, and
recreational risks are statistically significant at a 1 percent significance level. Hence, the null
hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the
1 percent significance level. This signifies that homeownership influences the risk perception
of the insurance policyholders.
Furthermore, insurance risk perception is significant at the 1 percent significance level
(p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the alternative hypothesis
(Ha1) can be concluded at the 1 percent significance level. This shows that homeownership
influences the perception of insurance risk of the insurance policyholders. It can, therefore, be
concluded that there are statistical differences between homeownership and insurance risk
identification, risk perception, and insurance risk perception.
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Table 5. 45: Significant differences between homeownership with risk identification and
risk perception
Risk perception

Risk identification
Insurance risk identification
Risk perception
Ethical
Financial
Health
Social
Recreational
Insurance risk perception
Insurance risk perception

Livin
g with
relati
ves

Renting

Mean
Homeownership
with mortgage

4.52

4.65

4.71

5.04

2.81
2.54
2.66
3.73
2.97

3.08
2.69
2.86
3.77
3.48

2.65
2.53
2.76
3.79
3.09

2.01
1.73
1.83
2.27
2.36

3.95

4.29

4.17

Homeownership
without
mortgage

3.34

As illustrated in Table 5.45, people who were renting had the highest mean values for ethical
risk (M=3.08), financial risk (M=2.69), health risk (M=2.86) and recreational risk (M=3.48)
compared to other groups. This indicates that people who are renting have a higher likelihood
to engage in the aforementioned risky events. Individuals who are homeowners without a
mortgage had the highest mean for insurance risk identification (M=5.04). This also suggests
that people who are homeowners without a mortgage are more conscious of insurance risk.
Individuals who are homeowners with a mortgage had the highest mean for social risk. This
also suggests that homeowners with a mortgage have a higher likelihood of engaging in social
risk events. These findings are contrary to a study by Olweny et al. (2013), who found
homeowners to have a greater likelihood of engaging in risky events than individuals who are
renting.
5.6.1.14 Employment status
Table 5.46 presents the results of the one-way ANOVA conducted to identify and analyse the
effect of employment status on insurance policyholder risk perception.
Table 5. 46: ANOVA for employment status with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total
Between Groups

Sum of
squares

Df

Mean
square

F-ratio

Sig.

5.252
240.511
245.762
5.507

4.00
335.00
339.00
4.00

1.31
0.72

1.829

0.123

1.38

1.879

0.114
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Insurance
Within Groups
risk
Total
identification
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups
Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

245.436
250.943

335.00
339.00

0.73

15.469
478.003
493.472
12.985
539.496
552.481
23.420
745.417
768.837
39.847
701.986
741.833
20.547
835.609
856.156

4.00
335.00
339.00
4.00
335.00
339.00
4.00
335.00
339.00
4.00
335.00
339.00
4.00
335.00
339.00

3.87
1.43

2.710

0.030*

3.25
1.61

2.016

0.092

5.86
2.23

2.631

0.034*

9.96
2.10

4.754

0.001**

5.14
2.49

2.059

0.086

10.223
637.667
647.890

4.00
335.00
339.00

2.56
1.90

1.343

0.254

As observed in Table 5.46, risk identification and insurance risk identification are not
significant at both the 1 percent significance level (p<0.01) and at a 5 percent significance level
(p<0.05). Therefore, the null hypothesis (H01) cannot be rejected, and the alternative hypothesis
(Ha1) can be rejected at both the 1 and 5 percent significance levels. This signifies that
employment status does not influence the consciousness of risk and insurance of the insurance
policyholders.
Only one of the DOSPERT factors relating to risk perception, the social risk, was statistically
significant at a 1 percent significance level. Hence, the null hypothesis (H01) can be rejected,
and the alternative hypothesis (Ha1) can be concluded at the 1 percent significance level. This
signifies that employment status influences the risk perception of the insurance policyholders.
Moreover, two out of five DOSPERT factors, ethical risk and health risk were statistically
significant at a 5 percent significance level. Hence, the null hypothesis (H01) can be rejected,
and the alternative hypothesis (Ha1) can be concluded at the 5 percent significance levels. This
signifies that employment status influences the risk perception of the insurance policyholders.
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However, insurance risk perception is not significant at both the 5 percent significance level
(p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01)
can be rejected, and the alternative hypothesis (Ha1) can be concluded at both significance
levels. This signifies that employment status does not influence the perception of insurance risk
of the insurance policyholders. It can, therefore, be concluded that there are no statistical
differences between employment status and insurance risk perception.
Table 5. 47: Significant differences between employment status with risk identification
and risk perception
Risk perception

Risk identification
Insurance risk identification
Risk perception
Social
Insurance risk perception
Insurance risk perception

Mean
Selfemployed

Student

Salari
ed
emplo
yed

Looking
for work

Retired

4.04

4.74

4.77

4.38

4.62

3.83

3.65

2.49

3.00

1.88

3.67

4.14

4.04

3.48

3.47

As observed in Table 5.47, students had the highest mean value (M = 3.83) for social risk
indicating a higher likelihood to engage in a risky social event. However, because students had
the lowest number of participants, results cannot be concluded. Salaried employed individuals
obtained a mean value of M = 3.65 for social risk and M=4.14 for insurance risk perception
and the highest number of participants compared to the other groups. Conclusively, salaried
employed individuals had a higher likelihood of engaging in risk events and felt more exposed
to risk currently than 10 years ago compared to the other groups.
5.6.1.15 Type of policy
Table 5.48 shows the results of the one-way ANOVA conducted to identify and analyse the
effect of the type of policy an individual has on insurance policyholder risk perception.
Table 5. 48: ANOVA for policy type status with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total

Sum of
squares

Df

Mean
square

F-ratio

Sig.

12.162
232.339
244.501

2.00
337.00
339.00

6.08
0.69

8.821

0.000**
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Insurance
Between Groups
risk
Within Groups
identification Total
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups
Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

2.798
247.340
250.138

2.00
337.00
339.00

1.40
0.73

1.906

0.150

8.405
483.178
491.583
9.246
542.755
552.001
21.355
745.101
766.457
10.970
731.524
742.493
32.205
827.732
859.937

2.00
337.00
339.00
2.00
337.00
339.00
2.00
337.00
339.00
2.00
337.00
339.00
2.00
337.00
339.00

4.20
1.43

2.931

0.055

4.62
1.61

2.870

0.058

10.68
2.21

4.829

0.009**

5.48
2.17

2.527

0.081

16.10
2.46

6.556

0.002**

43.443
608.733
652.176

2.00
337.00
339.00

21.72
1.81

12.025

0.000**

Table 5.48 shows that risk identification is significant at the 1 percent significance level
(p<0.01). Therefore, the null hypothesis (H01) can be rejected, and the alternative hypothesis
(Ha1) can be concluded at a 1 percent significance level (p<0.01). This shows that the policy
type of the individuals has influenced the consciousness of risk of the insurance policyholders.
However, insurance risk identification is not significant at both the 1 (p<0.01) and 5 (p<0.05)
percent significance levels. The null hypothesis (H01) cannot be rejected, and the alternative
hypothesis (Ha1) can be rejected at both the 1 and 5 percent significance levels. This signifies
that the policy type does not influence the consciousness of insurance risk of the insurance
policyholders.
Two out of five DOSPERT factors relating to risk perception, health risk and recreational risk
was statistically significant at a 1 percent significance level. Hence, the null hypothesis (H01)
can be rejected, and the alternative hypothesis (Ha1) can be concluded at the 1 percent
significance level. This signifies that the policy type of the individuals has influenced the risk
perception of the insurance policyholders.
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Moreover, insurance risk perception was statistically significant at a 1 percent significance
level. Hence, the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can
be concluded at the 1 percent significance level. This signifies that the policy type of the
individuals has influenced the risk perception of the insurance policyholders. This shows that
the policy type of the individuals has influenced the insurance risk perception of the insurance
policyholders.
Table 5. 49: Significant differences between policy type with risk identification and risk
perception
Risk perception
Short-term
insurance
Risk identification
Risk identification
Risk perception
Health
Recreational
Insurance risk perception
Insurance risk perception

Mean
Long-term
insurance

Both short-term and
long-term insurance

4.76

4.34

4.40

2.88
3.38

2.25
2.56

2.50
3.00

4.39

3.52

3.81

According to the mean results presented in Table 5.49 above, it is evident that individuals with
short-term insurance obtained the highest mean (M = 4.76) for risk identification. This means
that they are generally more conscious of risk compared to other groups. Similarly, individuals
with short-term achieved the highest mean for health risk (M = 2.88) and recreational risk (M
= 3.38). This indicates that individuals with short-term insurance are more likely to engage and
relate to the aforementioned risky factors than the other groups. Moreover, individuals with
short-term achieved the highest mean for health risk (M = 4.39), showing that they felt more
exposed to risk currently than 10 years ago compared to the other groups.
5.6.1.16 Ethnicity
To determine which ethnic group of policyholders is likely to engage in risky events, risk
perception by ethnicity was assessed. The analysis of variances tests was conducted to compare
the different means amongst the ethnic groups. The mean values of each ethnic group in terms
of their likelihood to engage in risky events and their perception of risk is presented in Table
5.50.
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Table 5. 50: ANOVA for ethnicity with risk identification and risk perception

Risk identification
Risk
Between Groups
identification Within Groups
Total
Insurance
Between Groups
risk
Within Groups
identification Total
Risk perception
Ethical
Between Groups
Within Groups
Total
Financial
Between Groups
Within Groups
Total
Health
Between Groups
Within Groups
Total
Social
Between Groups
Within Groups
Total
Recreational Between Groups
Within Groups
Total
Insurance risk perception
Insurance
Between Groups
risk
Within Groups
perception
Total
**Significant at 0.01 level
* Significant at 0.05 level

Sum of
squares

Df

Mean
square

F-ratio

Sig.

3.995
243.655
247.650
15.605
238.987
254.592

3.00
337.00
340.00
3.00
337.00
340.00

1.33
0.72

1.842

0.139

5.20
0.71

7.335

0.000**

2.446
492.194
494.640
1.796
550.737
552.533
4.406
764.790
769.195
11.180
732.738
743.919
4.760
855.939
860.699

3.00
337.00
340.00
3.00
337.00
340.00
3.00
337.00
340.00
3.00
337.00
340.00
3.00
337.00
340.00

0.82
1.46

0.558

0.643

0.60
1.63

0.366

0.777

1.47
2.27

0.647

0.585

3.73
2.17

1.714

0.164

1.59
2.54

0.625

0.599

5.881
646.300
652.181

3.00
337.00
340.00

1.96
1.92

1.022

0.383

As observed in Table 5.50, risk identification is not significant at the 1 and 5 percent
significance levels. The null hypothesis (H01) cannot be rejected, and the alternative hypothesis
(Ha1) can be rejected at both the 1 and 5 percent significance levels. This signifies that ethnicity
does not influence the consciousness of risk of the insurance policyholders. However,
insurance risk identification is significant at the 1 percent significance level (p<0.01).
Therefore, the null hypothesis (H01) can be rejected, and the alternative hypothesis (Ha1) can
be concluded at a 1 percent significance level (p<0.01). This shows that the ethnicity of
individuals influences the consciousness of insurance risk of the insurance policyholders.
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All DOSPERT factors relating to risk perception, ethical risk, financial risk, health risk, social
risk, and recreational risk are not statistically significant at both the 1 and 5 percent significance
levels. The null hypothesis (H01) cannot be rejected, and the alternative hypothesis (Ha1) can
be rejected at both the 1 and 5 percent significance levels. This signifies that ethnicity does not
influence the risk perception of the insurance policyholders.
Moreover, insurance risk perception is not significant at both the 5 percent significance level

(p<0.01) and at a 5 percent significance level (p<0.05). Therefore, the null hypothesis (H01)
cannot be rejected, and the alternative hypothesis (Ha1) cannot be concluded at both
significance levels. This signifies that ethnicity does not influence the perception of insurance
risk of the insurance policyholders. It can, therefore, be concluded that there are no statistical
differences between ethnicity and insurance risk perception.
Effect sizes were computed to determine the magnitude of the difference between the mean
groups for insurance risk identification. The following guidelines were utilised for the
interpretation in Table 5.51 (Cohen, 1988:284):
•

0.2 – small effect

•

0.5 – medium effect

•

0.8 – Large effect.

Table 5. 51: Significant differences between ethnicity and insurance risk identification
Ethnicity
Asian
Coloured
White
African

Mean
5.50
5.02
4.94
4.59

Asian with

Effect sizes
Coloured with

White with

0.59
0.68
1.02

0.10
0.48

0.40

As shown in Table 5.51, the propensities of Asian individual policyholders to have a higher
consciousness of insurance risk, hence, feel more at ease about having an insurance cover, was
statistically significantly different from the propensities of Coloured, White, and African
policyholders at p < 0.01 level. It can be concluded from Table 5.51 that Asian (M = 5.50)
insurance policyholders to a greater extent feel at ease about having any insurance cover than
Coloured (M = 5.02), White (M = 4.94), and African (4.59) policyholders. The results also
show that Africans feel more at ease about having insurance cover, meaning they are less
willing to take risks linked to insurance. Regarding the effect sizes, medium to large practically
significant effect sizes was established for the insurance risk consciousness category between
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Asian insurance policyholders with Coloured (d = 0.59), and White (d = 0.68), and African
(1.02) insurance policyholders. Similarly, Coloured with White (d = 0.10) and African (d =
0.48) insurance policyholders obtained practically significant effect sizes. However, White
with African (d = 0.40) insurance policyholders obtained small, practically non-significant
effects on insurance risk identification. The results are contrary to the study done by Grable
(1997:15), which concluded that White individuals take more risks than non-White individuals.
5.7 DETERMINE THE RELATIONSHIP OF RISK TOLERANCE ON RISK
PERCEPTION OF INSURANCE POLICYHOLDERS
This section aims to determine the relationship of risk tolerance on risk perception of insurance
policyholders. This will be achieved by the non-parametric Spearman’s rho correlation applied
to determine the strength and direction of the relationship between risk tolerance, risk
perception and the demographics.
To determine the size effect between the behavioural finance biases and risk perception as
recommended by Cohen (1988:81):
•

r = 0.10 to 0.29 point towards a small/weak strength relationship,

•

r = 0.30 to 0.49 point towards a medium strength relationship and

•

r = 0.50 to 1.00 point towards a large/strong strength relationship.

Table 5. 52: Non-parametric correlation of risk tolerance and demographics
Spearman’s
Age
correlation
Risk tolerance
Correlation coefficient
.299**
Sig. (2-tailed)
0.000
N
341
**Correlation significant at the 0.01 level (2-tailed)
* Correlation significant at the 0.05 level (2-tailed)
Factor

Education level

Income level

-0.092
0.088
341

.127*
0.019
341

5.7.1 Age
As observed in Table 5.52, risk tolerance had a positive correlation with age. Moreover, the
relationship between risk tolerance and age was statistically significant (p = 0.000 < 0.01) at
the 1 percent significance level. The null hypothesis (H02) can be rejected and the alternative
hypothesis (Ha2) can be concluded at the 1 percent significance level. It can be concluded that
age influences the risk tolerance of insurance policyholders. The positive relationship shows
that the older the insurance policyholders get, the more risk they are willing to take with their

163

finances. These findings are contrary to a study conducted by Ferreira (2019), who found that
the older the participants get, the less risk they are willing to take with their finances.
5.7.2 Education level
From Table 5.52 the correlation coefficient for risk tolerance (r = -0.092) indicates a negative
and small size effect (r = 0.10 – 0.29) association. However, no statistically significant
relationship was found at the 1 percent significance level (p = 0.088 > 0.01). Hence the null
hypothesis (H02) can be accepted, and the alternative hypothesis (Ha2) can be rejected at the 1
percent significance level. Consequently, it can be concluded that education level does not
influence the risk tolerance of insurance policyholders on their financials. This agrees with a
study conducted by Gibson et al. (2013), who found no statistically significant relationship
between risk tolerance and education level.
5.7.3 Income level
From Table 5.52 above, it can be seen that risk tolerance had a positive relationship with
income level. Furthermore, the relationship between risk tolerance and age was statistically
significant (p = 0.019 < 0.05) at the 5 percent significance level. The null hypothesis (H02) can
be rejected, and the alternative hypothesis (Ha2) can be concluded at the 5 percent significance
level. It can be concluded that income level influences the risk tolerance of insurance
policyholders. The positive relationship shows that the more income the insurance
policyholders get, the higher their willingness to engage in more risk with their finances. This
agrees with a study conducted by Ferreira (2019) which found that individuals earning a higher
income are willing to take more risks with their finances than individuals earning lower annual
incomes.
Moreover, in order to achieve the second objective, a non-parametric correlation of risk
tolerance and risk perception was computed.
Table 5. 53: Non-parametric correlation of risk tolerance and risk perception
Spearman’s
Ethical Financial Health Social
correlation
Risk
Correlation coefficient
-.440**
tolerance
.366**
.363** .353**
Sig. (2-tailed)
0.000
0.000
0.000
0.000
N
341
341
341
341
**Correlation significant at the 0.01 level (2-tailed)
* Correlation significant at the 0.05 level (2-tailed)
Factor
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Recreational
-.392**
0.000
341

As observed in Table 5.53 above, all the DOSPERT scale factors measuring risk perception
were significant at the 1 percent significance level (p<0.01). Therefore, the null hypothesis
(H01) can be rejected, and the alternative hypothesis (Ha1) can be concluded at the 1 percent
significance level. This signifies that risk tolerance influences the risk perception of the
insurance policyholders. Moreover, the correlation coefficients of all the dependent variables
(DOSPERT scale) are between (0.30 < r < 0.49), indicating a point towards a negative medium
strength relationship. It can, therefore, be concluded that there are statistical differences
between risk tolerance and risk perception. Table 5.54 below shows the significant differences
between risk perception and risk tolerance.
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Table 5. 54: Significant differences between risk perception and risk tolerance
Risk perception
Ethical

Financial

Health

Social

Recreational

Risk tolerance
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
Take substantial financial risks, as I only have insurance on one of my assets
Take above average financial risk, as most of my assets are not covered
Take average financial risks as most of my assets are covered but not comprehensively
Not willing to take any financial risks, I have comprehensive insurance cover
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Mean
3.24
3.23
2.50
2.18
3.16
3.10
2.16
1.73
3.36
3.33
2.28
1.89
4.23
4.04
3.27
2.89
3.76
3.69
3.06
2.14

Effect size
0.29

0.45

0.32

0.25

0.58

Table 5.54 shows the mean differences between risk tolerance and risk perception. The results
show that for all the determinants of risk perception, the highest means were obtained,
indicating that insurance policyholders take substantial financial risks, as they only have
insurance on one of their assets. The means ranged between small to large effects, with the
highest (0.58) obtained between risk tolerance and recreational risks. Seeing that a negative
relationship was found between risk tolerance and risk perception, individuals who are less
likely to engage in risky recreational events take substantial risk as they only have insurance
on one of their assets.
5.8 IDENTIFY THE ENDOGENOUS FACTORS INFLUENCING THE RISK
PERCEPTION OF INSURANCE POLICYHOLDERS
An empirical objective of this chapter is to identify the endogenous factors influencing the risk
perception of insurance policyholders in Gauteng. Section 5.9 has already looked at the
influence of demographics and risk tolerance on risk perception. The following factors have
been identified as endogenous factors and will be discussed in the subsequent sections:
•

Financial well-being

•

Behavioural finance biases

5.8.1 The influence of financial well-being on the risk perception of insurance
policyholders
This section aims to discuss the influence of financial well-being on the risk perceptions of
insurance policyholders. This will be achieved by the non-parametric Spearman’s rho
correlation applied to determine the strength and direction of the relationship between the
external events and risk perception of the insurance policyholders.
To determine the size effect between the behavioural finance biases and risk perception as
recommended by Cohen (1988:81):
•

r = 0.10 to 0.29 point towards a small/weak strength relationship,

•

r = 0.30 to 0.49 point towards a medium strength relationship and

•

r = 0.50 to 1.00 point towards a large/strong strength relationship.

Table 5. 55: Non-parametric correlation of financial well-being and risk perception
Factor

Spearman’s
Ethical Financial Health Social
correlation
Correlation coefficient
-0.064
-0.053 -0.042
.263**
167

Recreational
0.009

Financial Sig. (2-tailed)
0.000
0.237
wellN
341
341
being
**Correlation significant at the 0.01 level (2-tailed)
* Correlation significant at the 0.05 level (2-tailed)

0.332
341

0.435
341

0.867
341

As observed in Table 5.55, there exists one positive statistically significant relationship
between financial well-being and ethical risk (p = 0.000 < 0.01) at the 1 percent significance
level. The null hypothesis (H03) can be rejected, and the alternative hypothesis (Ha3) can be
concluded at the 1 percent significance level. Consequently, it can be concluded that financial
well-being influences ethical risk. Therefore, the results suggest that insurance policyholders
whose insurance decisions are influenced by financial well-being have a higher likelihood of
engaging in ethical risk. However, no statistically significant relationship was found between
financial well-being and financial, health, social and recreational risks. Conclusively, the null
hypothesis cannot be rejected, and it can be concluded that financial well-being does not
influence financial risk, health, social and recreational risks. This agrees with a study conducted
by Dickason and Ferreira (2018), who found that the level of financial well-being influences
the likelihood of an individual engaging in some level of risk.
5.8.2 Influence of behavioural finance on the risk perception of insurance policyholders
Behavioural finance is a psychological factor that influences people to make certain decisions
with their money. It influences people to either save, spend or invest their earnings (Das &
Panja, 2019). DeBondt et al. (2010) suggested that if individuals understood the biases
attached to behavioural finance, it could help them make better financial decisions. This section
aims to discuss the influence of behavioural finance on the risk perception of insurance
policyholders. This will be achieved by the non-parametric Spearman’s rho correlation applied
to determine the strength and direction of the relationship between the external events and risk
perception of the insurance policyholders.
To determine the size effect between the behavioural finance biases and risk perception as
recommended by Cohen (1988:81):
•

r = 0.10 to 0.29 point towards a small/weak strength relationship,

•

r = 0.30 to 0.49 point towards a medium strength relationship and

•

r = 0.50 to 1.00 point towards a large/strong strength relationship.
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Table 5. 56: Non-parametric correlation of financial biases and risk perception
Factor

Ethical

Spearman’s correlation

Represent
ativeness

Correlation coefficient
-0.041
Sig. (2-tailed)
0.454
N
341
Financial
Correlation coefficient
0.040
Sig. (2-tailed)
0.458
N
341
Health
Correlation coefficient
.184**
Sig. (2-tailed)
0.001
N
341
Social
Correlation coefficient
.136*
Sig. (2-tailed)
0.012
N
341
Recreational Correlation coefficient
.197**
Sig. (2-tailed)
0.000
N
341
**Correlation significant at the 0.01 level (2-tailed)

Regret
aversion
-0.034
0.529
341
-0.007
0.899
341
.111*
0.040
341
0.082
0.133
341
0.064
0.239
341

Framing

-0.071
0.192
341
-0.095
0.080
341
0.020
0.709
341
-0.055
0.310
341
0.002
0.975
341
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Overconfide
nce

Availability

-0.099
0.069
341
0.044
0.422
341
.156**
0.004
341
.143**
0.008
341
.177**
0.001
341

0.068
0.213
341
.118*
0.030
341
.218**
0.000
341
-0.015
0.789
341
.212**
0.000
341

Gambler’s
fallacy
-0.025
0.643
341
0.070
0.199
341
.175**
0.001
341
.115*
0.033
341
.280**
0.000
341

Mental
accounting
-0.052
0.340
341
-0.005
0.926
341
.140**
0.010
341
0.106
0.051
341
.193**
0.000
341

Loss
aversion
-.162**
0.003
341
-0.061
0.259
341
0.033
0.546
341
-0.008
0.883
341
0.098
0.070
341

Self-control

-.361**
0.000
341
-.309**
0.000
341
-.228**
0.000
341
-.192**
0.000
341
-0.092
0.090
341

5.8.2.1 Representativeness
Regarding the relationship between the representativeness bias and risk perception, Table 5.56
shows a small size effect (r = 0.10 – 0.29) on representativeness. Only health risk (p = 0.001
<0.01) and recreational risk (p =0.000 < 0.01) were statistically significant at 1 percent
significance level. Therefore, the null hypothesis can be rejected. It can be concluded that at
the 1 percent significance level, there is a positive relationship between the representativeness
bias and health risk and recreational risk. A small statistically significant relationship was also
established between the representativeness bias and social risk (p = 0.000 < 0.05) at the 5
percent significance level. The null hypothesis (H03) can be rejected, and the alternative
hypothesis (Ha3) can be concluded at the 5 percent significance level. It can be concluded that
the representatives bias influences social risk. This suggests that insurance policyholders who
are subject to representativeness bias have a higher likelihood of engaging in health,
recreational, and social risks. This agrees with a study conducted by Pompian (2012), who
discovered that individuals who are subject to representativeness bias tend to engage in risky
events.
5.8.2.2 Regret aversion
Concerning the relationship between regret aversion and risk perception, Table 5.56 shows that
only shows a small size effect (r = 0.10 – 0.29) was obtained. Health risk (p =0.040 < 0.05)
obtained a small statistically significant positive relationship with regret aversion at a 5 percent
significance level. Therefore, the null hypothesis (H03) can be rejected, and the alternative
hypothesis (Ha3) can be concluded at the 5 percent significance level. It can be concluded that
regret aversion influences risk perception. There is a positive relationship between the
representativeness bias and health risk. This suggests that insurance policyholders who are
subject to the regret aversion bias have a higher likelihood of taking high risks. This agrees
with the theory in a study by Dickason and Ferreira (2018), which found that individuals who
are subject to the regret aversion bias are likely to take average risks.
5.8.2.3 Framing
Regarding the relationship between framing and risk perception, Table 5.56 shows only a small
size effect (r = 0.10 – 0.29). However, none of the risk factors obtained a statistically significant
relationship with framing. Therefore, the null hypothesis (H03) cannot be rejected, and it can
be concluded that the framing bias does not influence risk perception. This agrees with a study
by Anzel (2020), who found that framing does not influence the likelihood of an individual to
take risks.
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5.8.2.4 Overconfidence
Concerning overconfidence, Table 5.56 shows that there exists a small size effect (r = 0.10 –
0.29). However, a positive statistically significant relationship between the overconfidence bias
and health risk (p = 0.004 < 0.01), social risk (p = 0.008 < 0.01) and recreational risk (p = 0.001
< 0.01) at the 1 percent significance level. The null hypothesis H03) can be rejected, and the
alternative hypothesis (Ha3) can be concluded at the 1 percent significance level. It can,
therefore, be concluded that the overconfidence bias influences health risk, social risk, and
recreational risk. Therefore, it can be concluded that insurance policyholders who are subject
to the regret aversion bias are likely to engage in health risk, social risk, and recreational risk.
This is in agreement with a study conducted by Dickason and Ferreira (2018), who found that
individuals who are subject to the overconfidence bias are likely to take some level of risks.
5.8.2.5 Availability bias
Regarding the relationship between the availability bias and risk perception, Table 5.56 shows
a small size effect (r = 0.10 – 0.29). It is also clear that there is a small statistically significant
relationship between the availability bias and health risk (p = 0.000 < 0.01) and recreational
risk (p = 0.000 < 0.01) at the 1 percent significance level. The null hypothesis (H03) can be
rejected, and the alternative hypothesis (Ha3) can be concluded at the 1 percent significance
level. Similarly, a statistically significant relationship between the availability bias and
financial risk (p = 0.030 < 0.05) at the 5 percent significance level. The null hypothesis (H03)
can be rejected, and the alternative hypothesis (Ha3) can be concluded at the 5 percent
significance level. In both cases, the null hypothesis can therefore be rejected, and it can be
concluded that the availability bias influences financial, health, and recreational risks.
Therefore, it can be concluded that insurance policyholders who are subject to the availability
bias are likely to engage in financial, health, and recreational risks. These findings agree with
a study conducted by Pompian (2012:225), who found that individuals who are subject to the
availability bias are likely to take high risks.
5.8.2.6 Gambler’s fallacy
Concerning the relationship between the gambler’s fallacy bias and risk perception, Table 5.56
shows a small size effect (r = 0.10 – 0.29). It is also evident that there is a small statistically
significant relationship between the gambler’s fallacy bias and health risk (p = 0.001 < 0.01)
and recreational risk (p = 0.000 < 0.01) at the 1 percent significance level. The null hypothesis
(H03) can be rejected, and the alternative hypothesis (Ha3) can be concluded at the 1 percent
significance level. Likewise, a statistically significant relationship between the availability bias
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and social risk (p = 0.033 < 0.05) at the 5 percent significance level. The null hypothesis (H03)
can be rejected, and the alternative hypothesis (Ha3) can be concluded at the 5 percent
significance level. In both cases, the null hypothesis can, therefore, be rejected, and it can be
concluded that the gambler’s fallacy influences health, social, and recreational risks. Therefore,
it can be concluded that insurance policyholders who are subject to the gambler’s fallacy bias
are likely to engage in health, social, and recreational risks. These findings agree with a study
conducted by Pompian (2012:225), who found that individuals who are subject to the gambler’s
fallacy bias are likely to take high risks.
5.8.2.7 Mental accounting
Regarding mental accounting, Table 5.56 shows a small size effect (r = 0.10 – 0.29). However,
a positive statistically significant relationship between the overconfidence bias and health risk
(p = 0.010 < 0.01) and recreational risk (p = 0.000 < 0.01) at the 1 percent significance level.
The null hypothesis (H03) can be rejected, and the alternative hypothesis (Ha3) can be concluded
at the 1 percent significance level. It can be concluded that the mental accounting bias
influences health risk and recreational risk. Therefore, it can be concluded that insurance
policyholders who are subject to mental accounting bias are likely to engage in health risk and
recreational risk. These findings agree with a study conducted by Dickason and Ferreira (2018),
who found that individuals who are subject to the mental accounting bias have engaged in some
level of risks.
5.8.2.8 Loss aversion
Concerning the loss aversion bias, Table 5.56 shows a small size effect (r = 0.10 – 0.29).
However, a negative statistically significant relationship between the overconfidence bias and
ethical risk (p = 0.003 < 0.01) at the 1 percent significance level. The null hypothesis (H03) can
be rejected, and the alternative hypothesis (Ha3) can be concluded at the 1 percent significance
level. It can be concluded that the loss aversion bias influences ethical risk. Therefore, it can
be concluded that insurance policyholders who are subject to the loss aversion bias are likely
to engage in ethical risk. These findings agree with a study conducted by Dickason and Ferreira
(2018) who found that individuals who are subject to the loss aversion bias are likely to take
low risks.
5.8.2.9 Self-control
Regarding the relationship between the self-control bias and risk perception, Table 5.56 shows
a small (r = 0.10 – 0.29) to medium size effect (r = 0.30 – 0.49). It is also evident that there is
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a small statistically significant relationship between the self-control bias and ethical risk (p =
0.000 < 0.01), financial risk (p = 0.000 < 0.01), health risk (p = 0.000 < 0.01) and social risk
(p = 0.000 < 0.01) at the 1 percent significance level. The null hypothesis (H03) can be rejected,
and the alternative hypothesis (Ha3) can be concluded at the 1 percent significance level. It can
be concluded that the self-control bias influences ethical, financial, health, social risks.
Therefore, it can be concluded that insurance policyholders who are subject to the self-control
bias are likely to engage in ethical, financial, health, social risks. These findings agree with a
study conducted by Pompian (2012), who found that individuals who are subject to the selfcontrol bias are likely to take high risks.
5.9 IDENTIFY THE EXOGENOUS FACTORS INFLUENCING THE RISK
PERCEPTION OF INSURANCE POLICYHOLDERS
An empirical objective of this chapter is to identify the exogenous factors influencing the risk
perception of insurance policyholders in Gauteng. The following factors have been identified
as exogenous factors and will be discussed in the subsequent sections:
•

Political-legal

•

Market fluctuations

•

Crime

•

Unemployment

5.9.1 The relationship between external events and the risk perception of insurance
policyholders
This section aims to discuss the influence of external factors (political-legal, market
fluctuations, crime, and unemployment) on the risk perceptions of insurance policyholders.
This will be achieved by the non-parametric Spearman’s rho correlation applied to determine
the strength and direction of the relationship between the external events and risk perception
of the insurance policyholders.
To determine the size effect between the behavioural finance biases and risk perception as
recommended by Cohen (1988:81):
•

r = 0.10 to 0.29 point towards a small/weak strength relationship,

•

r = 0.30 to 0.49 point towards a medium strength relationship and

•

r = 0.50 to 1.00 point towards a large/strong strength relationship.
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Table 5. 57: Non-parametric correlation of Market fluctuations, volatility and
international events and risk perception
Spearman’s
Political- Market
correlation
legal
fluctuations
Ethical
Correlation coefficient
-0.051
-0.030
Sig. (2-tailed)
0.350
0.585
N
341
341
Financial Correlation coefficient
0.030
0.028
Sig. (2-tailed)
0.575
0.605
N
341
341
Health
Correlation coefficient
0.027
0.077
Sig. (2-tailed)
0.619
0.156
N
341
341
Social
Correlation coefficient
0.061
0.035
Sig. (2-tailed)
0.262
0.520
N
341
341
Recreati Correlation coefficient .210**
.217**
onal
Sig. (2-tailed)
0.000
0.000
N
341
341
**Correlation significant at the 0.01 level (2-tailed)
Factor

Crime

Unemployment

-0.033
0.539
341
-0.014
0.794
341
-0.007
0.893
341
0.033
0.539
341
.183**
0.001
341

-0.022
0.690
341
-0.061
0.263
341
0.005
0.922
341
-0.002
0.973
341
.149**
0.006
341

5.9.1.1 Political-legal
Concerning the relationship between political-legal and risk perception, Table 5.57 shows a
small size effect (r = 0.10 – 0.29). However, there is a positive, statistically significant
relationship between the political-legal factor and recreational risk (p = 0.000 < 0.01) at the 1
percent significance level. The null hypothesis (H04) can be rejected, and the alternative
hypothesis (Ha4) can be concluded at the 1 percent significance level. It can be concluded that
the political-legal factor influences recreational risk. The results suggest that insurance
policyholders whose insurance decisions are influenced by political-legal factors are more
likely to engage in recreational risk.
5.9.1.2 Market fluctuations
Regarding the relationship between market fluctuations and risk perception, Table 5.57 exhibits
a small size effect (r = 0.10 – 0.29). It is evident that a positive statistically significant
relationship between the market fluctuation factors and recreational risk (p = 0.000 < 0.01) at
the 1 percent significance level. The null hypothesis (H04) can be rejected, and the alternative
hypothesis (Ha4) can be concluded at the 1 percent significance level. It can be concluded that
the market fluctuations factor influences recreational risk. Therefore, the results suggest that
insurance policyholders whose insurance decisions are influenced by market fluctuations
factors have a higher likelihood of engaging in recreational risk.
174

5.9.1.3 Crime
Concerning the relationship between crime and risk perception, Table 5.57 shows a small size
effect (r = 0.10 – 0.29). It can be observed that a positive statistically significant relationship
between the crime factor and recreational risk (p = 0.001 < 0.01) at the 1 percent significance
level. The null hypothesis (H04) can be rejected, and the alternative hypothesis (Ha4) can be
concluded at the 1 percent significance level. It can be concluded that the crime factor
influences recreational risk. Therefore, the results suggest that insurance policyholders whose
insurance decisions are influenced by crime factors have a higher likelihood of engaging in
recreational risk.
5.9.1.4 Unemployment
Regarding the relationship between unemployment and risk perception, it is shown in Table
5.57 that there exists a small size effect (r = 0.10 – 0.29). It can be observed that a positive
statistically significant relationship between the unemployment factor and recreational risk (p
= 0.006 < 0.01) at the 1 percent significance level. The null hypothesis (H04) can be rejected,
and the alternative hypothesis (Ha4) can be concluded at the 1 percent significance level. It can
be concluded that the unemployment factor influences recreational risk. Therefore, the results
suggest that insurance policyholders whose insurance decisions are influenced by
unemployment factors have a higher likelihood of engaging in recreational risk.
5.10 FACTORS INFLUENCING RISK PERCEPTION
To further expands on the influence of the determinant factors of insurance policyholders on
risk perception, Spearman’s non-parametric correlation was utilised to determine which factors
influence the risk perception of insurance policyholders. Subsequently, a regression analysis
was conducted to analyse how these factors influence risk perception.
5.10.1 Risk perception non-parametric correlation
Table 5.58 below shows the non-parametric correlation of the determinant factors influencing
risk perception of insurance policyholders assuming a 1 percent significance level for a twotailed level of significance (p<0.01).
Table 5. 58: Non-parametric correlation of risk perception
Determinant factor

Age

Spearman correlation
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
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Risk perception
-.418**
0.000
341
.197**

Highest level of
education

Annual income

Marital status

Networth

Policy type

Gender

Homeownership
Financial well-being

Representativeness

Regret aversion

Framing

Overconfidence

Availability
Gambler’s fallacy

Mental accounting

Loss aversion

Self-control

Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
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0.000
341
0.020
0.717
341
-0.081
0.138
341
0.053
0.331
340
.150**
0.006
340
.352**
0.000
341
-.181**
0.001
341
-0.078
0.149
341
.177**
0.001
341
0.084
0.124
341
-0.006
0.910
341
.150**
0.006
341
.189**
0.000
341
.184**
0.001
341
.140**
0.010
341
0.009
0.875
341
-.343**

Political

Market fluctuations

Crime

Unemployment

Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N
Correlation coefficient
Sig. (2-tailed)
N

0.000
341
.129*
0.017
341
.148**
0.006
341
0.079
0.144
341
0.069
0.202
341

**Significant level (0.01)

Table 5.58 shows that the correlation coefficient for age had a medium negative effect (r = 0.418) with risk perception, which was statistically significant at a 1 percent significance level

(p<0.01). The association between the level of education and risk perception was r = 0.917,
signifying a small positive linear effect at a 1 percent significance level (p<0.01). Likewise,
policy type had a small positive linear association with risk perception (r = 0.150), which was
statistically significant at 1 percent (p<0.01). A medium positive effect (r = 0.352) was obtained
for gender and risk perception, which was statistically significant at a 1 percent significance

level (p<0.01) and was the highest effect size obtained. The association between the
representativeness bias and risk perception was r = 0.177, showing a small positive linear effect
at a 1 percent significance level (p<0.01). Similarly, the association between overconfidence
bias (r = 0.150), availability bias (r =0.189), gambler’s fallacy bias ( r = 0.184) and market
fluctuations (r =0.148) and risk perception showed a small positive linear effect at 1 percent
significance level (p<0.01).
Table 5.58 also shows that annual income, marital status, net worth, financial well-being, regret
aversion bias, framing bias, loss aversion bias, political-legal, crime, and unemployment had a
small positive and negative linear effect which was not statistically significant at 1 percent
significance level (p<0.01). This means that there was no relationship between the factors
mentioned above and risk perception. Subsequently, a multiple linear regression analysis was
conducted to analyse the determinant factors' influence on the insurance policyholders' risk
perception.
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5.10.2 Multiple linear regression on risk perception
In order to further expand on the factors influencing risk perception of insurance policyholders,
a multiple linear regression was conducted. Table 5.59 shows the regression model summary
computed where R2 shows that the determinant factors explained 45.20 percent of the total
variance in risk perception. Moreover, the F-ratio (p<0.01) was statistically significant at the 1
percent significance level, signifying that the variables influence risk perception.
Table 5. 59: Model summary
Model

Sum of

Df

squares

Mean

R Square

F-value

P-value

Square

Regression 208.156

6

34.693

Residual

252.126

333

0.757

Total

460.281

339

0.452

45.821

0.000***

***Significant level (0.01)
As shown in Table 5.60 below, all five determinants were statistically significant at the 1
percent significance level (p<0.01), signifying that they influence the risk perception of
insurance policyholders. The variables are explained independently below.
5.10.2.1 Age
The age of insurance policyholders influences their likelihood to engage in risky events. A
statistically significant value was obtained for age (p<0.000) at the 1 percent significance level.
As shown in Table 5.60, when there is a unit change in age, the likelihood of policyholders
engaging in risky events will result in a -0.300 change in the risk perception variable scale.
5.10.2.2 Gender
As observed in Table 5.60, the gender of insurance policyholders influences their risk
perception. Gender was significant at a 1 percent significance level (p<0.01). Therefore, a unit
change in the age coefficient would result in a -0.256 change in the risk perception variable
scale. Therefore, age is the most contributing variable in influencing the risk perception of
insurance policyholders.
5.10.2.3 Representativeness
The results in Table 5.60 show that insurance policyholders subject to the representativeness
bias would likely engage in risky events. The representativeness bias was significant at a 1
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percent significance level (p<0.01). Hence a unit change in the coefficient of the
representativeness bias would result in a 0.153 change in the risk perception variable scale.
5.10.2.4 Gambler’s fallacy
Concerning gambler’s fallacy bias, the results in Table 5.60 show that it was statistically
significant at a 1 percent significance level (p<0.01). This suggests that a unit change in the
coefficient of the gambler’s fallacy bias would result in a 0.158 change in the risk perception
variable scale.
5.10.2.5 Self-control
As observed in Table 5.60, insurance policyholders subject to the self-control bias are less
likely to engage in risky events. The self-control bias was statistically significant at a 1 percent
significant level (p<0.01), indicating that it influences risk perception. A unit change in the selfcontrol bias of insurance policyholders will result in a -0.375 beta coefficient change on the risk
perception variable scale.

Table 5. 60: Independent variables model summary
Variables

B

T

P-value

Age

-0.300

-7.081

0.000***

Gender (Male)

0.256

6.174

0.000***

Representativenss

0.153

3.027

0.003***

Gambler’s fallacy bias

0.158

3.014

0.003***

Self-control

-0.375

-8.280

0.000***

***Significant level (0.01)
Table 5.61 summarises the pre-identified factors that contribute to interpreting the risk
perception of insurance policyholders and the extent to which each of the factors influences the
risk perception of insurance policyholders.
Table 5. 61: Summary of factors influencing risk perception
Constructs
Endogenous factors
Demographical factors
Age
Level of education
Annual income

Summary

Age contributed significantly towards explaining risk
perception to a rather small degree.
Level of education contributed significantly towards
explaining risk perception to a rather small degree.
Annual income contributed significantly towards
explaining risk perception to a rather small degree.
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Income variability
Net worth
Household size
Dependents
Health status
Financial knowledge
Gender
Marital status
Homeownership
Employment status
Policy type
Financial well-being
Financial well-being
Behavioural finance biases
Representativeness
Regret aversion
Overconfidence
Availability
Gambler’s fallacy
Mental accounting
Loss aversion
Self-control

Income variability contributed significantly towards
explaining risk perception to a rather small degree.
Net worth contributed significantly towards explaining risk
perception to a rather small degree.
Household size contributed significantly towards
explaining risk perception to a rather small degree.
Dependents contributed significantly towards explaining
risk perception to a rather small degree.
Health status contributed significantly towards explaining
risk perception to a rather small to a medium degree.
Financial knowledge contributed significantly towards
explaining risk perception to a rather small degree.
Gender contributed significantly towards explaining risk
perception to a rather small degree.
Marital status contributed significantly towards explaining
risk perception to a rather small degree.
Homeownership contributed significantly towards
explaining risk perception.
Employment status contributed significantly towards
explaining risk perception.
Policy type contributed significantly towards explaining
risk perception to a rather small degree.
Financial well-being contributed significantly towards
explaining risk perception to a rather small degree.
Representativeness contributed significantly towards
explaining risk perception to a rather small degree.
Regret aversion contributed significantly towards
explaining risk perception to a rather small degree.
Overconfidence
contributed
significantly
towards
explaining risk perception to a rather small degree.
Availability contributed significantly towards explaining
risk perception to a rather small degree.
Gambler’s fallacy contributed significantly towards
explaining risk perception to a rather small degree.
Mental accounting contributed significantly towards
explaining risk perception to a rather small degree.
Loss aversion contributed significantly towards explaining
risk perception to a rather small degree.
Self-control contributed significantly towards explaining
risk perception to a rather small degree.

Exogenous factors
Market fluctuations, volatility and international events
Political-legal
Political-legal contributed significantly towards explaining
risk perception to a rather small degree.
Market fluctuations
Market fluctuations contributed significantly towards
explaining risk perception to a rather small degree.
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Crime
Unemployment

Crime contributed significantly towards explaining risk
perception to a rather small degree.
Unemployment
contributed
significantly
towards
explaining risk perception to a rather small degree.

Source: Author compilation
Regarding Table 5.61, it can be concluded that demographical factors, namely age, level of
education, annual income, income variability, net worth, household size, dependents, health
status, financial knowledge, gender, marital status, homeownership, employment status and
policy type explain risk perception to a small degree. However, health status explains risk
perception to a rather small to medium degree. Similarly, the financial well-being of the
insurance policyholders explains risk perception to a rather small degree. Behavioural finance
explains risk perception to a small degree. Considering market fluctuations, volatility and
international events, namely political-legal, market fluctuations, crime and unemployment,
explain risk perception to a rather small degree. Overall, Table 5.61 contributed to summarising
all the factors explaining risk perception and the degree to which they do so. Therefore, this
can be used by insurance companies worldwide to better tailor their insurance products for the
policyholders by factoring in the aforementioned factors in drafting the policies.
In order to achieve this, a non-parametric Spearman’s correlation was utilised. Additionally, a
regression analysis was conducted to determine the factors influencing the risk perception of
insurance policyholders. Lastly, as per the theory in Chapter 3, which illustrated Litterer’s
perception model. It was noted that perception could potentially influence the behaviour of
South African insurance policyholders towards certain risk events.
5.11 SYNOPSIS
This chapter aimed to discuss the empirical results and findings of the study. To explain how
the empirical objectives were achieved, this chapter presented an analysis and interpretation of
the results. Section 5.2 provided a summary of the descriptive information of the final sample
of 341 participants.
Section 5.3 provided a further descriptive analysis of the questionnaire, which provided an
overview of the data set by calculating the means, standard deviations and percentages. In order
to simplify complex data sets, the exploratory factor analysis was utilised and presented in
Section 5.4 and applied to Section B (financial well-being), Section D (risk identification),
Section E (risk perception scale) and Section F (external or international events) of the
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questionnaire. Section 5.5 attended to the hypothesis testing of empirical objectives of the study
by outlining the null and alternative hypotheses.
Section 5.6 was aimed to determine the influence of demographics on risk identification and
risk perception using conducted t-tests and non-parametric correlation tests. The results
suggested that all demographics had a statistically significant relationship with at least one
determinant factor of risk identification and risk perception. The relationship of risk tolerance
on risk perception of insurance policyholders was discussed in Section 5.7. This chapter
identified the endogenous factors influencing the risk perception of insurance policyholders, as
discussed in Section 5.8. The results suggested that financial well-being had a statistically
significant relationship with ethical risk. The influence of behavioural finance biases on the
risk perception of insurance policyholders was outlined. The results suggested that all biases
except framing had a statistically significant relationship with at least one determinant factor
of risk perception. Chapter 5 also identified the influence of exogenous factors on the risk
perception of insurance policyholders (Section 5.9). The results suggested that all exogenous
factors had a significant relationship with recreational risk as a determinant of risk perception.
Lastly, Chapter 5 looked at the total risk of all the factors with a positive relation with risk
perception (Section 5.10). In order to expand on the analysis of the factors influencing risk
perception of insurance policyholders, a multiple linear regression was conducted.
Furthermore, an independent model summary was conducted, which suggested that age,
gender, representativeness bias, Gambler’s fallacy bias and self-control bias influenced the risk
perception of insurance policyholders the most.
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CHAPTER 6: CONCLUSION AND RECOMMENDATIONS
6.1 INTRODUCTION
Chapter 6 aims to summarise the research study, whereby an overview of the achievement of
the primary, theoretical and empirical objectives will be outlined. In order to highlight the
contribution of the research study, this chapter presents the main findings of the empirical
objectives. Thereupon, the recommendations derived from the research findings will be
provided. Moreover, Chapter 6 discusses the limitations of the research study and provides
recommendations for future research studies.
6.2 OVERVIEW OF THE STUDY
As discussed in Chapter 1, risk is an integral part of life, and the insurance industry is no
different as it is exposed to various risks. Risk is also perceived differently by individuals;
hence, insurers ought to be cognizant of the factors influencing their policyholders' risk
perceptions to retain clients. Various factors influence the risk perception of insurance
policyholders. Chapter 1 provided an introduction and background of the study and formulated
the problem statement. Lastly, the primary objective, theoretical objectives and empirical
objectives were outlined for the achievement of the purpose of the study.
The primary objective was to investigate the factors influencing the risk perception amongst
insurance policyholders in Gauteng.
6.2.1 Theoretical objectives
In order to achieve the primary objective, theoretical objectives were formulated as follows:
I.

Identifying the current economic and political landscape in Gauteng;

II.

Contextualising risk perception; and

III.

Establishing a theoretical link between risk perception of insurance policyholders
and their behaviour towards risk.

Chapter 2 aimed at achieving theoretical objective I. The chapter commenced with unpacking
what risk and risk perception are by reviewing existing literature which included the different
types of risk. It was concluded that speculative risk is difficult to insure while pure risk is
insurable. Furthermore, an overview of the South African insurance industry. Secondly, the
regulation of the insurance industry was discussed. It was found that the South African
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insurance industry is guided by two main Acts, the Short-Term Insurance Act 1998 (STIA) and
the Long-term Insurance Act 1998 (LTIA). Finally, the insurance industry challenges were
discussed to outline the current economic and political landscape in Gauteng, which included
crime, unemployment, market fluctuations and political-legal.
Chapter 3 intended to achieve theoretical objectives II and III. Litterer’s perception model
was presented to show the perception formation and it was concluded that the way individuals
perceive risk will influence their behaviour towards certain risk events. Moreover, the chapter
presented the link between risk perception, risk tolerance, and other factors by reviewing
existing literature studies. Lastly, a discussion of risk perception and the external environment
was provided.
Chapter 4 focused on accentuating the research design and methodology process applied in this
research study. Chapter 4 presented the research design, data collection and the methods used
to collect and analyse the data to produce useful results that can be used in future research
endeavours. This study followed a quantitative research methodological approach utilising a
positivism worldview. The sample size of 341 insurance policyholders was considered and
adequate for factor analysis in this study. In order to participate in the study, participants had
to be older than 18 years, have some level of education, have an insurance policy and currently
residing in Gauteng. A self-administered online questionnaire was utilised to observe COVID19 regulations.
Chapter 5 provided empirical results and findings of the quantitative analysis. The analysis and
interpretation focused on achieving all the empirical objectives and the primary objective of
the research study. This chapter further stated the hypothesis to achieve the empirical
objectives. The subsequent section summarises the main empirical findings of the study as
stated in Chapter 1.
6.3 FINDINGS OF THE STUDY
The primary aim of this study was to analyse the factors influencing the risk perception
amongst insurance policyholders in Gauteng. The primary objective was achieved by
formulating and achieving the empirical objectives as follows:
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6.3.1 Determine how demographical factors influence the risk identification and risk
perception of insurance policyholders
This objective was achieved in Section 5.6 in Chapter 5. A non-parametric Spearman
correlation test was utilised to determine demographical factors that influence the risk
perceptions of insurance policyholders. Risk identification was found to be statistically
significant in being influenced by annual income, health status, financial knowledge and the
type of policy the individual has. Insurance risk identification was influenced by age, annual
income, net worth, financial knowledge and ethnicity of the policyholder. All the factors of the
DOSPERT scale as a measure of risk perception (ethical, financial, health, social and
recreational risk) were influenced by one or more of the demographical factors. The results
further show that insurance risk identification was influenced by age, net worth, health status,
financial knowledge, homeownership, and the type of policy of the policyholder. Notably,
ethnicity only had one statistical significance with insurance perception, while employment
status had one such relationship with the social risk. However, no statistically significant
differences were found between religious groups and risk perception at a 1 per cent significance
level. These results suggested that demographical factors have some level of influence on the
risk perception of insurance policyholders.
6.3.2 Determine the relationship of risk tolerance on risk perception of insurance
policyholders
The majority of the participants indicated a willingness to take average financial risks as most
of their assets are covered but not comprehensively. This was followed by participants who
indicated no willingness to take any financial risks as they had comprehensive insurance cover.
To determine the relationship of risk tolerance on risk perception of insurance policyholders,
this was achieved by performing a test between risk tolerance and the demographical factors,
as shown in Section 5.7. Age and risk tolerance were statistically significant at a 1 percent
significance level (p < 0.01), while income level was statistically significant at a 5 percent
significance level (p < 0.05) and a small association. However, no statistical significance was
found between education level and risk tolerance.
Moreover, a non-parametric correlation of risk tolerance and risk perception was computed,
and risk tolerance and all risk perception determinants were statistically significant at a 1
percent significance level (p < 0.01). This suggested that risk tolerance influences risk
perception. The means were also computed, and the results showed that the majority of the
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insurance policyholders would rather take substantial financial risks, as they only have
insurance on one of their assets.
6.3.3 Identifying the endogenous factors that influence risk perception of insurance
policyholders in Gauteng
This objective was achieved in Section 5.8 in Chapter 5. It is important to note that
demographics and risk tolerance are also endogenous, however, these variables were treated as
main objectives for the study. A non-parametric Spearman correlation test was performed to
assess the impact of financial well-being on the risk perception of insurance policyholders.
Financial well-being was found to be statistically significant with one factor, ethical risk,
suggesting that the financial well-being of individuals influence their likelihood to engage in
ethical risk.
Moreover, in Section 5.8 of Chapter 5, this objective was achieved by utilising a nonparametric Spearman correlation test to establish and analyse the influence of behavioural
finance biases that influence the risk perception of insurance policyholders in Gauteng. The
representativeness, overconfidence and the gambler’s fallacy biases were statistically
significant with health, social and recreational risks. The regret aversion and loss aversion
biases were statistically significant with health and ethical risk, respectively. Similarly, the
availability bias was statistically significant with financial risk, health risk and recreational
risk. On the other hand, mental accounting bias showed statistical significance with heal and
recreational risks. The self-control bias showed the most statistically significant relationships
with ethical risk, financial risk, health risk and social risks. However, no statistical significance
was found for the framing bias.
6.3.4 Identify the exogenous factors influencing the risk perception of insurance
policyholders
The fourth empirical objective was achieved in Section 5.9 in Chapter 5. A non-parametric
Spearman correlation test was utilised to identify the relationship between the current economic
and political landscape in South Africa and risk perceptions in Gauteng. The results showed a
statistically significant positive relationship between the political-legal factor and recreational
risk. Likewise, a statistically significant positive relationship was found between the market
fluctuations, volatility and international events factor with recreational risk. A small size effect
accompanied this. A statistically significant positive relationship was found between crime and
recreational risk. Once more, a statistically significant positive relationship was found between
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unemployment and recreational risk. These results suggest that insurance policyholders whose
insurance decisions are influenced by the political-legal, market fluctuations, volatility and
international events, crime, and unemployment factors have a higher likelihood to engage in
recreational risks.
6.4 CONTRIBUTION OF THE STUDY
Insurance risk perception has not been widely studied in South Africa and internationally.
Hence there is limited research of studies exploring this research field as most studies have
covered bank perception. Therefore, this study makes a significant contribution to the literature
and empirical analysis of the insurance industry. This will assist insurers to understand the
factors influencing the risk perception of insurance policyholders and how policyholders
identify risk. Hence insurance companies can incorporate this analysis to better tailor insurance
products and maximise customer satisfaction in all market conditions. Insurance companies
can also utilise this research to understand the South African economic and political landscape
and how it affects the insurance industry in its entirety. Seeing that retaining customers was a
challenge faced by insurers which can put insurers out of business. This research study will
help insurers retain clients and ultimately realise higher profits in the future.
6.5 LIMITATIONS AND RECOMMENDATIONS FOR FUTURE RESEARCH
It is inevitable to experience limitations during a research study. Several limitations can be
noted, considering the literature and empirical analysis provided in the study. The primary data
was considered and limited to participants residing in Gauteng only. Accordingly, it can be
recommended to engage participants from varying locations, including internationally. This
will also bring about a larger sample size as a sample size of only 341 participants was
considered. Although prior research studies employed a similar sample size, this can be
reviewed for future research utilising larger sample sizes. Future researchers can further
perform a pre and post COVID-19 to analyse the change in the risk perception of the
policyholders. This research study analysed the influence of demographics, risk tolerance,
financial well-being, political-legal, crime, market fluctuations and unemployment on risk
perception. However, it can be recommended to incorporate more variables such as the demand
for insurance both nationally and internationally in future research studies. Given that this
research study followed a quantitative research approach to analyse the factors influencing risk
perception. However, it can also be recommended to future researchers to follow mixed
approaches by including qualitative interviews.
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6.6 CONCLUDING REMARKS
Insurance risk perception is not a new research development and very few researchers have
delved into this field. Hence, studies concerning insurance policyholders and the risk
perceptions in South Africa are limited. The researcher utilised a theoretical and empirical
analysis to achieve the primary objective of the study. The EFA statistical process has been
utilised to simplify complicated data sets. Insurers will use the study to better understand their
policyholders, retain them and ultimately realise greater profits. Therefore, this study will be
able to assist this limited field and pave the way for future researchers worldwide.
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ANNEXURE A: QUESTIONNAIRE

Risk perceptions amongst insurance policyholders in Gauteng
Please do not put your name, surname, or any identifying marks on your questionnaire.
You are being invited to take part in a research project that forms part of a Masters’ study. The
purpose of this study is to predict the influence of the risk perception of insurance policy
holders located in Gauteng. This study will focus on how insurance policy holders in Gauteng
perceive risk based on their insured possessions.
Please complete if you meet the following criteria:
•
•
•
•

Lives in Gauteng;
Older than 18 years;
Has an insurance policy; and
Insured at any insurance company in South Africa.

Also, your participation is entirely voluntary, and you are free to decline to participate. If you
say no, this will not affect you negatively in any way whatsoever. The data will be confidential,
and your results will be reported in aggregate (as part of the whole sample) and not individually.
The questionnaire should take, on average, 15 minutes to complete.
SECTION A: DEMOGRAPHICAL INFORMATION
A1.

Age

18 -24
25 -34
35 -49
50 -59
60-69
70+

1
2
3
4
5
6

Male
Female

1
2

African
Asian
Coloured
White
Other

1
2
3
4
5

Single
Common law spouse
Married
Divorced
Widowed

1
2
3
4
5

No matric
Matric
Diploma
Bachelor’s degree
Honours degree
Master’s degree
Doctoral degree

1
2
3
4
5
6
7

A2.
Gender
A3.

Ethnicity

A4.
Marital status

A5.

Highest level of
education
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Other:____________________________________

A6.

Employment status

Student
Salaried employed
Self employed
Unemployed-not looking for work
Unemployed- looking for work
Homemaker
Retired

1
2
3
4
5
6
7

Other:________________________________

A7.

What is your annual
income?

Below R 100 000
R 100 001-200 000
R 200 001-300 000
R 300 001-400 000
R 400 001-500 000
R 500 001-600 000
R 600 001-700 000
R 700 001-800 000
R 800 001-900 000
R 900 001-R 1 million
More than R 1 million

1
2
3
4
5
6
7
8
9
10
11

A8.
Income variability

My income is very stable & predictable
My income is somewhat stable & predictable
My income is fluctuating and unpredictable

1
2
3

Less than R 1 million
Between R1 million and R 3.5 million
Between R3.5 million and R7 million
Between R7 million and R12 million
Between R12million and R30 million
R30 million and more

1
2
3
4
5
6

A9.

Net worth

A10.
Homeownership

Living with relatives
Renting
Homeownership with mortgage
Homeownership without mortgage

1
2
3
4

1-2 individuals
3-5 individuals
6+ individuals

1
2
3

0 dependants
1-2 dependants
3-5 dependants
6+ dependants

1
2
3
4

None
Buddhism
Christianity
Judaism
Hinduism
Islam
Other

1
2
3
4
5
6
7

Poor
Fair
Good
Excellent

1
2
3
4

A11.
Household size
A12.
Number of dependants
you care for
A13.

Religion

A14.
Health status
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A15.
I have a ___________
policy
A16.
Level of financial and
insurance product
knowledge

Short-term insurance ( car, home)
Long-term insurance (life insurance)
Both long-term and short-term insurance

Little
Average
Above-average
Superior

1
2
3

Other:________________________________

1
2
3
4

SECTION B (Financial well-being)
Circle or check the responses that are most appropriate for your situation.
1 You on your own
2 You with your partner
Who is responsible for making financial
decisions?
3 Your partner
4 Somebody else

1.

What do you feel is the level
of your financial stress today?

2. How satisfied you are with your
present financial situation? The
“1” represents complete
dissatisfaction. The “10”
represents complete satisfaction.
The more dissatisfied you are, the
lower the number you should
circle. The more satisfied you are,
the higher the number you should
circle.

3. How do you feel about your
current financial situation?

4. How often do you worry about being
able to meet normal monthly living
expenses?

1
2
3
4
5
6
7
8
9
10

Overwhelming stress

1
2
3
4
5
6
7
8
9
10

Dissatisfied

1
2
3
4
5
6
7
8
9
10

Feel overwhelmed

1
2
3
4
5

Worry all the time

High stress
Low stress

No stress at all

Satisfied

Sometimes feel worried

Not worried

Feel comfortable

Sometimes worry
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6
7
8
9
10

5. How confident are you that you
could find the money to pay for a
financial emergency that costs about
R10 000?

6. How often does this happen to you?
You want to go out to eat, go to a
movie or do something else and
don’t go because you can’t afford
to?

7. How frequently do you find yourself
just getting by financially and living
paycheck to paycheck?

8. How stressed do you feel about your
personal finances in general?

Rarely worry

Never worry

1
2
3
4
5
6
7
8
9
10

No confidence

1
2
3
4
5
6
7
8
9
10

All the time

1
2
3
4
5
6
7
8
9
10

All the time

1
2
3
4
5
6
7
8
9
10

Overwhelming stress

Little confidence

Some confidence

High confidence

Sometimes

Rarely

Never

Sometimes

Rarely

Never

High stress

Low stress

No stress at all
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SECTION C: BEHAVIOURAL FINANCE BIASES
Indicate to what extent the following statements drive your financial decisions:

Behavioural biases

C1
C2
C3

C4
C5
C6

C7
C8
C9

I base my financial decision on
the past performance of the
insurance company
I regret insuring when I try to
claim but get complications
I insure with a company only
when I hear positive word-ofmouth
My superior financial
knowledge drives my
decisions
I insure at a company based on
my instincts
My financial decisions are
based on future market
predictions
I trust my own analysis over
my premiums and benefits
from the insurance company
I would rather forfeit a lower
premium for more cover
I exercise self-control when
making financial decisions

Strongly
disagree

Disagree

Somewh
at
disagree

Somewh
at agree

Agre
e

Strongly
agree

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

SECTION D: RISK IDENTIFICATION
For each of the following statements, please indicate the extent to which you agree with the following
statements

Risk perception

Stron
gly
disag
ree

Disag
ree

Some
-what
disag
ree

Some
-what
agree

Agr
ee

Str
ong
ly
agr
ee

D1

A risk is an event that results in a pure financial loss.

1

2

3

4

5

6

D2

A risk is an event that can result in an emotional loss

1

2

3

4

5

6

D3

Risk is the feeling of not knowing what is going to
happen

1

2

3

4

5

6

Some
-what
disag
ree

Some
-what
agree

Agr
ee

Str
ong
ly
agr
ee

Risk perception

Stron
gly
disag
ree

Disag
ree

D4

I feel that my consciousness of risk has increased
over the years

1

2

3

4

5

6

D5

I feel more exposed to risk than ever before

1

2

3

4

5

6
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SECTION D: RISK IDENTIFICATION
For each of the following statements, please indicate the extent to which you agree with the following
statements

Risk perception

Stron
gly
disag
ree

Disag
ree

Some
-what
disag
ree

Some
-what
agree

Agr
ee

Str
ong
ly
agr
ee

D6

I would rather forfeit a low premium for higher
insurance coverage

1

2

3

4

5

6

D7

I feel that I am surrounded by risk in everyday life

1

2

3

4

5

6

D8

I would feel more exposed to risk by not having any
type of insurance

1

2

3

4

5

6

D9

I feel a sense of comfort and security knowing I have
insurance

1

2

3

4

5

6

D1
0

I feel uneasy by taking out low insurance cover

1

2

3

4

5

6

SECTION E: RISK PERCEPTION SCALE (DOSPERT SCALE)
Indicate the likelihood of engaging in each activity or behaviour:
Very
unlikely

More
unlikel
y

Unlikel
y

Likel
y

More
likely

Very
unlik
ely

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

Driving a car without a seat belt
Swimming far out from shore on an
unguarded lake or ocean.

1

2

3

4

5

6

1

2

3

4

5

6

Riding a motorcycle without a helmet

1

2

3

4

5

6

Sunbathing without sunscreen

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

Risk taking
E1
E2
E3
E4
E5
E6
E7
E8
E9
0
E1
0
E1
1
E1
2
E1
3
E1
4
E1
5

Taking some questionable deductions on
your income tax return
Downloading proprietary software from
the internet
Not returning a wallet you found that
contains R500
Investing 10% of your annual income in
a moderate growth mutual fund
Betting a day’s income on the horse races
Spending all your money on an
unauthorised business venture
Gambling a week’s income at a casino

Speaking u your mind about an
unpopular issue in a meeting at work
Moving to a city far away from your
extended family
Disagreeing with an authority figure on a
major issue
Choosing a career that you truly enjoy
over a more prestigious one
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E1
6
E1
7
E1
8
E1
9
E2
0
E2
1
E2
2

Going camping in the wilderness

1

2

3

4

5

6

Going down a ski run that is beyond your
ability

1

2

3

4

5

6

Taking a weekend sky diving class

1

2

3

4

5

6

Bungee-jumping off a tall bridge

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

1

2

3

4

5

6

I feel more at risk of losing my
possessions now than I did 10 years ago
10 years ago I felt safer without insuring
my possessions
10 years ago I paid a lower premium on
my insurance due to lower risk

RISK TOLERANCE SCALE

E23. Which of the following statements
comes closest to the amount of financial
risk that you and your spouse are willing
to take?

1

Take substantial financial risks, as I only have insurance
on one of my assets

2

Take above average financial risk, as most of my assets
are not covered

3

Take average financial risks as most of my assets are
covered but not comprehensively

4

Not willing to take any financial risks, I have
comprehensive insurance cover

SECTION F: EXTERNAL OR INTERNATIONAL EVENTS

POLITICAL-LEGAL
Political stability and a sound legal system in a country are imperative for a stable economy.
For each of the following statements, please indicate the likelihood that international and domestic political
risk, unless specified otherwise, would influence your insurance decisions if you were to find yourself in
certain political circumstances.
Very
unlik
ely

Unlik
ely

Some
-what
unlik
ely

Some
-what
likely

Lik
ely

Ver
y
like
ly

F1

I take political circumstances into consideration when
making insurance decisions.

1

2

3

4

5

6

F2

The current political uncertainty in South Africa
negatively influences my confidence and causes me
to insure more possessions the South African

1

2

3

4

5

6

F3

I believe that the current political circumstances in
South Africa are negatively influencing insurance
performance.

1

2

3

4

5

6
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REACTION TO MARKET FLUCTUATIONS, VOLATILITY AND INTERNATIONAL EVENTS
Market fluctuations and volatility is an omnipresent risk.
For each of the following statements, please indicate the likelihood that market fluctuations and volatility
would influence your insurance policy decisions.
Very
unlik
ely

Unlik
ely

Some
-what
unlik
ely

Some
-what
likely

Lik
ely

Ver
y
like
ly

F4

I take market fluctuations and volatility into
consideration when making investment decisions.

1

2

3

4

5

6

F5

Periods of high fluctuations and volatility in the
markets, make me take more calculated risks
concerning my insurance policy.

1

2

3

4

5

6

F6

I will remain with my initial long-term insurance
policy, regardless of high market fluctuations and
volatility.

1

2

3

4

5

6

F7

Periods of high market fluctuations and volatility
cause me to doubt my current insurance coverage

1

2

3

4

5

6

F8

During a global pandemic I will take out insurance

1

2

3

4

5

6

F9

During a global pandemic I will increase my
insurance coverage

1

2

3

4

5

6

CRIME
It is reported that individuals’ insurance policy decisions are influenced by recent news about crime.
For each of the following statements, please indicate the likelihood that news about crime would/were to
influence your insurance policy decisions.
Very
unlik
ely

Unlik
ely

Some
-what
unlik
ely

Some
-what
likely

Lik
ely

Ver
y
like
ly

F1
0

I do keep myself informed regarding news about
crime that may affect my level of insurance coverage.

1

2

3

4

5

6

F1
1

I do take news regarding local criminal events into
consideration when making insurance decisions.

1

2

3

4

5

6

F1
2

Negative crime statistics negatively influence my
level of insurance coverage.

1

2

3

4

5

6

F1
3

As a result of previous crimes in Gauteng, I take
more calculated risks when making insurance
decisions.

1

2

3

4

5

6
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UNEMPLOYMENT
It is reported that individuals’ insurance policy decisions are influenced by recent news about
unemployment.
For each of the following statements, please indicate the likelihood that news about unemployment
would/were to influence your insurance policy decisions.
Very
unlik
ely

Unlik
ely

Some
-what
unlik
ely

Some
-what
likely

Lik
ely

Ver
y
like
ly

F1
4

I do keep myself informed regarding news about
unemployment that may affect my insurance policy
coverage.

1

2

3

4

5

6

F1
5

High unemployment levels influence my insurance
decisions.

1

2

3

4

5

6

F1
6

As a result of previous unemployment rates in
Gauteng, I take more calculated risks when making
insurance decisions.

1

2

3

4

5

6

THANK YOU!
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ANNEXURE B: CODE BOOK

Section A
Construct measured

Question
Question 1

Code
A1

Age

Question 2
Question 3

A2
A3

Gender
Ethnicity

Question 4

A4

Marital status

Question 5

A5

Highest level of education

Question 6

A6

Employment status

Question 7

A7

Annual income?

Question 8

A8

Income variability

Question 9

A9

Net worth
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Value
18 -24 (1), 25 -34 (2), 35 -49
(3), 50 -59 (4), 60-69 (5), 70+
(6)
Male (1), Female (2)
African (1), Asian (2),
Coloured (3), White (4), Other
(5)
Single (1), Common law
spouse (2), Married (3),
Divorced (4), Widowed (5)
No matric (1), Matric (2),
Diploma (3), Bachelor’s
degree (4), Honours degree
(5), Master’s degree (6),
Doctoral degree (7), Other (8)
Student (1), Salaried employed
(2), Self-employed (3),
Unemployed ─ not looking for
work (4), Unemployed ─
looking for work (5),
Homemaker (6), Retired (7),
Other (8)
Below R100 000 (1), R100
001─R200 000 (2), R200
001─R300 000 (3), R300
001─R 400 000 (4), R400
001─R500 000 (5), R500
001─R600 000 (6), R600
001─R700 000 (7), R700
001─R800 000 (8), R800
001─R900 000 (9), R900
001─R 1 million (10), More
than R1 million 0 (11)
My income is very stable and
predictable (1), My income is
somewhat stable and
predictable (2), My income is
fluctuating and unpredictable
(3)
Less than R1 million (1),
Between R1 million and R3.5
million (2), Between R3.5
million and R7 million (3),

Question 10

A10

Homeownership

Question 11

A11

Household size

Question 12

A12

Number of dependants

Question 13

A13

Religion

Question 14

A14

Health status

Question 15

A15

Type of policy

Question 16

A16

Question
Question 1

Code
B1

Level of financial and
insurance product knowledge
Section B
Construct measured
Financial well-being

Question 2

B2

Question 3
Question 4

B3
B4

Question 5

B5

Question 6

B6
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Between R7 million and R12
million (4),
Between R12million and R30
million (5),
R30 million and more (6)
Living with relatives (1),
Renting (2), Homeownership
with a mortgage (3),
Homeownership without a
mortgage (4)
1─2 individuals (1), 3─5
individuals (2), 6+ individuals
(3)
0 dependants (1), 1─2
dependants (2), 3─5
dependants (3), 6+ dependants
(4)
None (1), Buddhism (2),
Christianity (3), Judaism (4),
Hinduism (5), Islam (6), Other
(7)
Poor (1), Fair (2), Good (3),
Excellent (4)
Short-term insurance ( car,
home) (1),
Long-term insurance (life
insurance) (2),
Both long-term and short-term
insurance (3), Other (4)
Little (1), Average (2), Aboveaverage (3), Superior (4)
Value
You on your own (1), You
with your partner (2), Your
partner (3), Somebody else (4)
Overwhelming stress (1) High
stress (5), Low stress (7), No
stress at all (10)
Dissatisfied (1), Satisfied (10)
Feel overwhelmed (1),
Sometimes feel worried (4),
Not worried (7) Feel
comfortable (10)
Worry all the time (1),
Sometimes worry (4), Rarely
worry (7), Never worry (10)
No confidence (1), Little
confidence (4), Some

Question 7

B7

Question 8

B8

Question 9

B9

Item
Item 1
Item 2
Item 3
Item 4
Item 5
Item 6
Item 7
Item 8
Item 9
Item
Item 1
Item 2
Item 3
Item 4
Item 5
Item 6
Item 7
Item 8
Item 9
Item 10
Item
Item 1
Item 2
Item 3
Item 4
Item 5
Item 6
Item 7
Item 8
Item 9
Item 10
Item 11
Item 12
Item 13
Item 14

Code
C1
C2
C3
C4
C5
C6
C7
C8
C9
Code
D1
D2
D3
D4
D5
D6
D7
D8
D9
D10
Code
E1
E2
E3
E4
E5
E6
E7
E8
E9
E10
E11
E12
E13
E14

confidence (7), High
confidence (10)
All the time (1), Sometimes
(4), Rarely (7), Never (10)
All the time (1), Sometimes
(4), Rarely (7), Never (10)
Overwhelming stress (1), High
stress (4), Low stress (7), No
stress at all (10)
Section C
Construct measured
Behavioural finance

Section D
Construct measured
Risk identification

Section E
Construct measured
Risk perception scale
(DOSPERT)

234

Value
Strongly disagree (1),
Disagree (2), Somewhat
disagree (3), Somewhat agree
(4), Agree (5), Strongly agree
(6)

Value
Strongly disagree (1),
Disagree (2), Somewhat
disagree (3), Somewhat agree
(4), Agree (5), Strongly agree
(6)

Value
Very unlikely (1), Unlikely
(2), Somewhat unlikely (3),
Somewhat likely (4), Likely
(5), Very likely (6)

Item 15
Item 16
Item 17
Item 18
Item 19
Item 20
Item 21
Item 22
Question 1

E15
E16
E17
E18
E19
E20
E21
E22
E23

Item
Item 1
Item 2
Item 3

Code
F1
F2
F3

Item 4
Item 5
Item 6
Item 7
Item 8
Item 9
Item 10
Item 11
Item 12
Item 13
Item 14
Item 15
Item 16

F4
F5
F6
F7
F8
F9
F10
F11
F12
F13
F14
F15
F16

Risk tolerance

Take substantial financial
risks, as I only have insurance
on one of my assets (1), Take
above average financial risk,
as most of my assets are not
covered (2), Take average
financial risks as most of my
assets are covered but not
comprehensively (3)

Section F
Construct measured
Political-legal

Reaction to market
fluctuations, volatility and
international events
Crime

Value
Very unlikely (1), Unlikely
(2), Somewhat unlikely (3),
Somewhat likely (4), Likely
(5), Very likely (6)
Very unlikely (1), Unlikely
(2), Somewhat unlikely (3),
Somewhat likely (4), Likely
(5), Very likely (6)

Very unlikely (1), Unlikely
(2), Somewhat unlikely (3),
Somewhat likely (4), Likely
(5), Very likely (6)
Very unlikely (1), Unlikely
(2), Somewhat unlikely (3),
Somewhat likely (4), Likely
(5), Very likely (6)

Unemployment
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